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Abstract 

This thesis includes two essays studying a new type of entrepreneurial financing 

institution. Recently a new type of institution has emerged, crowd funders. These 

entities: 1) channel capital to create intellectual property; 2) gather information on 

project and entrepreneur quality; and 3) gauge demand information directly from 

individuals to improve the efficiency of capital allocation.  

Traditional financial institutions are notoriously secretive about applicant loans 

or business proposals, creating research challenges in tracking post-funding 

performance, especially for start-ups. In the second essay, I analyze all Kickstarter 

applicants, both funded and rejected, along with the real outcomes of a feature movie 

project. I show some of the first definitive evidence on the effectiveness of 

crowdfunding for new ventures. I find that successful crowdfunding increases the 

likelihood of receiving later-stage funding by 50%. Moreover, crowdfunded movies 

generate higher revenue and better quality measures when compared to rejected 

crowdfunding projects that nevertheless obtain funding elsewhere. Early involvement 

of experienced backers and movie backers appear key to overall funding. 

In the second essay, we use data from crowd funder Kickstarter, which allows 

new insights on capital formation and the role of entrepreneurial reputation formation 

in the venture funding process. This funding method includes all cases where 

entrepreneurs try yet fail to raise funds, a feature heretofore unavailable to 

researchers. Although it is not a causal statement, we further quantify that 

entrepreneurs who have acquired positive reputation through previously successful 

funding history are 16% more likely to get funded and 50% more likely to get funded 

if entrepreneurs received all positive comments from previously funded projects on 

Kickstarter. However entrepreneurs who have acquired a negative reputation through 

previously failed funding projects are 13% less likely to get funded.  

This thesis investigates the role of the crowdfunding in financing early stage 

entrepreneurial ventures and provides empirical evidence of the size of the effect of 

an individual's reputational capital in a financial transaction.  
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Chapter 1  

 

 
Introduction 

1.1 Background 

 
Crowdfunding has recently emerged to join banks, VCs, and angel investors as a 

provider of funding for seed-stage entrepreneurial ventures (Chemmanur and 

Fulghieri 2014).1 Crowds dilute investment decisions across a large number of 

individual investors, as opposed to traditional financial institutions where investment 

decisions are made by a few key people.2  

 

The crowdfunding industry has grown immensely over the past few years. In the 

United States, the industry has reached $30 billion total fund raised in 2015 from 

almost nothing in 2009.3 It is important to ask why crowd-funding markets exist; how 

does it operate; and what's the relationship between crowd funding and alternative 

financing sources? Given the growth of the industry, crowdfunding has received 

growing attention both in academic research as well as among practitioners.  

In the process of capital formation, Kickstarter is a new funding platform called a 

                                                      
1 There are three different types of crowdfunding: peer-to-peer lending, reward-based 

crowdfunding, and equity crowdfunding. In this study, I focus on reward-based crowdfunding. 

The U.S, Securities and Exchange Commission (SEC) has developed regulations that implement 

the Jumpstart Our Business Startups (JOBS) act. 
2 http://blogs.wsj.com/venturecapital/2012/10/16/pint-sized-robot-romo-rolls-from-kickstarter-

to-vcs-to-neiman-marcus/. 

3 http://www.forbes.com/sites/chancebarnett/2015/06/09/trends-show-crowdfunding-to-surpass-

vc-in-2016/#73f185b9444b 
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crowdfunder. Basically, entrepreneurs set a funding goal, funding deadline, and 

estimated delivery time. Capital comes directly from individual backers who book a 

pledge of funds with Kickstarter to finance entrepreneurial ventures. The result is all-

or-nothing; projects must achieve their funding goals to bind backers’ booked 

amounts and receive the remitted funds. Since 2009, over 77,000 projects have 

received a total of $1.27 billion. While many projects are small, 85 projects raised 

over $1 million; the largest raised over $10 million in 30 days in 2012. To date, 40% 

of proposed projects have reached their funding goals. 

 

 

1.2 Motivation and contribution 
 

This thesis includes two essays. In the first essay (Chapter 3), I provide evidence of 

the information production role of crowdfunding in financing entrepreneurial 

ventures: the impact to the subsequent investors and to the real outcomes. Numerous 

traditional investors observe the crowd funding market, selecting and investing in 

both successful projects and failed projects. As this dynamic between reward-based 

crowd funding and traditional sources of funding evolves, it appears that Kickstarter, 

and by extension other players in the crowd funding market, is in the process of 

becoming a potential certifying and investment sourcing channel. This is true 

especially for those that survive the crowd-funding market, or at a minimum display 

preferred investment characteristics, and thus deemed the ‘fittest’ from the  

perspective of venture capitalists, angel investors, and other corporate investors.  

 

Although it appears that crowdfunding helps to alleviate the severe information 

asymmetry in start-ups, researchers and policymakers are suspicious that individual 

investors who make up the crowd are generally both inexperienced and inefficient in 

allocating capital towards entrepreneurial ventures (Chemmanur and Fulghieri 2014). 

Currently, there is little empirical evidence about the role of crowdfunding and its 



  

13 

 

effectiveness.  

 

For researchers, we are facing the reality that traditional financial institutions are 

notoriously secretive about the applicants of loans or business proposals, creating 

research challenges in tracking post-funding performance, especially for seed-stage 

start-ups. It is usually impossible for researchers to observe projects or firms that fail 

to receive funding from banks and VCs. Therefore, it is difficult for researchers to 

track alternative financing opportunities and subsequent performance for seed-stage 

ventures.  

 

To overcome the challenges described above, this study is based on two novel and 

transparent datasets: one is from Kickstarter, a leading crowdfunding platform, which 

includes all feature movie projects listed on this platform, both funded and rejected; 

the second is Internet Movie Database (IMDb), which has a data-rich platform that 

tracks the performance of movies. As IMDb practically contains the entire universe 

of movie projects, it is possible to compare the real outcomes of projects rejected on 

the crowdfunding platform in comparison to accepted projects.  

 

In Chapter 3, I evaluate, at the project-level, the effect of crowdfunding on 

entrepreneurial ventures. I show that crowdfunding outcomes have significantly large 

financial and non-financial effects on project success. I provide evidence that the 

crowdfunding process benefits an entrepreneurial venture as the result of the 

mitigation of market frictions through demand information from crowds. This benefit 

is in addition to the benefit of providing investment capital from the crowd. Finally, 

I document that such information is generated by experienced backers pledging early 

in the crowdfunding process.  

 

Chapter 3 builds on the entrepreneurial financing literature on the role of seed-stage 
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investors in nurturing entrepreneurship and spurring innovation (Chemmanur, 

Krishnan, and Nanday 2011; Puri and Zarutskie, 2012; Tian 2012; Kerr, Lerner and 

Schoar, 2014; Chemmanur, Loutskina, and Tian 2014). In addition, financing sources 

viewed as alternatives to traditional forms of VC in nurturing entrepreneurial ventures 

have received growing attention. Chemmanur and Chen (2003), Hellmann (2002), 

Fulghieri and Sevilir (2009) and Hellmann and Thiele (2014) have separately 

provided theoretical evidence on the choice of financing entrepreneurial ventures 

through either angel or independent VCs, as well as through either corporate or 

independent VCs. However, the empirical evidence produced by this research is so 

far limited. I empirically examine the role of crowdfunding as a new form of 

entrepreneurial financing and its relationship with traditional financing sources and 

contribute to the growing literature on entrepreneur financing and crowdfunding 

(Berstein, Korteweg and Laws, 2015; Xu, 2015). This chapter parallels the study by 

Mollick and Nanda (2014), where there is broad agreement between crowd financing 

decisions and external expert decisions in the live theatre show asset category. Lastly, 

I build important linkages to the signaling literature and provide a different 

perspective on the information production role of financial institutions (Megginson 

and Weiss, 1990; Sufi, 2009; Masulis et al., 2011).  

 

In the second essay (Chapter 4), we explore the importance of entrepreneurs’ 

reputation formation in this capital raising process. The investors in the reward-based 

crowd funding only receive a fixed reward when the project is a success and 

potentially nothing when it is a failure. Thus, we may view the crowd funding market 

as a primary "debt" market for intellectual properties. Diamond (1989) shows how 

reputation acquisition works in debt markets: incentive problems are most severe for 

borrowers with very short track records and become less severe for borrowers who 

manage to acquire a “good reputation”. Does an incentive problem present itself as 

more or less serious in reward-based crowd-funding? What is governing an 
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entrepreneur's actions? Does a concern for reputation exist in the reward-based crowd 

funding market?  

 

Empirical evidence validating the importance of reputation formation in the capital 

formation marketplace is scarce. While banks maintain excellent records of loans and 

repayments made, they do not generally share data on unsuccessful would-be 

borrowers seeking capital. Venture capitalists are generally even less forthcoming 

about their processes. Moreover, examining reputation development requires multiple 

observations of the same borrower. Innovative research designs are needed. For 

instance, Gorton (1996) uses a panel of bank note data to examine how a funding 

institution can itself benefit from a reputation in seeking its own capital.  

 

In Chapter 4, we examine the capital raising process by using Kickstarter, a setting 

that overcomes some of the obstacles encountered with banks or venture capitalists. 

By recording an entrepreneur’s activity related to promised deliveries, as well as their 

funding history, Kickstarter provides enough information for us to explore and 

distinguish an entrepreneur’s reputation formation. One of the key advantages of the 

Kickstarter platform is that each entrepreneur’s actions are recorded and disclosed, so 

it allows more direct observation of reputation formation and differentiation of the 

factors that may affect reputation. In addition, Kickstarter offers two dimensions for 

measuring prior performance, over horizons during which fundamentals are unlikely 

to have shifted much. 

 

We offer some of the first direct empirical evidence that entrepreneur reputation 

formation is relevant in the capital formation process. On Kickstarter, reputation 

formation affects capital formation outcomes favorably in terms of both degree and 

speed for entrepreneurs in addition to signaling from entrepreneur’s skill, experience, 

publicity, and social capital, as suggested by several studies that social information 



  

16 

 

(Kuppuswamy and Bayus (2013); Colombo, Franzoni and Rossi‐Lamastra (2015)) 

and herding behavior (Zhang and Liu (2012)) play an important role in this type of 

funding platform.  

 

In addition, our chapter adds to the growing literature on alternatives for 

entrepreneurial financing. Crowdfunding is not the sole innovation; Bruton, Khavul, 

Siegel and Wright (2015) point out that “alternative forms of entrepreneurial finance 

are proliferating”. For instance, Moss, Neubaum and Meyskens (2015) and Allison, 

Davis, Short and Webb (2015) use data from the microloan platform Kiva. A study 

by Cholakova and Clarysse (2015) uses survey data to explore the impact of different 

capital seeker incentives on the capital formation process. 

 

Understanding funding platforms like Kickstarter will also prove extremely important 

as online financial institutions evolve. The 2012 JOBS Act (short for Jumpstart Our 

Business Startups) in the United States made it possible for crowd-sourced capital to 

be exchanged directly for equity securities. Thus, Kickstarter can ultimately be 

viewed as a step toward transforming the traditional venture capital funding platform 

into a more mass-market business.  

 

1.3 Outline of the thesis 

 
The thesis is organized into five chapters. Chapter 2 reviews the literature on 

financial intermediation theory, functions provided by the crowdfunding as financial 

intermediaries, and investigate the important features and mechanism of this new 

intermediation designs, outlining the important features of the emerging financing 

source for entrepreneurs and the potential roles of crowdfunding to the subsequent 

investors and real outcomes. Chapter 3 provides the first essay of the role of 

crowdfunding and the signaling effect from the experienced backers.  Chapter 4 

documents the entrepreneurial reputation formation effect on the capital raising 

file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_17
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_11
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_27
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_7
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_7
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_24
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_2
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_2
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_10
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process. Chapter 5 concludes by discussing the limitations of the thesis and 

providing some suggestions for future research. 

 

Chapter 2: Literature review 

In this chapter, I review the literature on financial intermediation theory, functions 

provided by crowdfunding as financial intermediaries, and investigate the important 

features and mechanism of this new intermediation design.  

 

Financial intermediaries are critical in the resource allocation between capital-seeker 

and capital-provider. Financial intermediaries arise in imperfect markets, which are 

characterized by information asymmetries (Fama 1980; Leland and Pyle 1977). 

Merton (1989) and Bhattacharya and Thakor (1993) suggest a functional perspective 

to investigate financial intermediaries: capital reallocation; information 

transformation and risk management and monitoring.  

In crowdfunding, capital seekers and capital providers are interacting on a 

crowdfunding platform. Different from traditional financial intermediaries, 

crowdfunding institutions are not usually involved in the actual funding process. 

Crowdfunding institutions do not invest from their own account; however, from 

previous empirical studies, the crowdfunding intermediaries provide certain functions 

in order to overcome information asymmetry.  

 

Capital reallocation:  

Financial intermediaries facilitate payments for the exchange of goods and services, 

as well as mechanisms for pooling funds to transfer economic resources through time, 

geographies and industries.  

 

Crowdfunding institutions match capital seeker to capital provider (Mollick 2014), 
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and is able to overcome time, geographies or industry limitations to connect capital 

seekers and capital providers (Agrawal et al. 2010).  

 

Information Transformation:  

Leland and Pyle (1977) showed that financial intermediaries can efficiently reduce 

information asymmetry between capital provider and capital seeker by providing 

reliable information. The financial intermediaries are acting as information producers 

(Gorton and Winton 2003). 

 

Crowdfunding institutions support relationship formation, soft and social information 

disclosure between agents (Lin et al. 2013, Durate 2012). My first essay (Chapter 3) 

documents the information production role provided by crowdfunding institutions 

through signaling from experienced backers. I provide a more detailed literature 

review of the information production role in entrepreneurial financing in section 2.3.   

 

Risk Management and monitoring:  

Financial intermediaries are managing and transferring risks and uncertainties 

between different parties (Merton 1989). Diamond (1984) argues that financial 

intermediaries are able to reduce the cost of monitoring through diversification and 

bundling monitoring activities.  

 

As no formal monitor presents itself in the crowdfunding market, so far not much 

empirical evidence has discussed the function regarding risk transformation. My 

second essay (Chapter 4) looks at reputation building as an informal monitoring 

mechanism to facilitate capital formation in the crowdfunding process. In section 2.4, 

I am providing more literature review regarding the reputation acquisition and capital 

formation. 
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Chapter 3: Experienced backers and early stage 

venture success 

Traditional financial institutions are notoriously secretive about applicant loans or 

business proposals, creating research challenges in tracking post-funding 

performance, especially for young start-ups.  

 

To overcome such challenge, this chapter is based on two novel and transparent 

datasets: one is from Kickstarter, a leading crowd-funding platform, which includes 

all feature movie projects listed on Kickstarter, both funded and rejected; the second 

is Internet Movie Database (IMDb), a rich dataset that tracks the performance of 

movies.  As IMDb practically contains the entire universe of movie projects, it is 

possible to compare the real outcomes for projects rejected on the crowd-funding 

platform in comparison to accepted projects.   

 

These feature movie projects have a very high fixed cost to create but an extremely 

low marginal cost to manufacture, which is similar to the high tech or other R&D 

intensive industries, and therefore can provide useful insights for start-ups in such 

industries. There are other advantages to using feature movie projects: 1) Movie 

projects have a relatively transparent production process and well-defined measures 

of financial performance, such as box office receipts. 2) Movie projects are relatively 

short-term, with a clear starting and ending point.  In some sectors, one project could 

easily last more than 10 years, making data collection very difficult.   

I find that feature movie projects financed via crowd-funding are 50% more likely to 

receive second stage financing for distribution than crowd-rejected ones. Second, 

these projects perform significantly better in revenue and quality measures when 

compared to crowd-rejected projects. I argue that information production about 

project quality and market demand from crowdfunding reduces information 
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asymmetry between entrepreneurs and investors, thus diminishing investor 

uncertainty and increasing the likelihood of subsequent project financing. Finally, I 

document that such information is generated by repeated backers pledging early in 

the crowd-funding process. These findings together show some of the first definitive 

evidence on the effectiveness of the crowd-funding channel.   

 

Chapter 4: Reputation acquisition and capital 

formation 

Recently a new type of institution has emerged, crowd funders. These entities: 1) 

channel capital to create intellectual property; 2) gather information on project and 

entrepreneur quality; and 3) gauge demand information directly from individuals to 

improve the efficiency of capital allocation.  

 

Data from the crowd funder Kickstarter allows new insights on capital formation and 

the role of entrepreneurial reputation in the venture funding process. This source 

includes all cases where entrepreneurs try yet fail to raise funds, a feature heretofore 

unavailable to researchers.  

 

In this chapter, we offer empirical evidence that entrepreneur reputation affects 

capital formation outcomes favorably in terms of both degree and speed. Although it 

is not a causal statement, we further quantify that entrepreneurs who have acquired 

positive reputation through previously successful funding history are 16% more likely 

to get funded and 50% more likely to get funded if entrepreneurs received all positive 

comments from previously funded projects on Kickstarter. However entrepreneurs 

who have acquired a negative reputation through previously failed funding projects 

are 13% less likely to get funded. This finding provides empirical evidence of the size 

of the reputation formation effect in a financial transaction. We also find that first-
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time entrepreneurs who have high pre-existing reputational capital are 50% more 

likely to get funded and are able to solicit 60% more funds compared to their funding 

goal than do entrepreneurs who have a lower pre-existing reputation.  

 

This finding provides empirical evidence of the size of the effect of an individual's 

reputational capital in a financial transaction. 

 

Chapter 5: Concluding remarks 

This chapter concludes the thesis with a summary of the findings and contributions. I 

also discuss some limitations of this study and recommendations for potential future 

research. 
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  Literature Review 

In this chapter, I review the literature on financial intermediation theory and 

functions provided by crowdfunding. I investigate the important features and 

mechanism of this new intermediation design, outlining the important features of this 

emerging financing source for entrepreneurs and the potential roles of crowdfunding 

to subsequent investors and real outcomes. 

 

2.1 Financial intermediation theory and empirical 

evidence 

Financial intermediaries are a ubiquitous institution of economies and critical in the 

resource allocation between capital-seeker and capital-provider. Financial 

intermediaries emerge in imperfect markets, which are characterized by information 

asymmetries (Leland and Pyle 1977). Information asymmetries are the most basic 

form of transaction costs and, therefore, information-based theories of intermediation 

provide a more fundamental interpretation. (Bhattacharya and Thakor 1993). Merton 

(1989) and Bhattacharya and Thakor (1993) suggest a functional perspective to 

investigate financial intermediaries. The functions of financial intermediaries can be 

summarized as follows4:  

 

Capital reallocation:  

Financial intermediaries facilitate payments for the exchange of goods and services, 

                                                      
4 The literature review is based on the framework of Haas, Philipp, Ivo Blohm, and Jan Marco 

Leimeister. "An empirical taxonomy of crowdfunding intermediaries." (2014). 
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as well as mechanisms for pooling funds to transfer economic resources through time, 

geographies and industries.  

 

 

Information transformation:  

Leland and Pyle (1977) showed that financial intermediaries can efficiently reduce 

information asymmetry between capital provider and capital seeker by specializing 

in information acquisition and providing reliable information. The paper suggests that 

a financial intermediary can communicate proprietary information about capital 

seekers at a lower cost than the capital seekers individually.  Bhattacharya and Thakor 

(1993) argues that cost advantages in information production may arise from two 

sources. First, financial intermediaries develop special skills in collecting information 

and interpreting subtle signals to capture a return on that information. Second, 

financial intermediaries exploit cross clients and temporal reusability of information 

(Chan 1983 and Chan 1986).   

 

For financial intermediaries that usually do not invest from their own account, these 

institutions can provide similar services. One example suggested by Bhattacharya and 

Thakor (1993) is  that ratings agencies act as intermediaries in providing screening and 

certification services. Sufi (2009) finds significant improvement in firms’ overall 

performance such as subsequent asset growth, cash acquisitions, and investment after 

the introduction of syndicate loan ratings. The results suggest that ratings agencies 

deliver valuable certification in the bond market to reduce information asymmetry 

problems. 

