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Abstract 

This thesis contains three independent chapters (Chapters 2, 3 and 4) that draw on and 

contribute to the literature on economic and social disadvantages and labour economics. Using 

three independent essays, I focus on three issues related to non-standard employment; 

employment in a non-standard setting, i.e. employment among homeless people; and non-

standard methods of acquiring financial resources. Specifically, the first essay analyses the 

effect of non-permanent contractual employment on financial hardship, the second essay 

studies how the experience of homelessness affects employment entry and exit, and the third 

essay examines the circumstances influencing the informal survival activities used by 

disadvantaged populations.  

 

The first essay (Chapter 2) uses longitudinal data from the Household, Income and 

Labour Dynamics in Australia (HILDA) survey to examine the differences in financial 

hardship experiences between permanent employment and two non-permanent yet very 

distinctive forms of employment, fixed-term and casual employment, separately for men and 

women in different types of families. I estimate multivariate ordered-logit fixed-effects models 

that account for time-invariant unobserved heterogeneity, common macroeconomic shocks and 

a rich set of individual-level characteristics. The findings reveal that for both men and women, 

casual employment but not fixed-term employment is significantly associated with increased 

financial hardship compared to permanent employment. Moreover, for men, the significant 

positive association between casual employment and financial hardship is largely explained by 

fewer hours of work and a higher vulnerability to employment shocks (e.g. job losses and job 

changes). For women, particularly those with caring responsibilities, working fewer hours and 

experiencing employment shocks explain some of the association between casual employment 

and financial hardship, but even after allowing for these factors, casual employment per se 

continues to have a significant positive association with experiencing financial hardship. 

The second essay (Chapter 3) provides new insights into the association between 

homelessness and poor employment outcomes by examining how homelessness affects 

employment transitions. The study uses data from the Journeys Home survey, which is a 

national, longitudinal survey on disadvantaged Australians and longitudinal methods that 

address concerns related to reverse causality and endogenous selection into homelessness. The 

findings reveal that low levels of employment among homeless people can be attributed 

primarily to their higher probabilities of exiting employment. The negative association between 

homelessness and employment entry is much weaker in both magnitude and significance. This 

finding contrasts with what one would expect given the perception in the literature, i.e. that the 

difficulty of finding employment is a major contributing factor behind the poor rates of 

employment among homeless people. The significant positive association between 

homelessness and the probability of exiting employment seems to be mainly driven by 

unobserved person-specific characteristics, which increase a person’s chances of being 

homeless and of leaving employment. Once the effect of these unobserved confounding 

characteristics is considered, homelessness per se has no significant impact on either 

employment entry or exit.  
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The third essay (Chapter 4) uses data from the Journeys Home survey and examines the 

prevalence of four survival activities: use of accommodation services, use of meal programs, 

pawning belongings and seeking financial help from friends or family. In a developed country 

setting, this study is one of the few to have quantified the prevalence of informal survival 

activities among disadvantaged population and the first to examine how changes in men’s and 

women’s housing situations and other circumstances affect their use of survival activities using 

longitudinal data and methods. The findings reveal that the use of accommodation and meal 

services, pawning belongings and asking friends and family for financial help are prevalent 

among JH respondents even though most of them report currently receiving income support 

payments. A fixed-effects analysis further shows that among men, those who have recently 

experienced homelessness are significantly more likely to not only use accommodation 

services but also have a higher probability of using meal services and asking friends and family 

for financial help. Among women, those who have recently experienced homelessness have a 

significantly higher probability of using all four survival activities. I also find that men and 

women who report drug use; those with mental and physical health problems; and those with 

friends who are homeless, who use drugs, or who have been incarcerated are significantly more 

likely to use one or more of the four informal survival activities.  
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Chapter 1: Introduction  

People require economic resources to meet the universal needs of food and shelter, 

maintain a standard of living and fully participate in society. Employment is generally the key 

means of obtaining sufficient economic resources. The conventional or standard approach to 

work is characterized by permanent or ongoing employment, in which employees travel from 

home and back to the workplace every day, and other employment forms constitute a negligible 

fraction of the labour market. However, the evidence suggests that this conventional conception 

of the workplace is eroding in many Western countries by the increasing use of many 

unconventional or non-standard employment forms, which differ from standard permanent 

employment in terms of both wage and non-wage benefits (ILO, 2008, 2015). Hence, it 

becomes imperative to understand how this change affects the economic well-being or survival 

of people in non-standard jobs. Moreover, an integral factor for maintaining people’s overall 

well-being and labour productivity is having the security and safety of a home. A home is a 

foundation for the routines of daily life, from working to socialising, and it is central to one’s 

self-identity and sense of belonging. Having a home to live in allows an employee to rejuvenate 

and access transportation, other facilities and jobs. Some people, however, are homeless in that 

they do not have homes in both the literal and emotional senses. This raises the question of 

how these people can pursue employment in the unusual, distressing context of not having a 

home. There is sufficient evidence showing that people experiencing housing problems have 

considerably worse employment rates and that they face higher levels of economic stress 

compared to the general population. Given that people living in these unusual housing 

situations have low levels of employment, they might be forced to adopt other non-

conventional or non-standard ways to acquire the economic resources necessary to meet their 

day-to-day needs (Snow & Anderson, 1993).  

The central theme of this thesis revolves around issues related to non-standard 

employment; employment in a non-standard setting, i.e. employment among homeless people; 

and non-standard/non-conventional methods of acquiring financial resources. Through three 

independent essays, I contribute to the current knowledge on these issues, therefore adding to 

the literature on economic and social disadvantages and labour economics. 
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1.1 Thesis overview 

This thesis contains three independent essays (Chapters 2, 3 and 4). The first essay of 

this thesis (Chapter 2) investigates how two heterogeneous types of non-permanent 

employment arrangements, casual and fixed-term, influence experiences of financial hardship 

for men and women. Financial hardship includes an inability to pay rent and utility bills on 

time, insufficient food, poor housing conditions and the need to request financial help from 

friends and family. It is often claimed by researchers and labour unions that one important, 

immediate consequence of non-permanent employment is increasing financial instability due 

to volatile earnings and a lack of legally guaranteed, long-lasting employment relationships 

(Buchler, Haynes, & Baxter, 2009; Rea, 2011). Despite the interest in understanding the 

financial consequences of non-permanent or temporary jobs, it is possible to argue that the 

literature has been unable to provide convincing empirical evidence of the impact of non-

permanent employment on financial hardship. Indeed, the only quantitative study to examine 

financial hardship as an outcome is the cross-sectional analysis conducted in Buchler et al. 

(2009), which examined differences in financial difficulty between casual and permanent 

employees. However, the study could not control for person-specific unobservable factors that 

might be correlated with both employment and financial situation and that could lead to 

confounding associations. The first essay of this thesis uses panel data from the Household, 

Income and Labour Dynamics in Australia (HILDA) survey that is uniquely suited to examine 

these relationships. The HILDA survey provides data from a country in which a significant 

proportion of the labour force is employed in non-permanent work arrangements 

(approximately 26%). It gathers extensive information about the conditions of people’s jobs in 

each wave and asks people about the financial hardships they have experienced. The survey 

also obtains information on many other characteristics, thus providing a rich set of observed 

controls in multivariate analyses. The first essay makes important contributions to the 

literature. Apart from being one of the few studies to directly examine the financial hardship 

consequences of non-permanent employment, it accounts for unobserved heterogeneity, thus 

helping to provide results with more causal interpretation. It also considers how gender and 

family structure differences affect the relationship between non-permanent employment and 

financial hardship. In addition, it explores the role of factors or experiences such as job loss, 

job change and fewer work hours, which are often linked to non-permanent employment, in 

causing the financial hardships experienced by non-permanent workers. Unravelling these 

pathways is crucial to improving economic outcomes for workers in non-permanent jobs. 
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The second essay (Chapter 3) examines the effect of homelessness on employment 

dynamics. Researchers and policymakers in many OECD countries, including Australia, have 

focused on improving the labour market outcomes of homeless people (Taskforce, 2008). A 

rapidly growing body of research is improving our knowledge of the personal and situational 

challenges, such as poor mental and physical health, drug problems, difficulty maintaining 

personal hygiene and low levels of education, faced by homeless people in engaging in paid 

employment. In contrast, few studies have directly examined the effect of homelessness on 

employment, and little is known about the extent to which the experience of homelessness 

affects the dynamics of employment entry and exit. This lack of clear understanding prevents 

governments and policymakers from designing effective, better-targeted policies and 

intervention programs to improve employment outcomes for this vulnerable population. The 

aim of the second essay is to expand the scope of our current understanding by examining the 

effect of homelessness on both employment entry and exit. It uses new, unique longitudinal 

data from the Journeys Home (JH) survey, which is a large, national sample of disadvantaged 

Australians experiencing or at risk of homelessness followed over six waves. The data contain 

information about their housing conditions, employment statuses, health, drug use, 

demographics, backgrounds and other human capital characteristics. Overall, these features of 

the JH survey data provide a great opportunity to identify the effect of homelessness on 

employment entry and exit. The second essay makes important contributions to the literature. 

By examining entry and exit separately, it provides new insights on the effect of homelessness 

on both job finding and job holding. Furthermore, it adopts an empirical approach that accounts 

for the issue of reverse causality and the concerns related to endogenous selections into 

homelessness. 

The third essay (Chapter 4) examines the prevalence of four informal survival activities: 

use of accommodation services, use of meal programs, pawning belongings and seeking 

financial help from friends or family, in a developed country setting. It also examines how 

changes in men’s and women’s housing situations and other circumstances affect their use of 

survival activities using longitudinal data and methods. Analysing disadvantaged people’s 

survival activities and the circumstances that contribute to their involvement in these activities 

helps in forming a better understanding of the needs of this population and the importance of 

addressing some of these challenging circumstances to reduce their hardships. The informal 

survival activities have been studied frequently in the context of developing countries. In 

developed economies, sociologists and ethnographers have primarily studied the existence of 



4 
 

informal survival activities using qualitative methods, with limited attention from economists 

(Bender, Thompson, McManus, Lantry, & Flynn, 2007; Venkatesh, 2006). Only recently have 

studies in developed economies utilized quantitative methods to examine the informal survival 

activities and contributing circumstances among disadvantaged populations, particularly those 

experiencing homelessness or housing insecurity (Ferguson, Bender, & Thompson, 2014, 

2015; Lei, 2013). However, all the quantitative studies were limited by geographically and/or 

demographically restricted samples, such as city-level samples, samples of only young and 

single disadvantaged people and/or samples of specific groups, such as just homeless and 

sheltered homeless people. Moreover, none of the quantitative studies have been able to address 

the issue of unobserved confounders, such as skills, abilities, preferences, risk-taking attitudes 

and capacities to cope with stress, that could be related to both survival activities and people’s 

circumstances. The third essay uses longitudinal data from the JH survey, which offers a 

broader sample of disadvantaged Australians experiencing or at risk of homelessness. It 

examines how disadvantaged people’s health, drug use and social circumstances, especially 

their experiences of homelessness, affect their adoption of informal survival activities. The 

panel nature of the JH survey allows me to estimate fixed-effect models that account for 

spurious associations arising from time-invariant unobserved factors that could be correlated 

with both survival activities and people’s circumstances. The comprehensive nature and large 

sample size of the JH data allow separate analyses for men and women. This is important 

because there is evidence that housing insecure men and women experience different issues 

and challenges related to circumstances which affect their survival approaches. The second 

essay makes important contributions to the literature. In a developed country setting, this study 

is one of the few to have quantified the prevalence of informal survival activities among a 

disadvantaged population and the first to examine how changes in men’s and women’s housing 

situations and other circumstances affect their use of survival activities using longitudinal data 

and methods. 

Chapter 5 summarizes the findings of this thesis and discusses the policy implications 

of the research findings.   
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Chapter 2: The effect of non-permanent 

contractual employment on financial hardship 
 

Abstract 

Using nationally representative panel data, I examine the differences in financial hardship 

experiences between permanent employment and two very distinctive forms of non-permanent 

employment, fixed-term and casual employment, separately for men and women in different 

types of families. I estimate multivariate ordered-logit fixed-effects models that account for 

time-invariant unobserved heterogeneity, common macroeconomic shocks and a rich set of 

individual-level characteristics. The findings reveal that for both men and women, casual 

employment but not fixed-term employment is significantly associated with increased financial 

hardship compared to permanent employment. Moreover, for men, the significant positive 

association between casual employment and financial hardship is largely explained by fewer 

hours of work and a higher vulnerability to employment shocks (e.g. job losses and job 

changes). For women, particularly those with caring responsibilities, working fewer hours and 

experiencing employment shocks explain some of the association between casual employment 

and financial hardship, but even after allowing for these factors, casual employment per se 

continues to have a significant positive association with experiencing financial hardship. 
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2.1. Introduction 

Employment and economic security are very closely connected. Employment is the key 

means of generating income to pay for current expenses and save for the future. Hence, volatile 

earnings and jobs can lead to severe financial stress. Over the past two decades, substantial 

changes have occurred in the overall structure of employment in many Western  countries (ILO, 

2008, 2015). There has been an increase in alternative forms of employment arrangements that 

differ from the standard permanent full-time employment in terms of continuity and hours 

worked in varying degrees. This growth in the share of alternative or non-standard employment 

is often used as evidence that employment is now less secure and more precarious. 

This study examines the relationship between financial hardship and non-standard 

employment arrangements that are non-ongoing or non-permanent in that they lack the legal 

guarantee of a long-lasting employment relationship. Financial hardship includes problems 

such as the inability to pay rent/mortgage or utility bills on time, pawning belongings, missing 

meals and asking friends/family or welfare organisations for financial help. The study considers 

two types of non-permanent employment arrangements—fixed-term employment and casual 

employment—and defines permanent employment as standard employment. 

The growth in non-permanent employment in many OECD countries has raised 

concerns that these jobs are characterized by sizeable gaps in wage and non-wage benefits 

compared to permanent employment, producing adverse financial effects for non-permanent 

workers (Fuller & Vosko, 2008; Houseman & Osawa, 2003; OECD, 2014, 2015). Despite these 

claims, there is a surprising lack of convincing empirical evidence on the relationship between 

non-permanent employment and experiencing financial hardship. Indeed, the only quantitative 

study to examine financial hardship specifically is the cross-sectional analysis of Buchler et al. 

(2009), which examined the differences in financial difficulty between casual and permanent 

employees. However, the study could not account for unobservable confounders that might be 

correlated with both employment and financial situation, such as ability, motivation to work 

and attitudes towards risk. 

The objective of this chapter is to fill this gap in the literature and shed light on whether 

and how non-permanent employment is associated with financial hardship. I use panel data 

from the Household, Income and Labour Dynamics in Australia (HILDA) survey, which 

provides national data from a country with a high incidence of non-permanent employment (on 

average around 26% of the workforce in past few years) (ABS, 2013, 2016b). Overall, in 
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Australia, the number of workers engaged in non-permanent employment has grown since 

1990s, but non-permanent employment’s share of the total workforce has remained largely 

unchanged in the last two decades (Bankwest Curtin Economics Centre, 2018; Productivity 

Commission, 2006; Wilkins & Wooden, 2014). The two main forms of non-permanent 

employment in Australia are casual and fixed-term employment. Casual employees do not have 

standard rights and benefits such as protection against dismissal, paid annual leave, paid sick 

leave and guaranteed hours of work (Campbell, 1996; Watson, Buchanan, Campbell, & Briggs, 

2003). However, Australian labour regulations require casual employees to receive a premium 

(casual loading) to compensate them for the lack of these entitlement benefits (Will, Shomos, 

& Turner, 2013). Nonetheless, the evidence suggests that casual employees still suffer from 

wage penalties compared with permanent employees (Watson, 2005; Wooden & Warren, 

2003). While it might be problematic to compare different forms of non-permanent 

employment in various countries, casual employment in Australia shares some or many 

characteristics of non-permanent or temporary employment in other OECD countries 

(Campbell, 2004). Workers on fixed-term contracts in Australia are not eligible for termination 

and redundancy pay at the completion of their contracts, and they do not receive any special 

compensation. However, they tend to be entitled to similar benefits, and they do similar jobs 

and receive similar wages as permanent employees (Burgess & Campbell, 1998; Will et al., 

2013; Wooden & Warren, 2003).  

These differences between casual and fixed-term employment allow an analysis of how 

these two non-permanent yet very distinctive forms of employment are associated with 

financial hardship and thus provide an understanding of job characteristics that are important 

if financial hardship is to be avoided. 

This chapter makes important contributions to the literature with regard to the 

consequences of non-standard employment.  First, it is one of very few studies to directly 

examine the financial hardship consequences of non-permanent employment and the first to 

examine this relationship using longitudinal data and methods. Given the rising prevalence of 

non-permanent employment and financial stress in many OECD countries (Casey & Liang, 

2014; OECD, 2015), it is crucial that we understand the financial consequences of non-

permanent employment. Second, this study adds to the literature by documenting gender 

differences in the financial consequences of non-permanent employment and examining how 

these consequences differ by family composition for men and women. Third, the study’s 

empirical analysis explores the extent to which financial hardship is driven by factors or 



9 
 

experiences such as job loss, job change, lower income and fewer work hours, which are often 

linked to non-permanent employment. Disentangling these pathways is important to improving 

economic outcomes for workers in non-permanent jobs.     

The results indicate that for men and women, casual employment is significantly 

associated with increased financial hardship compared to permanent employment. Fixed-term 

employment is not associated with increased financial hardship for either men or women. For 

men, the significant positive association between casual employment and financial hardship is 

largely explained by fewer hours of work and a higher vulnerability to employment shocks (i.e. 

job loss and job change). For women, particularly those with caring responsibilities, working 

fewer hours and experiencing employment shocks (i.e. job loss and job change) explain some 

of the association between casual employment and financial hardship; however, casual 

employment per se continues to have a significant positive association with financial hardship. 

2.2. Previous studies on the consequences of non-permanent 

employment 

A considerable amount of research has been conducted on the consequences of non-

permanent employment and non-regular employment on various labour market outcomes for 

workers (e.g. job satisfaction, health, and safety). The most relevant literature to this study 

includes studies that examined the economic consequences for those in non-permanent 

employment that can have direct implications for a person’s financial situation. 

 Many empirical studies have examined wage differences between non-permanent and 

permanent employment (Booth, Francesconi, & Frank, 2002; Forde & Slater, 2005; Fuller & 

Vosko, 2008; Kahn, 2013; Kalleberg, 2000; OECD, 2002, 2014, 2015). Evidence from these 

studies often suggests a significant difference in wages between non-permanent and permanent 

employees, but there were clear differences across countries in wage penalties for non-

permanent workers. For example, the OECD (2015) found that the non-permanent worker 

wage penalty ranged from 2–3% in Australia to 19% in Greece. 

 Apart from wages, work-related training is also an important aspect of employment in 

terms of improving workers’ skills and productivity and ability to transition to better, more 

secure jobs. Evidence from the literature clearly indicates that non-permanent employees 

receive considerably less work-related training from their employers than their permanent 

counterparts (Booth et al., 2002; Buddelmeyer, Leung, McVicar, & Wooden, 2013; ILO, 2015; 

OECD, 2002, 2014).  
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 Another very important aspect of job quality is job security. Some studies examined the 

precariousness of non-permanent employment using the probability of job loss in the next 6–

12 months as a proxy for job insecurity (OECD, 2014, 2015; Watson, 2013). These studies 

found that non-permanent employees typically have less job security than permanent 

employees, although there are differences across gender and contract types. Watson (2013) 

estimated random intercept multinomial logit model models using HILDA data and found that 

casual employees are more likely to become jobless (i.e. unemployed or out of the labour force) 

than fixed-term employees.  