 

Risk management and monitoring:  

Financial intermediaries are managing and transferring risks and uncertainties 

between different parties. Diamond (1984) argues that financial intermediaries are 
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able to reduce the cost of monitoring through diversification and bundling of 

monitoring activities. This paper shows that financial intermediation enables the 

funding of some positive net present value projects which would otherwise be 

unfunded due to moral hazard problems. Holmstrom and Tirole (1997) shows that the 

financial intermediaries need to have sufficient skin in the game to maintain ex-post 

monitoring incentives. Both studies are based on a proper governance system where 

the financial intermediaries can take certain actions to enforce the monitoring and 

obtain control rights when necessary.  

 

However, in situations where formal monitoring is absent, reputation-building is a 

common explanation for why capital seekers deliver their promises even if they 

cannot be forced to (Kreps 1990). Researchers made this argument originally in the 

context of sovereign borrowing, where legal enforcement of contract almost doesn’t 

exist (Eaton and Gersovitz 1981, Bulow and Rogoff 1989). However, several studies 

have extended the theoretical investigation of reputation-building to private financing 

Diamond (1989, 1991). Diamond (1989) shows how reputation acquisition works in 

debt markets: incentive problems are most severe for borrowers with very short track 

records and become less severe for borrowers who manage to acquire a “good 

reputation”. 

 

In order to test Diamond (1989), Gorton (1996) uses a panel of bank note data to 

examine how a funding institution can itself benefit from a reputation in seeking its 

own capital. Beyond the debt market, Atanasov, Ivanov and Litvak (2012 ) find that 

more reputable venture capitalists are less likely to be sued and that litigants suffer 

declines in future business. Carter and Manaster (1990 ) show that prestigious 

underwriters associated with initial public offerings (IPOs) experience less under-

pricing. The above results suggest that reputation-building plays an important role in 

the capital raising process.  
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2.2  Financial intermediary functions by crowdfunding 

 
In crowdfunding, capital seeker and capital provider are interacting on a 

crowdfunding platform. Different from most financial intermediaries5, crowdfunding 

institutions are not involved in the actual funding process. In general, crowdfunding 

institutions do not invest from their own account; however, from previous empirical 

studies, the crowdfunding intermediaries provide certain functions in order to 

overcome information asymmetry and reduce transaction cost.  

 

Capital reallocation: crowdfunding institutions match capital seeker and capital 

provider (Mollick 2014). Burtch, Ghose and Wattal (2013 ) and Lin and Viswanathan 

(2013 ) document cultural differences and geographic bias in online peer-to-peer 

lending. Agrawal, Catalini and Goldfarb (2011 ) examine the geographic dispersion 

of investors in small, early-stage projects on the Sellaband music website. They find 

that online platforms seem to eliminate most distance-related economic frictions but 

not eliminate social frictions such as family and friends.  

 

 

Information Transformation: crowdfunding institutions support relationship 

formation, soft and social information disclosure between capital seeker and capital 

provider (Lin et al. 2013, Durate et al. 2012, Iyer et al. 2015). My first essay (Chapter 

3) documents the information production role provided by crowdfunding institutions 

through signaling from experienced capital providers. Therefore, I provide a more 

detailed literature review of this information production role in entrepreneurial 

financing in section 2.3.   

 

                                                      
5 Rating agencies and some investment consulting firms are not involved in funding process. 
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Risk Management and monitoring: as no formal monitoring presents itself in the 

crowdfunding market, there has historically been little empirical evidence discussing 

the function regarding risk management and monitoring. My second essay (Chapter 

4) looks at reputation building as an informal monitoring mechanism to facilitate 

capital formation in the crowdfunding process. I provide more literature review 

regarding reputation acquisition and capital formation in section 2.4.  

 

 

 

2.3 Information transformation: information 

production through signaling  
 
 

Financial institutions arise in the presence of market imperfections such as 

information asymmetry. In particular, financial institutions produce information ex 

ante about possible investments and allocate capital between different agents (Leland 

and Pyle 1977).  

 

Empirical evidence from crowdfunding literatures showed that crowdfunding 

institutions support relationship formation, soft and social information disclosure 

between capital seeker and capital provider. Several studies establish that social 

information (Kuppuswamy and Bayus (2013 ); Colombo, Franzoni and Rossi‐

Lamastra (2015 )) play an important role in this type of funding platform. Bernstein, 

Korteweg and Laws (2014 ) documents that disclosure of information about a 

founding team significantly affects fundraising from angel investors. Similarly, Iyer 

et al. (2014) highlights the importance of screening mechanisms where funders can 

evaluate the soft information about funds seekers. 

 

My essay looks at information production from a slightly different perspective, the 

signaling between capital-providers. 
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Chan (1983) developed a theoretical model to explain that intermediaries (VC) play 

the role of zero-cost, informed agents in the market to reduce information asymmetry 

by screening projects and entrepreneurs. By studying each other's opinion to invest in 

promising deals, VCs can gather correlated signals and thus select better investments 

in situations of frequent severe uncertainty about the feasibility and return potential 

of the investments (Wilson (1968), Sah and Stiglitz (1986)). Further, researchers also 

show that VC syndication improves the screening, quality of deal flows and 

ultimately create value for entrepreneurial firms (Lerner (1994); Tian (2012); 

Sorenson and Stuart (2001)).  

 

Reward-based crowd funding exaggerates VC syndication in that entrepreneurs in 

this market typically rely on a large number of investors with their own private 

information and knowledge. Investors (a.k.a Backers) with information advantage 

finance more of the productive projects than investors without such information 

advantage.  

 

Public economists have studied the motivation of the contributor to the charity and 

fund-raising mechanism to increase the contribution for a long time. Andreoni (1998) 

argues that for a threshold project which requires a significant fixed cost to produce 

the project, an announcement of a "leadership" contribution may increase 

contributions of both the leader and follower. Vesterlund (2003) examines an 

environment where past contribution are used as a signal of quality and a contribution 

by the first giver will reveal the project to be of high quality to subsequent givers.   

 

Andreoni 2006 added two variations. First, the quality of the public good can take on 

one of several positive values (provide some context as to what the values refer to). 

A leader who acquires information that a project’s quality is low may intend to trick 

http://onlinelibrary.wiley.com.ezp.lib.unimelb.edu.au/doi/10.1111/j.1540-6261.2007.01207.x/full#b34
http://onlinelibrary.wiley.com.ezp.lib.unimelb.edu.au/doi/10.1111/j.1540-6261.2007.01207.x/full#b27
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all others that the quality is actually "high", thus motivating them to contribute more. 

And the only way to differentiate that the quality is truly high is to give an 

extraordinarily large contribution. Second, the lead giver is not exogenously given 

but comes forward voluntarily. The person with the lowest cost-benefit ratio is the 

one who acquires the high-cost information and provides the signal of quality.  

 

List and Lucking-Reiley (2002) used a field experiment to show that individuals do 

contribute more when the announced contribution is large. In the reward-based crowd 

funding, the investors, patrons and subscribers generally fall in to the following 

categories: 1) the entrepreneurs’ acquaintances who inherit information about the 

entrepreneur and the project at no cost and at the same time who may have altruistic 

behavior toward the entrepreneurs and have incentive to trick the crowd, 2) the crowd 

who want either to own the product or experience the process of a product’s becoming 

and 3) a subset of the entire crowd population, such as crowd funding veterans and 

potential investors with deep pockets and developed market expertise.  

 

From reward-based crowd funding setting, I show that the experienced backers who 

pledge funds for a particular project at the initiation of a crowdfunding period send a 

positive signal about the quality of the project. I show that the projects that have early 

involvement by experienced backers are more likely to be successful in 

crowdfunding, leading to positive real outcomes.  

 

In addition, this essay builds on the entrepreneurial financing literature on the role of 

seed-stage investors in nurturing entrepreneurship and spurring innovation 

(Chemmanur, Krishnan, and Nanday 2011; Puri and Zarutskie, 2012; Tian 2012; 

Kerr, Lerner and Schoar, 2014; Chemmanur, Loutskina, and Tian 2014).  

 

Puri and Zarutskie (2012), using US Census data, provides a detailed comparison 
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between the growth path of firms that are backed by venture capital financing and 

those that are not. However, it is difficult to study the impact of this funding channel 

because of the scarcity of data on seeding-stage private firms and projects, 

particularly the subsequent venture outcomes of those projects which are rejected by 

the same financial intermediaries. Kerr, Lerner and Schoar (2014 ) first exploit a very 

detailed hand-collected dataset to compare unfunded and funded ventures that 

approach the same angel investors and go further toward confirming a causal 

relationship by using a regression discontinuity approach. However, the details of 

individual angel investor characteristics and decisions were not accessible to 

researchers.  

 

Over the years, financing sources viewed as alternatives to traditional forms of VC in 

nurturing entrepreneurial ventures have received growing attention. Chemmanur and 

Chen (2003), Hellmann (2002), Fulghieri and Sevilir (2009) and Hellmann and Thiele 

(2014) have separately provided theoretical evidence on the choice of financing 

entrepreneurial ventures through either angel or independent VCs, as well as through 

either corporate or independent VCs.  

 

However, the empirical evidence produced by this research is so far limited. I 

empirically examine the role of crowdfunding as a new form of entrepreneurial 

financing and its relationship with traditional financing sources and contribute to the 

growing literature on entrepreneur financing and crowdfunding (Bernstein, Korteweg 

and Laws 2015; Xu, 2015). My essay parallels the study by Mollick and Nanda 

(2014), where there is broad agreement between crowd financing decisions and 

external expert decisions in the live theatre show asset category. Lastly, I build 

important linkages to the signaling literature and provide a different perspective on 

the information production role of financial institutions (Megginson and Weiss, 1990; 

Sufi, 2009; Masulis et al., 2011).  
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2.4 Risk transformation: informal monitoring through 

reputation building  
 

Financial intermediaries manage and transfer risks and uncertainties between 

different parties (Merton (1989)). Diamond (1984) argues that financial 

intermediaries are able to reduce the cost of monitoring through diversification and 

bundling of monitoring activities. However, as no formal monitor presents itself in 

the crowdfunding market, historically little empirical evidence has discussed this 

function regarding risk transformation in the crowdfunding market. I am arguing that 

reputation building is an informal monitoring mechanism and this mechanism can 

facilitate capital formation in the crowdfunding process.  

 

Reputation formation has long been a crucial feature of theoretical research into 

understanding informal contract enforcement mechanisms, especially under 

incomplete contracting and information asymmetry (Kreps and Wilson, 1982). 

Diamond (1989) shows that in the presence of adverse selection and moral hazard, 

the entrepreneur’s acquisition of a reputation plays an important role in facilitating 

the market between borrowers and lenders.  

 

More generally, Noe (2012 ) points out economic models of reputation formation 

emphasize the process of other agents’ belief revisions in response to interactions of 

behavior. The concept thus distinguishes itself from a signaling framework without 

repeated interaction. Whereas technically any signal relating to quality might loosely 

be interpreted as “reputation”, in a financial institution setting, interest lies in the 

stricter definition requiring repeated interaction between economic agents.  

 

Connecting theoretical settings to practice is much more complicated and less well 
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understood, as pointed out in MacLeod (2007 ). Gorton (1996 ) uses private bank 

notes during the U.S. free banking era (1838-1860) and confirms that the notes of 

new banks are discounted more heavily than the notes of banks with established 

payment histories. Lummer and McConnell (1989 ) show that experienced corporate 

borrowers are rewarded for favorable loan revisions. 

 

Empirical evidence validating the importance of reputation formation in the capital 

formation marketplace is scarce. While banks maintain excellent records of loans and 

repayments made, they do not generally share data on unsuccessful would-be 

borrowers seeking capital. Venture capitalists are generally even less forthcoming 

about their processes. Moreover, examining reputation development requires multiple 

observations of the same borrower. Innovative research designs are needed. For 

instance, Gorton (1996) uses a panel of bank note data to examine how a funding 

institution can itself benefit from a reputation in seeking its own capital.  

 

The empirical evidence is not plentiful even when looking beyond simple debt 

contracts. Banerjee and Duflo (2000 ) examine the reputation effect using 230 

contracts from the software industry in India and find that reputation matters in the 

selection of subcontractors. Atanasov, Ivanov and Litvak (2012 ) find that more 

reputable venture capitalists are less likely to be sued and that litigants suffer declines 

in future business. Carter and Manaster (1990 ) show that prestigious underwriters 

are associated with initial public offerings (IPOs) experiencing less underpricing. 

Melnik and Alm (2002) document entrepreneur reputation formation in sale 

transactions from online auction. However, none of these studies provides direct 

evidence on the reputation of the capital-seeking entrepreneur.  

 

The investors in the reward-based crowd funding only receive a fixed reward when 

the project is a success and potentially nothing when it is a failure. Thus, we may 

file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_21
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_15
file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_20
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view the crowd funding market as a primary "debt" market for intellectual properties. 

Diamond (1989 ) considers a model with an observationally equivalent cohort of 

firms issuing debt for the first time. For this cohort there is a lemons problem causing 

lenders to charge a premium to the newest firms. The credit history of being a 

surviving firm, a reputation, is thus a valuable asset.  

 

The predicted dynamics have two testable features, as noted in Gorton (1996). First, 

unseasoned borrowers pay higher prices, all else being equal. Second, having 

observed defaults over time, lenders will lower their price to seasoned borrowers 

until, eventually, the premium disappears. Through use of our crowdfunding setting, 

these questions can be examined directly at the entrepreneur level for the first time.  

 

Several studies show that entrepreneurs’ social capital such as social connection, 

family and friends, plays a big role in settings such as the peer-to-peer lending market 

and the venture capital industry. (Hochberg, Ljungqvist, and Lu (2007), Bottazzi, Da 

Rin and Hellmann (2011), Hochberg, Ljungqvist and Lu (2007), Duarte, Siegel and 

Young (2012), and Lin, Prabhala and Viswanathan (2013)). In our study, we 

disentangle the entrepreneur’s social capital and reputation, and showed that both 

positive and negative reputation acquisition significantly change measures of capital 

raising success in crowdfunding market.  
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Chapter 3 

 

 

Experienced backers and early stage 

ventures 
 

 

 

 

3.1 Introduction 

 
Information asymmetry is extremely high for seed-stage entrepreneurial ventures due 

to their opaque nature. Researchers argue that financial intermediaries, such as 

venture capitalists (VCs) and banks, are able to reduce information asymmetries 

between investors and entrepreneurs, ultimately leading to better firm performance.  

 

Crowdfunding has recently emerged to join banks, VCs, and angel investors as a 

provider of funding for seed-stage entrepreneurial ventures (Chemmanur and 

Fulghieri 2014).6 Crowds dilute investment decisions across a large number of 

individual investors, as opposed to traditional financial institutions where investment 

                                                      
6 There are three types of crowdfunding: peer-to-peer lending, reward-based crowdfunding, and 

equity crowdfunding. In this study, I focus on reward-based crowdfunding. The U.S, Securities 

and Exchange Commission (SEC) has developed regulations that implement the Jumpstart Our 

Business Startups (JOBS) act, so my study sheds some light on equity crowdfunding.  
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decisions are made by a few key people.7 Meanwhile, some traditional institutions 

have invested in both funded and rejected crowdfunding projects. For instance, 

Sequoia Capital subsequently invested $5 million in Romotive, a start-up that initially 

raised approximately $110,000 from a Kickstarter campaign for a mini-robot.  

 

However, traditional financial institutions are notoriously secretive about the 

applicants of loans or business proposals, creating research challenges in tracking 

post-funding performance, especially for seed-stage start-ups. It is usually impossible 

for researchers to observe projects or firms that fail to receive funding from banks 

and VCs. Therefore, it is difficult for researchers to track alternative financing 

opportunities and subsequent performance.  

 

To overcome the challenges described above, this study is based on two novel and 

transparent datasets: one is from Kickstarter, a leading crowdfunding platform, which 

includes all feature movie projects listed on this platform, both funded and rejected; 

the second is Internet Movie Database (IMDb), which has a data-rich platform that 

tracks the performance of movies. As IMDb practically contains the entire universe 

of movie projects, it is possible to compare the real outcomes of projects rejected on 

the crowdfunding platform in comparison to accepted projects (Figure 1).  

 

Feature movie projects are typically expensive to produce but they have extremely 

low marginal cost to manufacture, similar to the high tech or other R&D intensive 

industries; therefore, they can provide useful insights for start-ups in such industries. 

There are other advantages to using feature movie projects to examine post-funding 

performance: 1) movie projects have a relatively transparent production process and 

a defined measure of financial performance as opposed to most start-up projects in 

                                                      
7 http://blogs.wsj.com/venturecapital/2012/10/16/pint-sized-robot-romo-rolls-from-kickstarter-

to-vcs-to-neiman-marcus/. 
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other industries at the seed-stage level; 2) movie projects are relatively short-term, 

with a clear starting and ending point. In most biotech companies, on the other hand, 

one project can easily last more than 10 years due to complex development and 

unclear starting and ending points, making data collection very difficult (Palia, Ravid 

and Reisel 2008). 

 

Figure 1(A): The Crowdfunding Process and Observable Samples 
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Figure 1 (B): The Methodology 
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in the crowdfunding process.  

Financing via crowdfunding substantially increases the probability that a feature 

movie project will acquire subsequent post-crowdfunding investment. In addition, 

successful crowdfunding results in improved real outcomes: crowdfunded projects 

have three times more future customers compared to rejected crowdfunding projects 

and generate two times more lifetime box office gross compared to rejected 

crowdfunding projects. Lastly, crowdfunded projects are associated with higher 

perceived quality by academies and the general public. Compared to rejected 

crowdfunding projects, crowdfunded projects are much more likely to receive festival 

awards and better ratings from the general public.  

 

As the above results illustrate, there is a positive correlation between crowdfunding 

outcomes and subsequent investment and project performance. There are two 

crowdfunding mechanisms that can potentially impact subsequent financing 

outcomes. One mechanism is via the money itself; the entrepreneur leverages this 

financing to improve the viability of his/her venture, encouraging other investors to 

provide the capital required to see the venture realize its full potential. Alternatively, 

the crowd’s decisions convey valuable information itself to subsequent investors 

about the entrepreneurial venture. 

 

I first test the hypothesis that money itself matters. I compare two feature movie 

projects with similar underlying quality based on rankings: one movie is crowd-

financed and the other crowd-rejected8. I show that a subsequent investor is no more 

                                                      
8 The methodology is in the spirit of regression discontinuity but it is not regression discontinuity. In 

Kickstarter, as entrepreneurs are going to take all the money raised if the funding goal is met or nothing if 

the money raised is less than the funding goal, the entrepreneurs are more than likely to ask for help from 

relatives or friends to push themselves over the funding goal once the project is very close to the funding 
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likely to invest in the crowdfunded project. Instead, evidence strongly supports my 

second hypothesis that the crowd’s decision to invest or not invest conveys valuable 

information, and the both dollar amount of pledges and number of pledges are highly 

correlated with a positive outcome. This result is consistent with the conjecture that 

the crowd competently identifies high-quality feature movie projects, thereby 

reducing uncertainty for investors that provide subsequent capital. Particularly, when 

breaking down the crowd into individual backer types, the experienced backers who 

pledge funds for a particular movie project at the initiation of a crowdfunding period 

send a positive signal about the quality of the project. I show that feature movie 

projects that have early involvement by experienced backers are more likely to be 

successful in crowdfunding, leading to positive real outcomes.  

 

This chapter builds on the entrepreneurial financing literature on the role of seed-

stage investors in nurturing entrepreneurship and spurring innovation (Chemmanur, 

Krishnan, and Nanday 2011; Puri and Zarutskie, 2012; Tian 2012; Kerr, Lerner and 

Schoar, 2014; Chemmanur, Loutskina, and Tian 2014). In addition, financing sources 

viewed as alternatives to traditional forms of VC in nurturing entrepreneurial ventures 

have received growing attention. Chemmanur and Chen (2003), Hellmann (2002), 

Fulghieri and Sevilir (2009) and Hellmann and Thiele (2014) have separately 

provided theoretical evidence on the choice of financing entrepreneurial ventures 

through either angel or independent VCs, as well as through either corporate or 

independent VCs. However, the empirical evidence produced by this research is so 

far limited. I empirically examine the role of crowdfunding as a new form of 

                                                      
goal, therefore there are not enough observations of crowd-rejected projects which are just missed funding 

goal.  
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entrepreneurial financing and its relationship with traditional financing sources and 

contribute to the growing literature on entrepreneur financing and crowdfunding (Puri 

et al., 2014; Xu, 2015). This chapter parallels the study by Mollick and Nanda (2014), 

where there is broad agreement between crowd financing decisions and external 

expert decisions in the live theatre show asset category. Lastly, I build important 

linkages to the signaling literature and provide a different perspective on the 

information production role of financial institutions (Megginson and Weiss, 1990; 

Sufi, 2009; Masulis et al., 2011). 

 

 

3.2 Institutional and industry context 

 
In 3.2.1 of this section, I discuss the Kickstarter context. Then I proceed to introduce 

the movie industry context and important participants in 3.2.2.  

 

3.2.1 Institutional context of Kickstarter 

 
The main data for this study is derived from information web-scraped off Kickstarter. 

Figure 2 illustrates the funding process. Kickstarter handles projects only in the 

following 13 categories: films, games (video or table), design, music, technology, 

publishing, art, food, comics, theater, fashion, photography and dance. Kickstarter 

defines the term project as “something with a clear end, like making an album, a film, 

or a new game. A project will eventually be completed, and something will be 

produced as a result.”  

 

An entrepreneur9 creates a project proposal that includes: description; creator 

                                                      
9 Individuals in the US (since 2009), the UK (since Nov 2012) and Canada (since Jun 2013) are 

eligible to launch a Kickstarter project if they meet these basic requirements: over 18 years-old 

with legal ID and a bank account. 
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background and expertise; a fundraising deadline (max 60 days); available rewards10 

and estimated delivery times; and the funding goal. Each reward requires a capital 

contribution, ranging from $1 (usually a token souvenir) up to a maximum $10,000 

(often a personal experience, such as a walk-on role in a movie production).  

 

Each potential investor (aka “backer” in Kickstarter terms) has access to all of the 

information discussed above as well as a project’s up-to-the-minute funding status. 

Researchers have access to an investor’s current funding decision and the timing of 

the funding decision relative to other investors. In addition, researchers have access 

to all projects in which each investor provided past funding, those projects’ related 

industry and funding outcome.11 

 

A particular innovation in the funding mechanism is its all-or-nothing outcome; 

projects must reach their listed funding goals by a set deadline to bind the individual 

backers and receive committed funds. Neither the goal nor the deadline can be 

changed once a project is listed. An entrepreneur can cancel the project listing before 

the end of the funding period, but the project remains in Kickstarter’s publicly 

available history of that entrepreneur. Once a project is successfully funded, 

Kickstarter charges the backers and delivers the funds to the entrepreneur, less a five 

percent share. The entrepreneur executes the project and fulfils all rewards.  A backer 

whose reward cannot be fulfilled is entitled to a refund. Backers can post deliverable, 

satisfaction information and commentary on Kickstarter.  

 

 
 

3.2.2 Movie industry context and participants 

                                                      
10 Rewards are typically items produced by the project itself — a copy of a CD, a print from a 

show, a limited edition of a comic. Most projects also offer creative experiences: a visit to the set, 

naming a character after a backer, a personal phone call. 

(https://www.kickstarter.com/help/faq/creator+questions?ref=faq_livesearch#faq_41831) 
11 After Dec 2014, Kickstarter is not allowed investors or the public to observe investor’s 

information.  
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Individual or independent production companies buy screenplays or develop 

screenplays in house. Screenplays are then “developed”, that is, extensively rewritten 

and changed. The project begins to take shape when the producer puts together a 

package that includes the screenplay, the project budget, and the creative team. This 

team normally includes the primary cast members and the director, who is essentially 

the project manager. Most crowd-funding projects at least reach this stage. 

Entrepreneurs who launch projects on crowd-funding platforms in my sample are 

either one of the producers or directors, most of the time performing as both.  

 

During the actual pre-production, production and post-production process, which 

usually continue for over a year, the movie project is under a director’s control, but it 

is monitored by financiers (producers). If a movie is over-budget, a producer may 

intervene. 

 

When an independent movie is completed, it is just half way through the process as 

the distribution just begins. For an independent production film, the distributor is the 

company that provides the movie to theater owners. Both distributors and theater 

owners share revenue. In contrast to distributors in other industries, movie distributors 

must invest heavily into marketing activities which cannot be recovered. These costs 

often reach levels close to an entire movie’s production budget, especially for smaller 

budget movies. For independent movies, the movie distributor’s role is similar to an 

investment bank which brings companies to IPO.  

 

Every filmmaker’s dream is to realize a decent theatrical run for the independent film 

they worked so hard to make. However, without a distributor who is willing to take 

the risk to bring the movie to theaters, the movie may never see a theater screen, going 
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directly to video or to DVD. 12  

 

As highlighted in the introduction, there are several advantages to use projects in 

movie industry, yet some observers may have concerns over the motivation of movie 

entrepreneurs. One reason is that some movie entrepreneurs may pursue “artistic” 

goals or close, personal interests as their first priority rather than maximize profit. 

Such movie projects generally exist as short films instead of feature films, and they 

are usually financed by film grants or personal funds to gain experience and exposure 

in the movie industry. 13 Therefore, I exclude all short films and limit my sample to 

feature movie projects launched by those entrepreneurs who are more likely to be 

motivated to reach large audiences and maximize profit. 14 

 

3.3 Data and proxies 
 

In this section, I first describe my sampling of the crowd-funding dataset. Section 

3.3.2 introduces my sampling extracted from the IMDb dataset. Section 3.3.3 

discusses the subsequent investment data and the data on revenue and other non-

financial performance.  

 

3.3.1 Crowdfunding data set – Kickstarter 

 
For this study, I use all film project data directly from Kickstarter for the period of 

April 2009 to Aug 2012, including each project’s associated characteristics, funding 

information, and backers’ characteristics. (See Appendix I: Variables).   

                                                      
12 The entrepreneur can use other channels to distributor the movie if they can’t secure any 

distributor to release the movie in theatre. 
13 Short films are any films not long enough to be considered a feature film, usually are under 40 

minutes. They are generally used by filmmakers to gain experience and prove their talent to gain 

their funding for future films from private investment. 
14 A feature film is a film (also called a movie or motion picture) with a running time long enough 

to be considered the principal or sole film to fill a program and release in the theatre. The majority 

of the feature films are between 70 and 210 minutes.  
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From this initial sample, the data includes 672 feature film projects with an initial 

funding goal over the median ($5500), 55% of which achieved the funding goal and 

became Kickstarter-funded projects, and the remaining 45% of which failed to 

achieve the funding goal and, therefore, are classified as Kickstarter-rejected projects.  

 

3.3.2 IMDb (Internet Movie database) 

 
IMDb is a panel dataset that tracks information related to movies, television 

programs, and video games, aggregating data related to box office revenue, user 

ratings, budgets, cast crews, producers, directors and production companies. It covers 

all major international movie markets, and is considered by industry experts the most 

comprehensive movie database to-date.  

 

As of July 16th, 2014, IMDb had 2,932,821 titles (includes episodes) from the early 

20th century to July 2014. IMDb also has information related to 4,730,324 companies 

such as production companies and distributors, as well as 6,002,806 individuals 

which include writers, directors, producers, actors and actresses. IMDb also provides 

a link between the companies or individuals with each title that the company or person 

has been associated with. The site enables any user to submit new material and request 

edits to existing entries, with all data diligently screened before going live.15  

 

After matching by name and year, and hand-checking for accuracy, I identify 331 

                                                      
15 The information in the Internet Movie Database comes from various sources. While IMDb 

actively gather information from and verify items with studios and filmmakers, the bulk of the 

information is submitted by people in the industry. In addition to using as many sources as IMDb 

can, the data goes through consistency checks to ensure it's as accurate and reliable as possible. 

The sources of information include (but are not limited to) on-screen credits, press kits, official 

bios, autobiographies, and interviews. Please see 

http://www.imdb.com/help/show_leaf?infosource for all the details. 

 

http://www.imdb.com/help/show_leaf?infosource
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feature movie projects in IMDb16 that first sought crowd-funding on Kickstarter. 

Table 1 contains summary statistics about all variables used in estimation. The 

average total pledged for each project is $22,776. The average number of backers 

behind each project is approximately 200.  

 

In my sample, there are a total of 73,453 investors that backed all projects matched 

with IMDb. Of these backers, 40% were first time investors and 40% of investors 

invested in between 1 to 10 past projects prior to the current project. Furthermore, 

10% of investors funded over 20 past projects, 1% of investors funded over 200 past 

projects and 5 investors funded over 3000 past projects. On average, one investor has 

invested in 6 projects on Kickstarter.  

 

Throughout the Kickstarter funding period, backers pledge at different times. 

Kickstarter provides access to the relative sequence of time that each backer pledges, 

which provides an opportunity for researchers to define the lead backer and test the 

related hypothesis. I divide lead backers in my study in to two types: 1) Lead 

Experienced Backers and 2) Lead Movie Backers. Lead experienced backers are 

defined as those individuals who demonstrate exceptional levels of previous funding 

performance17 on Kickstarter AND who are relatively early in backing sequence. 

Lead movie backers are defined as those individuals who possess a high movie project 

concentration in their Kickstarter funding portfolio AND who are relatively early in 

backing sequence. For both types, these traits place them in, approximately, the top 

10% of funding performance, movie project concentration and backing sequence. 

Based on the classifications above, I identify 1594 lead experienced backers and 471 

lead movie backers associated with the projects in my sample.  

 

                                                      
16 Please refer to Appendix II for the detail procedures. Please refer to Appendix III for real 

examples. 
17 Funding performance=No. of projects successfully funded/Total projects pledged 
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3.3.3 Subsequent investment and real outcomes 

 
In Table 1, distributor investment is represented by projects that receive investment 

for movie distribution once the Kickstarter funding period has completed. 

Observations of distributor investment provide an indication of whether a movie 

project is viewed as a profitable investment opportunity subsequent to crowd-funding 

as well as whether the crowd-funding channel transfers useful information to other 

financing channels.   

 

For subsequent distribution investment, I employ both movie life time box office 

gross and the number of viewers as proxies for movie cash flow and revenue. Box 

office gross figures and the number of viewers not only work as financial outcomes, 

but also act as strong proxies for market success. The availability and strength of these 

proxies is important for researchers as outcome data are usually not transparent and 

very difficult to collect for most start-ups and entrepreneur ventures (Hellmann, Da 

Rin and Puri 2012). While box office gross figures are only collected from those 

movies which are distributed to theatres, I employ the number of viewers as a 

complementary way to capture any potential revenue generated from DVD, video on 

demand and other distribution channels.  

 

In terms of project quality, I use an award indicator and public rating scores as 

proxies. Independent movies are often screened at different film festivals and 

compete for awards. Thus, I adopt an awards indicator as a non-financial performance 

proxy to capture the qualitative evaluation put forth by industry experts and award 

panels. At the same time, IMDb invites movie-goers to rate any movie on a scale of 

1 to 10, the totals of which are converted into a weighted mean-rating that is displayed 

beside each title, with online filters employed to deter vote-stuffing. I employ these 

ratings by the general public as the second proxy measure for evaluating the quality 

http://en.wikipedia.org/wiki/Weighted_arithmetic_mean
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of non-financial performance.  

 

The experience and reputation of the production companies, directors and cast 

members of movies may vary significantly, which naturally leads to different project 

outcomes (John Ravid and Sunder 2003; Basurory and Ravid 2004; Goetzman, Ravid 

and Sverdlove 2013).  Therefore, I use the number of titles that production companies, 

directors and cast members have previously associated with as a proxy for experience 

and I also use average box office gross revenue generated from historical titles as a 

proxy for their reputation and ability. 

 

 

3.4 The Crowdfunding and Project Outcomes 

 
This section documents the empirical results of my research with regards to the 

consequences of crowd-funding for movie projects. I first compare the subsequent 

investment outcomes of crowd-funded projects with those of crowd-rejected projects; 

I then explore the relationship between crowd-funding projects and their real 

outcomes.  

 

In constructing my study, I explore the cross-referential nature of Kickstarter and 

IMDb datasets to investigate the relationship between the probability of a project 

acquiring subsequent investment after crowd-funding ends and its actual post-crowd-

funding outcomes. I estimate variations of Equation 1, where 𝑌𝑖
𝑃𝑜𝑠𝑡 is the outcome 

and dependent variable. 𝐾𝑆 𝐹𝑢𝑛𝑑𝑒𝑑𝑖 is a dummy variable that takes on a value of 1 

if the project is successfully crowd-funded and receives subsequent funding; and 

𝑇𝑜𝑡𝑎𝑙 𝑃𝑙𝑒𝑑𝑔𝑒𝑖 is the amount pledged from backers through the crowd-funding 

process. My research captures the total pledged amount even though a project is not 

successfully crowd-funded. As expected, the above two variables are highly 

correlated.  
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To examine question 4.1, we start with the following basic model:  

𝑌𝑖
𝑃𝑜𝑠𝑡 = 𝛽0 + 𝛽1𝐾𝑆 𝐹𝑢𝑛𝑑𝑒𝑑𝑖 + 𝛽2𝑇𝑜𝑡𝑎𝑙 𝑃𝑙𝑒𝑑𝑔𝑒𝑖 + 𝛽𝑋𝑖 + 𝜀𝑖  (1) 

 

The remaining control variables are the vectors 𝑋𝑖, which captures characteristics for 

entrepreneurs, projects, producers and cast members. The standard error is adjusted 

for clustering on 17 different project types18, such as drama, musical, sci-fi, horror 

and so on.  

 

3.4.1 Are crowdfunding outcomes important to subsequent 

investment? 

 

Start-ups’ typically have little or no tangible collateral, so they are often unable to 

initially access debt finance. It is the same for entrepreneurs in the independent movie 

industry. The movie distributor is their main source of external capital outside of 

partnering with rich individuals. Observations of distributor investment behaviour 

indicate that an entrepreneur presents a profitable investment opportunity.  

A Kickstarter-funded project is more likely to be funded by subsequent distributors, 

and as the total pledge amount increases, the more likely the project receives 

subsequent investment. The results in Table 2 reveal that a project is 5% to 6% more 

likely to be funded by a movie distributor if initially funded successfully through 

Kickstarter. That is approximately a 50% increase given the average probability of 

funding by a theatrical distributor across the sample is less than 13%. (Table 1) The 

economic size of the effect appears to be significant and consistent across different 

specifications. 

                                                      
18 Please refer to Petersen, Mitchell A, 2009, Estimating standard errors in finance panel data 

sets: Comparing approaches, Review of financial studies 22, 435-480. 
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3.4.2 Are crowdfunding outcomes important to real outcomes? 
 

Table 3 quantifies the relationship between proxies for financial outcomes and 

Kickstarter funding outcomes. Table 4 documents the relationship between non-

financial outcome proxies and Kickstarter funding outcomes. The standard error is 

adjusted for clustering on 17 different movie genres.  

 

The results in Table 3 Panel (A) reveal that a Kickstarter-funded project and total 

pledges raised are both positively, significantly related to the revenue proxy across 

different empirical specifications. I find a project receives 150-200 more viewers if 

the project is funded through Kickstarter rather than rejected by Kickstarter. This is 

approximately a 90% increase given the average number of viewers across the sample 

is 190 (Table 1).  

 

Since box office gross numbers are only available for those movies which have 

released in movie theatres, projects which are Kickstarter-funded achieve three times 

more from box office gross compared to those Kickstarter-rejected projects, 

conditioned on those projects having also been released to theatre. (Table 3 Panel (B)) 

 

A Kickstarter-funded project has better post-funding feedback from experts and 

panels in regards to both the awards nominated or received.  

 

The results in Table 4 (A) reveal that Kickstarter-funded projects are positively, 

significantly related to the likelihood of receiving awards across different empirical 

specifications. On average, a Kickstarter-funded project is 16% more likely to receive 

an award. That is approximately a 70% increase since the average probability of 

winning an award is 23%. (Table 1) 
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Results in Table 4 (B) show that a Kickstarter-funded project receives approximately 

two points more on the 0 to 10 rating scale as compared to Kickstarter-rejected 

projects. It is economically significant given that the average rating in the sample is 

approximately 3.3 out of 10.  

 

 

3.5 How Do Crowd-funding Outcomes Affect Investor 

Decisions? 

 
Crowd-funding outcomes are important in the decision-making of subsequent 

investors and these outcomes determine a range of relevant financial and non-

financial outcomes. Documenting the results in Section 4 is the first step in 

understanding the role of crowd-funding and its on-going relationship with the 

traditional financing sector. In this section I explore how crowd-funding affects 

investor decisions, which also helps explain real outcomes.   

 

Crowd-funding outcomes may alleviate information asymmetry for entrepreneurs 

either through (1) information production; or (2) financing. Information production 

via crowd-funding reduces information asymmetries. It occurs if the crowd on 

Kickstarter identifies or is perceived to identify better projects. The second 

mechanism is the money itself. Entrepreneurs use the financing that they received 

from crowd-funding to change the underlying quality of the project.  

 

Leland and Pyle (1976) first showed that managers could signal commitment through 

equity. Howell (2015) used a signal extraction model to show the grant money itself 

is valuable but the evidence is inconsistent with a certification effect. 

 

Suppose the entrepreneur has a project with an intrinsic quality Qi. Let Q be normally 
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distributed with mean q̅ and variance σQ
2 , so that each project’s quality is Qi= q̅+ǫi. 

A venture investor (e.g movie distributor) is interested in evaluating and investing in 

projects. Although she knows the quality distribution, she receives only a noisy signal 

about this distribution, Q̃i = q̅ + ǫi + εi . The error ε ~ N (0, σε
2) is independent of Q. 

The investor calculates E (Qi│Q̃i). This expected quality is dependent on the 

reliability of the signal; if the signal is extremely noisy, the investor should place 

more weight on the mean q̅, whereas if σε
2 is relatively small, she should place more 

weight on the signal. The weight to place on the signal is: 

Cov(Q̃, Q)

Var(Q̃)
=

σQ
2

σε
2 + σQ

2 = α 

 

The expected project quality is a weighted average of the signal and the underlying 

project quality mean:  

E (Qi│Q̃i) = (1- α) q̅ + αQ̃i 

 

Kickstarter also receives an aggregate signal Q̃i
K from the crowd for each project i. 

The total pledge from the crowd for each project is public to Kickstarter, investors 

and entrepreneurs. Letting Q̃i
K be normally distributed with mean q̅, the aggregate 

signal is: 

Q̃i
K =q̅ + ǫi + εi

K 

If the total pledge from backers reaches or exceeds the target funding goal19, the 

entrepreneur and his project receive the total pledge from backers. Whether an 

entrepreneur and his project i receive funding (y) from the crowd of Kickstarter or 

does not (n) is a truncated version of Q̃i
K. If Q̃i

K ≥ βi; thus, project i is funded (y) and 

the project receives all the pledge raised. If Q̃i
K < βi, then project i is not funded (n) 

                                                      
19 The entrepreneur set the funding goal before launching the project, the funding goal can’t be 

changed once the project is launched.  
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and the project does not receive any pledged funds. βi is the funding goal decided by 

an entrepreneur for each project. 

 

Both the aggregate signal from Kickstarter and the money received from Kickstarter 

might affect the mean quality (�̅�), the quality variance (𝜎𝑄
2), and the investor’s signal 

variance (𝜎𝜀
2).  

 

 Funding Hypothesis: if �̃�𝑖
𝐾is uninformative, but the pledge received itself benefits 

the entrepreneur through changing the underlying quality of the project (𝜎𝑄,𝑦
2 >

𝜎𝑄,𝑛
2 ), therefore investors are more likely to invest the project. 

 Information Production Hypothesis: if Q̃i
Kis informative or the crowd improves 

the precision of the signal variance an investor receives (σε
2), or the crowd identifies 

high project quality type (q̅K), investors are more likely to invest in a project with 

a higher total pledge amount through the crowd-funding process, even if the money 

itself has no effect.  