 The question of whether non-permanent jobs are ‘stepping stones’ to more 

stable/permanent employment has also been the focus of a considerable amount of research in 

Australia (Buddelmeyer & Wooden, 2011; Chalmers & Kalb, 2001; Watson, 2013) and other 

countries (Booth et al., 2002; de Graaf-Zijl, Van den Berg, & Heyma, 2011; Esteban-Pretel, 

Nakajima, & Tanaka, 2011; Gagliarducci, 2005; Gash, 2008; Güell & Petrongolo, 2007; 

OECD, 2015; Yu, 2012). Empirical evidence from these studies suggests that some non-

permanent employees manage to move into permanent jobs while others get trapped in non-

permanent jobs. For example, mobility into permanent jobs tends to be higher for workers with 

longer job tenures or contract durations (Gagliarducci, 2005; Güell & Petrongolo, 2007), for 

men than women (Buddelmeyer & Wooden, 2011; de Graaf-Zijl et al., 2011; Watson, 2013), 

for fixed-term employment or high-status non-permanent jobs than casual employment or low-

status non-permanent jobs (Booth et al., 2002; Buddelmeyer & Wooden, 2011; Watson, 2013; 

Yu, 2012), for full-time workers than part-time workers (Booth et al., 2002; OECD, 2015) and 

for single people compared to those with partners (de Graaf-Zijl et al., 2011; Yu, 2012). 

Several studies examined how some labour market outcomes and negative income 

shocks, such as job loss/unemployment, are associated with financial hardship (Bauman, 2002; 

Eamon & Wu, 2011; Gundersen & Gruber, 2001; Lovell & Oh, 2006; OECD, 2015). Bauman 

(2002) examined the relationship between work, welfare payments and financial hardship using 

the Survey of Income and Programme Participation (SIPP) in the United States and found that 

hardship was high among households with workers who only worked for half the year and who 

were previous or current welfare recipients. Eamon and Wu (2011) used data from the 2004 

SIPP panel and examined the relationship between underemployment and financial hardship 

among single-mother families. The results showed that compared with families whose mothers 

were sufficiently employed, families with mothers who were unemployed, who had 

involuntary job gaps or who were underemployed had higher odds of experiencing various 
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types of financial hardships, such as difficulty paying bills, accessing healthcare and finding 

housing. 

It appears that only one study, a cross-sectional analysis by Buchler et al. (2009), 

directly examined the relationship between financial hardship and employment type. The 

authors used the HILDA survey data and restricted the sample to include only employees to 

examine the difference in financial wellbeing between casual and permanent employees. They 

estimated models with modest controls and found that compared to permanent employees, 

casual employees face significant financial stress, such as being unable to pay utility bills and 

rent/mortgage on time, pawning or selling belongings and going without meals. Buchler et al. 

(2009) could not control for individual specific time-invariant heterogeneity due to cross-

sectional data. Controlling for individual heterogeneity is important because many negative 

consequences could be driven by individual differences in unobservable factors, such as ability, 

motivation to work and attitudes towards risk. In addition, by restricting their sample to 

employees, the authors may have introduced sample selection issues. As discussed previously, 

it is also important to consider fixed-term employment because it differs quite significantly 

from casual employment in terms of benefits and other conditions (Wooden & Warren, 2003). 

This study addresses all these limitations. I consider both fixed-term and casual employment 

and estimate two-way fixed-effects models (individual and time fixed-effects) with an 

extensive set of time-varying control variables to minimise omitted variable bias. I also include 

three types of non-employees (unemployed, out of labour force and self-employed) to avoid 

sample selection issues and to undertake a relative comparison of the financial hardships 

experienced by non-employees and non-permanent employees.  

2.3. Conceptual framework linking non-permanent employment 

and financial hardship 

The key feature of non-permanent employment is income volatility due to a higher 

probability of employment gaps/shocks, insufficient hours of work and lack of entitlement 

benefits. The framework that allows us to understand how volatile or unpredictable income can 

contribute to financial hardship (or decline in consumption) is that used by Jappelli and 

Pistaferri (2010)  and  Meghir and Pistaferri (2011). In this framework, an individual maximises 

his/her expected lifetime utility of consumption over a fixed time horizon subject to an 

intertemporal lifetime budget constraint. The individual can lend and borrow at the same 

interest rate (perfect credit markets); the utility function is state and time separable; the 
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individual faces a terminal condition on wealth; and all variables in the model are known except 

the individual’s labour earnings. 

Under the maintained assumptions, the model generates two main predictions. First, the 

current consumption will respond to an anticipated change in future income levels, such as the 

announcement of a tax reform or a promotion at work. Second, the current consumption will 

respond to unanticipated earning and income shocks, such as a sudden job loss or an unexpected 

decrease in pay. 

Within this framework, one can define financial hardship as occurring when a person’s 

consumption level of goods and services falls below a specific threshold in any given period 

(C*(t)) due to lack of sufficient income/financial resources. 

Therefore, there are several explanations for why non-permanent employees might be 

more vulnerable to experiencing financial hardship than permanent employees. They are likely 

to experience more unemployment spells/shocks and to have uncertain and/or insufficient 

hours of work. In addition, non-permanent employees lack standard statutory benefits and 

protections. Each of these factors may adversely affect the level and stability of earnings and 

contribute to financial hardships. 

2.4. Research data 

The data used in this study come from the HILDA survey (see Watson and Wooden 

(2012) for more details). Commencing in 2001, this survey is a nationally representative annual 

longitudinal investigation of youths and adults from more than 7,600 households emphasising 

employment, income and family. The first 13 waves of HILDA data (excluding wave 10, in 

which a hardship question was not asked) are used for this analysis.  

2.4.1 Measuring financial hardship 

Except for wave 10, the self-completed questionnaire (SCQ) included in the HILDA 

survey asks respondents about seven types of hardship they might have experienced since the 

start of the calendar year ‘because of a shortage of money’. The hardships include 1) an 

inability to pay electricity, gas or telephone bills on time; 2) an inability to pay the mortgage 

or rent on time; 3) pawning or selling belongings; 4) going without meals; 5) an inability to 

heat the home; 6) asking for help from welfare or community organizations; and 7) asking for 
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financial help from family or friends.1 Following Butterworth and Crosier (2005), I use this 

information to create binary indicator variables for affirmative responses to each of the seven 

hardship questions and sum those variables to form an index of financial hardship with a 

possible range of 0 to 7. The index is coded as missing when the response to any of the seven 

hardship questions was missing for the respondent. It is important to note some limitations of 

this financial hardship measure. As noted by Butterworth and Crosier (2005), hardship 

indicators are not neutral because they involve subjective decisions about selecting what 

constitutes hardship or basic needs. Also, another limitation of my hardship index is that it 

gives equal weight to all the seven forms of hardship.  

2.4.2 Measuring employment arrangement 

Each wave of the HILDA survey collects extensive information about the respondent’s 

main job at the time of the interview, including the nature of the employment contract. There 

are four mutually exclusive categories for employment arrangements: (i) permanent or 

ongoing; (ii) casual; (iii) fixed term; and (iv) ‘other’, which is used for people who cannot be 

easily characterised in the other three categories. In addition, the survey identifies (v) people 

who work without pay in a family business, (vi) people who work in their own businesses, (vii) 

the unemployed, and (viii) people out of the labour force (OOLF). 

 I create indicator variables (0,1) for each of the eight enumerated categories and use 

permanent employment as the reference category. Even though I include separate dummies for 

the ‘other’ employment and unpaid family member categories, I cannot estimate precisely the 

coefficients for people in these categories because of the very small sample size. 

The employment measures also have some limitations. The type of employment 

contract associated with the main job is measured at the time of the interview and job start, and 

the end dates are not recorded. Thus, the type of employment contract indicates the type of 

employment a respondent had at the time of the interview and not over the entire year up to the 

time of the interview, unlike the hardship measure.   

                                                           
1 Because three of the hardship questions are measured at the household level, it is important that couples agree 

in their responses to these questions. Hence, I examined the concordance in responses between couples in the 

HILDA. Overall, this concordance is very high (90.8%; see appendix 2.A2). I thank my supervisors for this helpful 

suggestion. 
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2.4.3 Explanatory variables  

My empirical analyses account for many observed characteristics. The evidence from 

the literature suggests that financial hardship experiences and the consequences of non-

permanent employment may differ significantly for men and women (McGovern, Smeaton, & 

Hill, 2004; OECD, 2015; Yu, 2012). Moreover, changes in family composition are likely to 

influence people’s preferences for job flexibility (Watson et al., 2003). Hence, the 

consequences of non-permanent employment might also differ for families with greater carer 

responsibilities. Therefore, to have a relevant comparison group, it is important that when 

examining the differences between permanent and non-permanent employees in terms of some 

outcome, we compare people who are otherwise homogeneous in terms of their family 

situations. Therefore, I disaggregate the analyses by both gender and family type.2 

All the empirical analyses are conducted separately for men and women within the 

following family types: 1) couples without dependent children (either married or de facto with 

no children or those with non-dependent children); 2) couples with dependent children (either 

married or de facto with dependent children or dependent students); 3) single parents with 

dependent children or dependent students; and 4) single people (includes single unmarried 

individuals or single parents with non-dependent children). The proportion of men who are 

single parents with dependent children is very small in the analysis sample, with only 711 

person-wave observations.3 As a consequence, it is difficult to estimate precisely the effects of 

non-permanent employment for this sub-sample. Hence, I do not report results for this group. 

I also include time-varying control variables that are arguably exogenous (i.e. age, 

education, area of residence [regional, remote area or city]) and several that could be 

endogenous: controls for job-related factors such as being a member of a union or employee 

association, the number of jobs held by a respondent in the preceding financial year, industry, 

occupation and being a private-sector employee; and controls for various health-related factors, 

such as the presence of a long-term health condition that affects the person’s ability to work, a 

health shock which identifies whether the respondent suffered a serious personal injury or 

illness in the preceding 12 months and mental and physical health measured using SF-36-

                                                           
2 Disaggregating the analyses by gender and family type also allows the effects of other factors, including not 

only employment type but also mental and physical health, income and hours worked to vary by gender and family 

type. The examination of data suggested that incidence of hardship differs by both family type and gender (see 

appendix 2.A3). 
3 The proportion is small even in the overall data, only 1.84% (1,595 obs.). 
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derived index variables.4 I also include a control for the interview mode. Moreover, given that 

my outcome variable has a reference period that varies in length across people depending on 

the date the interview was undertaken, I include dummies for the month of the interview to 

control for differences that might arise due to this. 

An important issue in my analysis relates to non-random attrition associated with non-

return of the SCQ, which could be associated with one’s employment arrangement (see 

appendix 2.A4) and several other factors. I include an indicator variable proposed by Verbeek 

and Nijman (1992): a regressor identifying whether the sample member is observed at the next 

survey wave that is intended to control for this selectivity bias. 

2.4.4 Measures for potential mediating factors 

Guided by the conceptual framework, I explore the following potential mediating 

factors. First, I examine the income level effect of working in non-permanent jobs. I capture 

this via two measures: a continuous measure of the log of the respondent’s level of gross total 

household income in year t adjusted by the OECD equivalence scale5 and a continuous measure 

of hours worked per week in the main job at the time of the interview. I include the respondent’s 

household income instead of solely focusing on his/her wages because of the issue associated 

with measuring wages for non-employees. Second, I capture the volatility of income 

experienced in non-permanent jobs using two binary measures for employment shocks: an 

indicator for a respondent being fired or made redundant in the preceding 12 months from the 

date of the interview and an indicator for a respondent changing jobs in the 12 months 

preceding the date of the interview.  

Some control variables, such as union membership, private sector, industry, occupation 

and hours worked, are only applicable to employed people. For people who were not working, 

the values for all these controls were coded as zero. Thus, the interpretations of the coefficients 

for unemployment and out of labour force are different in the presence of these controls because 

of the change in the reference category in the multivariate analyses; hence, the coefficient 

                                                           
4For complete information about the SF-36 see Ware et al (1993, 2000). The variables used are ghgh to control 

for physical health and ghmh to control for mental health. 
5 The OECD equivalence scale assigns a value of 1 to the household head, 0.5 to each additional adult member 

and 0.3 to each child.  
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estimates for these two categories are likely to increase once these controls are added. In 

addition, multicollinearity is possible when controls for job characteristics are added.6 

2.4.5 Analysis sample 

The original sample consists of 182,799 observations from 27,894 unique individuals. 

Several restrictions are placed on the sample for this study. The sample is restricted to the 

working-age population of people aged 18 to 55 excluding full-time students aged under 25 

years. I excluded full-time students because employment while pursuing full-time studies is 

not likely to have a significant effect on one’s future employment and income. 

The sample is also restricted to related adults in single-family households that include 

people living alone; households that include other related or non-related persons have been 

excluded. The HILDA survey identifies around 93% of people as living in single-family 

households. This restriction is imposed to avoid issues that arise due to the ambiguity regarding 

how resources and expenses are shared within joint or grouped families.  

In addition, the sample used for the analysis is restricted to cases with non-missing data 

on financial hardship, employment and mechanism measures. Furthermore, the sample is 

restricted to non-missing values on all explanatory variables (except those with missing flag).7 

The employment contract variable had 0.29% and the financial index had 13.54% (excluding 

the cases missing from wave 10) of the observations missing for the initial analysis sample. 

Because some of my explanatory and mechanism variables control for events or shocks in the 

previous year, I further lose the first wave of the data. Hence, the analyses are based on 11 

waves of data from release 13. The final sample size is 73,149 observations from 15,687 unique 

people.  

The HILDA survey dataset provides sampling weights. However, I do not use these 

weights because I imposed several restrictions on the sample and because I use fixed-effects 

methods on an unbalanced sample that requires at least two observations on the same 

individual; thus, people who were only interviewed once are dropped. Consequently, the use 

of weights is not appropriate for my study. Solon, Haider, and Wooldridge (2015) showed that 

                                                           
6 There is never an overlap with any of the union membership, industry, occupation, private sector and hours 

worked measures, implying that unemployment and OOLF indicators never take value 1 when any of the union 

membership, industry, occupation and hours worked measures take value 1 (or >1 in case of hours worked). 
7 These include two variables, mental and physical health, based on the SF-36 index. These two variables had 

1,027 missing observations for non-missing responses of my hardship variable. For these variables, I filled any 

missing values for the respondent with his/her average value for the years he/she was observed to minimise the 

missing data and included indicators for missing responses. 
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weighting reduces the efficiency of the estimates when estimating a fixed-effects model with 

an unbalanced panel. 

2.5. Descriptive analysis 

I begin by describing how the incidence and characteristics of financial hardship vary 

by employment status and gender. The first rows of panel A and panel B in Table 2.1 list the 

means of the financial hardship index for men and women, respectively. The results from the 

first rows show that men and women who do not have permanent employment arrangements 

report higher incidences of hardships on average than do men and women who have permanent 

employment. 

The second components of panels A and B in Table 2.1 present the distribution of the 

financial hardship index by employment type for each gender. Among men and women, around 

20% of permanent employees report facing one or more hardships. In contrast, 40% of casual 

employees among men and 33% of casual employees among women report facing one or more 

types of hardships. The incidence of financial hardships does not, however, appear to be 

significantly different in terms of magnitute between fixed-term employees and permanent 

employees among men and women.  

The third components of panels A and B present the rates of different types of financial 

hardships experienced by men and women, respectively. An inability to pay utility bills and/or 

mortgage/rent payments on time and asking friends/family for financial help are the three most 

commonly experienced hardships among both men and women. However, compared with 

permanent employees, the incidence of each hardship is much higher among casual employees, 

the unemployed and those out of the labour force. 

Gender differences also appear in the types of hardships experienced by respondents. 

Male casual employees experience more financial hardship than female casual employees, as 

do men who are out of the labour force. This may indicate that women are typically the 

secondary earners in households. 
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Table 2.1. Incidence of financial hardship conditional on employment arrangements 

Panel A. Men 

  
Permanent Fixed-

term 

Casual Self-

emp. 

Unemployed OOLF 

Index of financial hardship (mean) 0.357 0.427*** 0.968*** 0.480*** 1.563*** 1.333*** 

Number of financial hardships experienced (%) 
 

    
0 80.82 78.22 59.82 77.24 46.20 50.55 

1 9.90 10.44 14.53 9.88 14.66 15.08 

2 4.95 5.74 10.37 5.90 12.10 12.41 

3 2.50 3.32 6.82 3.87 9.10 7.44 

4 1.16 1.16 4.01 1.67 6.98 6.19 

5 0.40 0.69 2.56 0.86 5.74 4.77 

6 0.19 0.26 0.99 0.32 3.00 2.47 

7 0.09 0.17 0.89 0.26 2.21 1.09 

Experience of individual financial hardships (%) 
     

Could not pay utility bills on time 11.61 11.73 24.44*** 14.87*** 31.45*** 28.43*** 

Asked for financial help from friends or 

family 10.64 13.84*** 25.72*** 12.43*** 37.10*** 31.74*** 

Could not pay mortgage or rent on time 4.99 6.21** 15.45*** 10.12*** 18.46*** 12.86*** 

Pawned or sold belongings 3.58 4.79*** 10.23*** 4.47*** 22.61*** 19.65*** 

Was unable to heat home 1.49 1.81 4.44*** 1.58 8.57*** 9.58*** 

Went without meals 2.36 2.59 7.96*** 2.38 17.40*** 15.08*** 

Asked for help from welfare organizations 0.99 1.77*** 8.53*** 2.18*** 20.67*** 15.93*** 

Person-wave observations (N) 19,726 2,319 2,815 5,681 1,132 2,473 

Panel B. Women 

  
Permanent Fixed-

term 

Casual Self-

emp. 

Unemployed OOLF 

Index of financial hardship (mean) 0.371 0.406* 0.721*** 0.450*** 1.533*** 0.972*** 

Number of financial hardships experienced (%) 
 

    
0 79.52 77.50 67.35 77.61 44.38 60.64 

1 10.56 11.32 13.24 10.14 15.99 13.37 

2 5.79 6.40 8.43 6.36 13.18 10.04 

3 2.61 3.16 5.50 3.50 9.52 7.17 

4 0.83 1.20 3.14 1.18 7.18 4.39 

5 0.45 0.34 1.42 0.62 5.85 2.27 

6 0.15 0.08 0.57 0.34 2.89 1.49 

7 0.08 0.00 0.35 0.25 1.01 0.63 

Experience of individual financial hardships (%) 
     

Could not pay utility bills on time 12.92 14.22* 21.32*** 14.30** 38.22*** 26.61*** 

Asked for financial help from friends or 

family 11.70 12.87* 20.71*** 11.79 38.30*** 24.27*** 

Could not pay mortgage or rent on time 5.25 5.76 10.51*** 8.84*** 18.49*** 11.65*** 

Pawned or sold belongings 2.76 2.60 6.01*** 3.94*** 17.39*** 10.27*** 

Was unable to heat home 1.52 1.77 3.35*** 2.17*** 9.13*** 6.49*** 

Went without meals 1.76 2.07 4.74*** 1.77 14.43*** 7.60*** 

Asked for help from welfare organizations 1.15 1.28 5.48*** 2.17*** 17.32*** 10.33*** 

Person-wave observations (N) 17,656 2,658 5,127 3,224 1,282 8,903 

 Notes: The statistics reported in the table were calculated using unweighted longitudinal data from the HILDA 

survey. Asterisks indicate statistically significant differences using permanent employment as the reference 

category (first column) based on t-test. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. Results 

from 2 test of differences in the relationship distribution were significant at 0.001 level. P-values for t-test were 

also computed considering the panel nature of the data (using syv mean test), and the results were qualitatively 

similar. 
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Table 2.2 summarises how various demographic, economic, health and work-related 

characteristics vary for people in different employment arrangements.  