 
3.5.1 Evaluate funding hypothesis 
 

Crowd-funding is designed to help financially constrained entrepreneurs raise funds 

to complete a project and provide backers specified rewards produced by that project. 

If this funding is used to improve the underlying quality of a project, securing 

subsequent investors is expected to be less challenging. However, the actual 

probability of subsequent investor financing appears not to be correlated with whether 

the project receives funding from Kickstarter, conditioned on a similar ranking of 

each project. 

 

The total number of backers from Kickstarter for each project is observable for 
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researchers, including funded and rejected projects. Therefore, this permits a 

reasonable way to rank projects based on the number of backers, who decide to back 

a project based on characteristics unobservable for researchers. This methodology is 

in the spirit of regression discontinuity but it is not regression discontinuity. In 

Kickstarter, as entrepreneurs are going to take all the money raised if the funding goal 

is met or nothing if the money raised is less than the funding goal, the entrepreneurs 

are more than likely to ask for help from relatives or friends to push themselves over 

the funding goal once the project is very close to the funding goal, therefore 

entrepreneurs can self-select themselves to the crowd-funded group and leaves very 

few observations of crowd-rejected projects which are just missed funding goal.  

 

I compare crowd-funded projects which just receive funding20 and crowd-rejected 

projects with a similar ranking. I form the ranking using the number of backers behind 

each project. Table 5 reports the difference in ranking and project characteristics for 

the above two groups using a standard t-test and there are no significant difference 

between the two groups. The mean and median of the pledged amount compared with 

the funding goal of projects which just received funding is 1.003 and 1.04, which are 

just over the funding goal. I randomly checked the last group of backers for those 

crowd-funded projects of which money raised is just over the funding goal. From the 

last group of backers, there are more first-time backers or backers who have the same 

family name as compared with crowd-funded projects that significantly exceeded the 

funding goal. The above findings are consistent with my suspicion that an 

entrepreneur’s friends or family may help the entrepreneur reach the funding goal in 

this scenario. Therefore, it is reasonably assumed that those crowd-funded projects 

may receive the entire funding because of a final push from an entrepreneur’s family 

and friends. It is important to also note that such crowd-funded projects are not 

                                                      
20 The mean and median of the total pledge amount of funding goal is 1.06 and 1.025 

respectively.  
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necessarily of better quality compared to crowd-rejected projects with similar 

rankings.  

 

Table 6 and Table 7 show that the projects that just receive funding have no 

significant correlation with subsequent investment, revenue proxy and real outcomes. 

Although it cannot be completely ruled out, funding alone seems incapable of 

explaining the crowd-funding effect on following investment and real outcomes. 

 

3.5.2 Evaluate information production hypothesis 
 

If the funding is not the main channel, then the information production through 

crowd-funding must be useful, either because it helps through signal precision for 

investors (σε
2), or because it helps identify high project quality type (q̅K).  

 

Table 2, Table 3 and Table 4 show that the actual probability of subsequent investor 

financing and other real outcomes are significantly positively correlated with the total 

pledge received. Although information on Kickstarter is public to everyone, 

Kickstarter delinks the search link for a public search of a Kickstarter unfunded 

project through internet21. Therefore, for a Kickstarter unfunded project, it is much 

less likely for investors to receive an aggregate signal from Kickstarter that reveals 

how many pledges the project had raised. If this is the case, the signal precision (σε
2) 

from the total pledges raised should have less impact on a Kickstarter unfunded 

project compared to funded ones.  

 

Table 8 Panel (A) shows the total pledges raised from unfunded projects still has 

significant positive correlation with subsequent investor financing; however the 

magnitude is much smaller compared to funded projects (Table 8 Panel (B)). The 

                                                      
21 In order to protect the reputation impact of entrepreneur of unfunded project, Kickstarter 

delink all the page link of unfunded project through regular internet search.  
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results suggest that the crowd is able to identify high project quality type (q̅K) and 

signal precision received from a crowd also plays an important part in the following 

financing decision of movie distributors. 

 

The evidence is inconsistent with the funding effect, where financing itself improves 

the quality of a project. Instead the crowd-funding outcomes signal project quality 

and product market demand. As a result, such information generated from the crowd-

funding process reduces information asymmetry between entrepreneurs and 

distributors. In this section, I take one more step to explore the mechanism of how 

such a signal is generated within the crowd. 

 

According to the literature of leadership in fund raising (Andreoni 2006; Vesterlund 

2003), those who have the lowest opportunity cost of signaling move first. By 

committing sufficient skin in the game, this provides a signal of high project quality 

to all other backers.  

 

If experienced backers have lower costs in acquiring information about a project and 

move first to provide a signal, those projects with experienced backers should be more 

likely to receive funding and achieve better outcomes22. I interpreted the experienced 

backer in my settings as: 1) Repeated Backers and 2) Movie Backers. I assume crowd-

funding veterans and potential investors with developed market expertise have 

inherent information advantage about the movie industry; at the same time, 

experienced backers may have lower costs to acquire certain information about 

entrepreneurs and their projects if they want to do some due-diligence.  

                                                      
22 While the information production rather than just money itself is found to be the driving force 

for the post funding success, I assume lead backers in my setting are those who have lower cost 

to acquire information and pledge early in the funding process but not necessarily those who 

pledge a significant amount. But it would be interesting to see whether a lead backer who 

pledges a significant amount would generate more following funding in this context compared 

to a lead backer who didn’t pledge much, I will address this in a near extension.  



  

59 

 

 

First, I test whether early involvement of at least one experienced backer in the crowd-

funding project would result differently compared to the rest of projects. In both 

cases, projects with repeated backers and/or movie backers are more likely to be 

successfully funded. The early involvement of experienced backer variable is a 

significant determinant of project crowd-funding success, and this variable survives 

inclusion of many other previously found determinants (Table 9). Projects which have 

early involvement of movie backer are 30% more likely to be funded and raise over 

30% more funding compared to projects without endorsement from such backers. The 

results suggest that early involvement of repeated movie backers and movie backers 

who may have an information advantage are signalling to the rest of the crowd that 

the project is of high quality and therefore more likely to be successfully funded. 

Table 10 shows those projects which have early endorsement from experienced 

backers have much better financial and non-financial performance compared to those 

projects without such supports.  

 

 

3.6 Conclusion 

 
This chapter established that, on average, crowd-funding plays a positive role in 

enabling entrepreneurs to secure other financing sources. It appears that the crowd-

funding sector is in process of becoming a potential certifying and investment 

sourcing channel for other financing institutions. The usual suspects: experienced 

backers who pledge relatively early in the crowdfunding process appears key to 

overall success. 

 

This chapter proposes two rich and transparent data sources, providing a foundation 

for the analysis and examination of the crowd-funding impact on entrepreneurial 

ventures. The understanding of the financing process is improved through 
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Kickstarter, and the information from IMDb highlights the ultimate post-funding 

performance in regards to entrepreneurs’ ventures whether they are successful or 

unsuccessful in crowd-funding. I document whether this crowd-funding provides 

benefits such as those provided by a VC, third party rating agency or money-lending 

institution. I find that crowd-funded projects are positively, significantly related to 

subsequent investment and real outcomes. In addition, I explored why crowd-funded 

projects lead to future investment. The evidence is inconsistent with the funding 

effect, where financing itself is valuable. Instead, the signaling effect is important, 

possibly because crowd-funding outcomes contain information about project quality 

and market demand. Finally, I provide empirical evidence that early involvement of 

experienced backers or industry experts provide a signal to the rest of the crowd that 

a project is of high quality and, therefore, those projects are more likely to have better 

crowd-funding outcomes. 

 

Crowd-funding, both in U.S. and abroad, has grown rapidly in recent years to become 

a billion-dollar-industry. Understanding platforms like Kickstarter will prove 

extremely important as on-line financial institutions evolve. Kickstarter can 

ultimately be viewed as a halfway step toward transforming traditional venture capital 

into a more mass market business.  
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Figures and Tables:  
 

Figure 2: Kickstarter funding process: Timeline and Participants 

  

 

 

 

 

 

 

 

 

 

 

 

Source: Li and Martin (2015)

Time 0 

 Entrepreneur decides listing 

expiry, funding goal and 

rewards 

 Crowd Funder conducts initial 

verification that project meets 

listing guidelines 

 If project meets guidelines 

then it is listed on the Crowd 

Funder 

Between times 0 and 1 

 Crowd assesses project and 

decides to pledge or not; 

 Crowd can publicly comment on 

project; 

 Crowd Funder can suspend a 

project flagged as fraud by crowd; 

Time 1 

 Listing ends; if project is at 

or over goal: 

 Crowd Funder bills backers; 

  Crowd Funder transfer fund 

to Entrepreneur, less 

commission; 

 Otherwise project is dead 
 

Between times 1 and 2 

 Entrepreneur starts production 

 Entrepreneur may post updates on 

progress to the crowd; 

 Backers can ask questions and post 

comments  

Time 2 

 Entrepreneur delivers 

rewards to backers;  

 Backers complain via crowd 

funder if not received; 

 Entrepreneur legally 

responsible to deliver; backers 

can ask for refunds, or sue; 

 The Crowd Funder gives no 

refunds and offers no guarantees 

or warranties  
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Table 1: 

 

Table 2 reports the summary statistics of all 331 feature movie projects with the funding goal above the 

median ($5,500) , which I obtained from Kickstarter from April 2009 to Aug 2012 and I identified each 

project in the IMDb database. For each variable we report the number of observation N, the mean, and the 

standard deviation. The post funding performance is obtained from IMDb and box office mojo. The 

information related to the characteristics of entrepreneur, producer, director and cast member is calculated 

from IMDb historical database. See Appendix we for a detailed description of all the variables

Variable Type Mean Std. Obs

KS Funding Outcomes

KS Funding Indicator 0-1 0.79 0.41 331

Total Pledge raised Cont. 22,776 37,691 331

Total Number of Backers Cont. 202 423 331

Lead KS Backers

Project endorsed by Lead Movie Backer 0-1 0.53 0.5 331

Project endorsed by Lead Repeated Backer 0-1 0.79 0.41 331

Proxy for Subsequent Investment

Distributor Investment 0-1 0.13 0.34 331

Proxies for Financial Performance

Box office gross Cont. 14,309 86,999 331

Number of Viewers Cont. 197 789 331

Proxies for Non-Financial Performance

Academic Award 0-1 0.23 0.42 331

Public Rating Cont. 3.34 3.36 331

Entrepreneur's Future Movie under development 0-1 0.32 0.47 331

Proxies for Entrepreneur Reputation

Number of previous movie titles Cont. 6 8 331

Average previous box office gross Cont. 774,642 4,014,974 331

Proxies for Producer & cast members Reputation

Producer: Number of previous movie titles Cont. 7 8 331

Cast member: Average previous box office gross Cont. 22,400,000 31,400,000 331

Cast member: Number of previous movie titles Cont. 16 21 331

Project Characteristics

Budget Cont. 213,890 967,917 331

Funding Goal 31,579 58,051 331



 

66 

 

Table 2: 

 

Table 2 presents results from Probit regressions of the distributor investment indicator into measures of 

Kickstarter funding indicator and log (total pledge raised) as well as different control variables from 

entrepreneur and project characteristics. The estimation is performed using 331 listings. I report estimated 

marginal effects, as well as the p-values associated with the test of whether marginal effect is equal to zero. 

See Appendix for a detail definition of the variables. More specifications are available upon request.  

 

 

 

 

 

 

 

 

 

Distributor Investment 1 2 3 4 5 6

KS Funded 0.0675*** 0.0533** 0.0506**

(2.839) (2.508) (2.487)

Total Pledge Raised 0.0437*** 0.0337*** 0.0318***

(4.161) (3.284) (3.347)

Budget 0.0231** 0.0124 0.00932 0.0123 0.00520 0.00317

(2.023) (1.464) (0.959) (1.185) (0.665) (0.357)

Entrepreneur Characteristics

Average previous box office gross 0.0124*** 0.0119*** 0.0107*** 0.0104***

(3.660) (3.867) (3.236) (3.501)

Number of previous titles -0.00203 -0.000464 -0.00165 -0.000515

(-1.462) (-0.351) (-1.486) (-0.391)

Producer Characteristics N N Y N N Y

Cast member Characteristics N N Y N N Y

Observations 331 331 331 331 331 331

Pseudo R2 0.0208 0.0920 0.100 0.0612 0.118 0.124

Robust z-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1
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Table 3: 
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Table 3 Panel (A) presents results from OLS regressions of the Number of viewers into measures of 

Kickstarter funding indicator and log (total pledge raised) as well as different control variables from 

entrepreneur and project characteristics. The estimation is performed using 331 listings. Table 3 Panel (B) 

presents results from OLS regressions of the log (box office gross) into measures of Kickstarter funding 

indicator and log (total pledge raised) as well as different control variables from entrepreneur and project 

characteristics. The estimation is performed using 47 listings, which are released in theatre and have box 

office gross number available. I report estimated coefficients, as well as the p-values associated with the 

test of whether estimated coefficient is equal to zero. See Appendix for a detail definition of the variables. 

More specifications are available upon request.  
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Table 4: 
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Table 4 Panel (A) presents results from Probit regressions of the Academic Award into measures of 

Kickstarter funding indicator and log (total pledge raised) as well as different control variables from 

entrepreneur and project characteristics. I report estimated marginal effects, as well as the p-values 

associated with the test of whether marginal effect is equal to zero. Table 3 Panel (B) presents results from 

OLS regressions of the public rating score into measures of Kickstarter funding indicator and log (total 

pledge raised) as well as different control variables from entrepreneur and project characteristics. Both 

estimations are performed using 331 listings. I report estimated coefficients, as well as the p-values 

associated with the test of whether estimated coefficient is equal to zero. See Appendix for a detail 

definition of the variables. More specifications are available upon request.  
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Table 5:  

   
Difference 

in Means  

t-stats 

 KS-Funded 
KS-

Rejected Variables 

Ranking: Number of backers 79.71 80.69 -0.0329 

 (48) (50)  

Total pledged Raised 13803 12619 0.2322 

 (10745) (5950)  

Entrepreneur: previous No. of movies 6 7 -0.54 

 (4) (3)  

Producer: previous No. of movies 7 6 0.33 

 (5) (5)  

Cast member: previous No. of movies 18 17 0.094 

 (13) (10)  

Budget  6.28M   1.1M  1.46 

   (100000)   (50000)    

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
Table 5 presents the average, median in parentheses, and t-stats between two matching sample between 

crowdfunded projects and crowd rejected projects. It matches on the similar ranking: number of the 

backers. 
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Table 6:  

 
 

Table 6 presents from the estimation is performed using 82 listings which are from the matching sample 

described in Table 5. Table 6 specification (1)-(3) presents results from Probit regressions of the distributor 

investment into measures of Kickstarter funding indicator as well as different control variables from 

entrepreneur and project characteristics. I report estimated marginal effects, as well as the p-values 

associated with the test of whether marginal effect is equal to zero; Table 6 specification (4)-(6) presents 

results from OLS regressions of the Number of viewers into measures of Kickstarter funding indicator and 

as well as different control variables from entrepreneur and project characteristics. I report estimated 

coefficients, as well as the p-values associated with the test of whether estimated coefficient. See Appendix 

for a detail definition of the variables. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Table 7 

1 2 3 4 5 6

KS Funded -0.0316 -0.0542 -0.0229 -14.28 -41.23 -30.72

(-0.614) (-1.429) (-1.240) (-0.450) (-0.788) (-0.665)

Budget 0.0259 0.00865 -0.00144 3.557 -13.27* -20.53*

(1.613) (0.820) (-0.286) (1.253) (-1.806) (-1.961)

Entrepreneur Characteristics

Average previous box office gross 0.0128*** 0.00448*** 23.55 20.53

(3.947) (6.545) (1.440) (1.296)

Number of previous titles -0.00593 -0.00312 -3.332 -8.041

(-1.259) (-0.799) (-0.740) (-1.599)

Producer Characteristics N N Y N N Y

Cast member Characteristics N N Y N N Y

Observations 82 82 82 82 82 82

R-squared 0.001 0.112 0.158

Pseudo R2 0.0455 0.246 0.350

Robust t-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1

No. of ViewersDistributor Investment
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Table 7 presents results from the estimation which is performed using 82 listings which are from the 

matching sample described in Table 5. Table 7 specification (1)-(3) presents results from Probit regressions 

of the academic award into measures of Kickstarter funding indicator as well as different control variables 

from entrepreneur and project characteristics. I report estimated marginal effects, as well as the p-values 

associated with the test of whether marginal effect is equal to zero; Table 6 specification (4)-(6) presents 

results from OLS regressions of the public rating score into measures of Kickstarter funding indicator and 

as well as different control variables from entrepreneur and project characteristics. I report estimated 

coefficients, as well as the p-values associated with the test of whether estimated coefficient is equal to 

zero. See Appendix for a detail definition of the variables. 

 

 

 

 

 

 

 

 

 

1 2 3 4 5 6

KS Funded 0.00978 0.00309 0.0284 0.916 0.831 1.175*

(0.195) (0.0652) (0.564) (1.560) (1.357) (1.785)

Budget -0.00172 -0.00830 -0.0207 0.216 0.132 -0.0560

(-0.0727) (-0.293) (-0.988) (1.459) (0.744) (-0.265)

Entrepreneur Characteristics

Average previous box office gross 0.00977*** 0.00485 0.136* 0.0869

(2.877) (1.090) (1.942) (0.984)

Number of previous titles 0.00140 -0.000996 0.0292** 0.0317

(0.332) (-0.120) (2.572) (0.518)

Producer Characteristics N N Y N N Y

Cast member Characteristics N N Y N N Y

Observations 82 82 82 82 82 82

R-squared 0.022 0.074 0.180

Pseudo R2 0.000413 0.0364 0.212

Robust z-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Public RatingsAcademic Award
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Table 8 

 

Table 8 Panel (A) presents results from the estimation which is performed using 71 Kickstarter-rejected 

projects only. Table 8 Panel (B) presents results from the estimation which is performed using 260 

Kickstarter-funded projects only. Table 8 Panel (A)&(B) specification (1)-(3) present results from Probit 

regressions of the distributor investment indicator into measures of log (total pledge raised) as well as 

different control variables from entrepreneur and project characteristics. I report estimated marginal effects, 

as well as the p-values associated with the test of whether marginal effect is equal to zero. Table 8 Panel 

(A)&(B) specification (4)-(6) presents results from OLS regressions of the number of viewers into measures 

of Kickstarter funding indicator and log (total pledge raised) as well as different control variables from 

entrepreneur and project characteristics. I report estimated coefficients, as well as the p-values associated 

with the test of whether estimated coefficient is equal to zero. See Appendix for a detail definition of the 

variables. More specifications are available upon request.  

 

 

 

Panel (A) Unfunded

1 2 3 4 5 6

Total Pledge Raised 0.0142*** 0.0126*** 0.00784** 12.30 12.14 11.67*

(3.639) (3.234) (2.411) (1.427) (1.436) (2.118)

Budget 0.0242*** 0.0209*** 0.0161** -3.397 -3.715 -7.969

(5.036) (4.856) (2.574) (-0.717) (-0.752) (-0.718)

Entrepreneur Characteristics N Y Y N Y Y

Producer Characteristics N N Y N N Y

Cast member Characteristics N N Y N N Y

Observations 71 71 71 71 71 71

Pseudo R2 0.0968 0.127 0.156 . . .

R-squared 0.011 0.011 0.046

Panel (B) Funded

1 2 3 4 5 6

Total Pledge Raised 0.127*** 0.112*** 0.107*** 316.8*** 271.1** 252.6**

(5.964) (5.469) (5.387) (3.492) (2.615) (2.371)

Budget -0.0297** -0.0327*** -0.0329** -46.58* -56.87** -63.52**

(-2.031) (-2.737) (-2.470) (-1.830) (-2.243) (-2.503)

Entrepreneur Characteristics N Y Y N Y Y

Producer Characteristics N N Y N N Y

Cast member Characteristics N N Y N N Y

Observations 260 260 260 260 260 260

Pseudo R2 0.0861 0.128 0.135 . . .