Fixed-term employees. Compared to permanent employees, fixed-term employees are 

more likely to be women, young and single. In terms of employment and job characteristics, 

fixed-term employees are more likely to have held multiple jobs and to have changed jobs in 

the past 12 months. However, fixed-term employees are also more likely than permanent 

employees to have university qualifications, to be working as professionals and to be employed 

in the public sector, particularly in the education and training industries.  

Casual employees. Compared to permanent employees, casual employees are more 

likely to be women, young, less educated, living in regional or remote areas and of Aboriginal 

or Torres Strait Islander origin. They are also more likely to be single parents with carer 

responsibilities or single, and they are more likely to have poor mental and physical health. In 

terms of employment and job-related characteristics, compared with permanent employees, 

casual employees are less likely to be professionals and government employees and more likely 

to be community and personal service workers, sales workers or labourers. As expected, almost 

none of them are provided paid leave. They have lower levels of household income, and they 

are significantly more likely to have experienced job loss, to have changed jobs in the past 12 

months and to work significantly fewer hours.  

These results suggest clear differences between permanent and casual employees. The 

differences between fixed-term and permanent employees, however, are not as prominent.  

Self-employed, unemployed persons and those out of the labour force (OOLF). Table 2 

suggests that compared to those in permanent jobs, self-employed workers are more likely to 

be men, older and less educated and that they are more likely belong to a two-person family 

with carer responsibilities. Compared to those in permanent jobs, unemployed people are more 

likely to be women, young, less educated and single. They are also more likely to have poor 

mental and physical health. People who are out of the labour force are more likely to women, 

older and less educated and to have carer responsibilities. They are also more likely to have 

poor mental and physical health. 
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Table 2.2. Characteristics conditional on employment arrangements 

Variable Permanent 

Fixed-

term Casual 

Self-

emp. Unemployed OOLF 

Gender (Female=1) (%) 0.472 0.534*** 0.646*** 0.362*** 0.531*** 0.783*** 

Household type (%)       
Couples with dependents 0.457 0.413*** 0.444** 0.585*** 0.360*** 0.529*** 

Couples without dependents 0.340 0.360*** 0.297*** 0.274*** 0.285*** 0.215*** 

Single parents with dependents  0.046 0.047 0.090*** 0.028*** 0.132*** 0.120*** 

Single people  0.158 0.179*** 0.169** 0.113*** 0.223*** 0.135*** 

Age (%)       

18-24 years 0.102 0.132*** 0.195*** 0.024*** 0.257*** 0.095** 

25-34 years 0.278 0.306*** 0.269* 0.181*** 0.275 0.280 

35-44 years 0.290 0.261*** 0.258*** 0.342*** 0.237*** 0.285 

45-54 years 0.329 0.302*** 0.278*** 0.452*** 0.231*** 0.340** 

Highest education achieved 

(%)       
Postgraduate 0.052 0.111*** 0.016*** 0.046** 0.032*** 0.023*** 

Bachelor, honours or grad dip  0.273 0.330*** 0.151*** 0.218*** 0.114*** 0.144*** 

Diploma or Cert. III or IV 0.343 0.288*** 0.305*** 0.400*** 0.292*** 0.250*** 

Year 11 or less 0.332 0.271*** 0.528*** 0.335 0.562*** 0.584*** 

Area of residence (%)       
Living in regional area 0.315 0.326* 0.411*** 0.380*** 0.385*** 0.410*** 

Living in remote area 0.016 0.018 0.021*** 0.034*** 0.020 0.016 

Living in city 0.669 0.655** 0.568*** 0.587*** 0.595*** 0.574*** 

Aboriginal or Torres Strait 

Islander (%) 0.014 0.020*** 0.027*** 0.006*** 0.073*** 0.044*** 

Health variables       
Long-term health condition affecting work      
No condition 0.863 0.866 0.810*** 0.834*** 0.711*** 0.607*** 

Mild effect (no work limitation) 0.072 0.068 0.071 0.059*** 0.076 0.059*** 

Moderate effect (limits in some 

way but not completely) 0.065 0.066 0.118*** 0.107*** 0.212*** 0.313*** 

Severe effect (cannot work at all) 0.000 0.000 0.001** 0.000 0.001*** 0.021*** 

Suffered from serious personal 

injury 0.062 0.060 0.063 0.065 0.097*** 0.117*** 

Physical functioning (based on 

SF-36) 72.848 73.287 70.792*** 73.438** 65.615*** 61.981*** 

Mental health (based on SF-36) 75.843 74.597*** 72.857*** 76.122 66.617*** 67.393*** 

Job characteristics       
Jobs held in last financial year        
No job 0.028 0.032 0.070*** 0.029 0.417*** 0.740*** 

One job 0.797 0.683*** 0.579*** 0.803 0.412*** 0.220*** 

Multiple (two or more) 0.175 0.286*** 0.352*** 0.168* 0.171 0.040*** 

Member of union 0.329 0.276*** 0.126*** 0.107*** 0.000 0.000 

Occupation (%)       

Managers and professionals 0.411 0.511*** 0.158*** 0.487*** - - 

Technicians and trades workers 0.134 0.119*** 0.099*** 0.213*** - - 

Community and personal 

service 0.089 0.099** 0.196*** 0.052*** - - 

                                                                                                                                                            (Continued) 
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Table 2.2. Continued 

Variable Permanent Fixed-term Casual Self-emp. Unemployed OOLF 

Clerical and administrative 

workers 0.181 0.144*** 0.136*** 0.094***  -_ - 

Sales workers 0.061 0.057 0.134*** 0.033*** - - 

Machinery operators and drivers 0.062 0.030*** 0.077*** 0.045*** - - 

Labourers 0.062 0.040*** 0.200*** 0.077*** - - 

Private sector employee (%) 0.687 0.551*** 0.809*** 0.988*** - - 

Other job characteristics (%)     

  

Have access to paid holiday 

leave 0.963 0.863*** 0.047*** - - - 

Have access to paid sick leave 0.964 0.871*** 0.051*** - - - 

Potential mediating factors       
Log of level of equi. HH income 

of respondent 11.012 11.005 10.635*** 10.806*** 0.929*** 10.420*** 

Hours worked per week in the 

main job 40.030 39.319*** 25.101*** 40.985*** -          - 

Employment shocks       
Fired or made redundant in past 

year 0.021 0.043*** 0.073*** 0.023 0.419*** 0.038*** 

Changed jobs in past year 0.154 0.302*** 0.348*** 0.124*** 0.433*** 0.053*** 

Person-wave observations (N) 37,382 4,977 7,942 8,905 2,414 11,376 

Notes: The statistics reported in the table were calculated using unweighted longitudinal data from the HILDA 

survey for the analysis sample. Asterisks indicate statistically significant differences in characteristics using 

permanent employment as the reference category (first column) based on t-tests. *** indicate that the differences 

are significant at the 0.01 level, ** at the 0.05 level and * at the 0.10 level. The estimates for other variables used 

in the analyses, such as industry dummies, are available upon request. P-values for t-test were also computed 

considering the panel nature of the data (using syv mean test), and the results were qualitatively similar. 

2.6. Econometric methodology 

To allow for the rank order in the hardship measure without making any assumptions 

about the relative degree of difference between each of the individual hardships, I treat my 

financial hardship index variable as an ordinal scale. This implies that the respondent’s level 

of financial hardship (or underlying latent scale) is increasing with the frequency of each 

affirmative response to the hardship questions. In the sensitivity analysis I also estimate models 

where I treat my hardship index as a cardinal measure. 

I estimate fixed-effects ordered-logit regression models of the following form for men 

and women in different family types:8 

           𝑓𝑖𝑡
∗ = 𝛽𝐸𝑖𝑡

′ + 𝛿𝑋𝑖𝑡
′ +  ƞ𝑖 +  𝜇𝑡 +  휀𝑖𝑡,       𝑖 = 1, … , 𝑁      𝑡 = 1, … , 𝑇                            (1) 

                                                           
8 The Lagrange-multiplier (LM) test rejected Ordinary least squares in favour of random effects with a p-value of 

0.000 for both men and women in each of the sub-samples. The Hausman-Wu test rejected random effects in 

favour of fixed-effects models with a p-value of 0.000 for both men and women in each of the sub-samples, 

indicating a significant correlation between time-invariant omitting variables and observed variables. 
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where  𝑓𝑖𝑡
∗ is a latent index describing financial hardships of person 𝑖 at time period 𝑡; 𝐸𝑖𝑡 is a 

vector of dummy variables identifying the type of employment arrangement held by person 𝑖; 

𝑋𝑖𝑡 is a vector of a person’s other time-varying observable characteristics; 𝛽 and 𝛿 are the 

vectors of coefficients; ƞ𝑖 is a time-invariant person-specific unobserved term; 𝜇𝑡 is a time (or 

wave) fixed-effect; and 휀𝑖𝑡  is an idiosyncratic error term. The latent variable is tied to the 

observed ordered variable 𝑓𝑖𝑡 by the observation rule:  

        𝑓𝑖𝑡 = 𝑘  𝑖𝑓   𝜏𝑖𝑘 <  𝑓𝑖𝑡
∗ ≤  𝜏𝑖𝑘+1,       𝑘 = 0, … ,7                                                              (2) 

The fixed-effects ordered-logit model assumes that the 휀𝑖𝑡 terms are independently and 

identically distributed with a logistic distribution. The estimation of non-linear fixed-effects 

models, such as the ordered-logit model, is complicated by the incidental parameters problem 

(Lancaster, 2000). The usual approach adopted to obtain consistent estimates of β is to 

dichotomize the ordered outcome variable at a cut-off point and then apply a conditional 

maximum likelihood (CML) estimation (Chamberlain, 1980). However, this approach ignores 

individuals who do not cross the dichotomous cut-off over time. I use an alternative estimator 

proposed by Baetschmann, Staub, and Winkelmann (2015) known as the ‘Blow-Up and 

Cluster’ (BUC) estimator that is consistent and asymptotically efficient. This estimator uses all 

the available variation in the ordered outcome variable; it is more efficient; it outperforms 

existing alternative estimators (Generalized Method of Moments, Empirical Likelihood, 

Minimum Distance) if the ordered dependent variable displays extremely low responses for 

some categories (as in my study); and it produces robust estimates even in small samples.  

In practice, the BUC estimator is implemented by replacing every person-year 

observation in the sample by K-1 copies of itself (hence, ‘blowing up’ the data) and then 

dichotomizing each of the K-1 copies of the person at each threshold/cut-off point. The 

resulting binary logit models are estimated using CML, and standard errors are clustered at the 

individual level to account for the interdependence of person-year copies of observation. The 

resulting coefficients are combined by jointly estimating all dichotomizations subject to the 

restriction 𝛽𝑘 =  𝛽 𝑘 = 1, … , 𝐾. Given its advantages, this estimator has been used in many 

recent studies (for example, Bell, Otterbach, and Sousa-Poza (2012) and Buddelmeyer, 

McVicar, and Wooden (2015)). The coefficients 𝛽 in my ordered logit models are interpreted 

as the approximate effect of a change in employment status on the odds ratio 

Pr(𝑓𝑖𝑡 > 𝑘)/ Pr(𝑓𝑖𝑡 ≤ 𝑘) for all 𝑘. 
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The use of a fixed-effects method exploits the within-individual variation in both the 

experience of financial hardship and employment status, thus mitigating the endogeneity 

arising from unobserved individual time-invariant heterogeneity that might be correlated with 

financial hardships and employment status. The empirical analysis also controls for an 

extensive set of time-varying observed factors, such as mental and physical health, union 

membership, industry and occupation, thus minimizing the endogeneity arising from omitted 

variable bias. 

2.7. Multivariate results 

I estimate fixed-effects ordered-logit models separately for men and women within each 

family type using the BUC estimator. The results for men and women are given in Tables 2.3 

and 2.4, respectively. I consider three specifications increasing in controls. Model A lists 

estimates from my baseline specification that only includes individual and time fixed-effects. 

Model B in the next column adds controls for arguably exogenous time-varying observed 

factors, including age, education, area of residence, an indicator for the mode of interview, 

dummies for the month of the interview and an indicator of whether the respondent was 

observed in the sample at t+1. Model C adds controls that may be endogenous. These include 

controls for mental and physical health, health shock, union status, the number of jobs held in 

the preceding financial year, industry, occupation and private sector employee status as well as 

a binary indicator if the information for the person’s mental or physical health was missing. 

2.7.1 Results for men 

Table 2.3 lists regression coefficient estimates and clustered robust standard errors from 

the fixed-effects ordered-logit models for men in couple families (partnered men) with 

dependent children (first panel), men in couple families without dependent children (second 

panel) and single men (third panel). For brevity, the table only lists the coefficients and standard 

errors for the measures of employment arrangements (extended results are provided in the 

appendices).  
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Table 2.3. Two-way fixed-effects ordered-logit model regression results for men for number 

of types of financial hardship faced since the start of the calendar year 

  (Model A) (Model B) (Model C) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls for 

health & job 

characteristics  

Men in couple families with dependents (N=8,783) 

Fixed-term 0.102 0.114 0.033 

 (0.208) (0.205) (0.203) 

Casual 0.671*** 0.681*** 0.548*** 

 (0.158) (0.159) (0.162) 

Self-employment 0.174 0.183 0.156 

 (0.197) (0.198) (0.210) 

Unemployment 1.088*** 1.091*** 1.380*** 

 (0.229) (0.227) (0.403) 

Out of the labour force 0.957*** 0.962*** 1.193*** 

 (0.213) (0.215) (0.422) 

Men in couple families without dependents (N=3,977) 

Fixed-term 0.359 0.369 0.378 

 (0.262) (0.266) (0.291) 

Casual 0.727*** 0.726*** 0.655*** 

 (0.206) (0.205) (0.221) 

Self-employment 0.993*** 1.016*** 1.014*** 

 (0.304) (0.307) (0.325) 

Unemployment 1.174*** 1.201*** 2.648*** 

 (0.282) (0.285) (0.557) 

Out of the labour force 1.523*** 1.457*** 2.868*** 

 (0.252) (0.270) (0.548) 

Single men (N=5,175) 

Fixed-term 0.118 0.189 0.115 

 (0.290) (0.293) (0.307) 

Casual 0.481** 0.476** 0.389* 

 (0.202) (0.204) (0.220) 

Self-employment 0.957*** 0.886*** 0.872*** 

 (0.262) (0.265) (0.264) 

Unemployment 1.289*** 1.324*** 0.729 

 (0.265) (0.274) (0.548) 

Out of the labour force 0.976*** 0.987*** 0.235 

 (0.260) (0.259) (0.556) 

 Notes: The reference category is men with permanent or ongoing employment within each family type. Model A 

includes only individual and year fixed-effects. Standard errors are clustered at the individual level and are given 

in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level.   

In the ordered-logit model, we can interpret the coefficients in terms of log odds by 

calculating [exp(β)-1]*100. For example, for partnered men with dependent children, I find 

that compared to permanent employment, casual employment increases the odds of 

experiencing more financial hardships by about 73% (or exactly by [exp(0.548)-1]*100)) after 
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I control for exogenous and potentially endogenous variables in the final specification (model 

C). In contrast, the associations between fixed-term employment and financial hardship are not 

significant in any of the specifications. For partnered men without dependent children, casual 

employment but not fixed-term employment is significantly associated with increased financial 

hardships in all the specifications compared to permanent employment. For single men, I find 

that compared to permanent employment, casual employment is significantly associated with 

more financial hardship in Models A and B. However, the magnitude and significance of the 

casual employment coefficient declines noticeably in the final specification (Model C), which 

adds measures for potentially endogenous variables, and it remains significant only at 10%. In 

addition, I find no significant associations between fixed-term employment and financial 

hardship for single men.  

In addition, the results suggest that for partnered men without dependent children and 

for single men, self-employment is significantly associated with increased financial hardship 

compared to permanent employment. In contrast, for partnered men with dependent children, 

I do not find any significant association between self-employment and financial hardships 

compared to permanent employment. Furthermore, unemployment and being out of the labour 

force are significantly associated with increased financial hardships for men in all sub-samples 

except for single men, where estimates for unemployment and being out of the labour force 

become insignificant once controls for health and job characteristics are added.9 

2.7.2 Results for women 

Table 2.4 reports regression coefficient estimates and clustered robust standard errors 

from the fixed-effects ordered-logit models for women in couple families (partnered women) 

with dependent children (first panel), women in couple families without dependent children 

(second panel), single women with dependent children (third panel) and single women 

(panel(iv)). For brevity, the table only lists the coefficients and standard errors for the measures 

of employment arrangements (extended results are provided in the appendices). 

The results reveal that for partnered women with and without dependent children as 

well as for single mothers, casual employment is significantly associated with increased 

financial hardship in all the specifications compared to permanent employment. In contrast, for 

                                                           
9 However, standard errors increase significantly, possibly due to the multicollinearity problem discussed earlier.  
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single women, casual employment is not significantly associated with increased financial 

hardship compared to permanent employment.  

Fixed-term employment is not significantly associated with increased financial 

hardship for women in any of the sub-samples. In fact, estimates for fixed-term employment 

for single women are negative, although they are not significant at conventional levels. 

Table 2.4. Two-way fixed-effects ordered-logit model regression results for women for 

number of types of financial hardship faced since the start of the calendar year 

  (Model A) (Model B) (Model C) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job charac. 

Women in couple families with dependents (N=9,915) 

Fixed-term 0.136 0.138 0.174 

 (0.205) (0.207) (0.209) 

Casual 0.586*** 0.583*** 0.546*** 

 (0.154) (0.153) (0.156) 

Self-employment 0.241 0.258 0.300 

 (0.202) (0.201) (0.212) 

Unemployment 0.566*** 0.559*** 0.712* 

 (0.197) (0.197) (0.431) 

Out of the labour force 0.363** 0.346** 0.475 

 (0.144) (0.143) (0.407) 

Women in couple families without dependents (N=4,255) 

Fixed-term 0.257 0.254 0.328 

 (0.253) (0.259) (0.266) 

Casual 1.018*** 0.910*** 0.778*** 

 (0.214) (0.211) (0.228) 

Self-employment 0.942*** 0.879** 0.871*** 

 (0.334) (0.342) (0.310) 

Unemployment 1.337*** 1.300*** 1.969*** 

 (0.329) (0.324) (0.700) 

Out of the labour force 1.285*** 1.219*** 1.762*** 

 (0.242) (0.236) (0.636) 

Single women with dependents (N=4,591) 

Fixed-term -0.019 -0.005 -0.084 

 (0.336) (0.331) (0.323) 

Casual 0.686*** 0.702*** 0.675*** 

 (0.214) (0.206) (0.210) 

Self-employment 0.599 0.568 0.892** 

 (0.398) (0.395) (0.453) 

Unemployment 1.123*** 1.138*** 0.295 

 (0.269) (0.262) (0.766) 

Out of the labour force 0.945*** 0.971*** 0.055 

 (0.211) (0.209) (0.727) 

                                                                                                                                                          (Continued) 
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Table 2.4. Continued.  