R-squared 0.063 0.126 0.140

Robust z-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1

No. of Viewers

No. of ViewersDistributor Investment

Distributor Investment
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Table 9: 

 
 

 

Table 9 specification (1)-(2) presents results from Probit regressions of the Kickstarter funding indicator 

into measures of the project endorsed by at least one lead movie backer or the project endorsed by at least 

one lead experienced backer, as well as different control variables from entrepreneur and project 

characteristics. Project endorsed by at least one lead movie backer is a dummy between 0 and 1. I define 

lead movie backers are those investor who have high movie project concentration in their Kickstarter 

funding portfolio (top 10%) AND who are relatively early in backing sequence (early 10%). I define lead 

experienced backers are those investor who have best previous funding performance on Kickstarter 

(approximately top 10%) AND who are relatively early in backing sequence (early 10%).I report estimated 

marginal effects, as well as the p-values associated with the test of whether marginal effect is equal to zero; 

Table 9 specification (3)-(4) presents results from OLS regressions of the total pledge raised into measures 

of project with lead backers and as well as different control variables from entrepreneur and project 

characteristics. Table 9 specification (5)-(6) presents results from OLS regressions of the total number of 

backer into measures of project with lead backers and as well as different control variables from 

entrepreneur and project characteristics. I report estimated coefficients, as well as the p-values associated 

with the test of whether estimated coefficient is equal to zero. See Appendix for a detail definition of the 

variables. The results are similar and robust if I classify early backers as first 10 backers instead of early 

10% of the backers.  

 

 

 

 

 

 

 

1 2 3 4 5 6

Lead Movie Backers 0.298*** 18,395*** 211.2***

(7.886) (4.303) (4.903)

Lead Repeated Backers 0.566*** 26,197*** 248.3***

(12.12) (3.805) (3.587)

Project Characteristics Y Y Y Y Y Y

Director Characteristics Y Y Y Y Y Y

Producer Characteristics Y Y Y Y Y Y

Cast member Characteristics Y Y Y Y Y Y

Observations 331 331 331 331 331 331

R-squared 0.301 0.320 0.219 0.214

Pseudo R2 0.286 0.384 . . . .

Robust t-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1

KS Funding Total Pledge Raised Total Backers
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Table 10: 

 

Table 10 specification (1)-(2) presents results from Probit regressions of the distributor investment indicator 

into measures of the project endorsed by at least one lead movie backer or the project endorsed by at least 

one lead experienced backer, as well as different control variables from entrepreneur and project 

characteristics. Project endorsed by at least one lead movie backer is a dummy between 0 and 1. I define 

lead movie backers are those investor who have high movie project concentration in their Kickstarter 

funding portfolio (top 10%) AND who are relatively early in backing sequence (early 10%).I define lead 

experienced backers are those investor who have best previous funding performance on Kickstarter 

(approximately top 10%) AND who are relatively early in backing sequence (early 10%).I report estimated 

marginal effects, as well as the p-values associated with the test of whether marginal effect is equal to zero; 

Table 10 specification (3)-(4) presents results from OLS regressions of the number of viewers into measures 

of project with lead backers and as well as different control variables from entrepreneur and project 

characteristics. I report estimated coefficients, as well as the p-value0073 associated with the test of whether 

estimated coefficient is equal to zero. Table 10 specification (5)-(6) presents results from Probit regressions 

of the academic award indicator into measures of project with lead backers and as well as different control 

variables from entrepreneur and project characteristics. I report estimated marginal effects, as well as the 

p-values associated with the test of whether marginal effect is equal to zero. Table 10 specification (7)-(8) 

presents results from OLS regressions of the public rating score into measures of project with lead backers 

and as well as different control variables from entrepreneur and project characteristics. I report estimated 

coefficients, as well as the p-values associated with the test of whether estimated coefficient is equal to 

zero. See Appendix for a detail definition of the variables. The results are similar and robust if I classify 

early backers as first 10 backers instead of early 10% of the backers.  

 

 

 

 

 

 

1 2 3 4 5 6 7 8

Lead Movie Backers 0.100*** 265.5*** 0.100*** 265.5***

(5.749) (6.375) (5.749) (6.375)

Lead Repeat Backers 0.0743*** 204.6*** 0.0743*** 204.6***

(2.761) (5.178) (2.761) (5.178)

Project Characteristics Y Y Y Y Y Y Y Y

Director Characteristics Y Y Y Y Y Y Y Y

Producer Characteristics Y Y Y Y Y Y Y Y

Cast member Characteristics Y Y Y Y Y Y Y Y

Observations 331 331 331 331 331 331 331 331

R-squared 0.119 0.102 0.119 0.102

Pseudo R2 0.128 0.109 . . 0.128 0.109 . .

Robust t-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Public RatingDistributor Investment No of Viewers Academic Award



 

77 

 

 

Appendix I: Variables definition 

 
Kickstarter Funding Outcomes 

1. Kickstarter funded (KS funded): a dummy variable of 0 (not funded) or 1. 

(funded) 

2. Total pledged amount: This is the total fund raised through the funding process 

regardless of funding result. 

3. Kickstarter oversubscription ratio: = Total pledged amount/Goal: This is the 

ratio of the total pledged amount to the funding goal set by entrepreneurs. 

4. Total Number of backers: number of the backers who pledged to each project 

including Kickstarter funded and rejected projects.  

5. Lead Repeated Backers: It is a dummy between 0 and 1. It is one if the project 

has at least one lead Experienced Backer to back the project. I define lead 

experienced backers are those investor who have best previous funding 

performance on Kickstarter (top 10%) AND who are relatively early in backing 

sequence (early 10%). 

6. Lead Movie Backers: It is a dummy between 0 and 1. It is one if the project 

has at least one lead Movie Backer to back the project. I define lead movie 

backers are those investor who have high movie project concentration in their 

Kickstarter funding portfolio (top 10%) AND who are relatively early in backing 

sequence (early 10%). 
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Financial And Non-financial Outcomes 

7. Distributor Investment: a dummy variable of 0 (no invest to release through 

theatre) or 1 (invest to release through theatre).  

8. Box Office Gross: total lifetime dollar amount received in the theatre from release 

until July 2014 including both US domestic and foreign gross, however, the 

number doesn’t include the revenue from other channels such as DVD, Video on 

demand, and online streaming. The lifetime dollar amount gross number is 

collected from Box office Mojo. For independent movies, the theatre release time 

is usually very short. The average in release time for independent movie is 6-12 

weeks.  

9. Number of Viewers: number of movie viewers IMDb received for calculating 

the online rating. 

10. IMDb online Average Rating: a rating any movie received from IMDb users on 

a scale of 1 to 10, and the totals are converted into a weighted mean-rating that is 

displayed beside each title, with online filters employed to deter ballot-stuffing. 

11. Number of Awards: number of academic awards that the movie is nominated or 

won in the movie festivals.  

 

Company Characteristics 

12. Production Company -- Number of previous titles: total number of the titles 

that the production company associated with before launching the Kickstarter 

project. The titles can include TV series, web series and games.  

http://en.wikipedia.org/wiki/Weighted_arithmetic_mean
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13. Production Company -- Number of previous titles (Movie Only): total number 

of the movie titles that the production company associated with before launching 

the Kickstarter project.  

14. Production Company -- Average gross of previous titles: arithmetic average of 

non-missing box office gross that the production company associated with before 

launching the Kickstarter project.  

15. Production Company -- Average budget of previous titles: arithmetic average 

of non-missing production budget that the production company associated with 

before launching the Kickstarter project. 

 

Filmmakers Characteristics 

16. Producer -- Number of previous titles: total number of the titles that the 

producer associated with before launching the Kickstarter project. The titles can 

include TV series, web series and games. 

17. Producer -- Number of previous titles (Movie Only): total number of the movie 

titles that the producer associated with before launching the Kickstarter project.  

18. Producer -- Average gross of previous titles: total number of the movie titles 

that the producer associated with before launching the Kickstarter project. 

19. Producer -- Average budget of previous titles: total number of the movie titles 

that the producer associated with before launching the Kickstarter project. 

20. Director -- Number of previous titles: total number of the titles that the director 

associated with before launching the Kickstarter project. The titles can include TV 

series, web series and games. 
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21. Director -- Number of previous titles (Movie Only): total number of the movie 

titles that the director associated with before launching the Kickstarter project. 

22. Director -- Average gross of previous titles: arithmetic average of non-missing 

box office gross that the director associated with before launching the Kickstarter 

project. 

23. Director -- Average budget of previous titles: arithmetic average of non-

missing budget that the director associated with before launching the Kickstarter 

project. 

24. Writer -- Number of previous titles: total number of the titles that the screen 

writer associated with before launching the Kickstarter project. The titles can 

include TV series, web series and games. 

25. Writer -- Number of previous titles (Movie Only): total number of the movie 

titles that the screen writer associated with before launching the Kickstarter 

project.  

26. Writer -- Average gross of previous titles: arithmetic average of non-missing 

box office gross that the screen writer associated with before launching the 

Kickstarter project. 

27. Writer -- Average budget of previous titles: arithmetic average of non-missing 

budget that the screen writer associated with before launching the Kickstarter 

project. 

28. Cast member -- Number of previous titles: total number of the titles that the 

cast member associated with before launching the Kickstarter project. The titles 

can include TV series, web series and games. 
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29. Cast member -- Number of previous titles (Movie Only): total number of the 

movie titles that the cast member associated with before launching the Kickstarter 

project. 

30. Cast member -- Average gross of previous titles: arithmetic average of non-

missing box office gross that the cast member associated with before launching 

the Kickstarter project. 

31. Cast member -- Average budget of previous titles: arithmetic average of non-

missing budget that the cast member associated with before launching the 

Kickstarter project. 

Movie Characteristics:  

32. Budget: the estimated production cost of the movie collected from IMDb; the 

project funding goal collected from Kickstarter is used if the estimated budget 

cost is missing on IMDb.  

33. Goal: The dollar amount entrepreneur wants to be raised from the crowd for this 

project  

34. Genres: all the movies in the sample fall into one of the genres: action, adventure, 

animation, biography, comedy, crime, documentary, drama, family, fantasy, 

history, horror, musical, mystery, romance, sci-fi, short, thriller and war.  
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Appendix II: Matching Strategy 

 I first match the movie title, year, creator, and creator’s picture to identify whether 

there are any matches on IMDb with the information provided in Kickstarter. If all fields 

match, I conclude there is a match between Kickstarter and IMDb.  

 If the movie title does not exist on IMDb, I verify with Kickstarter if the title has 

changed. If the title has changed, I check the new movie title and other related information 

on IMDb to see if there is a match between Kickstarter and IMDb. If no new movie title 

is provided through updates, I first match the creator’s name in IMDb and locate the 

previous work and manually search possible movie titles within the related time frame 

and under similar content provided on Kickstarter. If nothing exists, I conclude there is 

no match between Kickstarter and IMDb for this particular movie. (Figure 2) 

 If there are multiple films with the same title, I first match the year, the producer 

or any film maker with the information provided from Kickstarter and then match the 

content between the two data sources if necessary. There are total of 331 movie projects 

can be matched in IMDb.  
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Appendix III: KS and IMDb Examples 

 
(A) Kickstarter Example 
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(B) IMDb Example 
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Chapter 4 

 

 

Capital formation and financial 

intermediation: the role of entrepreneurial 

reputation formation 
 

 

4.1 Introduction 

 
Reputation formation has long been a crucial feature of theoretical research into 

understanding informal contract enforcement mechanisms, especially under 

incomplete contracting and information asymmetry (Kreps and Wilson, 1982). 

Diamond (1989) shows that in the presence of adverse selection and moral hazard, 

the entrepreneur’s acquisition of a reputation plays an important role in facilitating 

the market between borrowers and lenders.  

 

More generally, Noe (2012) points out economic models of reputation formation 

emphasize the process of other agents’ belief revisions in response to interactions of 

behavior. The concept thus distinguishes itself from a signaling framework without 

repeated interaction. Whereas technically any signal relating to quality might loosely 

be interpreted as “reputation”, in a financial institution setting, interest lies in the 

stricter definition requiring repeated interaction between economic agents.  

Empirical evidence validating the importance of reputation formation in the capital 
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formation marketplace is scarce. While banks maintain excellent records of loans and 

repayments made, they do not generally share data on unsuccessful would-be 

borrowers seeking capital. Venture capitalists are generally even less forthcoming 

about their processes. Moreover, examining reputation development requires multiple 

observations of the same borrower. Innovative research designs are needed. For 

instance, Gorton (1996) uses a panel of bank note data to examine how a funding 

institution can itself benefit from a reputation in seeking its own capital.  

 

In this chapter, we examine the capital raising process by using Kickstarter, a setting 

that overcomes some of the obstacles encountered with banks or venture capitalists. 

By recording an entrepreneur’s activity related to promised deliveries, as well as their 

funding history, Kickstarter provides enough information for us to explore and 

distinguish an entrepreneur’s reputation formation.  

 

Diamond (1989 ) considers a model with an observationally equivalent cohort of 

firms issuing debt for the first time. For this cohort there is a lemons problem causing 

lenders to charge a premium to the newest firms. The credit history of being a 

surviving firm, a reputation, is thus a valuable asset. The predicted dynamics have 

two testable features, as noted in Gorton (1996). First, unseasoned borrowers pay 

higher prices, all else being equal. Second, having observed defaults over time, 

lenders will lower their price to seasoned borrowers until, eventually, the premium 

disappears. Through use of our crowdfunder setting, these questions can be examined 

directly at the entrepreneur level for the first time. 

 

In the process of capital formation, Kickstarter is a new funding platform called a 

crowdfunder. Figure 1 provides an example of the process involved. Basically, 

entrepreneurs set a funding goal, funding deadline, and estimated delivery time. 

Capital comes directly from individual backers who book a pledge of funds with 
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Kickstarter to finance entrepreneurial ventures. The result is all-or-nothing; projects 

must achieve their funding goals to bind backers’ booked amounts and receive the 

remitted funds.  

 

Since 2009, over 77,000 projects have received a total of $1.27 billion. While many 

projects are small, 85 projects raised over $1 million; the largest raised over $10 

million in 30 days in 2012 (Table 1). To date, 40% of proposed projects have reached 

their funding goals (Table 2). 

 

One of the key advantages of the Kickstarter platform is that each entrepreneur’s 

actions are recorded and disclosed, so it allows more direct observation of reputation 

formation and differentiation of the factors that may affect reputation. In addition, 

Kickstarter offers two dimensions for measuring prior performance, over horizons 

during which fundamentals are unlikely to have shifted much. 

 

We offer some of the first direct empirical evidence that entrepreneur reputation 

formation is relevant in the capital formation process. On Kickstarter, reputation 

formation affects capital formation outcomes favorably in terms of both degree and 

speed for entrepreneurs in addition to signaling from entrepreneur’s skill, experience, 

publicity, and social capital. Figure 2 illustrates that better information, in the form 

of successful deliveries; helps facilitate quicker project funding for serial Kickstarter 

entrepreneurs. Several studies establish that social information (Kuppuswamy and 

Bayus (2013 ); Colombo, Franzoni and Rossi‐Lamastra (2015 )) and herding 

behavior (Zhang and Liu (2012 )) play an important role in this type of funding 

platform.  

 

In addition, our chapter adds to the growing literature on alternatives for 

entrepreneurial financing. Crowdfunding is not the sole innovation; Bruton, Khavul, 
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Siegel and Wright (2015 ) point out that “alternative forms of entrepreneurial finance 

are proliferating”. For instance, Moss, Neubaum and Meyskens (2015 ) and Allison, 

Davis, Short and Webb (2015 ) use data from the microloan platform Kiva. A study 

by Cholakova and Clarysse (2015 ) uses survey data to explore the impact of different 

capital seeker incentives on the capital formation process. 

 

Furthermore, for first-time entrepreneurs, demonstrated skill and publicity before 

listing on Kickstarter improves funding outcomes and quicker project funding. 

Bernstein, Korteweg and Laws (2014 ) documents that disclosure of information 

about a founding team significantly affects fundraising from angel investors. 

Similarly, Iyer et al. (2014) highlights the importance of screening mechanisms where 

funders can evaluate the soft information about funds seekers.  

 

Understanding funding platforms like Kickstarter will also prove extremely important 

as online financial institutions evolve. The 2012 JOBS Act (short for Jumpstart Our 

Business Startups) in the United States made it possible for crowd-sourced capital to 

be exchanged directly for equity securities. Thus, Kickstarter can ultimately be 

viewed as a step toward transforming the traditional venture capital funding platform 

into a more mass-market business.  

 

4.2 Institutional features and related literature 

 
The individual backers of a project typically receive a fixed specific reward when a 

project is in good standing (successfully funded and reward delivered) and nothing 

when a project is failing. In terms of the lack of upside and the potential of default, 

this arrangement shares certain characteristics with a debt contract.  

 

There are some differences between a crowdfunding platform and a debt contract as 

ordinarily modeled. While entrepreneurs seeking crowdfunding are obligated to 
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provide the promised “reward,” most rewards are small. Thus, such promises are 

somewhat impractical for individual backers to enforce legally. Project backers can 

demand a return of their capital from an entrepreneur if a reward is not delivered; 

however, in practice, they have limited ability to do so.23 Without a reputation 

development incentive, contracts in this setting might not be honored.24 

 

Connecting theoretical settings to practice is much more complicated and less well 

understood, as pointed out in MacLeod (2007 ). Gorton (1996 ) uses private bank 

notes during the U.S. free banking era (1838-1860) and confirms that the notes of 

new banks are discounted more heavily than the notes of banks with established 

payment histories. Lummer and McConnell (1989 ) show that experienced corporate 

borrowers are rewarded for favorable loan revisions. 

 

The empirical evidence is not plentiful even when looking beyond simple debt 

contracts. Banerjee and Duflo (2000 ) examine the reputation effect using 230 

contracts from the software industry in India and find that reputation matters in the 

selection of subcontractors. Atanasov, Ivanov and Litvak (2012 ) find that more 

reputable venture capitalists are less likely to be sued and that litigants suffer declines 

in future business. Carter and Manaster (1990 ) show that prestigious underwriters 

are associated with initial public offerings (IPOs) experiencing less underpricing. 

Melnik and Alm (2002) and Cabral and Horta (2010) document entrepreneur 

reputation formation in sale transactions from online auction. However, none of these 

studies provides direct evidence on the reputation of the capital-seeking entrepreneur.  

                                                      
23 Out of over 40,000 crowdfunded projects, only one formal legal enforcement has taken place 

in the past four years. Neil Singh, a lawyer in the U.S. and a backer of the project “Hanfree” 

sued Quest, an entrepreneur who raised $35,000 for the project 

(https://www.kickstarter.com/projects/831303939/hanfree-ipad-accessory-use-the-ipad-hands-

free). 
24 Duarte, Siegel, and Young (2012) find that people’s appearance (e.g., a trustworthy look) is 

important in the peer-to-peer lending market. We do not have looks, but we do include the 

entrepreneur’s social networking information thus partly addressing the trustworthiness channel.  
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We focus on the crowdfunding industry and reputation formation by entrepreneurs in 

developed countries that have strong legal infrastructures. As new online entities arise 

in a platform where legal institutions are less meaningful, traditional legal 

enforcement can be very expensive and time consuming, if available. In the 

decentralized settings of Kickstarter, Uber, or Airbnb, reputation formation plays a 

vital role. 

 

In the Kickstarter setting, contracted quality can be thought of as the market-assessed 

joint probability that given entrepreneurs will both (a) be able to produce the 

contracted quality product or service, and (b) deliver it. The probability that a given 

entrepreneur will be able to deliver the contracted quality product or service depends 

on the entrepreneur’s skills and abilities. The conditional probability of delivering the 

product or service is a measure of an entrepreneur’s effort and trustworthiness. The 

rich data set from Kickstarter and other sources offers an opportunity to partially 

differentiate the impact of reputation formation from the skills of an entrepreneur.  

 
4.2.1 Reputation formation 

 
An important problem in empirically testing for the presence of reputation formation 

effects is that in theory, lenders learn by observing defaults or repayments, but these 

usually happen over relatively long periods of time. As noted in Gorton (1996 ), the 

longer this process takes, the more likely the fundamentals of the new firm or 

entrepreneur and those of seasoned ones will diverge. Kickstarter provides evidence 

of an entrepreneur’s delivery performance that can be observed at much shorter 

frequencies.  

 

4.2.2 Entrepreneur’s skill, publicity and experience 

 
There is a large variation in the number and quality of entrepreneurs’ skills before 
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they launch projects on Kickstarter. In order to control for prior skills and the 

publicity of entrepreneurs before they launch a project on Kickstarter, we use listing 

presence on Wikipedia as a proxy. Wikipedia specifies standards for creating a listing 

that are actually quite stringent: “the content of a Wikipedia page must be verifiable 

and notable,25 and users must not create pages about themselves, their company, their 

band or their friends, nor pages that advertise.26 References to blogs, personal 

websites, Facebook and YouTube are unsuitable.” Auditing this requirement requires 

transparency; to this end, Wikipedia also discloses the full history of the editing on 

every page, which provides the exact time of original page creation and all subsequent 

updates. Therefore, we can validate that the entrepreneur’s Wikipedia page existed 

before their listing on Kickstarter to avoid any reverse impact, which can easily 

happen in other settings that do not have time stamps. 

 

Gompers, Kovner, Lerner and Scharfstein (2010 ) demonstrate performance 

persistence in entrepreneurship. Previous funding performance is disclosed explicitly 

by Kickstarter through the entrepreneur's creator listing page, which indicates 

whether or not the entrepreneur has been funded before, and to what degree. This 

information is very useful to control for any skill or publicity associated with 

Kickstarter, which can help us further differentiate reputation formation impact from 

an entrepreneur’s actions, skills, and ability within Kickstarter.  

 

4.2.3 Entrepreneur’s social capital prior to Kickstarter 

 
Another important related area concerns entrepreneurial financing deals. Hochberg, 

Ljungqvist, and Lu (2007), Bottazzi, Da Rin and Hellmann (2011); Hochberg, 

Ljungqvist and Lu (2007 ), Duarte, Siegel and Young (2012 ), and Lin, Prabhala and 

                                                      
25 Articles that do not meet notability guidelines and do not cite reliable published sources are 

likely to be deleted. See the website for additional information: 

http://en.wikipedia.org/wiki/Wikipedia:N; http://en.wikipedia.org/wiki/Wikipedia:RS  
26 See the website for policy details: http://en.wikipedia.org/wiki/Wikipedia:Your_first_article. 
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Viswanathan (2013 ) show that entrepreneurs’ social capital plays a big role in 

settings such as the peer-to-peer lending market and the venture capital industry. 

Burtch, Ghose and Wattal (2013 ) and Lin and Viswanathan (2013 ) document 

cultural differences and geographic bias in online peer-to-peer lending. Agrawal, 

Catalini and Goldfarb (2011 ) examine the geographic dispersion of investors in 

small, early-stage projects on the Sellaband music website. They find that online 

platform seems to eliminate most distance-related economic frictions, not eliminate 

social frictions such as family and friends.  

 

For one dimension of social capital, we use each entrepreneur’s number of Facebook 

friends. The measurement is taken only on the entrepreneur’s first Kickstarter listing 

date to eliminate the effects of a reverse impact, where the entrepreneur generates 

more friends from the success of prior projects.  

 

4.2.4 Methodology 

 
First, we apply a probit analysis of the determinants of funding success.  Then, as a 

basic probit model cannot capture all of the time series information related to funded 

projects, we extend the analysis by estimating a Cox proportional hazard model. The 

hazard model assists in analyzing the survival probability (i.e., continuance in the not-

funded state) over time, under different treatment and covariates.  

 

The probit model estimates the determinants of the probability of project funding, in 

particular the impact of the entrepreneur’s reputation formation. Our model includes 

the funding indicator variable,𝐹𝑢𝑛𝑑 𝐼𝑛𝑑𝑖, as an indicator variable where a value of 

one indicates that project i is successfully funded. We start with the following basic 

model:  

𝑃𝑟𝑜𝑏𝑎𝑏𝑖𝑙𝑖𝑡𝑦(𝐹𝑢𝑛𝑑 𝐼𝑛𝑑𝑖 = 1) 
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= 𝐺(𝛽0 + 𝛽1𝑅𝑒𝑝𝑢𝑡𝑎𝑡𝑖𝑜𝑛 𝐹𝑜𝑟𝑚𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽2𝑆𝑘𝑖𝑙𝑙, 𝑃𝑢𝑏𝑙𝑖𝑐𝑖𝑡𝑦 𝑎𝑛𝑑 𝐸𝑥𝑝𝑒𝑟𝑖𝑒𝑛𝑐𝑒𝑖 +

𝛽𝑋𝑖), 

where Reputation Formation comprises measures of delivery feedback from prior 

projects. Skill, Publicity and Experience includes several variables that capture the 

characteristics of entrepreneurs’ prior skill, publicity and experience before they 

launch the project on Kickstarter and includes measures of the skill and experience 

they gain within Kickstarter.    

 

The remaining control variables are the vector X, which captures entrepreneur 

characteristics such as social capital, project characteristics, and reward 

characteristics. The standard error is adjusted for clustering on 13 different project 

categories: films, games (video or board), design, music, technology, publishing, art, 

food, comics, theater, fashion, photography, and dance (Petersen, 2009).  

 

While most projects on Kickstarter require near the sample average of 24 days to 

achieve their funding goal, some projects only require a day or two to achieve their 

funding goal. In order to exploit potential information in this funding speed 

difference, we use the Cox proportional discrete-time hazard model to predict the 

probability of funding through the funding period under different treatments, as in 

Duarte, Siegel and Young (2012 ). We start with the following general model:  

𝐻𝑖(𝑡) = ℎ0𝑖(𝑡) exp(𝛽1𝑅𝑒𝑝𝑢𝑡𝑎𝑡𝑖𝑜𝑛 𝐹𝑜𝑟𝑚𝑎𝑡𝑖𝑜𝑛𝑖

+ 𝛽2𝑆𝑘𝑖𝑙𝑙, 𝑃𝑢𝑏𝑙𝑖𝑐𝑖𝑡𝑦, 𝐸𝑥𝑝𝑒𝑟𝑖𝑒𝑛𝑐𝑒𝑖 + 𝛽𝑋𝑖), 

 

where the hazard function ℎ0𝑖(𝑡) describes the baseline risk of remaining unfunded 

per time unit. 𝑅𝑒𝑝𝑢𝑡𝑎𝑡𝑖𝑜𝑛 𝐹𝑜𝑟𝑚𝑎𝑡𝑖𝑜𝑛𝑖 , 𝑆𝑘𝑖𝑙𝑙, 𝑃𝑢𝑏𝑙𝑖𝑐𝑖𝑡𝑦 𝑎𝑛𝑑 𝐸𝑥𝑝𝑒𝑟𝑖𝑒𝑛𝑐𝑒𝑖, and Xi 

are covariates that affect the probability of becoming funded.  

4.3 Data and proxy measures 

 
The main data for this study are derived from information web-scraped from 
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Kickstarter. Kickstarter handles projects in only 12 categories: films, games (video 

or board), design, music, technology, publishing, art, food, comics, theater, fashion, 

photography (see Table 2). Kickstarter defines the term “project” as “something with 

a clear end, like making an album, a film, or a new game. A project will eventually 

be completed, and something will be produced as a result.” Crucially, Kickstarter 

does not allow projects that simply raise money for causes, for charity, for self-

support (e.g., “send me to college”) or for reselling or marketing existing products.  

 

4.3.1 Projects, entrepreneurs and backers  

 
An entrepreneur27 creates a project proposal for Kickstarter that includes the 

following: description; creator background and expertise; a fundraising deadline 

(maximum 60 days); available rewards28 and estimated delivery times; and the 

funding goal. The complete history of projects launched by the same individual is 

also viewable to the public. The history includes funding status, as well as reward 

delivery information reported by previous backers.  

 

Each reward requires a capital contribution, ranging from $1 (reward is usually a 

token souvenir) up to a maximum of $10,000 (reward is often a personal experience, 

such as a walk-on role in a movie); the entrepreneur can also offer limited-quantity 

rewards by stating the maximum number available at a given level. For instance, a 

movie director might not wish to offer unlimited walk-on roles. Limited-quantity 

rewards are offered on a first-come first-served basis only. 

 

                                                      
27 Individuals in the U.S. (since 2009), the U.K. (since November 2012), and Canada (since June 

2013) are eligible to launch a Kickstarter project if they meet these basic requirements: over age 

18 with legal ID and bank account. 
28 Rewards are typically items produced by the project itself — a copy of a CD, a print from a 

show, a limited edition of a comic book. Many projects also offer creative experiences: a visit to 

the set, naming a character, or a personal phone call.  For details, see: 

https://www.kickstarter.com/help/faq/creator+questions?ref=faq_livesearch#faq_41831. 
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The public has access to all of the information discussed above, as well as a project’s 

up-to-the-minute funding status. The current status information includes: the funds 

raised since listing, the number of days remaining until the end of the funding period, 

other backers’ names and their other funding portfolios, and the distribution of 

available reward levels.  

 

A particular innovation in the funding mechanism of Kickstarter is its all-or-nothing 

outcome; projects must reach their listed funding goals by the deadline to bind the 

individual backers and receive any funds. Neither the goal nor the deadline can be 

changed once a project is listed. An entrepreneur can cancel the project listing before 

the end of funding period, but the project remains in Kickstarter’s publicly available 

history of that entrepreneur.  

 

Once a project is meets its funding goal, Kickstarter collects pledged funds from the 

backers and delivers the funds to the entrepreneur, less a 5% share. The entrepreneur 

then executes the project and fulfills all rewards. A backer whose reward cannot be 

fulfilled is entitled to a refund. Backers can post delivery and satisfaction information 

on Kickstarter, as well as add comments.  

 

4.3.2    Sample construction 
 

We extract data directly from the Kickstarter website on a daily basis for 2,826 

projects initiated from May 3, 2013 to May 23, 2013, including each project’s 

characteristics, the project’s daily updated funding information, and the backers’ 

characteristics (see Appendix I). Where necessary, we use reputation-related proxies, 

entrepreneur characteristics, project characteristics, and reward characteristics from 

the first day of the funding period, therefore ensuring no look-ahead bias.  

 

From this initial sample, we construct a subsample of 1,398 projects with funding 
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goals over the median ($5,500): 36% of these projects met their funding goals. The 

average total pledged for each project is $17,759, and the highest funded project in 

the sample raises over $2,000,000. The average number of backers behind each 

project is 209, and the most popular project has over 17,000 backers. The average 

amount pledged from each backer is $94. Most projects require near the sample 

average of 24 days to achieve their funding goals, but some projects only require a 

day or two to achieve their funding goals. (Table 3) 

4.3.3    Reputation formation 

 
Previous delivery performance information is disclosed on Kickstarter through 

backers’ public comments and entrepreneurs publicly posted updates. Backers post 

comments on entrepreneur delivery. We collect the number of positive and negative 

comments that are related to delivery and non-delivery as a way to quantify the 

entrepreneur’s delivery process and response times (see Appendix III). For the 269 

prior experience projects, we hand-collect backer comments on the entrepreneur’s 

delivery performance by checking all the updates provided by the entrepreneur and 

comments provided by the backers.29 If there is a delivery comment, the reputation 

formation variable takes a value of 1; if there is no previous comment left by backers, 

the reputation formation variable takes a value of 0; if all the backers left negative 

delivery comments, the reputation variable takes a value of -1. In addition, we suspect 

that reputation formation may have an asymmetric impact on capital formation. 

Therefore reputation formation is separated into positive reputation formation, a 

dummy variable that takes a value of 1 (entrepreneur provided promised reward in 

the previous project) or 0 (otherwise); and negative reputation formation, a dummy 

variable that takes a value of 1 (entrepreneur did not provide promised reward from 

previous project) or 0 (otherwise). The number of negative comments and positive 

comments in the last 50 comments are determined for each project.  

                                                      
29 We only collected and read the last 50 comments if the total comments exceed 50.  
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4.3.4    Entrepreneur’s skills and social capital prior to Kickstarter 

 
We define two proxies based on the Wikipedia presence of the entrepreneur: wiki1, a 

dummy variable that takes on a value of 1 (entrepreneur has an independent wiki 

page), or 0 (otherwise); and wiki2, a dummy variable that takes a value of 1 

(entrepreneur has an indirect mention on wiki page, usually through his/her previous 

work), or 0 (otherwise). In our Kickstarter sample, fewer than 6% of the entrepreneurs 

have an independent wiki page and fewer than 3% of the entrepreneurs are an 

indirectly mentioned on the Wikipedia page. Nevertheless, Table 4 illustrates that KS 

funding success and Wikipedia presence prior to KS are positively correlated. 

 

To maximize accuracy, we match the name of the entrepreneur, the location, the 

industry, and the picture (if any) on Kickstarter with information provided in 

Wikipedia before the launch date of each listed project. This procedure ensures that 

Wikipedia information is not influenced by the current Kickstarter listing. If the 

creator is a company, we first match the company name, location, industry and 

previous work; if such a company does not exist, we search for any founder’s 

information disclosed on the creator’s page and search within Wikipedia. If nothing 

exists, we conclude the entrepreneur/startup does not have a wiki page.  

 

Another important related area, social capital, potentially impacts deal formation in 

entrepreneurial financing. As a proxy for one dimension of social capital, we use each 

entrepreneur’s existing number of Facebook friends. The measurement is taken only 

on the entrepreneur’s first Kickstarter listing date in order to eliminate effects of 

reverse impact, where the entrepreneur accumulates more friends from the success of 

prior projects. On average, each entrepreneur has 534 Facebook friends on their first 

KS listing day, and the most connected entrepreneur on Facebook has 5,166 Facebook 

friends.  This social networking is highly correlated with KS funding success (Table 
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4).  

 

In addition, we collect information about each entrepreneur’s history as a backer. On 

average, each entrepreneur pledges support for three projects before listing a project 

seeking funds.  At the extreme, one entrepreneur in the sample pledges to 173 other 

projects before launching his own project (Table 3). 

 

4.3.5   Entrepreneur’s skills and learning within Kickstarter 

Previous funding performance information is disclosed on the entrepreneur's creator 

listing page in Kickstarter. This information shows whether the entrepreneur has been 

successfully funded before, and to what degree. From the 1,398 sample projects listed 

by 1,394 entrepreneurs from May 3 to May 23, 171 projects had entrepreneurs with 

prior listing experience of 267 projects over the period April 28, 2009 to May 3, 2013. 

On average, these serial entrepreneurs had an average of 1 prior success, and a 

maximum of 8 prior successes. 

 

4.3.6   Project description and information disclosure 

 
In Kickstarter, entrepreneurs have sole discretion over the content of the project 

description field. While this could lead to many empty words, this text could contain 

something informative about the quality of the project. For instance, Marom and Sade 

(2013 ) find that the textual composition of project descriptions on Kickstarter affect 

the success rate of the project. Mollick (2013 ) suggest that when a video accompanies 

a project description, the crowdfunding success rate is higher. As proxies for 

information disclosure, we use several measurements of the video, photographic, and 

textual content of the project description in Kickstarter. 

 

In addition, we use project characteristics such as project funding goal, length of the 

funding period, and the reward characteristic as another control group. The average 

file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_22
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file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_23
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funding period is 34 days, and the average funding goal set by the entrepreneur is 

roughly $55,000.  Diversity of media formats included does not appear to be relevant; 

the vast majority of listings include a video so there is not enough variation.  

 

Table 3 provides summary statistics for the 1,398 projects, and Table 4 reports the 

correlation coefficients and p-values for selected variables. 

 

4.3.7   Imputed demand information 

 

We also consider that some projects may attract larger audiences than others. For 

instance, an art movie may not appeal to as many people as a horror movie, but the 

entrepreneurs may be equally skilled and make the same effort. In order to examine 

the effect of heterogeneity in demand, we adopt extra ex post variables that will 

provide additional demand information for different projects. The control variable is 

the residual of number of Facebook “likes” a project has at the end of the funding 

period. This measure is important and very useful as a proxy for overall crowd 

demand for a project/product because people can visit the page and click “like” 

without making a funding commitment. The marginal effect of the demand 

information captured by the variable for the residual number of Facebook likes has a 

positive significant impact on the funding outcome. 

 

4.4 Methodology and results 

 
 

4.4.1  Reputation formation and project funding 

 
We employ the cross-sectional structure of the Kickstarter data to investigate the 

relationship between the probability of a project being funded and the entrepreneur’s 

reputation formation. Our model includes the funding indicator variable,𝐹𝑢𝑛𝑑 𝐼𝑛𝑑𝑖, 
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as a binary dependent variable where a value of one indicates that project i is 

successfully funded. We start with the following basic model:  

𝑃𝑟𝑜𝑏𝑎𝑏𝑖𝑙𝑖𝑡𝑦(𝐹𝑢𝑛𝑑 𝐼𝑛𝑑𝑖 = 1) 

= 𝐺(𝛽0 + 𝛽1𝑃𝑟𝑒_𝐷𝑒𝑙𝑖 + 𝛽2𝑊𝑖𝑘𝑖1𝑖 +

𝛽3𝑊𝑖𝑘𝑖2𝑖+𝛽4𝑃𝑟𝑒_𝐹𝑢𝑛𝑑𝑒𝑑𝑖+𝛽5𝑃𝑟𝑒_𝐹𝑎𝑖𝑙𝑒𝑑𝑖 + 𝛽𝑋𝑖), (1) 

 

where Pre_Deli is the fraction of positive/negative comments regarding the delivery 

to total comments from prior projects. Wiki1i is a dummy variable that takes a value 

of 1 if the entrepreneur has an independent Wikipedia page. Wiki2i is a dummy 

variable that takes a value of 1 if the entrepreneur has an indirect mention on a 

Wikipedia page. Pre_Fundedi is the number of projects that the entrepreneur has or 

has not had funded on Kickstarter.  

 

The remaining control variables are the vector Xi, which captures the entrepreneur 

characteristics, the project characteristics, and the reward characteristics. The 

standard error is adjusted for clustering on 13 different project categories: films, 

games (video or board), design, music, technology, publishing, art, food, comics, 

theater, fashion, photography, and dance (Petersen, 2009). 

 

Reputation formation and performance persistence 

Table 5 shows that reputation formation on Kickstarter has a significant positive 

effect on the funding probability across the specifications. The entrepreneur is 15%-

20% more likely to get funded if he/she has successfully delivered the promised 

reward after we take into account the other entrepreneur factors such as skill, 

publicity, previous Kickstarter funding performance and experience, social capital, 

and project characteristics. However, the reputation formation impact on the capital 

formation is not symmetric. The funding goal is 30%-40% more likely to have been 

attained if the entrepreneur acquired a good reputation through positive delivery 



 

 101 

comments, while only 17%-21% likely to get funded if the promised reward is not 

delivered. Previous failed projects can have a significant negative impact on current 

success. The entrepreneur is 12%-17% less likely to get funded if a previous project 

was not funded. As the average probability of reaching a funding goal is only 36%, 

entrepreneurs only have an 18% chance of attaining their funding goal if they default 

on what they promised, all else equal. Thus, entrepreneurs likely have incentives to 

deliver the product or service they promised as long as the backers have the ability to 

provide product/service feedback to the public.  

 

Table 5 also shows that previous funding success on Kickstarter has a significant 

positive effect on funding probability across the specifications. Entrepreneurs are 

15%-30% more likely to get funded if they have at least one successful previous 

project. Previous failed projects can have a significant negative impact on current 

success. Entrepreneurs are 10%-15% less likely to get funded if a previous project 

failed to reach the funding goal. This implies that when an entrepreneur has not had 

a project funded, there is higher potential that another project will not reach its 

funding goal; on the other hand, a prior funding success has a higher likelihood of 

being followed by another funding success. However, a long Kickstarter history per 

se does not necessarily benefit a creator.  