  (Model A) (Model B) (Model C) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job charac.  

Single women (N=3,908) 

Fixed-term -0.360 -0.401* -0.422 

 (0.227) (0.240) (0.260) 

Casual 0.186 0.201 0.249 

 (0.236) (0.241) (0.263) 

Self-employment 0.677 0.574 0.937* 

 (0.506) (0.519) (0.520) 

Unemployment 0.814*** 0.744** 0.159 

 (0.306) (0.327) (0.662) 

Out of the labour force 0.687** 0.698** 0.040 

 (0.305) (0.321) (0.688) 

 Notes: The reference category is women with permanent or ongoing employment within each family type. Model 

A includes only individual and year fixed-effects. Standard errors are clustered at the individual level and are 

given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 

  

In addition, the results suggest that self-employment is significantly associated with 

increased hardships for partnered women without dependents but not for partnered women with 

dependents. For single mothers and single women, the estimates for self-employment are 

imprecise due to the small sample size issue. Hence, it is not possible to draw conclusions for 

these two categories.   

The findings for self-employment suggest that compared to permanent employment, 

self-employment might not be disadvantageous for partnered men and women with carer 

responsibilities in terms of their financial hardship experiences. It might offer them greater 

flexibility to manage and share childcare and other household responsibilities, resulting in 

economic gains by saving on the cost of formal childcare and paying for other household work. 

Alternatively, these findings may reflect self-selection into self-employment based on 

unobservable time-varying factors, an issue worth investigating in future research.  

For women, unemployment and being out of the labour force are significantly 

associated with increased financial hardship in all sub-samples in Models A and B. In the 

specification that adds controls for job characteristics, the standard errors for unemployment 

and being out of the labour force increase considerably, leading to imprecise estimates.   
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2.7.3 Effects of covariates 

I find that for both men and women in all sub-samples, poor mental health is 

significantly associated with increased financial hardships. Poor physical functioning is 

significantly associated with increased hardships for men and women in all sub-samples except 

for partnered men without dependents and single men and women. In addition, the findings 

suggest that living in remote areas is associated with fewer financial hardships for women in 

all family types, but for men this is true only for partnered men without dependents. Finally, 

being a private-sector employee is significantly associated with increased financial hardship 

for men and women in couple families without dependents. 

2.8. Mediating factors and sensitivity analyses 

2.8.1 Exploring potential mediating factors  

I examine whether the significance and magnitude of the effects change when I control 

for potential mediating factors in my model, i.e. level of income, number of hours worked and 

experiences such as job loss and job change. If most negative effects of non-permanent 

employment, particularly casual employment, arise because of these characteristics, we would 

expect the estimates to decline noticeably in magnitude and significance once I control for 

these characteristics.  

The results of the mediating factors analysis are presented in Table 2.5 for men and 

Table 2.6 for women. For brevity, the tables only list the coefficients and standard errors for 

my two types of non-permanent employment forms: fixed-term and casual employment 

(extended results are provided in the appendices). The first columns of both tables simply show 

the main results from Model C from tables 2.3 and 2.4 respectively. In the second columns of 

the tables, I add a control for the log of the person’s gross total household income adjusted by 

the OECD equivalence scale. In the third columns, I add a control for hours worked; finally, in 

the fourth columns, I add two controls for the two measures of employment shocks: job loss 

and job change in the 12 months preceding the date of the interview.  

For men, the results for fixed-term employment remain qualitatively unchanged. In 

other words, the finding of no significant association between fixed-term employment and 

financial hardship is robust to the inclusion of potential mediating factors in the model. In 

contrast, the inclusion of potential mediating factors noticeably alters the strength of 

association between casual employment and financial hardship for men. When I control for the 
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level of household income and hours worked, the coefficient estimates for casual employment 

decline in magnitude for men in all sub-samples. Finally, when measures for job loss and job 

change are added, the coefficient estimates for casual employment decline considerably in 

magnitude, and they are no longer significant at conventional levels in all sub-samples for men. 

These findings suggest that the strong positive association between casual employment and 

financial hardship is largely explained by fewer hours of work and a higher vulnerability to 

employment shocks (e.g. job loss and job change). 

For women, the results for fixed-term employment remain qualitatively unchanged 

after the inclusion of potential mediating factors in all sub-samples except for women living 

alone. For single women, the inclusion of potential mediating factors results in a negative and 

significant association between fixed-term employment and financial hardship. Moving to 

casual employment, the inclusion of potential mediating factors noticeably reduces the 

magnitude of the estimates of casual employment for women in all sub-samples. For partnered 

women without dependents, the coefficient estimate for casual employment even becomes 

insignificant at conventional levels. However, for partnered women with dependents and single 

mothers, the coefficient estimate for casual employment remains statistically significant at 5%. 

In other words, for women with carer responsibilities (partnered as well as single mothers), 

there remains a significant positive association between casual employment and financial 

hardship.  

Table 2.5. The effect of potential mediating factors on coefficient estimates for men  

  (1) (2) (3) (4) 

  

Baseline 

results 

      Plus 

control for 

HH income 

Plus control 

for hours 

worked 

Plus controls 

for emp. 

shocks 

Men in couple families with dependents (N=8,783) 

Fixed-term 0.033 0.043 0.023 0.002 

 (0.203) (0.202) (0.204) (0.201) 

Casual 0.548*** 0.541*** 0.406** 0.271* 

 (0.162) (0.161) (0.160) (0.161) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.114** -0.107* -0.109* 

  (0.058) (0.060) (0.060) 

Hours worked per week in the main job   -0.020*** -0.019*** 

   (0.005) (0.005) 

Employment shocks     

Fired or made redundant in past year    0.540*** 

    (0.170) 

Changed jobs in past year    0.367*** 

    (0.111) 

                                                                                                                                                                 (Continued) 
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Table 2.5. Continued.  

  (1) (2) (3) (4) 

  

Baseline 

results 

Plus 

control for 

HH income 

Plus 

control for 

hours 

worked 

Plus 

controls for 

emp. 

shocks 

Men in couple families without dependents (N=3,977) 

Fixed-term 0.378 0.364 0.422 0.413 

 (0.291) (0.287) (0.295) (0.293) 

Casual 0.655*** 0.650*** 0.519** 0.441* 

 (0.221) (0.224) (0.227) (0.227) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.273* -0.213* -0.210* 

  (0.157) (0.117) (0.115) 

Hours worked per week in the main job   -0.030*** -0.029*** 

   (0.007) (0.007) 

Employment shocks     

Fired or made redundant in past year    0.363* 

    (0.217) 

Changed jobs in past year    0.131 

    (0.172) 

Single men (N=5,175) 

Fixed-term 0.115 0.106 0.099 0.075 

 (0.307) (0.308) (0.315) (0.305) 

Casual 0.389* 0.379* 0.229 0.088 

 (0.220) (0.220) (0.223) (0.222) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.053 -0.057 -0.060 

  (0.041) (0.041) (0.041) 

Hours worked per week in the main job   -0.019*** -0.018*** 

   (0.007) (0.007) 

Employment shocks     

Fired or made redundant in past year    0.740*** 

    (0.236) 

Changed jobs in past year    0.359** 

        (0.182) 

Notes: The reference category is men with permanent or ongoing employment within each family type. Column 

(1) shows results from Model C of Table 2.3. Standard errors are clustered at the individual level and are given in 

parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level.  
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Table 2.6. The effect of potential mediating factors on coefficient estimates for women  

  (1) (2) (3) (4) 

  

Baseline 

results 

Plus control 

for HH 

income 

Plus control 

for hours 

worked 

Plus 

controls for 

emp. 

shocks 

Women in couple families with dependents (N=9,915) 

Fixed-term 0.174 0.184 0.169 0.130 

 (0.209) (0.208) (0.206) (0.207) 

Casual 0.546*** 0.519*** 0.425*** 0.406** 

 (0.156) (0.158) (0.164) (0.166) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.197*** -0.202*** -0.200*** 

  (0.062) (0.062) (0.062) 

Hours worked per week in the main job   -0.011** -0.012** 

   (0.005) (0.005) 

Employment shocks     

Fired or made redundant in past year    0.060 

    (0.215) 

Changed jobs in past year    0.295** 

    (0.122) 

Women in couple families without dependents (N=4,255) 

Fixed-term 0.328 0.329 0.318 0.289 

 (0.266) (0.266) (0.263) (0.261) 

Casual 0.778*** 0.774*** 0.584** 0.493* 

 (0.228) (0.228) (0.250) (0.254) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.097 -0.104 -0.099 

  (0.091) (0.095) (0.094) 

Hours worked per week in the main job   -0.018** -0.018** 

   (0.008) (0.008) 

Employment shocks     

Fired or made redundant in past year    -0.019 

    (0.247) 

Changed jobs in past year    0.401** 

        (0.156) 

                                                                                                                                                                 (Continued) 
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Table 2.6. Continued.  

  (1) (2) (3) (4) 

  

Baseline 

results 

Plus 

control for 

HH income 

Plus 

control for 

hours 

worked 

Plus 

controls for 

emp. 

shocks 

Single women with dependents (N=4,591) 

Fixed-term -0.084 -0.046 -0.033 -0.031 

 (0.323) (0.331) (0.333) (0.335) 

Casual 0.675*** 0.591*** 0.461** 0.460** 

 (0.210) (0.208) (0.219) (0.219) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.680*** -0.665*** -0.670*** 

  (0.180) (0.181) (0.181) 

Hours worked per week in the main job   -0.016* -0.016* 

   (0.008) (0.008) 

Employment shocks     

Fired or made redundant in past year    0.216 

    (0.312) 

Changed jobs in past year    -0.034 

    (0.184) 

Single women (N=3,908) 

Fixed-term -0.422 -0.481* -0.459* -0.462* 

 (0.260) (0.264) (0.268) (0.273) 

Casual 0.249 0.212 0.079 0.011 

 (0.263) (0.260) (0.269) (0.277) 

Potential mediating factors     

Log total gross equi. HH income of the respondent  -0.196** -0.188** -0.193** 

  (0.085) (0.082) (0.084) 

Hours worked per week in the main job   -0.018** -0.018** 

   (0.008) (0.008) 

Employment shocks     

Fired or made redundant in past year    1.050*** 

    (0.226) 

Changed jobs in past year    0.212 

        (0.198) 

Notes: The reference category is women with permanent or ongoing employment within each family type. Column 

(1) shows results from Model C of Table 2.4. Standard errors are clustered at the individual level and are given in 

parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 

The findings for women with dependents contrast with the findings for men with 

dependents where estimates for casual employment fail to retain significance when mediating 

factors are added. This suggest that other factors, such as having access to paid carer/sick leave, 

might be more important for women with carer responsibilities to manage their household and 

childcare duties without suffering the loss of income because it remains that women largely 
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take prime carer responsibilities in their families. Moreover, evidence from previous studies 

suggests that scheduling flexibility associated with casual jobs more frequently is created to 

increase employment flexibility for employers rather than workers’ time flexibility preferences  

(OECD, 2002; Pocock, Prosser, & Bridge, 2004).  

It is important to highlight the caveats associated with these results. The employment 

shock measures capture events that can occur anytime in the 12 months preceding the interview 

date. This means that shock events might not necessarily capture the experience associated with 

the employment contract the person reported at the time of the interview. Nonetheless, 

descriptive findings from this study and empirical research on casual employment have 

consistently shown that reduced work hours and experiences of job loss and job change are 

much more common among casual employees compared to employees in permanent and fixed-

term employment arrangements. 

2.8.2 Sensitivity analysis 

Several analyses were conducted to investigate the sensitivity of the main results and 

the potential mediating factors results to alternative functional forms, additional controls and 

an alternative measure of the hardship index. First, I consider whether my results are robust if 

I treat the financial hardship index (𝑓𝑖𝑡) as a cardinal measure by running two-way linear fixed-

effects regression models of the count of hardships. For men, the results remain qualitatively 

similar to those reported in the chapter. Only exceptions are that for partnered men with 

dependents the estimate for casual employment in the final model with all the controls 

including mediating factors still remains significant at 5%. And for women with caring 

responsibilities, the estimate for casual employment in the final model remains significant at 

10% level. The results of these sensitivity analyses are provided in Appendix 2.A12.  

Second, I incorporate lags for the physical and mental health controls. Mental and 

physical health might be endogenous if financial hardships affect health outcomes. This could 

be more problematic in my analysis given that mental and physical health are measured at the 

time (or the previous four weeks preceding the interview) of the interview and hardships are 

measured from the start of the year. Hence, I also control for mental and physical health at the 

previous wave in the models. A comparison of the estimates suggests that the findings are 

qualitatively similar to those reported in the chapter for men and women in all subsamples. The 

only exception is that the estimates for casual employment in the final model are stronger for 

partnered women. The results of these sensitivity analyses are provided in Appendix 2.A13. 
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Third, I exclude the ‘inability to heat home’ variable from the financial hardship index 

because the responses to it could be influenced by the geographical location/climate of the 

places where the respondents live. The findings are qualitatively similar to those reported in 

the chapter. The results of these sensitivity analyses are provided in Appendix 2.A14. 

Fourth, following Bray (2001), I restrict the index to include only acute hardships 

(pawning or selling belongings, going without meals, an inability to heat the home, asking for 

help from welfare or community organizations) and excluded the following cash flow/financial 

management problem variables: unable to pay utility bills on time, unable to pay rent/mortgage 

on time and asking financial help from friends and family. However, it should be noted that the 

incidence of the acute hardships is very low in the sample, particularly among women (see 

Table 1). Hence, estimates might be imprecise due to the small effective sample size. I find 

that the results remain qualitatively similar for men, but the estimates for all employment types 

are noticeably larger in magnitude. For women, I find that the results are qualitatively similar 

for single mothers and single women, but again, the magnitudes of the estimates for fixed-term 

and casual estimates are noticeably larger. For partnered women, the standard errors of all 

estimates become large due to the small effective sample size but the direction of the 

association between employment type and financial hardship remain largely similar to the main 

findings of the chapter. The results of these sensitivity analyses are provided in Appendix 

2.A15. 

2.9. Discussion and conclusion 

This chapter uses rich longitudinal data from the HILDA survey to examine the 

association between non-permanent employment and financial hardship separately among men 

and women. The results indicate that the relationship between non-permanent employment and 

financial hardship is heterogeneous.  

The descriptive analyses reveal that the incidence of financial hardship is relatively high 

among those in non-permanent employment arrangements compared to those in permanent 

employment. As expected, unemployed people and those out of the labour force report a 

significantly higher number of financial hardships compared to those employed in permanent 

and non-permanent jobs. The descriptive analyses further reveal significant differences among 

people working in different employment arrangements in terms of their personal, demographic, 

economic and work-related characteristics. 
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The results from the multivariate models confirm the strong association between casual 

employment and financial hardships observed in the descriptive analysis for both men and 

women in most household types. However, the results of the multivariate analyses reveal that 

for both men and women in all household types, fixed-term employment is not significantly 

associated with financial hardship. The findings from the multivariate analysis also highlighted 

some exceptions, such as the lack of significant association between casual employment and 

financial hardship for single women. Also, for single men, the positive association between 

casual employment and financial hardship is significant but only at 10%.    

The multivariate findings suggest that the results are not driven by the lack of 

permanency in a job. Factors such as stable pay and certainty regarding the length of 

employment are important to overcome financial stress. Unlike casual employees, the level of 

earnings under fixed-term contracts is high and not variable during the contract period. In 

addition, while these jobs are for a fixed period, there is no uncertainty regarding the contract 

termination date, which allows an individual to plan accordingly in terms of obtaining his/her 

next job. Moreover, most fixed-term employees have access to paid time off and work for 40 

hours per week on average. 

The results from the additional analysis suggest that a low-income level, insufficient 

work hours and experiences of job loss and job change that might result in volatile/unstable 

income are important mediating factors which cause employees increased financial hardship. 

And given that the experiences of job loss/change and unstable income are relatively common 

among casual workers, it is reasonable to suggest that it is these features of casual employment 

that are largely responsible for their higher levels of financial hardship. Once the effects of 

these factors are considered in the empirical models, the significant positive estimates of casual 

employment on financial hardship decline considerably in magnitude and significance for men 

in all sub-samples. A similar pattern is observed for partnered women without carer 

responsibilities and single women. For partnered women with carer responsibilities and single 

mothers, these factors explain some association; however, casual employment per se continues 

to have a strong positive association with financial hardship experiences. 

There are some important caveats to the findings in this chapter. First, while the 

estimation methodology and rich nature of the HILDA data allow me to control for unobserved 

time-invariant factors, common shocks and an extensive set of time-varying observed 

characteristics, other unobserved time-varying factors cannot not be controlled for, leaving the 
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possibility that endogeneity will arise from omitted variable bias. Second, one cannot 

completely rule out the possibility that experiencing severe hardships (such as going without 

food for long) could affect employment prospects for at least some people although that 

proportion is likely to be very negligible in the general Australian population. In such a case, 

the results of this study do not necessarily merit a causal interpretation.   

With these caveats, I draw out the following implications for policy. The significantly 

higher number of hardships faced by the unemployed and those out of the labour force clearly 

suggests that having a job is better than not having one to avoid financial hardships. Therefore, 

if casual jobs are ‘stepping stones’ for people to (re-)enter the labour market and eventually 

move to more stable/permanent employment, then these jobs might improve the economic 

well-being of people in the long term. However, if a large proportion of workers in casual jobs 

are trapped in these precarious and insecure forms of employment, the significant association 

between casual employment and financial hardships found in this study may provide sufficient 

grounds for interventions. The mediating factors analysis suggests the dimensions of casual 

employment that should be the subject of interventions such as regulation of employment 

conditions that lower the vulnerability of casual workers to inadequate numbers of work hours 

and/or frequent job separations. 
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2.11. Appendices 

Table 2.A1. Means of the variables used in the analysis 

Variable Mean Std. Dev. Min Max 

Employment variables     
Permanent 0.511 0.500 0 1 

Fixed-term 0.068 0.252 0 1 

Casual 0.109 0.311 0 1 

Self-employment 0.122 0.327 0 1 

Unemployment 0.033 0.179 0 1 

OOLF 0.156 0.362 0 1 

Other variables     

Gender 0.532 0.499 0 1 

Couples with dependents 0.476 0.461 0 1 

Couples without dependents 0.307 0.461 0 1 

Lone parents with dependents  0.063 0.243 0 1 

Single-persons  0.154 0.361 0 1 

18-24 years 0.109 0.311 0 1 

25-34 years 0.267 0.443 0 1 

45-54 years 0.335 0.472 0 1 

Postgraduate 0.046 0.210 0 1 

Bachelor, honours or grad dip  0.231 0.422 0 1 

Diploma or Cert. III or IV 0.326 0.469 0 1 

Living in regional area 0.351 0.477 0 1 

Living in remote area 0.019 0.136 0 1 

Aboriginal or Torres Strait Islander (%) 0.021 0.145 0 1 

Non-respondent at next wave 0.147 0.354 0 1 

Telephonic interview 0.055 0.229 0 1 

Long-term health condition affecting work     

No condition 0.809 0.393 0 1 

Mild effect (no work limitation) 0.068 0.252 0 1 

Moderate effect (limits in some way) 0.119 0.324 0 1 

Suffered from serious personal injury 0.072 0.258 0 1 

Physical functioning (based on SF-36) 70.786 19.956 0 100 

Mental health (based on SF-36) 73.841 16.891 0 100 

Jobs held in last financial year      

One job 0.663 0.473 0 1 

Multiple (two or more) 0.180 0.384 0 1 

Member of union 0.214 0.410 0 1 

Occupation (%)     

Managers and professionals 0.322 0.467 0 1 

Technicians and Trades Workers 0.114 0.317 0 1 

Community and Personal Service 0.080 0.271 0 1 

Clerical and Administrative Workers 0.129 0.335 0 1 

Sales Workers 0.054 0.226 0 1 

Machinery Operators and Drivers 0.048 0.213 0 1 
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Private sector employee  0.598 0.490 0 1 

Have access to paid holiday leave 0.557 0.497 0 1 

Have access to paid sick leave 0.559 0.497 0 1 

Industry (%)     

Agriculture, Forestry and Fishing 0.023 0.151 0 1 

Mining 0.015 0.122 0 1 

Manufacturing 0.079 0.269 0 1 

Electricity, gas, water & Waste services 0.009 0.093 0 1 

Construction 0.065 0.246 0 1 

Wholesale Trade 0.028 0.164 0 1 

Retail Trade 0.068 0.252 0 1 

Accommodation and Food Services 0.036 0.187 0 1 

Transport, Postal and Warehousing 0.035 0.184 0 1 

Information Media and Telecom. 0.020 0.141 0 1 

Financial and Insurance Services 0.034 0.181 0 1 

Rental, hiring & real estate services 0.011 0.104 0 1 

Professional, Scientific and Technology 0.067 0.250 0 1 

Administrative and Support Service 0.024 0.153 0 1 

Public Administration and Safety 0.061 0.240 0 1 

Education and Training 0.085 0.279 0 1 

Health Care and Social Assistance 0.106 0.308 0 1 

Arts and Recreation Services  0.013 0.115 0 1 

Log of total gross equi. HH income of respondent 10.830 0.881 0 

 

14.04798 

Fired or made redundant in past year 0.038 0.191 0 1 

Changed jobs in past year 0.169 0.375 0 1 

Hours worked per week in the main job 30.916 19.551 0 140 

Person-wave observations (N)       73,149 

Note: The statistics reported in the table were calculated using unweighted longitudinal data from the HILDA 

survey. 
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Table 2.A2. Percent of individuals for whom their answer to different hardship questions 

each year matches/agree with their partner in HILDA data 

  2001 2002 2003 2004 2005 2006 2007 2008 2009 2011 2012 2013 

Type of financial hardship           
Could not pay 

utility bills on 

time 83.85 84.01 86.73 85.71 86.25 87.79 87.19 86.60 86.21 86.67 86.09 86.68 

Asked financial 

help from 

friends/family 86.05 86.90 87.89 87.83 87.19 88.86 87.52 87.44 88.13 86.57 87.28 87.49 

Could not pay 

mortgage or 

rent on time 88.75 89.03 89.83 90.11 90.99 91.62 90.21 90.94 90.49 90.39 90.58 91.22 

Pawned or sold 

something 89.71 91.14 91.52 91.53 92.40 92.43 92.26 92.83 92.47 91.37 91.15 91.38 

Was unable to 

heat home 92.35 92.84 93.78 93.08 93.75 94.62 93.70 93.92 93.93 93.22 93.12 93.62 

Went without 

meals when 

hungry 92.37 92.66 93.56 92.56 93.65 93.67 93.55 93.45 93.33 93.41 93.49 93.47 

Asked help 

from welfare 

organization 91.78 92.77 93.20 92.91 93.13 93.45 93.60 93.61 93.59 93.37 93.24 93.36 

Overall concordance                   90.79 

Note: The statistics reported in the table were calculated using unweighted longitudinal data from the HILDA 

survey.    
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Table 2.A3. Average number of types of financial hardship experienced by different types of 

employment arrangements conditional on gender and family type 

  
Couples with 

dependents 

Couple without 

dependents  

Lone parents with 

dependents  

Single-persons 

 
  Males Females Males Females Males Females Males Females 

Employment contract type       

Permanent 0.345   

(0.009) 

0.328   

(0.009) 

0.284 

(0.010) 

0.267 

(0.009) 

0.676   

(0.070) 

0.792    

(0.033) 

0.502 

(0.019) 

0.513   

(0.021) 

Fixed-term 0.398* 

(0.029) 

0.358   

(0.027) 

0.345**   

(0.029) 

0.311* 

(0.024) 

0.783    

(0.259) 

0.825   

(0.085) 

0.630**  

(0.062) 

0.521    

(0.047) 

Casual 0.911***   

(0.044) 

0.523***+++  

(0.022) 

0.778***  

(0.045) 

0.603***+++  

(0.032) 

0.970*   

(0.163) 

1.325***++   

(0.064) 

1.308***  

(0.064) 

1.162***   

(0.062) 

Self-

employment 
0.412***   

(0.017) 

0.408***   

(0.022) 

0.398***  

(0.015) 

0.352***   

(0.030) 

1.0333**   

(0.161) 

1.063***  

(0.115) 

0.890***   

(0.057) 

0.719***    

(0.083) 

Unemployment 1.451***   

(0.090) 

1.182***++  

(0.077) 

1.473***  

(0.108) 

1.287***   

(0.091) 

1.283***   

(0.206) 

1.989***++   

(0.115) 

1.833***   

(0.113) 

2.158***+   

(0.146) 

OOLF 1.448***  

(0.062) 

0.771***+++   

(0.019) 

0.951*** 

(0.054) 

0.579***+++  

(0.030) 

1.830***  

(0.169) 

1.963***  

(0.053) 

1.497***  

(0.070) 

1.606***  

(0.067) 

Person-wave 

obs. (N)  16,600 18,222 10,650 11,818 711 3,906 6,256 4,986 

Notes: The statistics reported in the table were calculated using unweighted longitudinal data from the HILDA 

survey. Asterisks indicate statistically significant differences in means using permanent employment as the 

reference category (first row) based on t-tests. * indicate that the differences are significant at 0.10 level, ** at 

0.05 level and *** at 0.01 level. Plus (+) indicate statistically significant differences in means between men and 

women in same employment type and same family type based on t-tests. + indicate that the differences are 

significant at 0.10 level, ++ at 0.05 level and +++ at 0.01 level. 

 

Table 2.A4. SCQ response conditional on employment arrangements 

    Permanent Fixed-term Casual 

Self-

emp. Unemployed OOLF 

SCQ response status      

No response  9.97 10.12 12.42 12.30 16.19 11.69 

Response 90.03 89.88 87.58*** 87.70*** 83.81*** 88.31*** 

Note: The statistics reported in the table were calculated using unweighted longitudinal data from the HILDA 

survey. * implies that means are statistically different from means in the first row, i.e., individuals employed on 

permanent contracts at 0.10 level, ** at 0.05 level and *** at 0.01 level. 
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Table 2.A5. Expanded regression results for men in couple families with dependents 

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES No controls 

Plus 

controls for 

background 

& attrition 

Plus controls 

for health & 

job 

characteristics  

Plus 

controls 

for 

mediating 

factors 

Type of employment arrangement (ref: Permanent contract)   

Fixed-term 0.102 0.114 0.033 0.002 

 (0.208) (0.205) (0.203) (0.201) 

Casual 0.671*** 0.681*** 0.548*** 0.271* 

 (0.158) (0.159) (0.162) (0.161) 

Self-employment 0.174 0.183 0.156 0.090 

 (0.197) (0.198) (0.210) (0.215) 

Unemployment 1.088*** 1.091*** 1.380*** 0.515 

 (0.229) (0.227) (0.403) (0.441) 

Out of the labour force 0.957*** 0.962*** 1.193*** 0.486 

 (0.213) (0.215) (0.422) (0.459) 

Age (Ref: 35-44 years)     

18-24 years  -0.078 -0.171 -0.182 

  (0.379) (0.363) (0.371) 

25-34 years  0.106 0.087 0.085 

  (0.195) (0.192) (0.195) 

45-54 years  -0.119 -0.173 -0.133 

  (0.255) (0.255) (0.256) 

Highest level of education achieved (ref: Year 12 or less)    

Postgraduate  0.454 0.795 0.644 

  (1.043) (1.186) (1.184) 

Bachelor, honours or grad dip   0.567 0.786 0.875 

  (0.838) (0.966) (0.921) 

Diploma or Cert. III or IV  0.299 0.325 0.424 

  (0.310) (0.320) (0.315) 

Area of residence (ref: city)     

Regional area  0.249 0.101 0.094 

  (0.247) (0.239) (0.245) 

Remote area  0.850 1.358** 1.339** 

  (0.865) (0.647) (0.667) 

Telephonic interview  -0.016 0.026 0.071 

  (0.210) (0.216) (0.233) 

Non-respondent in next wave  -0.215 -0.232 -0.206 

  (0.193) (0.184) (0.186) 

Health controls     

Long term health condition affecting work (ref: Severe condition)   
No condition   0.688 0.655 

   (0.500) (0.483) 

Mild effect (no work limitation)   0.951* 0.957* 

   (0.524) (0.512) 

Moderate effect (limits in some way but not 

completely)   0.750 0.707 

   (0.482) (0.460) 

Suffered from serious personal injury   0.376*** 0.359** 

   (0.136) (0.140) 
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Physical functioning (based on SF-36)   -0.009** -0.009** 

   (0.004) (0.004) 

Mental health (based on SF-36)   -0.015*** -0.016*** 

   (0.003) (0.003) 

Physical functioning (based on SF-36) missing   -0.579 -0.639 

   (0.480) (0.474) 

Mental health (based on SF-36) missing   0.375 0.367 

   (0.666) (0.622) 

Job factors      
Jobs held in last financial year (ref: held no 

job)     

One job   -0.097 -0.098 

   (0.192) (0.192) 

Multiple (two or more)   0.301 0.089 

   (0.209) (0.213) 

Member of union/employee association   -0.184 -0.127 

   (0.150) (0.152) 

Occupation (ref: Labourers)     

Managers or professional   0.091 0.197 

   (0.238) (0.230) 

Technicians and Trades Workers   0.221 0.250 

   (0.206) (0.203) 

Community and Personal Service Work   0.240 0.233 

   (0.349) (0.325) 

Clerical and Administrative Workers   0.026 0.009 

   (0.287) (0.279) 

Sales Workers   0.408 0.454 

   (0.302) (0.300) 

Machinery Operators and Drivers   0.232 0.208 

   (0.252) (0.251) 

Private sector employee   0.202 0.226 

   (0.231) (0.230) 

Potential mediating factors     
Log total gross equi. HH income of the 

respondent    -0.109* 

    (0.060) 

Hours worked per week in the main job    -0.019*** 

    (0.005) 

Employment shocks     

Fired or made redundant in past year    0.540*** 

    (0.170) 

Changed job in past year    0.367*** 

    (0.111) 

     

Person-wave observations (N) 8,783 8,783 8,783 8,783 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.3 panel 1, and Model D 

shows expanded results from the final column (Model 4) of Table 2.5 panel 1. In addition to those reported, models 

B, C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A6. Expanded regression results for men in couple families without dependents  

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES No controls 

Plus 

controls for 

background 

& attrition 

Plus controls 

for health & 

job 

characteristics  

Plus 

controls 

for 

mediating 

factors 

Type of employment arrangement (ref: Permanent contract)   

Fixed-term 0.359 0.369 0.378 0.413 

 (0.262) (0.266) (0.291) (0.293) 

Casual 0.727*** 0.726*** 0.655*** 0.441* 

 (0.206) (0.205) (0.221) (0.227) 

Self-employment 0.993*** 1.016*** 1.014*** 0.927*** 

 (0.304) (0.307) (0.325) (0.311) 

Unemployment 1.174*** 1.201*** 2.648*** 1.616*** 

 (0.282) (0.285) (0.557) (0.600) 

Out of the labour force 1.523*** 1.457*** 2.868*** 1.865*** 

 (0.252) (0.270) (0.548) (0.585) 

Age (Ref: 35-44 years)     
18-24 years  0.233 0.298 0.275 

  (0.498) (0.523) (0.509) 

25-34 years  0.143 0.138 0.105 

  (0.356) (0.372) (0.364) 

45-54 years  0.057 0.140 0.103 

  (0.525) (0.499) (0.517) 

Highest level of education achieved (ref: Year 

12 or less)     
Postgraduate  1.163 2.872* 3.470** 

  (1.452) (1.517) (1.466) 

Bachelor, honours or grad dip   -0.940 -0.552 -0.364 

  (0.941) (0.993) (1.000) 

Diploma or Cert. III or IV  0.112 0.131 0.113 

  (0.416) (0.416) (0.408) 

Area of residence (ref: city)     
Regional area  -0.036 0.025 0.062 

  (0.288) (0.296) (0.286) 

Remote area  -1.532* -1.764** -1.599** 

  (0.784) (0.805) (0.783) 

Telephonic interview  -0.185 -0.294 -0.324 

  (0.320) (0.320) (0.314) 

Non-respondent in next wave  0.084 -0.000 -0.014 

  (0.219) (0.234) (0.244) 

Health controls     
Long term health condition affecting work (ref: Severe condition)    
No condition   -0.813* -0.639 

   (0.478) (0.487) 

Mild effect (no work limitation)   -0.532 -0.368 

   (0.488) (0.494) 

Moderate effect (limits in some way but not 

completely)   -0.461 -0.293 

   (0.413) (0.430) 

Suffered from serious personal injury   -0.136 -0.183 

   (0.191) (0.196) 
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Physical functioning (based on SF-36)   -0.002 -0.003 

   (0.006) (0.006) 

Mental health (based on SF-36)   -0.021*** -0.021*** 

   (0.005) (0.005) 

Physical functioning (based on SF-36) missing   -1.477*** -1.505*** 

   (0.567) (0.567) 

Mental health (based on SF-36) missing   0.119 0.190 

   (1.096) (1.016) 

Job factors      
Jobs held in last financial year (ref: held no job)     
One job   0.051 0.010 

   (0.306) (0.320) 

Multiple (two or more )   0.268 0.113 

   (0.329) (0.353) 

Member of union/employee association   0.087 0.130 

   (0.240) (0.248) 

Occupation (ref: Labourers)     
Managers or professional   0.455 0.700** 

   (0.321) (0.342) 

Technicians and Trades Workers   0.691** 0.846** 

   (0.315) (0.329) 

Community and Personal Service Work   0.253 0.290 

   (0.454) (0.466) 

Clerical and Administrative Workers   0.850** 0.990** 

   (0.402) (0.400) 

Sales Workers   0.519 0.661 

   (0.476) (0.474) 

Machinery Operators and Drivers   -0.316 -0.208 

   (0.357) (0.364) 

Private sector employee   0.536* 0.577* 

   (0.318) (0.332) 

Potential mediating factors     
Log total gross equi. HH income of the 

respondent    -0.210* 

    (0.115) 

Hours worked per week in the main job    -0.029*** 

    (0.007) 

Employment shocks     
Fired or made redundant in past year    0.363* 

    (0.217) 

Changed job in past year    0.131 

    (0.172) 
     

Person-wave observations (N) 3,977 3,977 3,977 3,977 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.3 panel 2, and Model D 

shows expanded results from the final column (Model 4) of Table 2.5 panel 2. In addition to those reported, models 

B,C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A7. Expanded regression results for single men 

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES 

No 

controls 

Plus 

controls for 

background 

& attrition 

Plus controls for 

health & job 

characteristics  

Plus 

controls 

for 

mediating 

factors 

Type of employment arrangement (ref: Permanent contract)   

Fixed-term 0.118 0.189 0.115 0.075 

 (0.290) (0.293) (0.307) (0.305) 

Casual 0.481** 0.476** 0.389* 0.088 

 (0.202) (0.204) (0.220) (0.222) 

Self-employment 0.957*** 0.886*** 0.872*** 0.812*** 

 (0.262) (0.265) (0.264) (0.262) 

Unemployment 1.289*** 1.324*** 0.729 -0.100 

 (0.265) (0.274) (0.548) (0.596) 

Out of the labour force 0.976*** 0.987*** 0.235 -0.516 

 (0.260) (0.259) (0.556) (0.603) 

Age (Ref: 35-44 years)     

18-24 years  -0.275 -0.460 -0.576 

  (0.504) (0.508) (0.510) 

25-34 years  0.081 0.053 0.023 

  (0.301) (0.311) (0.306) 

45-54 years  -0.362 -0.402 -0.309 

  (0.288) (0.275) (0.261) 

Highest level of education achieved (ref: 

Year 12 or less)     

Postgraduate  1.611 2.105 2.269 

  (1.657) (1.752) (1.856) 

Bachelor, honours or grad dip   0.271 0.248 0.043 

  (0.545) (0.603) (0.527) 

Diploma or Cert. III or IV  -0.515 -0.542 -0.603 

  (0.497) (0.542) (0.524) 

Area of residence (ref: city)     

Regional area  -0.084 -0.009 -0.086 

  (0.256) (0.266) (0.260) 

Remote area  0.180 0.396 0.429 

  (0.455) (0.544) (0.539) 

Telephonic interview  -0.708*** -0.518** -0.472* 

  (0.268) (0.241) (0.242) 

Non-respondent in next wave  -0.052 -0.034 0.010 

  (0.209) (0.206) (0.214) 

Health controls     
Long term health condition affecting work (ref: Severe 

condition)    
No condition   -0.851* -0.853* 

   (0.443) (0.453) 

Mild effect (no work limitation)   -0.866* -0.892* 

   (0.473) (0.475) 

Moderate effect (limits in some way but not 

completely)   -0.577 -0.598 

   (0.416) (0.423) 

Suffered from serious personal injury   0.130 0.071 

   (0.168) (0.168) 



49 
 

Physical functioning (based on SF-36)   -0.005 -0.005 

   (0.006) (0.006) 

Mental health (based on SF-36)   -0.021*** -0.022*** 

   (0.004) (0.004) 

Physical functioning (based on SF-36) 

missing   -0.043 -0.053 

   (0.775) (0.775) 

Mental health (based on SF-36) missing   0.076 0.033 

   (0.993) (1.020) 

Job factors      
Jobs held in last financial year (ref: held no 

job)     

One job   0.207 0.189 

   (0.212) (0.221) 

Multiple (two or more)   0.371 0.103 

   (0.260) (0.278) 

Member of union/employee association   -0.348 -0.339 

   (0.221) (0.227) 

Occupation (ref: Labourers)     

Managers or professional   -0.594 -0.554 

   (0.368) (0.362) 

Technicians and Trades Workers   -0.412 -0.369 

   (0.289) (0.296) 

Community and Personal Service Work   -0.388 -0.295 

   (0.470) (0.467) 

Clerical and Administrative Workers   -0.248 -0.236 

   (0.387) (0.384) 

Sales Workers   -0.103 -0.104 

   (0.471) (0.475) 

Machinery Operators and Drivers   -0.202 -0.061 

   (0.360) (0.366) 

Private sector employee   -0.175 -0.156 

   (0.296) (0.300) 

Potential mediating factors     
Log total gross equi. HH income of the 

respondent    -0.060 

    (0.041) 