 

Table 6 further demonstrates dramatically both persistence in performance and some 

important reputation effects. The subsample of 390 serial entrepreneurs exhibits clear 

performance persistence. The probability of funding success is 51% on a first project, 

and rises to 79% for the second project conditional on a first-time success, and to 96% 

for a third project conditional on two prior successes. In similar fashion, serial failures 

are increasingly likely: 49% for the first time, 71% for a second, and 93% for a third 

once the first two have failed. 
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The effect of reputation formation is clear as well. To see this, compare the third 

project outcomes for serial winners (SSS) with twice successful winners albeit second 

time losers (SFS), the former have 96% success in the third project, versus 80% for 

the latter. The effect is ever starker comparing serial losers (FFF) with twice-failing 

albeit second-time winners (FSF). The double loser (FF) has a 93% chance of failing 

on the third project, on average, but the split performer (FS) has only a 33% chance 

of failing in the third project.  

 

Entrepreneur skill and publicity prior to Kickstarter 

The prior skills and publicity of an entrepreneur has important effects in facilitating 

better funding outcomes for the entrepreneur using Kickstarter for the first time. The 

results in Table 5 reveal that the entrepreneur’s skill and publicity positively 

significantly related to the funding probability across the different specifications. 

Furthermore, the economic size of the effect appears to be very significant and 

consistent across specifications. For instance, we find that entrepreneurs are 48% 

more likely to get funded if they have an independent Wikipedia page. Overall, the 

effect is stronger for the indirect mentions on Wikipedia than for the direct page 

listings, and for first-time Kickstarter entrepreneurs.  

 

Table 9 shows that prior skill and publicity proxies (Wikipedia variables) have 

significant positive effects on the funding outcome, whereas being a first-time 

entrepreneur on Kickstarter has a significant negative impact on the funding outcome. 

However, prior skill and publicity are more important for new entrepreneurs on 

Kickstarter than for serial entrepreneurs. Once the entrepreneur has a history on 

Kickstarter, the backers tend to rely more on the previous delivery and funding history 

provided through Kickstarter.  

 

Social capital effects 
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The social networking effect has a statistically significant positive impact on the 

funding outcome; however, the marginal effects are not economically significant in 

our specifications. Participation in previous projects on Kickstarter does have 

significant impact on the funding outcome. If the entrepreneur has promoted 10 other 

projects in Kickstarter before launching the current project, the individual is 9%-12% 

more likely to get funded if we hold other factors constant. This evidence may imply 

some degree of reciprocity in the Kickstarter community.  

 

Information disclosure through project description 

Information disclosure through a project description has a statistically and 

economically significant positive impact on the funding outcome. If entrepreneurs 

use a video in the project description, the projects are 23% more likely to get funded. 

In addition, if the entrepreneurs use 10,000 characters, approximately 1,400 words, 

their projects are 10% more likely to get funded. This result provides evidence to 

support that more information disclosure can also reduce information asymmetry and 

therefore attract more funds from investors. In Kickstarter, project descriptions are a 

conduit for people to learn about the quality of a project. 

 

4.4.2 Reputation formation and funding time 

 
While most projects on Kickstarter require near the sample average of 24 days to 

achieve their funding goal, some projects only require a day or two to achieve their 

funding goal. We use the Cox proportional discrete-time hazard model to predict the 

probability of funding through the funding period under different treatments (Duarte, 

Siegel and Young (2012 )). We start with the following model:  

𝐻𝑖(𝑡) = ℎ0𝑖(𝑡)exp (𝛽1𝑃𝑟𝑒𝐷𝑒𝑙𝑖
+ 𝛽2𝑊𝑖𝑘𝑖1𝑖 + 𝛽3𝑊𝑖𝑘𝑖2𝑖 

+𝛽4𝑃𝑟𝑒_𝐹𝑢𝑛𝑑𝑒𝑑𝑖+𝛽5𝑃𝑟𝑒_𝐹𝑎𝑖𝑙𝑒𝑑𝑖 + +𝛽𝑋𝑖),    (2) 

 

where Pre_Deli, the fraction of positive/negative comments regarding the delivery 

file:///C:/Users/lileyi/Dropbox/2016%20Thesis/JCF_RR1_022916_SB%20Edit-4.docx%23_ENREF_13
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to total comments from prior projects. Wiki1i is a dummy variable takes a value of 

1 if the entrepreneur has an independent Wikipedia page, Wiki2i is a dummy 

variable takes a value of 1 if the entrepreneur has an indirect mention on a 

Wikipedia page, Pre_Fundedi is the number of projects that the entrepreneur has 

successfully funded or not on Kickstarter. 

 

The remaining control variables are the vector Xi, which captures the entrepreneur 

characteristics, the project characteristics, and reward characteristics. The standard 

error is adjusted for clustering on 13 different project categories, which are films, 

games (video or table), design, music, technology, publishing, art, food, comics, 

theater, fashion, photography and dance. The results of the hazard estimation appear 

in Table 7. 

 

Reputation and funding time 

Whereas Table 7 presents the estimated model parameters for the funding model (2), 

we also implement the following variations on the simple hazard model: exponential, 

Weibull, and Gompertz (Table 8). The results are consistent. It is clear that good 

reputation acquired through Kickstarter speeds time to funding success, and negative 

accumulated reputation slows down the speed of funding success. Figure 2 provides 

direct insight into the economic significance of the results by presenting the survival 

probability (probability of achieving funding goal) as a function of the days elapsed 

since listing.  Figure 2 includes only funded projects, and shows the marginal impact 

of previous delivery as a reputation formation proxy.30 

 

4.5 Conclusion 

 

                                                      
30 Kuppuswamy and Bayus (2014) document a U-shaped funding flow over the life of a 

Kickstarter campaign. We repeat our analyses controlling for relative time remaining to 

campaign expiry. The results are similar. Table 7 rules out the chance that timing within-project 

is responsible for what is observed. 
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In this chapter, we provide evidence that entrepreneur reputation affects capital 

formation outcomes favorably in terms of both degree and speed. Although it is not a 

causal statement, we further quantify that entrepreneurs who have acquired positive 

reputation through previously delivery are 40% more likely to get funded in 

Kickstarter. However, entrepreneurs who have acquired a negative reputation through 

their failed delivery history are 20% less likely to get funded on future projects. This 

finding provides evidence of the size of the reputation formation effect in a financial 

transaction through crowdfunding on Kickstarter. 

 

We also find that entrepreneurs on Kickstarter for the first time who have high skill 

levels and have received media attention are 50% more likely to get funded and are 

able to solicit 60% more funds compared to their funding goal than do entrepreneurs 

who have a lower skill level and less media attention. This finding provides evidence 

of the size of the effect of an individual's skill and media attention in a financial 

transaction on Kickstarter. 

 

In this chapter, we propose that a new rich and transparent data source provides an 

experimental platform for the analysis and examination of various capital formations 

and contracting theories. A crucial advantage is that Kickstarter reports all cases 

where entrepreneurs fail to acquire funds, a feature impossible to observe in almost 

all other sources. While the view of the funding process is improved, unfortunately 

Kickstarter has no information on the ultimate success of its entrepreneurs’ ventures 

post-funding. This is an important area for future research.  

 

Our findings clear show that the effects of entrepreneur reputation in the capital 

formation process are crucial, and not an artefact of funder characteristics, project 

characteristics, or timing of backing. This becomes important as more financial 

institutions rely on non-traditional social media data to make funding decisions.  
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Finally, this work is also relevant as the SEC develops regulations implanting the 

2012 JOBS Act. The Act increases a business’s access to capital by enabling them to 

sell securities to both accredited and non-accredited investors without registration 

processes accompanying most typical public offerings since 1934. We also provide a 

useful baseline for the development of the crowdfunding sector.  
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Figures and Tables:  
 

Figure 1 

(A) Timeline and Participants: 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Time 0 

 Entrepreneur decides listing 

expiry, funding goal, and 

rewards 

 Crowdfunder conducts initial 

verification that project meets 

listing guidelines 

 If project meets guidelines, it 

is listed on the crowdfunder 

Between times 0 and 1 

 Crowd assesses project and 

decides to pledge or not; 

 Crowd can publicly comment on 

project; 

 Crowdfunder can suspend a 

project flagged as fraudulent by 

crowd 

Time 1 

 Listing ends; if project is at 

or over goal: 

 Crowdfunder bills backers; 

  Crowdfunder transfers 

funds to entrepreneur, less 

commission; 

 Otherwise project is dead 
 

Between times 1 and 2 

 Entrepreneur starts production 

 Entrepreneur may post updates on 

progress to the crowd; 

 Backers can ask questions and post 

comments  

Time 2 

 Entrepreneur delivers 

rewards to backers;  

 Backers complain via 

crowdfunder if not received; 

 Entrepreneur legally 

responsible to deliver; backers 

can ask for refunds, or sue; 

 The crowdfunder gives no 

refunds and offers no guarantees 

or warranties  
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(B) Kickstarter Listing Page Example: 
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Table 1: Biggest Kickstarter Projects 

Panel (A) Top 20 in Kickstarter History 

  

Sub Funding Amount Number of

Project Name Category Goal Pledged Backers

1  Pebble: E-Paper Watch for iPhone and Android Product Design 100,000 10,266,845 68,929

2 Ouya: A New Kind of Video Game Console Video Games 950,000 8,596,474 63,416

3 Pono Music: Where Your Soul Rediscovers Music Sound 80,000 6,225,354 18,220

4 The Veronica Mars movie Movie 2,000,000 5,702,153 91,585

5 Torment: Tides of Numenera Video Games 900,000 4,188,927 74,405

6 Project Eternity Video Games 1,100,000 3,986,929 73,986

7 Mighty No.9 Video Games 900,000 3,845,170 67,226

8 Reaper Miniatures Bones: An Evolution Of Gaming Miniatures Games 30,000 3,429,239 17,744

9 The Micro: The First Truly Consumer 3D Printer 3D Printing 50,000 3,401,361 11,855

10 The Dash: Wireless Smart In Ear Headphones Product Design 260,000 3,390,551 15,998

11 Double Fine Adventure Video Games 400,000 3,336,371 87,142

12 Reaper Miniatures BonesII: The Return of Mr. Bones Video Games 30,000 3,169,610 14,964

13 Wish I Was Here Narrative Film 2,000,000 3,105,473 46,520

14 FORM 1: An affordable, professional 3D printer Technology 100,000 2,945,885 2,068

15 Wasteland 2 Video Games 900,000 2,933,252 61,290

16 Elite: Dangerous Video Games 1,250,000 2,525,305 25,681

17 Homestuck Adventure Game Video Games 700,000 2,485,506 24,346

18 Oculus Rift: Step Into the Game Technology 250,000 2,437,429 9,522

19 3Doodler: The World's First 3D Printing Pen Hardware 30,000 2,344,134 26,457

20 HEX MMO Trading Card Game Video Games 300,000 2,278,255 17,765
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Panel (B) Top 20 in Sample 

  

Sub Funding Amount Number of

Project Name Category Goal Pledged Backers

1 HEX MMO Trading Card Game Games 300,000 2,278,255 17,765

2 AGENT: the World's Smartest Watch Product Design 100,000 1,012,742 5,685

3 Deluxe Exalted 3rd Edition Tabletop Games 60,000 684,755 4,368

4 The Name of the Wind Playing Cards Graphic Design 10,000 589,660 11,334

5 Neolucida- A Portable Camera Lucida for the 21st Century Product Design 15,000 424,959 11,406

6 Girl Genius Volume 12 Pinting and Reprint Frenzy Comics 55,000 389,079 4,441

7 HARBINGER DOWN: A Practical Creature FX Film Narrative Film 350,000 384,181 3,066

8 Xia: Legends of a Drift System Tabletop Games 100,000 346,772 3,293

9 KeySmart- Free Your Pocket Product Design 6,000 329,862 8,900

10 TRAKLINE: a new kind of belt for men Fashion 14,750 315,960 4,121

11 The Othermill: Custom Circuits at Your Fingertips Hardware 50,000 311,657 652

12 Euphoria: Build a Better Dystopia Tabletop Games 15,000 309,495 4,765

13 All Quiet on the Martian Front, Miniature Tank vs Tripods Tabletop Games 50,000 304,720 1,003

14 Melon: A Headband and Mobile App to Measure Your Focus Product Design 100,000 290,941 2,723

15 Anamanaguchi-make ENDLESS FANTASY more than an album Electronic Music 50,000 277,399 7,253

16 PIXIES: A Visual History ( Exclusive Ltd. Ed. Hardcover) Music 150,000 234,450 2,297

17 Monkey Light Pro-- Bicycle Wheel Display System Hardware 180,000 220,293 626

18 Time of EVE: The Movie on Blue-ray Animation 18,000 215,433 2,711

19 DELTA SIX: A new kind of game controller Product Design 100,000 198,185 979

20 meta: The Most Advanced Augmented Reality Glasses Technology 100,000 194,444 501
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Table 2: Kickstarter Project Types 

 

 

  

Category

Number of 

Launched 

Projects

Total Dollars 

Pledged

Dollars 

Pledged to 

Funded Project

Dollars Pledged 

to Unfunded 

Project

Live Dollars 

Pledged

Number of 

Live 

Projects

Funded 

Rate

All 149,203 $1 B $980 M $134 M $31 M 4,484

Film & Video 36,086 $218.92 M $181.45 M $33.75 M $3.72 M 818

Games 10,142 $246.46 M $217.70 M $24.95 M $3.81 M

Technology 4,697 $155.54 M $126.75 M $16.74 M $12.04 M 298

Design 8,005 $162.97 M $141.72 M $17.40 M $3.85 M

Publishing 17,943 $54.07 M $45.23 M $7.98 M $859.32 K 461

Music 29,785 $113.04 M $102.31 M $9.41 M $1.32 M

Art 13,240 $40.62 M $35.02 M $5.03 M $577.10 K 355

Food 6,298 $44.49 M $35.16 M $6.98 M $2.34 M

Comics 4,090 $28.64 M $26.05 M $2.17 M $419.26 K 116

Fashion 6,234 $35.20 M $29.94 M $4.32 M $946.57 K

Dance 1,930 $6.52 M $5.97 M $435.93 K $113.08 K

203

Photography 4,548 $13.55 M $11.19 M $2.00 M $365.91 K 145

Theater 6,205 $24.75 M $21.55 M $2.80 M $397.06 K

47.55

29.42

49.9

64.23

36.23

70.4158

43.46

35.67

40.3

38.41

34.39

55.2

32.45

39.76

282

304

656

361

427
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Table 3: Sample Summary Statistics 

  MEAN SD MIN MAX N 

      
Funding Performance      
Funding indicator (0-1) 36% 48% 0 1 1398 

Dollar amount pledged 17759 79829 0 2278255 1398 

Subscription ratio 0.77 2.66 0 58.966 1398 

Days taken to get funded 24 13 0 61 501 

Number of backers 209 841 0 17765 1398 

Dollar contributed per backer 94 144 0 3000 1398 

      
Reputation Formation      
Positive reputation formation from delivery (0-1) 3.22% 17.66% 0 1 1398 

Negative reputation formation from Non-delivery (0-

1) 3.43% 18.22% 0 1 1398 

Reputation formation (-1,0,1) -0.21% 25.80% -1 1 1398 

      
Skill and Experience from Kickstarter      
Number of previous funded project (Count) 0.11 0.55 0 8 1398 

Number of previous rejected project (Count) 0.08 0.35 0 5 1398 

      
Prior Skill and Publicity      
Pre-existing skill and publicity (Direct wiki page:0-1) 6% 24% 0 1 1398 

Pre-existing skill and publicity (Indirect wiki page:0-

1) 3% 17% 0 1 1398 

      
Entrepreneur Characteristics      
First time entrepreneur indicator (0-1) 88% 33% 0 1 1398 

Social networking (Facebook Friends) 534 876 0 5166 1398 

Number of project backed on KS 3 10 0 173 1398 

      
Information Disclosure from Project Description      
Video indicator (0-1) 89% 31% 0 1 1398 

Length of project description 6081 4148 147 33283 1398 

      
Ex-post Controls      
Imputed demand (Facebook Likes) -0.84 1406 -3138 23916 1398 

      
Project Characteristics      
Funding period 34.10 9.74 10 60 1398 

Funding goal  55469 309259 5500 

1000000

0 1398 

Estimated delivery time 202.55 167.17 0 1655 1398 

      
Reward Characteristics      
Relative reward pricing indicator 0.92 565.33 -1161 3405 1398 

Limit on quantity (0-1) 75% 44% 0 1 1398 

Average length of words used 10 5 1 48 1398 

Number of different rewards level 38 23 5 346 1398 

      
Table 3 presents summary statistics for 1,398 projects with the funding goal above the median 

($5,500) we obtained from Kickstarter from May 3, 2013 to May 23, 2013. For each variable 

we report the number of non-missing observation the minimum, the maximum, the mean, the 

standard deviation and the number of observations. Table 3 reports the summary statistics of 

all 503 funded projects and 897 non-funded project  
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Table 4: Correlation 

 

    1 2 3 4 5 6 7 

 
  

      
1 Funding Indicator 1       

         

         
2 Reputation Formation 0.052 1      

 
 0.04       

 Skill/Experience within KS        
3 Number of previously funded projects 0.219 0.148 1     

  0.00 0.00      

         
4 Number of previous failed projects -0.046 0.017 0.069 1    

  0.08 0.5 0.00     

 Skill and Publicity prior to KS        
5 Independent Wiki Page (Wiki1) 0.245 0.013 0.141 -0.024 1   

  0.00 0.61 0.00 0.35    

         
6 Indirect mention on Wiki Page (Wiki2) 0.167 0.034 0.090 -0.026 -0.044 1  

  0.00 0.19 0.00 0.31 0.10   

 Social Capital        
7 Number of Facebook friends 0.121 -0.093 0.050 -0.011 0.234 0.002 1 

  0.00 0.00 0.06 0.67 0.00 0.92  

         
 
Table 4 presents pairwise correlation for our sample of 1398 projects between measures of reputation 

formation, experience and skill within Kickstarter, pre-existing skill, publicity and social capital from 

entrepreneur, and the funding indicator. We also report the corresponding p-values for the test that the 

correlations coefficient equal zero. See Appendix I for variable descriptions.  
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Table 5: Probit Analysis of Determinants of Funding Success 

 

 1 2 3 4 5 6 7 

Reputation Formation               

Reputation formation 0.199*** 0.193*** 0.149**     

 (5.102) (3.873) (1.960)     
Positive reputation formation     0.428*** 0.333*   

    (4.222) (1.916)   
Negative reputation formation (No Delivery)      -0.215*** -0.178* 

      (-2.822) (-1.847) 

Skill and Publicity        
Prior Skill and Publicity (Direct wiki Page)  0.487*** 0.660*** 0.489*** 0.662*** 0.487*** 0.660*** 

  (12.53) (5.219) (12.15) (5.205) (12.79) (5.237) 

Prior Skill and Publicity (Indirect wiki Page)  0.561*** 0.700*** 0.561*** 0.702*** 0.559*** 0.698*** 

  (7.439) (4.879) (7.538) (4.859) (7.308) (4.862) 

Kickstarter Skill and Experience        
Previous Funded Project 0.334*** 0.294*** 0.272*** 0.152** 0.167** 0.373*** 0.333*** 

 (6.176) (5.367) (4.714) (2.171) (2.384) (5.483) (5.062) 

Previous Failed Project -0.159*** -0.128*** -0.101* -0.122*** -0.0964* -0.131*** -0.106* 

 (-3.266) (-2.657) (-1.797) (-2.740) (-1.815) (-2.600) (-1.806) 

Prior Social Capital        
Social Networking (Number of Facebook friends) 4.31e-05*** 1.78e-05* 3.15e-05* 1.73e-05 3.07e-05* 1.72e-05 3.11e-05* 

 (3.282) (1.664) (1.849) (1.624) (1.778) (1.636) (1.847) 

Number of Project Backed on KS 0.0121*** 0.0104*** 0.00788*** 0.0101*** 0.00759*** 0.0106*** 0.00818*** 

 (3.154) (3.149) (2.709) (3.184) (2.741) (3.157) (2.711) 

Information Disclosure from Project Description        
Video Indicator 0.239*** 0.261*** 0.239*** 0.260*** 0.239*** 0.260*** 0.237*** 

 (5.858) (6.496) (4.966) (6.441) (4.945) (6.579) (5.001) 

Length of Project Description 1.63e-05*** 1.42e-05*** 8.79e-06** 1.41e-05*** 8.78e-06** 1.42e-05*** 8.81e-06** 

 (2.876) (2.754) (2.017) (2.750) (2.018) (2.758) (2.010) 

Ex-post Controls: Imputed Demand (Facebook Likes)   0.000358***  0.000356***  0.000359*** 

   (2.824)  (2.826)  (2.823) 

Project and Reward Characteristics Y Y Y Y Y Y Y 

        
Observations 1,398 1,398 1,398 1,398 1,398 1,398 1,398 

Pseudo R2 0.196 0.249 0.377 0.250 0.378 0.247 0.376 

Robust z-statistics are in parentheses.        
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*** p<0.01, ** p<0.05, * p<0.1        
 

Table 5 presents results from probit regressions of the funding indicator into measures of reputation formation, funding performance within KS, prior skill and 

experience, social capital as well as different control variables from entrepreneur and project characteristics. The estimation is performed using 1,398 listings. We 

report estimated marginal effects, as well as the p-values associated with the test of whether marginal effect is equal to zero after controlling for project type fixed 

effect. See Appendix I for variable descriptions. 
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Table 6: Funding Performance Persistence of Serial Entrepreneurs 
 

 
 

 
Table 6 shows serial entrepreneurs’ funding performance pathways. The data include 390 serial 

entrepreneurs who launched more than one project on Kickstarter. S means the probability of funding 

success the first time; F means the probability of funding failure the first time; SS means the probability 

of funding success both first and second times, etc.  

 

 

  

SSS: 96%

SS: 79%

S: 51% SSF:   4%

SFS: 80%

SF:21%

SFF: 20%

FSS: 67%

FS:29%

F: 49% FSF:  33%

FFS:   7%

FF:71%

FFF: 93%
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Table 7: Cox Proportional Hazard Analysis: Days Taken to Get Funded 

 
  1 2 3 4 5 6 

Reputation Formation       

Positive reputation formation     0.728* 0.742* 

     (1.930) (1.913) 

Negative reputation formation (No Delivery)  -0.429*** -0.448*** -0.448***   

  (-2.683) (-2.601) (-2.601)   
Kickstarter Skill and Experience       

Previous Funded Project 0.297*** 0.374*** 0.373*** 0.373*** 0.197* 0.191* 

 (3.928) (5.963) (6.078) (6.078) (1.821) (1.816) 

Previous Failed Project -0.444* -0.459* -0.451* -0.451* -0.420* -0.417* 

 (-1.666) (-1.674) (-1.684) (-1.684) (-1.668) (-1.678) 

Prior Skill and Publicity       

Prior Skill and Publicity (Direct wiki Page) 0.0443  0.0902 0.0902  0.0983 

 (0.254)  (0.508) (0.508)  (0.557) 

Prior Skill and Publicity (Indirect wiki Page) 0.00952  0.0337 0.0337  -0.0511 

 (0.0535)  (0.185) (0.185)  (-0.238) 

Prior Social Capital       

Social Networking (Number of Facebook friends) 5.73e-05 8.71e-05 8.00e-05 8.00e-05 8.12e-05 7.12e-05 

 (0.943) (1.285) (1.324) (1.324) (1.102) (1.064) 

Number of Project Backed on KS 0.00434 0.00208 0.00206 0.00206 0.00110 0.000985 

 (0.842) (0.525) (0.525) (0.525) (0.227) (0.208) 

Information Disclosure from Project Description       

Video Indicator 0.264 0.244 0.266 0.266 0.335 0.344 

 (0.995) (0.904) (0.925) (0.925) (1.358) (1.299) 

Length of Project Description 4.63e-05*** 4.63e-05*** 4.64e-05*** 4.64e-05*** 3.70e-05*** 3.76e-05*** 

 (4.741) (4.745) (4.745) (4.745) (5.153) (5.101) 

Project and Reward Characteristics Y Y Y Y Y Y 

Observations 501 501 501 501 501 501 

Robust z-statistics in parentheses       

*** p<0.01, ** p<0.05, * p<0.1       
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Table 7 presents the results for a Cox proportional hazard model of successful funded projects. We report coefficient estimates as well as p-values 

associated with the test of whether the coefficient is equal to zero. Standard errors are adjusted for the clustering effect within the category. See 

Appendix for variable descriptions. 
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Figure 2: The Effect of Reputation Formation on Current Time to Funding Success (Successful Projects Only) 

 

 
Figure 2 presents the predicted probability of a project not funded since its listing as a function of the funding period (the survival probability). The survival probability is 

calculated for the entrepreneurs with positive reputation formation=1 and entrepreneurs with no previous reputation formation=0 and entrepreneur receives negative 

reputation formation from not delivering the product=1using the coefficient estimates of the Days Taken to Funding.
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Table 8: Summary of three different variations of hazard model: 

 

 

 

 

 

 

 

 

 

Table 8 presents the summary results for three different variations of hazard model of successful 

funding for projects. We report coefficient estimates as well as p-values associated with the test 

of whether the coefficient is equal to zero. Standard errors are adjusted for the clustering effect 

within the category. See Appendix for variable descriptions. 

 

 

 

Reputation Formation

Positive reputation formation 0.656*** 0.847** 0.823**

(3.380) (2.440) (2.504)

Negative reputation formation (No Delivery) -0.436*** -0.415** -0.642***

(-3.622) (-2.119) (-3.347)

Kickstarter Skill and Experience

Previous Funded Project 0.263*** 0.0870 0.404*** 0.208* 0.459*** 0.195

(4.315) (0.890) (4.702) (1.666) (3.760) (1.278)

Previous Failed Project -0.124 -0.140 -0.661** -0.629** -0.382 -0.377

(-0.888) (-1.089) (-2.228) (-2.288) (-1.437) (-1.580)

Prior Skill and Publicity

Prior Skill and Publicity (Direct wiki Page) 0.128 0.122 0.0376 0.0450 0.138 0.121

(1.203) (1.167) (0.201) (0.257) (0.753) (0.728)

Prior Skill and Publicity (Indirect wiki Page) 0.0536 0.00178 -0.206 -0.280 -0.0183 -0.122

(0.617) (0.0150) (-1.055) (-1.238) (-0.109) (-0.602)

Prior Social Capital Y Y Y Y Y Y

Information Disclosure Y Y Y Y Y Y

Project and Reward Characteristics Y Y Y Y Y Y

Observations 501 501 501 501 501 501

Robust z-statistics in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Exponential Gompertz Weibull
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Table 9: Effect of Prior Skill and Publicity for First Time Entrepreneurs  

  1 2 3 4 5 

Prior Skill and Publicity(Direct Wiki Page) 0.153 0.125 0.504*** 0.475*** 0.446*** 

 (1.048) (0.766) (3.035) (2.842) (2.626) 

      

First-time Entrepreneur -0.252*** -0.298*** -0.226** -0.235** -0.297*** 

 (-2.787) (-3.528) (-2.246) (-2.479) (-4.074) 

      

First-time Entrepreneur*Wiki 0.402** 0.429** 0.483** 0.483** 0.509** 

 (2.037) (2.020) (2.277) (2.338) (2.299) 

Kickstarter Skill and Experience 
     

Previous Funded Project 0.136*** 0.178*** 0.164*** 0.154*** 0.162*** 

 (2.916) (3.819) (4.218) (4.295) (5.348) 

Previous Failed Project -0.278*** -0.315*** -0.247** -0.228** -0.263*** 

 (-2.793) (-3.377) (-2.205) (-2.561) (-3.526) 

      

Reputation Formation 
 0.214***   0.187** 

 
 (4.716)   (2.412) 

Prior Social Capital 
     

Social Networking (Number of Facebook friends) 1.85e-05* 2.27e-05** 2.34e-05 1.18e-05 1.63e-05 

 (1.695) (2.131) (1.229) (0.681) (1.006) 

Number of Project Backed on KS 0.0105*** 0.0102*** 0.00914*** 0.0109*** 0.0105*** 

 (3.258) (3.021) (3.080) (3.810) (3.596) 

      

Information Disclosure from Project Description      

Video Indicator 0.260*** 0.266*** 0.230*** 0.208*** 0.214*** 

 (7.011) (6.849) (5.233) (5.105) (5.023) 

Length of Project Description 9.33e-06* 9.06e-06* 4.76e-06 7.88e-06 7.72e-06 

 (1.744) (1.694) (0.957) (1.465) (1.445) 

Ex-post Controls: Imputed Demand (Facebook Likes)      

Project and Reward Characteristics      

      

Observations 1,398 1,398 1,398 1,398 1,398 

Pseudo R2 0.221 0.226 0.353 0.374 0.378 

Robust z-statistics in parentheses      
*** p<0.01, ** p<0.05, * p<0.1 

 

Table 9 presents results from Probit regressions of the funding indicator into measures of pre-existing skill and publicity 

of entrepreneur, first time entrepreneur and the interaction between first time entrepreneur and pre-existing skill and 

publicity, as well as different control variables from entrepreneur and project characteristics. The estimation is 

performed using 1,398 listings. We report estimated marginal effects, as well as the p-values associated with the test of 

whether marginal effect is equal to zero. See the Appendix for variable definitions.  
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Appendix I: Variable Definitions 
 

Funding Performance 

1. Funding Indicator: A dummy variable of 0 (not funded) or 1 (funded).  

2. Days to reach the funding goal: The number of days for the project to get funded.  

3. Total pledged amount: This is the total fund raised through the funding process 

regardless of funding result. 

4. Over-Subscription Ration = Total pledged amount/Goal: This is the ratio of the 

total pledged amount to the funding goal set by entrepreneurs.  

5. Dollar Per Backer = Total pledged amount/Total Backers 

Reputation Formation Proxies 

6. Reputation formation from delivery: A variable takes a value of -1, 0 or 1. If there 

is a comment about receiving the delivery, a discreet measure of reputation formation 

takes a value of 1; if there is no previous comment, the reputation formation variable 

takes a value of 0; if all backers left negative comments about not getting the 

promised delivery, reputation variable takes a value of -1. Please refer to Appendix 

III for examples of different comments. 

7. Negative reputation formation from non-delivery: A dummy variable takes a 

value of 1 (entrepreneur didn’t provide promised reward from previous project) or 0 

(otherwise). 

8. Positive reputation formation from delivery: A dummy variable that takes a value 

of 1 (entrepreneur provided promised reward in the previous project) or 0 

(otherwise). 

Skill and Experience from Kickstarter 

9. Number of previous funded projects: This is number of project entrepreneur 

previously launched and reached their funding goal before they launch the current 
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project.  

10. Number of previous failed project: This is number of project entrepreneur 

previously launched and failed to reach their funding goal before they launch the 

current project. 

 

Prior Skill and Publicity 

11. Entrepreneur's prior skill and publicity: Wikipedia page as proxies for the prior 

reputation of the creator entrepreneur: wiki1, a dummy variable takes on a value of 0 

(entrepreneur doesn’t have a independent wiki page), or 1 (entrepreneur has an 

independent Wikipedia page); wiki2, a dummy variable takes on a value of 0 

(entrepreneur doesn’t have any mention on any wiki page) or 1 (entrepreneur has an 

indirect mention on wiki page, usually through his/her previous work). 

Entrepreneur Characteristics 

12. Social network: This is the number of people listed on an entrepreneur's Facebook 

account if he/she linked their Facebook account with this platform on the first day of 

the listing period. 

13. Entrepreneur's participation in other projects: This is the number of projects the 

entrepreneur backed previously up to the point when he launched his own project. 

14. First time Entrepreneur: This is the dummy variable of 1 (no past experience on 

Kickstarter) and 0 (have at least one project launched before the current venture). 

 

Project Characteristics 

15. Video Indicator: A dummy variable of 1 (video used in the project description) and 

0 (no video used). 

16. Length of Project Description: Number of the characteristics used in describing the 
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project.  

17. Goal: The dollar amount entrepreneur wants to be raised from the crowd for this 

project.  

18. Category: The projects launched by the entrepreneur are categorized into 13 

different categories: art, comics, dance, design, fashion, film & video, food, game, 

music, publishing, photography, technology, and theatre.  

19. Funding Period: The fundraising time from the start to the end. The maximum 

funding period is 60 days under Kickstarter policy.  

20. Demand Information: We measure the demand information by using the number of 

votes of "like it" through the Facebook link according to each category. 

21. Country: A dummy variable that measures the place where individual or startup 

launches the project. (U.S.=1 and U.K.=0) The current data does not include any 

project launched from Canada. 

 

Reward Characteristics 

22. Strategic pricing: The dollar amount of the average reward level set by entrepreneur 

adjusted by the sub-category average. 

23. Limited on number of backers: This is the dummy variable of 0 (no limit of the 

quantity of the reward) and 1 (limit of the quantity of the reward exists. 

24. Number of reward level: The total number of reward level set by the creator. 

25. Average number of words in the description of each reward level: The average 

number of words creator used to describe each reward. 

26. Estimated delivery time: The estimated delivery time of each reward level. 
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Appendix II: Wikipedia Page Examples 

 
1. Amy Reeder has an independent Wikipedia page (Wiki1=1) 

 

 

2. Jason Cohn has an indirect mention on a Wikipedia page (Wiki2=1) 
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Appendix III: Examples of Different Comments 

 
We read the last 50 comments on the project’s comments page regarding the 

entrepreneur’s action toward delivery, and classify each comment as negative, 

positive or chat. We only include negative and positive comments in the sample.  

Real Example of Negative Comments about Delivery  

I really would like for this investment to pay out, but as time goes by, the more we 

read into the previous updates, the worse it gets. 

 

No update in 4 months, almost a year and a half down the line and absolutely 

nothing more than "we'll let you know  soon" type answers. A second project 

already shipped. Come on folks, we think if you can't give a definitive date/answer 

 by now then you should maybe be a bit more honest. Not cool. 

 

It's a bugger that this was the first project I've backed...it's put me off backing 

others...not sure how you can chase money for other projects before delivering on 

this... 

 

I'm wondering if we can reclaim the cost from my credit card company as this 

project is beginning to feel like a scam. I'm well aware of the risks involved in 

funding projects, but nearly 12 months for a phone case is ridiculous. 

 

Real Example of Positive Comments  

Woooooooo hooooooooo!!! Got mine today in IL!!!  

 

Mine arrived today and we just love that new board game smell.  

 

 

Real Example of Chat 

Everything still on schedule? 

Thanks a lot for this info. :) we just wanted to know because we will be on a sales 

tour for some days ;) 

  

Hey guys, just a simple question. we just moved to a new flat, so my address has 

changed since we backed this project.  Once it is going to be sent, do you need my 

new address, or will you contact me for it anyway? Thanks. 
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Chapter 5 

 

 

Concluding remarks 

 
This thesis includes two essays and they explore the role of crowdfunding in financing 

seed-stage entrepreneurial ventures and the individual’s reputation acquisition in the 

capital formation process. 

 

In this chapter, I firstly provide a summary of the thesis. I then discuss some 

limitations of the thesis and offer some possible directions for future research. 

 

 

5.1 Summary of the thesis 

 

In Chapter 2, I review the literature on financial intermediation theory and functions 

provided by crowdfunding and investigate the important features and mechanism of 

this new intermediation design. Furthermore, I outline the important features of this 

emerging financing source for entrepreneurs and the potential roles of crowdfunding 

to subsequent investors and real outcomes. 

 

Chapter 3 established that, on average, crowd-funding plays a positive role in 

enabling entrepreneurs to secure other financing sources. It appears that the crowd-

funding sector is in process of becoming a potential certifying and investment 
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sourcing channel for other financing institutions. The usual suspects: experienced 

backers who pledge relatively early in the crowdfunding process appears key to 

overall success. 

 

This chapter proposes two rich and transparent data sources, providing a foundation 

for the analysis and examination of the crowd-funding impact on entrepreneurial 

ventures. The understanding of the financing process is improved through 

Kickstarter, and the information from IMDb highlights the ultimate post-funding 

performance in regards to entrepreneurs’ ventures whether they are successful or 

unsuccessful in crowd-funding. I document whether this crowd-funding provides 

benefits such as those provided by a VC, third party rating agency or money-lending 

institution. I find that crowd-funded projects are positively, significantly related to 

subsequent investment and real outcomes. In addition, I explored why crowd-funded 

projects lead to future investment. The evidence is inconsistent with the funding 

effect, where financing itself is valuable. Instead, the signaling effect is important, 

possibly because crowd-funding outcomes contain information about project quality 

and market demand. Finally, I provide empirical evidence that early involvement of 

experienced backers or industry experts provide a signal to the rest of the crowd that 

a project is of high quality and, therefore, those projects are more likely to have better 

crowd-funding outcomes. 

 

In Chapter 4, we provide evidence that entrepreneur reputation affects capital 

formation outcomes favorably in terms of both degree and speed. Although it is not a 

causal statement, we further quantify that entrepreneurs who have acquired positive 

reputation through previously delivery are 40% more likely to get funded in 

Kickstarter. However, entrepreneurs who have acquired a negative reputation through 

their failed delivery history are 20% less likely to get funded on future projects. This 

finding provides evidence of the size of the reputation formation effect in a financial 
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transaction through crowdfunding on Kickstarter. 

We also find that entrepreneurs on Kickstarter for the first time who have high skill 

levels and have received media attention are 50% more likely to get funded and are 

able to solicit 60% more funds compared to their funding goal than do entrepreneurs 

who have a lower skill level and less media attention. This finding provides evidence 

of the size of the effect of an individual's skill and media attention in a financial 

transaction on Kickstarter. 

 

In Chapter 4, we propose that a new rich and transparent data source provides an 

experimental platform for the analysis and examination of various capital formations 

and contracting theories. A crucial advantage is that Kickstarter reports all cases 

where entrepreneurs fail to acquire funds, a feature impossible to observe in almost 

all other sources. While the view of the funding process is improved, unfortunately 

Kickstarter has no information on the ultimate success of its entrepreneurs’ ventures 

post-funding. This is an important area for future research.  

 

Our findings clear show that the effects of entrepreneur reputation in the capital 

formation process are crucial, and not an artefact of funder characteristics, project 

characteristics, or timing of backing. This becomes important as more financial 

institutions rely on non-traditional social media data to make funding decisions.  

 

Crowd-funding, both in U.S. and abroad, has grown rapidly in recent years to become 

a billion-dollar-industry. Understanding platforms like Kickstarter will prove 

extremely important as on-line financial institutions evolve. Kickstarter can 

ultimately be viewed as a halfway step toward transforming traditional venture capital 

into a more mass market business.  
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5.2 Limitations and potential future research 

No research is without limitations. In this section, I discuss some of the limitations of 

this thesis as well as potential future research. 

 

First, in Chapter 3, I only examine the real outcomes of entrepreneurs’ current 

crowdfunded and rejected projects. One of the current critiques is that the objective 

function of movie makers may be different from other types of entrepreneurs. I plan 

to investigate entrepreneurs’ future projects and their real outcomes to show the role 

of crowdfunding in entrepreneurs’ career building perspectives. Although I already 

exclude all projects initiated by movie makers who may have more artistic objectives 

or goals, I anticipate this exercise to examine movie makers’ future projects works to 

further eliminate the concerns surrounding the objectives of movie makers as 

entrepreneurs.  

 

In order to strengthen the argument of the signaling effect from experienced backers 

pledging early in the funding process, I plan to combine my data set with Kicktraq, a 

website collecting daily funding information from the Kickstarter website, to compare 

the daily funding variation of projects which receive pledging from experienced 

backers early in the funding period and those of the projects which don’t receive 

pledging from experienced backers early in the funding process.  

 

In early December 2014, Kickstarter quietly removed all information related to 

backers through project pages. Therefore, from early December 2014, backers cannot 

see information about other backers when they make their pledging decision. This 

regulation change creates a great exogenous shock for researchers to further test 

information transformation theories in a capital formation context when more data 

regarding the real outcomes of projects are available.  
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Second, in Chapter 4, future research could empirically examine exogenous shocks 

to an entrepreneur’s reputation acquisition and the effect on subsequent output, in 

order to further test the model. The current tests can only identify the association 

between seed-stage entrepreneurs and capital formation output, which is consistent 

with the model. However a stronger test would be to identify shocks to further 

establish the causality. 
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