Hours worked per week in the main job    -0.018*** 

    (0.007) 

Employment shocks     

Fired or made redundant in past year    0.740*** 

    (0.236) 

Changed job in past year    0.359** 

    (0.182) 

Person-wave observations (N) 5,175 5,175 5,175 5,175 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.3 panel 3, and Model D 

shows expanded results from the final column (Model 4) of Table 2.5 panel 3. In addition to those reported, models 

B,C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A8. Expanded regression results for women in couple families with dependents 

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES No controls 

Plus controls 

for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics 

Plus controls for 

mediating 

factors 

Type of employment arrangement (ref: Permanent contract)     

Fixed-term 0.136 0.138 0.174 0.130 

 (0.205) (0.207) (0.209) (0.207) 

Casual 0.586*** 0.583*** 0.546*** 0.406** 

 (0.154) (0.153) (0.156) (0.166) 

Self-employment 0.241 0.258 0.300 0.216 

 (0.202) (0.201) (0.212) (0.216) 

Unemployment 0.566*** 0.559*** 0.712* 0.341 

 (0.197) (0.197) (0.431) (0.444) 

Out of the labour force 0.363** 0.346** 0.475 0.132 

 (0.144) (0.143) (0.407) (0.413) 

Age (Ref: 35-44 years)     

18-24 years  -0.010 0.039 0.014 

  (0.310) (0.319) (0.314) 

25-34 years  -0.147 -0.115 -0.120 

  (0.170) (0.171) (0.169) 

45-54 years  -0.003 -0.008 -0.045 

  (0.232) (0.227) (0.229) 

Highest level of education achieved 

(ref: Year 12 or less)     

Postgraduate  -0.622 -0.244 -0.160 

  (0.774) (0.772) (0.762) 

Bachelor, honours or grad dip   -0.655 -0.555 -0.453 

  (0.465) (0.444) (0.445) 

Diploma or Cert. III or IV  -0.267 -0.226 -0.214 

  (0.252) (0.247) (0.245) 

Area of residence (ref: city)     

Regional area  0.053 0.107 0.096 

  (0.203) (0.196) (0.194) 

Remote area  -3.737*** -3.780*** -3.800*** 

  (1.143) (1.135) (1.146) 

Telephonic interview  0.347* 0.296 0.330 

  (0.199) (0.207) (0.208) 

Non-respondent in next wave  -0.075 -0.030 -0.034 

  (0.184) (0.189) (0.189) 

Health controls     
Long term health condition affecting work (ref: Severe 

condition)    

No condition   0.092 0.115 

   (0.504) (0.475) 

Mild effect (no work limitation)   -0.015 0.016 

   (0.524) (0.493) 

Moderate effect (limits in some way but 

not completely)   0.195 0.209 

   (0.472) (0.441) 

Suffered from serious personal injury   0.031 0.041 

   (0.140) (0.141) 
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Physical functioning (based on SF-36)   -0.008** -0.008** 

   (0.003) (0.003) 

Mental health (based on SF-36)   -0.020*** -0.020*** 

   (0.003) (0.003) 

Physical functioning (based on SF-36) 

missing   0.235 0.289 

   (0.422) (0.421) 

Mental health (based on SF-36) missing   -0.976 -1.030 

   (0.754) (0.770) 

Job factors      
Jobs held in last financial year (ref: held 

no job)     

One job   0.047 0.069 

   (0.127) (0.128) 

Multiple (two or more)   0.140 0.028 

   (0.165) (0.176) 

Member of union/employee association   -0.117 -0.094 

   (0.179) (0.182) 

Occupation (ref: Labourers)     

Managers or professional   -0.305 -0.268 

   (0.267) (0.272) 

Technicians and Trades Workers   0.008 0.008 

   (0.370) (0.376) 

Community and Personal Service Work   -0.270 -0.274 

   (0.268) (0.266) 

Clerical and Administrative Workers   -0.184 -0.182 

   (0.288) (0.290) 

Sales Workers   -0.125 -0.126 

   (0.291) (0.295) 

Machinery Operators and Drivers   -0.282 -0.306 

   (0.478) (0.484) 

Private sector employee   -0.171 -0.191 

   (0.183) (0.184) 

Potential mediating factors     
Log total gross equi. household income 

of the respondent    -0.200*** 

    (0.062) 

Hours worked per week in the main job    -0.012** 

    (0.005) 

Employment shocks     
Fired or made redundant in past year    0.060 

    (0.215) 

Changed job in past year    0.295** 

    (0.122) 

Person-wave observations (N) 9,915 9,915 9,915 9,915 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.4 panel 1, and Model D 

shows expanded results from the final column (Model 4) of Table2. 6 panel 1. In addition to those reported, models 

B,C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A9. Expanded regression results for women in couple families without dependents 

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES No controls 

Plus 

controls for 

background 

& attrition 

Plus controls 

for health & 

job 

characteristics  

Plus 

controls 

for 

mediating 

factors 

Type of employment arrangement (ref: Permanent contract)     

Fixed-term 0.257 0.254 0.328 0.289 

 (0.253) (0.259) (0.266) (0.261) 

Casual 1.018*** 0.910*** 0.778*** 0.493* 

 (0.214) (0.211) (0.228) (0.254) 

Self-employment 0.942*** 0.879** 0.871*** 0.796** 

 (0.334) (0.342) (0.310) (0.316) 

Unemployment 1.337*** 1.300*** 1.969*** 1.354* 

 (0.329) (0.324) (0.700) (0.725) 

Out of the labour force 1.285*** 1.219*** 1.762*** 1.178* 

 (0.242) (0.236) (0.636) (0.666) 

Age (Ref: 35-44 years)     

18-24 years  1.118** 0.984* 1.069** 

  (0.520) (0.531) (0.509) 

25-34 years  1.180*** 1.171*** 1.233*** 

  (0.416) (0.431) (0.408) 

45-54 years  -0.247 -0.398 -0.459 

  (0.404) (0.392) (0.397) 

Highest level of education achieved (ref: Year 12 or less)    

Postgraduate  -18.067*** -18.192*** 

-

17.724*** 

  (1.156) (1.434) (1.659) 

Bachelor, honours or grad dip   -2.710*** -3.662*** -3.805** 

  (1.025) (1.315) (1.566) 

Diploma or Cert. III or IV  -0.465 -0.640* -0.675* 

  (0.372) (0.363) (0.355) 

Area of residence (ref: city)     

Regional area  0.231 0.289 0.263 

  (0.349) (0.334) (0.333) 

Remote area  -1.225** -1.050* -1.051* 

  (0.588) (0.573) (0.570) 

Telephonic interview  -0.147 -0.163 -0.200 

  (0.309) (0.286) (0.291) 

Non-respondent in next wave  -0.182 -0.170 -0.141 

  (0.228) (0.239) (0.244) 

Health controls     

Long term health condition affecting work (ref: Severe condition)    

No condition   0.107 0.213 

   (0.583) (0.558) 

Mild effect (no work limitation)   0.143 0.251 

   (0.603) (0.572) 

Moderate effect (limits in some way but not 

completely)   0.113 0.169 

   (0.566) (0.537) 

Suffered from serious personal injury   0.140 0.128 

   (0.176) (0.178) 
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Physical functioning (based on SF-36)   -0.010** -0.010* 

   (0.005) (0.005) 

Mental health (based on SF-36)   -0.016*** -0.016*** 

   (0.005) (0.005) 

Physical functioning (based on SF-36) missing   -0.238 -0.217 

   (0.536) (0.543) 

Mental health (based on SF-36) missing   1.338 1.379 

   (1.042) (1.095) 

Job factors      
Jobs held in last financial year (ref: held no 

job)     

One job   0.007 0.013 

   (0.249) (0.248) 

Multiple (two or more)   -0.137 -0.311 

   (0.269) (0.266) 

Member of union/employee association   0.037 0.065 

   (0.285) (0.285) 

Occupation (ref: Labourers)     

Managers or professional   -0.098 0.021 

   (0.369) (0.364) 

Technicians and Trades Workers   -0.293 -0.200 

   (0.444) (0.447) 

Community and Personal Service Work   0.012 0.012 

   (0.454) (0.440) 

Clerical and Administrative Workers   -0.049 0.022 

   (0.347) (0.342) 

Sales Workers   0.379 0.390 

   (0.405) (0.404) 

Machinery Operators and Drivers   1.055 1.078 

   (0.812) (0.791) 

Private sector employee   0.543** 0.556** 

   (0.231) (0.229) 

Potential mediating factors     
Log total gross equi. household income of the 

respondent    -0.099 

    (0.094) 

Hours worked per week in the main job    -0.018** 

    (0.008) 

Employment shocks     

Fired or made redundant in past year    -0.019 

    (0.247) 

Changed job in past year    0.401** 

    (0.156) 

Person-wave observations (N) 4,255 4,255 4,255 4,255 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.4 panel 2, and Model D 

shows expanded results from the final column (Model 4) of Table 2.6 panel 2. In addition to those reported, models 

B,C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A10. Expanded regression results for single women with dependents 

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES No controls 

Plus 

controls for 

background 

& attrition 

Plus controls 

for health & 

job 

characteristics 

Plus 

controls 

for 

mediating 

factors 

Type of employment arrangement (ref: Permanent contract)     

Fixed-term -0.019 -0.005 -0.084 -0.031 

 (0.336) (0.331) (0.323) (0.335) 

Casual 0.686*** 0.702*** 0.675*** 0.460** 

 (0.214) (0.206) (0.210) (0.219) 

Self-employment 0.599 0.568 0.892** 0.805* 

 (0.398) (0.395) (0.453) (0.463) 

Unemployment 1.123*** 1.138*** 0.295 0.003 

 (0.269) (0.262) (0.766) (0.823) 

Out of the labour force 0.945*** 0.971*** 0.055 -0.218 

 (0.211) (0.209) (0.727) (0.784) 

Age (Ref: 35-44 years)     

18-24 years  -0.412 -0.702 -0.791* 

  (0.431) (0.447) (0.452) 

25-34 years  0.078 -0.045 -0.026 

  (0.265) (0.264) (0.264) 

45-54 years  -0.193 -0.237 -0.218 

  (0.318) (0.313) (0.311) 

Highest level of education achieved (ref: 

Year 12 or less)     

Postgraduate  -0.194 -0.642 -0.289 

  (1.811) (1.735) (1.780) 

Bachelor, honours or grad dip   0.433 0.246 0.366 

  (0.546) (0.529) (0.511) 

Diploma or Cert. III or IV  -0.086 -0.158 -0.076 

  (0.324) (0.359) (0.355) 

Area of residence (ref: city)     

Regional area  -0.608 -0.795* -0.919** 

  (0.423) (0.414) (0.436) 

Remote area  -0.275 -0.443 -0.476 

  (1.049) (1.041) (1.168) 

Telephonic interview  0.145 0.235 0.215 

  (0.272) (0.288) (0.293) 

Non-respondent in next wave  0.111 0.134 0.151 

  (0.242) (0.256) (0.253) 

Health controls     

Long term health condition affecting work (ref: Severe condition)    
No condition   -1.138* -1.017* 

   (0.622) (0.583) 

Mild effect (no work limitation)   -1.193* -1.100* 

   (0.664) (0.625) 

Moderate effect (limits in some way but not 

completely)   -1.222** -1.145** 

   (0.609) (0.569) 

Suffered from serious personal injury   -0.078 -0.047 

   (0.188) (0.192) 



55 
 

Physical functioning (based on SF-36)   -0.011** -0.011** 

   (0.005) (0.005) 

Mental health (based on SF-36)   -0.018*** -0.017*** 

   (0.004) (0.004) 

Physical functioning (based on SF-36) 

missing   -0.428 -0.416 

   (0.657) (0.659) 

Mental health (based on SF-36) missing   -0.011 0.048 

   (0.811) (0.817) 

Job factors      
Jobs held in last financial year (ref: held no 

job)     

One job   -0.343* -0.308* 

   (0.184) (0.180) 

Multiple (two or more)   -0.048 0.014 

   (0.257) (0.273) 

Member of union/employee association   -0.462 -0.417 

   (0.281) (0.290) 

Occupation (ref: Labourers)     

Managers or professional   0.216 0.268 

   (0.388) (0.384) 

Technicians and Trades Workers   -0.679 -0.781 

   (0.688) (0.744) 

Community and Personal Service Work   -0.232 -0.172 

   (0.369) (0.362) 

Clerical and Administrative Workers   -0.478 -0.457 

   (0.422) (0.419) 

Sales Workers   0.200 0.170 

   (0.387) (0.399) 

Machinery Operators and Drivers   -1.257* -1.171* 

   (0.690) (0.698) 

Private sector employee   -0.062 -0.075 

   (0.251) (0.243) 

Potential mediating factors     
Log total gross equi. household income of 

the respondent    -0.670*** 

    (0.181) 

Hours worked per week in main job    -0.016* 

    (0.008) 

Employment shocks     

Fired or made redundant in past year    0.216 

    (0.312) 

Changed job in past year    -0.034 

    (0.184) 

Hours worked per week in main job    -0.016* 

    (0.008) 

Person-wave observations (N) 4,591 4,591 4,591 4,591 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.4 panel 3, and Model D 

shows expanded results from the final column (Model 4) of Table 2.6 panel 3. In addition to those reported, models 

B,C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A11. Expanded regression results for single women 

  (Model A) (Model B) (Model C) (Model D) 

VARIABLES No controls 

Plus 

controls for 

background 

& attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls for 

mediating factors 

Type of employment arrangement (ref: Permanent contract)     

Fixed-term -0.360 -0.401* -0.422 -0.462* 

 (0.227) (0.240) (0.260) (0.273) 

Casual 0.186 0.201 0.249 0.011 

 (0.236) (0.241) (0.263) (0.277) 

Self-employment 0.677 0.574 0.937* 0.715 

 (0.506) (0.519) (0.520) (0.477) 

Unemployment 0.814*** 0.744** 0.159 -0.527 

 (0.306) (0.327) (0.662) (0.699) 

Out of the labour force 0.687** 0.698** 0.040 -0.639 

 (0.305) (0.321) (0.688) (0.705) 

Age (Ref: 35-44 years)     

18-24 years  0.124 0.151 0.322 

  (0.594) (0.619) (0.624) 

25-34 years  -0.323 -0.203 -0.064 

  (0.387) (0.399) (0.399) 

45-54 years  -0.107 -0.275 -0.312 

  (0.409) (0.393) (0.405) 

Highest level of education achieved (ref: 

Year 12 or less)     

Postgraduate  -0.146 -0.552 -0.433 

  (0.806) (0.883) (0.884) 

Bachelor, honours or grad dip   0.821 0.847 0.984 

  (0.661) (0.633) (0.659) 

Diploma or Cert. III or IV  -0.552 -0.579 -0.668 

  (0.498) (0.469) (0.475) 

Area of residence (ref: city)     

Regional area  -0.494* -0.539* -0.439 

  (0.299) (0.300) (0.314) 

Remote area  -0.058 -0.094 -0.210 

  (0.531) (0.550) (0.581) 

Telephonic interview  0.141 0.326 0.223 

  (0.316) (0.330) (0.327) 

Non-respondent in next wave  0.045 0.048 0.056 

  (0.228) (0.238) (0.238) 

Health controls     
Long term health condition affecting work (ref: Severe 

condition)    

No condition   -0.706 -0.683 

   (0.494) (0.594) 

Mild effect (no work limitation)   -0.765 -0.705 

   (0.505) (0.592) 

Moderate effect (limits in some way but not 

completely)   -0.341 -0.442 

   (0.454) (0.565) 

Suffered from serious personal injury   0.280 0.276 

   (0.187) (0.187) 
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Physical functioning (based on SF-36)   -0.003 -0.003 

   (0.005) (0.005) 

Mental health (based on SF-36)   -0.014*** -0.014*** 

   (0.005) (0.005) 

Physical functioning (based on SF-36) 

missing   2.327*** 2.105** 

   (0.811) (0.989) 

Mental health (based on SF-36) missing   -2.784*** -2.500** 

   (0.978) (1.095) 

Job factors      
Jobs held in last financial year (ref: held no 

job)     

One job   0.076 -0.031 

   (0.245) (0.259) 

Multiple (two or more)   0.465* 0.199 

   (0.265) (0.299) 

Member of union/employee association   0.128 0.146 

   (0.304) (0.272) 

Occupation (ref: Labourers)     

Managers or professional   -0.896* -0.874* 

   (0.475) (0.504) 

Technicians and Trades Workers   0.078 -0.017 

   (0.581) (0.582) 

Community and Personal Service Work   -0.214 -0.144 

   (0.481) (0.518) 

Clerical and Administrative Workers   0.123 0.095 

   (0.509) (0.521) 

Sales Workers   -0.659 -0.720 

   (0.526) (0.538) 

Machinery Operators and Drivers   0.753 0.359 

   (0.657) (0.633) 

Private sector employee   -0.376 -0.292 

   (0.303) (0.298) 

Potential mediating factors     
Log total gross equi. household income of 

the respondent    -0.193** 

    (0.084) 

Hours worked per week in main job    -0.018** 

    (0.008) 

Employment shocks     

Fired or made redundant in past year    1.050*** 

    (0.226) 

Changed job in past year    0.212 

    (0.198) 

Person-wave observations (N) 3,908 3,908 3,908 3,908 

Notes: Models A, B and C show expanded results from Models A, B and C in Table 2.4 panel 4, and Model D 

shows expanded results from the final column (Model 4) of Table 2.6 panel 4. In addition to those reported, models 

B,C and D include dummies for each month to control for differences in date of the interviews and models C and 

D additionally include 18 dummies for industry of main job. Standard errors are clustered at the individual level 

and are given in parentheses. *Significant at the .10 level; ** at the .05 level; *** at the .01 level. 
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Table 2.A12a. Sensitivity results for men- treating financial hardship index as a cardinal 

measure 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls 

for 

background & 

attrition 

Plus controls 

for health & job 

characteristics  

Plus controls 

for mediating 

factors 

Men in couple families with dependents (N=16,600) 

Fixed-term 0.014 0.012 -0.000 -0.010 

 (0.033) (0.033) (0.032) (0.032) 

Casual 0.207*** 0.206*** 0.186*** 0.121** 

 (0.052) (0.052) (0.052) (0.052) 

Self-employment 0.038 0.038 0.040 0.024 

 (0.041) (0.041) (0.042) (0.042) 

Unemployment 0.417*** 0.417*** 0.496*** 0.265** 

 (0.093) (0.092) (0.114) (0.119) 

Out of the labour force 0.333*** 0.338*** 0.406*** 0.215* 

  (0.081) (0.082) (0.112) (0.117) 

Men in couple families without dependents (N=10,650) 

Fixed-term 0.086** 0.087** 0.092** 0.081** 

 (0.037) (0.037) (0.037) (0.037) 

Casual 0.174*** 0.172*** 0.166*** 0.109* 

 (0.058) (0.058) (0.059) (0.059) 

Self-employment 0.246*** 0.250*** 0.256*** 0.242*** 

 (0.063) (0.063) (0.063) (0.062) 

Unemployment 0.287*** 0.284*** 0.486*** 0.243* 

 (0.098) (0.099) (0.136) (0.144) 

Out of the labour force 0.397*** 0.387*** 0.568*** 0.341*** 

  (0.065) (0.064) (0.112) (0.120) 

Single men (N=6,256) 

Fixed-term 0.066 0.067 0.050 0.032 

 (0.064) (0.063) (0.062) (0.063) 

Casual 0.206*** 0.203** 0.186** 0.066 

 (0.080) (0.080) (0.081) (0.082) 

Self-employment 0.273*** 0.263*** 0.238*** 0.187** 

 (0.094) (0.093) (0.090) (0.088) 

Unemployment 0.591*** 0.589*** 0.331* -0.020 

 (0.115) (0.114) (0.190) (0.206) 

Out of the labour force 0.370*** 0.373*** 0.075 -0.250 

  (0.116) (0.116) (0.192) (0.207) 

Notes: The reference category is men in permanent or ongoing employment within each family type. Standard 

errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** at the 

.05 level; *** at the .01 level. 

 

  



59 
 

Table 2.A12b. Sensitivity results for women- treating financial hardship index as a cardinal 

measure 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls 

for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls 

for mediating 

factors 

Women in couple families with dependents (N=18,222) 

Fixed-term 0.035 0.036 0.035 0.031 

 (0.030) (0.030) (0.030) (0.030) 

Casual 0.097*** 0.095*** 0.084*** 0.053* 

 (0.028) (0.028) (0.027) (0.028) 

Self-employment 0.047 0.046 0.050 0.030 

 (0.039) (0.039) (0.041) (0.041) 

Unemployment 0.157*** 0.150*** 0.169* 0.098 

 (0.053) (0.053) (0.093) (0.093) 

Out of the labour force 0.076*** 0.072*** 0.088 0.024 

 (0.027) (0.027) (0.081) (0.081) 

Women in couple families without dependents (N=11,818) 

Fixed-term 0.026 0.030 0.031 0.026 

 (0.032) (0.032) (0.032) (0.032) 

Casual 0.177*** 0.164*** 0.148*** 0.098** 

 (0.039) (0.038) (0.038) (0.040) 

Self-employment 0.166*** 0.159*** 0.165*** 0.156*** 

 (0.061) (0.060) (0.059) (0.059) 

Unemployment 0.419*** 0.407*** 0.474*** 0.325** 

 (0.092) (0.091) (0.145) (0.150) 

Out of the labour force 0.252*** 0.240*** 0.300*** 0.166 

 (0.045) (0.044) (0.106) (0.110) 

Single women with dependents (N=3,906) 

Fixed-term -0.022 -0.031 -0.074 -0.064 

 (0.109) (0.108) (0.106) (0.107) 

Casual 0.265*** 0.261*** 0.228*** 0.169* 

 (0.086) (0.085) (0.084) (0.088) 

Self-employment 0.186 0.166 0.175 0.179 

 (0.190) (0.192) (0.192) (0.191) 

Unemployment 0.543*** 0.527*** 0.181 0.056 

 (0.137) (0.133) (0.280) (0.294) 

Out of the labour force 0.450*** 0.435*** 0.054 -0.056 

  (0.100) (0.098) (0.261) (0.276) 

                                                                                                                                                                (Continued) 
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Table 2.A12b. Continued 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls 

for background 

& attrition 

Plus controls 

for health & 

job 

characteristics 

Plus controls 

for mediating 

factors 

Single women (N=4,986) 

Fixed-term -0.063 -0.061 -0.072 -0.081 

 (0.059) (0.059) (0.059) (0.058) 

Casual 0.128 0.122 0.127* 0.030 

 (0.078) (0.078) (0.077) (0.080) 

Self-employment 0.162 0.158 0.256* 0.213 

 (0.151) (0.150) (0.152) (0.142) 

Unemployment 0.498*** 0.474*** 0.318 0.017 

 (0.137) (0.139) (0.207) (0.224) 

Out of the labour force 0.348*** 0.334*** 0.149 -0.105 

  (0.110) (0.111) (0.193) (0.205) 

Notes: The reference category is women in permanent or ongoing employment within each family type. Standard 

errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** at the .05 

level; *** at the .01 level. 

Table 2.A13a. Sensitivity results for men- control for mental and physical health at the previous 

wave  

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls for 

mediating 

factors 

Men in couple families with dependents (N=7,987) 

Fixed-term 0.124 0.104 0.020 -0.025 

 (0.222) (0.220) (0.213) (0.212) 

Casual 0.623*** 0.610*** 0.466*** 0.200 

 (0.170) (0.171) (0.170) (0.172) 

Self-employment 0.231 0.215 0.178 0.096 

 (0.204) (0.206) (0.223) (0.229) 

Unemployment 1.058*** 1.029*** 1.173*** 0.252 

 (0.254) (0.256) (0.441) (0.486) 

Out of the labour force 1.021*** 1.014*** 1.182*** 0.434 

  (0.224) (0.226) (0.453) (0.498) 

Men in couple families without dependents (N=3,258) 

Fixed-term 0.356 0.396 0.317 0.353 

 (0.308) (0.306) (0.355) (0.356) 

Casual 0.855*** 0.765*** 0.641** 0.455* 

 (0.226) (0.233) (0.258) (0.254) 

Self-employment 1.307*** 1.358*** 1.526*** 1.383*** 

 (0.334) (0.335) (0.346) (0.340) 

Unemployment 1.279*** 1.292*** 2.915*** 1.943*** 

 (0.315) (0.323) (0.650) (0.701) 

Out of the labour force 1.556*** 1.455*** 2.984*** 2.088*** 

  (0.287) (0.300) (0.627) (0.664) 

                                                                                                                                                                 (Continued) 
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Table 2.A13a. Continued 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls for 

mediating 

factors 

Single men (N=4,721) 

Fixed-term 0.017 0.086 -0.050 -0.057 

 (0.289) (0.294) (0.306) (0.312) 

Casual 0.508** 0.468** 0.403* 0.065 

 (0.213) (0.212) (0.230) (0.236) 

Self-employment 0.961*** 0.908*** 0.886*** 0.831*** 

 (0.267) (0.271) (0.263) (0.264) 

Unemployment 1.256*** 1.283*** 0.853 -0.089 

 (0.287) (0.293) (0.600) (0.644) 

Out of the labour force 1.096*** 1.074*** 0.497 -0.372 

  (0.274) (0.270) (0.605) (0.650) 

Notes: The reference category is men in permanent or ongoing employment within each family type. Standard 

errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** at the 

.05 level; *** at the .01 level. 

Table 2.A13b. Sensitivity results for women- control for mental and physical health at the 

previous wave 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls 

for mediating 

factors 

Women in couple families with dependents (N=9,115) 

Fixed-term 0.123 0.119 0.158 0.120 

 (0.209) (0.211) (0.213) (0.211) 

Casual 0.626*** 0.630*** 0.615*** 0.492*** 

 (0.163) (0.163) (0.165) (0.174) 

Self-employment 0.245 0.279 0.332 0.265 

 (0.206) (0.204) (0.216) (0.220) 

Unemployment 0.516** 0.510** 0.249 -0.090 

 (0.209) (0.208) (0.453) (0.467) 

Out of the labour force 0.327** 0.315** 0.038 -0.287 

 (0.154) (0.153) (0.426) (0.432) 

Women in couple families without dependents (N=3,626) 

Fixed-term 0.408 0.386 0.471* 0.436 

 (0.272) (0.283) (0.283) (0.279) 

Casual 1.111*** 1.047*** 0.865*** 0.631** 

 (0.241) (0.243) (0.264) (0.286) 

Self-employment 1.054*** 0.973*** 0.950*** 0.886** 

 (0.366) (0.372) (0.342) (0.349) 

Unemployment 1.528*** 1.464*** 2.365*** 1.809** 

 (0.351) (0.343) (0.815) (0.850) 

Out of the labour force 1.335*** 1.319*** 2.095*** 1.513* 

 (0.256) (0.247) (0.742) (0.779) 

                                                                                                                                               (Continued) 
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Table 2.A13b. Continued 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls 

for background 

& attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls 

for mediating 

factors 

Single women with dependents (N=4,304)  

Fixed-term 0.144 0.149 0.086 0.193 

 (0.361) (0.353) (0.339) (0.353) 

Casual 0.654*** 0.659*** 0.653*** 0.415* 

 (0.216) (0.208) (0.210) (0.218) 

Self-employment 0.738* 0.679* 1.102** 1.012** 

 (0.420) (0.413) (0.454) (0.464) 

Unemployment 1.190*** 1.199*** 0.818 0.494 

 (0.276) (0.269) (0.800) (0.867) 

Out of the labour force 0.975*** 0.988*** 0.533 0.224 

  (0.216) (0.213) (0.753) (0.820) 

Single women (N=3,516) 

Fixed-term -0.368 -0.419 -0.505* -0.519* 

 (0.238) (0.260) (0.273) (0.282) 

Casual 0.268 0.272 0.329 0.099 

 (0.259) (0.268) (0.296) (0.308) 

Self-employment 0.797 0.721 1.030* 0.793 

 (0.546) (0.573) (0.560) (0.501) 

Unemployment 1.001*** 0.989*** 0.291 -0.403 

 (0.339) (0.358) (0.730) (0.770) 

Out of the labour force 0.835** 0.921** 0.157 -0.486 

  (0.345) (0.371) (0.742) (0.755) 

Notes: The reference category is women in permanent or ongoing employment within each family type. Standard 

errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** at the .05 

level; *** at the .01 level. 
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Table 2.A14a. Sensitivity results for men- excluding heat home variable from financial 

hardship index measure 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics 

Plus controls 

for mediating 

factors 

Men in couple families with dependents (N=8,195) 

Fixed-term 0.074 0.093 0.032 -0.001 

 (0.208) (0.205) (0.204) (0.203) 

Casual 0.666*** 0.684*** 0.560*** 0.285* 

 (0.156) (0.158) (0.162) (0.162) 

Self-employment 0.215 0.228 0.211 0.150 

 (0.200) (0.200) (0.209) (0.215) 

Unemployment 1.115*** 1.127*** 1.399*** 0.538 

 (0.227) (0.226) (0.405) (0.440) 

Out of the labour force 0.994*** 1.005*** 1.226*** 0.519 

  (0.213) (0.214) (0.419) (0.454) 

Men in couple families without dependents (N=3,729) 

Fixed-term 0.272 0.280 0.304 0.332 

 (0.268) (0.272) (0.293) (0.295) 

Casual 0.683*** 0.692*** 0.624*** 0.413* 

 (0.207) (0.206) (0.223) (0.231) 

Self-employment 0.972*** 0.988*** 0.985*** 0.892*** 

 (0.306) (0.311) (0.331) (0.316) 

Unemployment 1.070*** 1.104*** 2.368*** 1.398** 

 (0.277) (0.283) (0.554) (0.598) 

Out of the labour force 1.613*** 1.558*** 2.787*** 1.843*** 

  (0.261) (0.278) (0.549) (0.584) 

Single men (N=4,710) 

Fixed-term 0.016 0.082 0.012 -0.038 

 (0.274) (0.278) (0.300) (0.303) 

Casual 0.486** 0.473** 0.364* 0.065 

 (0.203) (0.208) (0.221) (0.223) 

Self-employment 0.889*** 0.815*** 0.804*** 0.718*** 

 (0.264) (0.267) (0.268) (0.261) 

Unemployment 1.309*** 1.339*** 0.855 0.054 

 (0.266) (0.278) (0.544) (0.594) 

Out of the labour force 0.932*** 0.944*** 0.293 -0.423 

  (0.257) (0.258) (0.555) (0.608) 

Notes: The reference category is men in permanent or ongoing employment within each family type. Standard 

errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** at the .05 

level; *** at the .01 level. 
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Table 2.A14b. Sensitivity results for women- excluding heat home variable from financial 

hardship index measure 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls 

for background 

& attrition 

Plus controls 

for health & 

job 

characteristics 

Plus controls for 

mediating 

factors 

Women in couple families with dependents (N=9,194) 

Fixed-term 0.172 0.172 0.213 0.172 

 (0.209) (0.210) (0.212) (0.210) 

Casual 0.543*** 0.540*** 0.504*** 0.370** 

 (0.155) (0.154) (0.158) (0.167) 

Self-employment 0.245 0.263 0.336 0.264 

 (0.205) (0.204) (0.215) (0.218) 

Unemployment 0.589*** 0.577*** 0.840* 0.522 

 (0.200) (0.200) (0.435) (0.452) 

Out of the labour force 0.398*** 0.384*** 0.625 0.325 

 (0.144) (0.143) (0.415) (0.423) 

Women in couple families without dependents (N=3,986) 

Fixed-term 0.232 0.216 0.287 0.257 

 (0.260) (0.266) (0.271) (0.267) 

Casual 1.023*** 0.907*** 0.793*** 0.538** 

 (0.213) (0.210) (0.229) (0.254) 

Self-employment 0.834** 0.753** 0.721** 0.675** 

 (0.327) (0.335) (0.300) (0.303) 

Unemployment 1.372*** 1.331*** 1.962*** 1.426** 

 (0.328) (0.323) (0.687) (0.719) 

Out of the labour force 1.251*** 1.175*** 1.717*** 1.204* 

 (0.248) (0.242) (0.632) (0.673) 

Single women with dependents (N=4,126) 

Fixed-term -0.196 -0.156 -0.253 -0.205 

 (0.310) (0.304) (0.296) (0.307) 

Casual 0.649*** 0.665*** 0.638*** 0.439** 

 (0.214) (0.205) (0.216) (0.222) 

Self-employment 0.567 0.547 0.829* 0.738 

 (0.376) (0.370) (0.440) (0.459) 

Unemployment 1.089*** 1.114*** 0.114 -0.145 

 (0.270) (0.264) (0.772) (0.820) 

Out of the labour force 0.840*** 0.872*** -0.218 -0.463 

  (0.214) (0.209) (0.736) (0.786) 

                                                                                                                                                                 (Continued) 
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Table 2.A14b. Continued 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & 

job 

characteristics  

Plus controls for 

mediating 

factors 

Single women (N=3,571) 

Fixed-term -0.416* -0.434* -0.471* -0.515* 

 (0.230) (0.244) (0.264) (0.282) 

Casual 0.189 0.206 0.247 -0.003 

 (0.235) (0.237) (0.269) (0.277) 

Self-employment 0.613 0.536 0.985* 0.761 

 (0.533) (0.542) (0.563) (0.524) 

Unemployment 0.766** 0.736** 0.521 -0.194 

 (0.302) (0.313) (0.640) (0.674) 

Out of the labour force 0.685** 0.710** 0.446 -0.276 

  (0.300) (0.311) (0.664) (0.684) 

 Notes: The reference category is women in permanent or ongoing employment within each family type. Standard 

errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** at the .05 

level; *** at the .01 level. 

Table 2.A15a. Sensitivity results for men- restricting financial hardship index to include only 

true hardships  

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & job 

characteristics 

Plus controls 

for mediating 

factors 

Men in couple families with dependents (N=1,692) 

Fixed-term 0.309 0.303 0.157 0.147 

 (0.463) (0.450) (0.441) (0.443) 

Casual 1.059*** 1.059*** 0.988*** 0.602* 

 (0.311) (0.311) (0.318) (0.316) 

Self-employment 0.092 0.117 -0.276 -0.372 

 (0.425) (0.435) (0.420) (0.421) 

Unemployment 1.460*** 1.454*** 2.189** 0.830 

 (0.357) (0.361) (0.943) (1.020) 

Out of the labour force 1.467*** 1.563*** 2.175** 1.036 

  (0.416) (0.434) (1.010) (1.038) 

Men in couple families without dependents (N=934) 

Fixed-term 0.707 0.762 1.042 1.037 

 (0.550) (0.532) (0.734) (0.731) 

Casual 1.306*** 1.385*** 1.577*** 1.421*** 

 (0.343) (0.369) (0.437) (0.434) 

Self-employment 1.201** 1.344** 1.987** 1.752* 

 (0.606) (0.650) (0.945) (0.921) 

Unemployment 2.324*** 2.352*** 5.904*** 5.727*** 

 (0.472) (0.508) (1.647) (1.687) 

Out of the labour force 1.786*** 1.812*** 5.205*** 4.908*** 

  (0.401) (0.482) (1.646) (1.689) 

                                                                                                                                                               (Continued) 
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Table 2.A15a. Continued 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & job 

characteristics 

Plus controls 

for mediating 

factors 

Single men (N=1,714) 

Fixed-term 0.499 0.530 0.306 0.196 

 (0.482) (0.502) (0.506) (0.518) 

Casual 0.476 0.412 0.596* 0.363 

 (0.296) (0.296) (0.341) (0.347) 

Self-employment 1.423*** 1.301*** 1.912*** 1.933*** 

 (0.395) (0.438) (0.498) (0.502) 

Unemployment 1.513*** 1.442*** 0.417 -0.679 

 (0.354) (0.387) (0.851) (0.970) 

Out of the labour force 1.451*** 1.334*** 0.239 -0.799 

  (0.356) (0.364) (0.822) (0.954) 

Notes: The reference category is men in permanent or ongoing employment within each family type. True 

hardships include pawning or selling something, going without meals, an inability to heat the home, asking for 

help from welfare or community organizations and excluded variables include unable to pay utility bills on time, 

unable to pay rent/mortgage on time and asking financial help from friends and family (cash flow problems). 

Standard errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** 

at the .05 level; *** at the .01 level. 

Table 2.A15b. Sensitivity results for women- restricting financial hardship index to include 

only true hardships  

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & job 

characteristics  

Plus controls 

for mediating 

factors 

Women in couple families with dependents (N=1,751) 

Fixed-term -0.519 -0.579 -0.414 -0.533 

 (0.539) (0.518) (0.494) (0.545) 

Casual 0.542 0.554* 0.443 0.092 

 (0.330) (0.330) (0.375) (0.419) 

Self-employment 0.446 0.607 0.342 0.080 

 (0.359) (0.380) (0.450) (0.440) 

Unemployment 0.688* 0.670* 1.272 -0.068 

 (0.362) (0.361) (0.775) (0.910) 

Out of the labour force 0.407 0.328 0.992 -0.162 

 (0.283) (0.277) (0.729) (0.864) 

Women in couple families without dependents (N=834) 

Fixed-term 0.697 0.671 1.866** 1.672** 

 (0.565) (0.580) (0.740) (0.763) 

Casual 1.123*** 1.005** 0.692 -0.008 

 (0.416) (0.413) (0.502) (0.588) 

Self-employment 1.858*** 1.768*** 1.686** 1.388* 

 (0.683) (0.655) (0.716) (0.803) 

Unemployment 1.396** 1.412** 0.852 -0.387 

 (0.591) (0.580) (1.947) (1.929) 

Out of the labour force 1.453*** 1.457*** 0.998 -0.154 

 (0.439) (0.408) (1.797) (1.842) 

                                                                                                                                                                 (Continued) 
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Table 2.A15b. Continued 

  (Model A) (Model B) (Model C) (Model D) 

  No controls 

Plus controls for 

background & 

attrition 

Plus controls 

for health & job 

characteristics  

Plus controls 

for mediating 

factors 

Single women with dependents (N=1,377) 

Fixed-term 0.515 0.431 0.471 0.717 

 (0.713) (0.723) (0.790) (0.839) 

Casual 1.166** 1.164** 1.201*** 1.027** 

 (0.492) (0.488) (0.434) (0.433) 

Self-employment 0.890 0.929 2.110** 1.657* 

 (0.867) (0.847) (0.933) (0.894) 

Unemployment 1.993*** 2.001*** 2.776 2.722 

 (0.500) (0.504) (2.271) (2.374) 

Out of the labour force 1.750*** 1.755*** 2.516 2.503 

  (0.392) (0.406) (2.232) (2.331) 

Single women (N=1,210) 

Fixed-term -0.779* -0.966** -0.702 -0.775 

 (0.419) (0.475) (0.531) (0.520) 

Casual 0.397 0.433 0.451 0.273 

 (0.394) (0.418) (0.478) (0.484) 

Self-employment 0.234 0.021 0.495 0.304 

 (0.573) (0.588) (0.779) (0.697) 

Unemployment 0.872** 0.755 -0.545 -1.137 

 (0.427) (0.463) (1.317) (1.328) 

Out of the labour force 0.836** 0.840* -0.692 -1.200 

  (0.405) (0.452) (1.397) (1.381) 

Notes: The reference category is women in permanent or ongoing employment within each family type. True 

hardships include pawning or selling something, going without meals, an inability to heat the home, asking for 

help from welfare or community organizations and excluded variables include unable to pay utility bills on time, 

unable to pay rent/mortgage on time and asking financial help from friends and family (cash flow problems). 

Standard errors are clustered at the individual level and are given in parentheses. *Significant at the .10 level; ** 

at the .05 level; *** at the .01 level. 
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Chapter 3: The effect of homelessness on 

employment entry and exits: Evidence from the 

Journeys Home survey 
 

 

Abstract  

This chapter provides new insights into the association between homelessness and poor 

employment outcomes by examining how homelessness affects employment transitions. The 

study uses longitudinal data from the Journeys Home survey and methods that address concerns 

related to reverse causality and endogenous selection into homelessness. The findings reveal 

that low levels of employment among homeless people can be attributed primarily to their 

higher probabilities of exiting employment. The negative association between homelessness 

and employment entry is much weaker in both magnitude and significance. This finding 

contrasts with what one would expect given the perception in the literature, i.e. that the 

difficulty of finding employment is a major contributing factor behind the poor rates of 

employment among homeless people. The significant positive association between 

homelessness and the probability of exiting employment seems to be mainly driven by 

unobserved person-specific characteristics, which increase a person’s chances of being 

homeless and of leaving employment. Once the effect of these unobserved confounding 

characteristics is considered, homelessness per se has no significant impact on either 

employment entry or exit. 
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3.1. Introduction  

Homelessness means a lack of not only shelter for people but also safety and stability 

that permits physical, psychological and economic well-being (ABS, 2012). In addition, from 

an economic perspective, the public cost of caring for homeless people is argued to be 

substantially higher than for a typical person in the general population; according to an OECD 

(2015) report, this cost is up to seven times higher. Hence, preventing homelessness is both 

ethically and economically desirable for governments and policy makers (OECD, 2015). 

Participation in the labour market can help people move out of homelessness (Bakos, 2007; 

Shaheen & Rio, 2007; Taskforce, 2008). Employment can help homeless people break the 

cycle of homelessness by providing income to maintain stable housing and take control of their 

lives (Shaheen & Rio, 2007).  Many OECD countries, including Australia, have introduced 

targeted plans and policy actions to reduce homelessness and achieve social inclusion for 

disadvantaged populations by maximizing their opportunities to participate in the labour 

market and the community more broadly (Taskforce, 2008).  

Evidence suggests that contrary to popular belief, people experiencing homelessness 

are no less motivated to find and engage in work than other individuals and that they see paid 

work as having both financial and non-financial benefits (Hulse, Saugeres, & Housing, 2008; 

Porat, Marshall, & Howell, 1997; Radey & Wilkins, 2010). Burt et al. (1999) reported that 

almost half the clients sampled in the National Survey of Homeless Assistance Providers and 

Clients (NSHAPC) in the United States did some paid work in the 30 days before being 

interviewed. Similarly, according to the Australian Bureau of Statistics (ABS) Estimating 

Homelessness 2011 report, of the 70,624 homeless Australians aged 15 or older who reported 

their labour force status in the 2011 census, 32,030 (45%) were in the labour force and 20,931 

(30%) were working (ABS, 2011). The rate of employment among homeless people, however, 

remains low compared to the general population.  

The literature highlights that homeless people face multiple disadvantages in terms of 

finding and engaging in employment, which might be consequences of their homelessness, 

contributors to their homelessness or both. These include health issues that hinder the ability 

of homeless people to find and keep employment, including poor physical health (Bakos, 2007; 

Grace, Batterham, & Cornell, 2008; Zuvekas & Hill, 2000), mental illness (Bakos, 2007; Grace 

et al., 2008; Lenz-Rashid, 2006), and substance abuse (Ferguson, Bender, Thompson, Maccio, 

& Pollio, 2012; McVicar, Moschion, & van Ours, 2015; Zlotnick, Robertson, & Tam, 2002). 



70 
 

Several studies also reported that compared to the general population, very low levels of 

education and formal training among homeless people act as important barriers to gaining 

stable employment (Bakos, 2007; Grace et al., 2008; Hulse et al., 2008; Nunez & Fox, 1999; 

Radey & Wilkins, 2010). There is also evidence that factors such as a lack of social support 

and social integration (Brown & Mueller, 2014; Hulse et al., 2008) and difficulty maintaining 

personal hygiene are further barriers (Mavromaras, King, Macaitis, Mallett, & Batterham, 

2011). Moreover, a lack of affordable childcare or the presence of very young dependent 

children (Hulse et al., 2008; Nunez & Fox, 1999) and the inability to afford transportation 

(Hulse et al., 2008; Kerr & Dole, 2005; Mavromaras et al., 2011; Nunez & Fox, 1999) are also 

commonly cited challenges to homeless people’s ability to get and keep employment. 

Altogether, the experience of homelessness can make it difficult to find and keep a job, thereby 

pushing individuals into a homelessness trap (Glomm & John, 2002).   

While we now have a better understanding of the numerous challenges and barriers that 

homeless people encounter when attempting to obtain and maintain paid employment, only a 

handful of studies have directly examined the impact of homelessness on employment, and the 

evidence they provide is inconclusive. Lei (2013) used data on homeless assistance clients from 

the NSHAPC in the United States and estimated binary logit models with controls for several 

demographic and health characteristics. The results indicate that homeless people have 

significantly lower odds of working in regular jobs compared to those non-homeless but were 

currently using homeless services. However, due to the cross-sectional nature of the data 

employed, the study does not account for the issue of unobserved confounders. More 

importantly, the study does not address the issue of reverse causality. There is a strong 

possibility that employment problems lead to housing problems (Morris, Judd, & Kavanagh, 

2005; Shlay & Rossi, 1992). Given these issues, the study cannot provide a causal interpretation 

of the association between homelessness and employment. 

Chigavazira et al. (2014) addressed the issue of common confounders. The authors 

analysed data from the Journeys Home (JH) survey, a large-scale longitudinal survey of 

housing-insecure people in Australia, which is also used in this study. The authors estimated 

fixed-effects models to examine the impact of homelessness at time t and t-1 on the probability 

of being employed at time t. The study found no conclusive evidence of a negative effect of 

lagged or current homelessness on the current rate of employment. 
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A recent study by Desmond and Gershenson (2016) provided empirical evidence on the 

association between housing loss and job loss by using county-level data from Milwaukee, 

Wisconsin. To account for unobserved heterogeneity among respondents, the authors 

employed matching methods and a fixed-effect discrete hazard model with repeat failures (per 

respondent). The findings revealed that involuntary housing loss is a statistically significant 

predictor of subsequent job loss. However, the authors restricted the sample to people living in 

private rental housing. Hence, it is hard to generalize the findings to the broader homeless 

population. 

The aim of my study is to expand our current understanding by examining the effect of 

homelessness on employment entry and exit using national longitudinal data on housing-

insecure Australians from the Journeys Home survey. The Journeys Home was funded by the 

Australian Government through the Department of Social Services and the Melbourne Institute 

was responsible for the design and conduct of the survey. Apart from the longitudinal properties 

of the Journeys Home data, another important strength of the Journeys Home survey is that it 

includes people who are homeless as well as those who are housed but vulnerable to 

homelessness. As a result, the latter provides a relevent control group. 

 Job search and job turnover theoretical models guide the conceptual framework used 

to understand how homelessness can affect employment entry and exit. The implications from 

the conceptual framework show that several challenges or factors associated with homelessness 

are likely to influence employment entry and exit decisions. However, the extent and direction 

of the effect of these factors might be different across the two processes. For example, a low 

level of education may matter more to finding a job compared to keeping a job, while factors 

such as frequent changes in housing may adversely affect job continuation more without 

necessarily affecting job finding.   

This study makes two important contributions to the literature. First, by examining job 

entry and exit separately, it provides useful insights into the effect of homelessness on the 

dynamics of employment. Hence, it informs the development of appropriate interventions and 

targeted policies. Until now, empirical analyses have largely focused on examining the effect 

of homelessness on the level or rate of employment. Dynamic labour supply models, however, 

suggest the presence of inherent conceptual differences between the nature of the two 

employment processes and their determinants. The overall effect of homelessness observed on 

employment levels is the net effect of entry and exit processes, which can lead to 
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misspecification if the effects of homelessness on each employment process do not reinforce 

each other.  

Second, I overcome the issue of reverse causality by studying the impact of 

homelessness in the previous period on current-period employment outcomes. Furthermore, I 

address the concerns related to endogenous selection into homelessness by using a correlated 

random effects framework. Together, the use of timing of homelessness and employment and 

the correlated random effects framework enable my empirical findings to have more causal 

interpretation regarding the effect of homelessness on employment entry and exit.     

I find that the low level of employment among homeless people can be attributed 

primarily to their higher probability of exiting employment or job loss. The association between 

homelessness and employment entry is much weaker. In fact, I find that homelessness has no 

significant impact on employment entry. This finding contrasts with what one would expect 

given the perception in the literature, i.e. that the difficulty in finding employment is a major 

contributing factor to poor rates of employment among homeless people. I also find that the 

significant positive association between homelessness and the probability of exiting 

employment seems mainly to be driven by unobserved person-specific characteristics, which 

increase a person’s chances of both being homelessness and leaving employment. Once the 

effect of these unobserved confounding characteristics is considered, homelessness per se has 

no significant impact on employment exit. 

This chapter is organized as follows. Section 3.2 presents the conceptual framework, 

and section 3.3 describes the dataset, variables and analysis sample. Section 3.4 discusses the 

empirical approach and identification strategy. The results of the descriptive and empirical 

analyses are presented in sections 3.5 and 3.6, respectively. I test the sensitivity of the results 

in section 3.7. The chapter ends with concluding remarks in section 3.8.   

3.2. Conceptual framework 

To explain how homelessness might affect employment entry and exit for a person, the 

chapter draws on two separate theoretical models: a search model for finding a job and a 

learning model for job turnover.  

I begin by considering how homelessness might affect job entry using the standard 

partial equilibrium job search model (Cahuc, Carcillo, Zylberberg, & McCuaig, 2014; 

Mortensen, 1986). The central idea of the job search model is that there is uncertainty and 
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imperfect information over the exact location of one’s best job opportunity. Thus, a job search 

is seen as an investment to acquire information. The unemployed worker, however, knows the 

wage offer distribution of the given set of available jobs and the act of search results in a 

random draw from this known wage offer distribution. In this framework, the level of search 

effort depends on the direct cost of search and on the utility associated with unemployment. 

The utility associated with unemployment captures payments conditional on unemployment, 

other welfare payments generally available and the value of home production or non-market 

time. The optimal strategy involves comparing the value of continuing the job search with the 

value of the current wage offer. This gives rise to the decision rule that the worker enters a job 

if the wage offer is greater than his/her reservation wage and he/she keeps searching if the wage 

offer is less than the reservation wage. Finally, the framework assumes an exogenous 

probability of job separation. 

It follows that in the job search model, the job finding rate depends on the probability 

of obtaining a job offer (therefore, the search effort) and the probability that a random job offer 

is accepted (therefore, the wage offer and the reservation wage). Therefore, factors that affect 

the search effort, the mean of the wage offer distribution and the reservation wage directly and 

indirectly will affect the job finding rate.    

The job search model implies that a decrease in the mean of the wage offer distribution 

decreases the job finding rate. An increase in the utility associated with unemployment 

decreases the job finding rate by reducing the search effort and increasing the reservation wage. 

In addition, given the reservation wage, an increase in the search cost decreases the search 

effort and therefore the job finding rate, which is a direct effect. However, an increase in search 

costs also decreases the reservation wage, resulting in a positive effect on the job finding rate, 

which is an indirect effect. Thus, the job search model highlights the role of the wage offer 

distribution, search costs and utility associated with unemployment in determining the 

probability of entering employment (i.e. the job finding rate).10  

The job search framework allows us to think of several ways in which the factors 

associated with homelessness may influence the transition into employment. For example, 

factors such as poor mental and physical health, drug use and a low level of education may 

decrease the mean of the wage offer distribution, which will reduce the job finding rate. Issues 

related to mental and physical health and drug use may also increase the utility associated with 

                                                           
10 For brevity, I do not consider the implications related to the discount rate.  
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unemployment or the value of non-market time, which will result in a decline in the job finding 

rate. Health issues, drug problems, no permanent address and a lack of social support may 

increase the cost of the job search, which will again reduce the job finding rate given the 

reservation wage. However, an increase in the search cost will indirectly reduce the reservation 

wage, which will increase the job finding rate, offsetting some of the negative direct effect of 

a higher search cost on employment entry. Overall, we see several explanations for why the 

experience of homelessness may reduce the probability of finding employment.   

 To understand how the experience of homelessness might affect the probability of 

exiting employment, I draw on the learning model of job turnover. The job turnover model 

provides an intuitive, appealing framework to study transitions out of employment (Jovanovic, 

1979). In this framework, the worker-firm match is modelled as an ‘experience good’, where 

the quality of the match is initially uncertain to both sides of the market and job turnover occurs 

when the quality of the match, as revealed gradually over time by output performance, falls 

below a certain threshold. The quality of the match, therefore, depends crucially on factors 

such as a worker’s productivity, which is influenced by characteristics that are likely to be 

observable after some time on the job, e.g. a worker’s skills, reliability, absenteeism and 

working style with respect to the job. The model therefore highlights the potential for job 

separation to occur if the worker’s revealed productivity is deemed too low, leading to a lower 

match quality.  

This framework suggests that many factors associated with homelessness could 

adversely affect a worker’s productivity. These include high levels of mental stress, poor 

physical health, drug abuse, lack of proper time structure and problems associated with the 

condition of homelessness itself, such as no permanent address, stigma, frequent moves and 

living in affordable but sub-standard housing in inconvenient locations. All these challenges 

are likely to harm a worker’s productivity at work, thus reducing the quality of the job match 

as measured by output performance and increasing the probability of job loss.  

Many of the factors discussed above are also likely to adversely affect job finding for 

homeless people. Some factors, however, are likely to matter more to retaining a job. For 

example, drug problems, frequent moves, the inability to afford transportation or a lack of time 

are likely to have a much worse effect on retaining a job compared to finding one. On the other 

hand, and as mentioned previously, factors such as the level of education are more important 
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for entry decisions but are unlikely to affect job loss outcomes. Therefore, it is important to 

consider the effect of homelessness on employment entry and exit separately.  

Overall, the observed empirical relationship between homelessness and employment 

entry and exit can stem from personal demographic and socio-economic factors, such as the 

level of education; factors such as health (mental and physical), drug use and social networks, 

which could be related to both homelessness and employment, thus becoming potentially 

endogenous; personal unobserved time-invariant factors that can affect homelessness and 

employment outcomes, such as workers’ preferences, motivation, ability to cope with stressful 

life situations and self-esteem; and several aspects of homelessness itself, such as frequent 

moves, difficulty ensuring sufficient personal hygiene and living in inconvenient locations. My 

empirical model controls for time-invariant unobservable factors and many of the observable 

demographic, socio-economic, health and social network factors, thus minimizing the 

possibility of omitted variable bias. This study also addresses the possibility of reverse 

causation by modelling the impact of homelessness in wave t on employment transitions from 

wave t-1 to t, thus allowing an examination of the causal effect of homelessness on employment 

entry and exit.  

3.3. The Journeys Home data and measures 

In Australia, income support payments (e.g. unemployment, family benefits, disability 

support payments, rent assistance or housing benefits) are provided through one central agency 

called Centrelink. The targeted population for Journeys Home survey was identified by the 

Melbourne Institute researchers as all Centrelink customers (1) aged 15 years or above; (2) in 

receipt of any social support payment at any time during the 28 days preceding 27 May 2011; 

and (3) flagged by Centrelink as homeless or at risk of homelessness or identified by Melbourne 

Institute researchers as having characteristics that made them vulnerable to homelessness 

(Wooden et al., 2012).11  These rules resulted in a total in-scope population of 138,091 people, 

from which a stratified random sample of 2,992 people was selected for an interview. Of these, 

                                                           
11 Centrelink defines a person as homeless if he or she is without conventional accommodation (e.g. sleeping 

rough, squatting or living in a car) or is living in short-term temporary arrangements (e.g. emergency 

accommodations, youth shelters or with friends or family). People who are ‘at risk’ of homelessness are defined 

as those living in a boarding house, caravan park or any accommodation that falls below minimum community 

standards on a medium- or long-term basis. However, Centrelink might miss people who are not prepared to 

disclose their details and/or who do not engage with Centrelink frequently and thus are less likely to be flagged. 

Therefore, Melbourne Institute researchers used statistical techniques to augment the homeless and ‘at risk’ of 

homelessness populations flagged by Centrelink with a group of Centrelink customers who had not been flagged 

as homeless or ‘at risk’ of homelessness by Centrelink but nonetheless who had characteristics similar to those 

who had been flagged.   
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1,682 people (62%) agreed to participate in the wave 1 interviews. The wave 1 interviews were 

conducted in September–November 2011, and five follow-up interviews were conducted at 

approximately 6-month intervals. The initial response rate of 62% is high compared with other 

national and international studies targeting disadvantaged populations (O'Callaghan et al., 

1996; Randall & Brown, 1996; Weitzman, Knickman, & Shinn, 1990). Given that a large 

majority of homeless people in Australia or those vulnerable to homelessness receive some 

form of social assistance from Centrelink, the JH sampling frame has an advantage in that it 

provides a much wider representation of the population at risk of homelessness. JH respondents 

are amongst the most disadvantaged group of Australians. They have considerably worse 

housing and non-housing outcomes than the general Australian population (for a detailed 

description of the JH sampling frame, see Wooden et al. (2012)).  

Each wave of the JH survey contains rich information on respondents’ past and present 

housing situations, including their experiences of homelessness between waves and their 

homelessness status at the interview date. The JH survey also contains information about 

respondents’ employment experiences, such as their current employment status. It also collects 

information on several other factors, including demographic characteristics, family background 

and personal circumstances, such as health and incarceration. All these features of the JH 

survey data provide a unique opportunity to examine the causal effect of homelessness on 

employment transitions. My analysis draws on data from all six waves of the JH Survey. 

3.3.1 Measuring employment  

My outcome measures are binary indicators of entry into and out of employment, 

respectively. I define a person’s employment status at time/wave t using a binary indicator that 

takes a value of 1 if the person was employed at the time of the interview and a value of 0 if 

the person was not employed. I then use the binary measure of being employed at wave t to 

define wave-by-wave transitions in employment status.  

In this framework, people who are not employed at wave t-1 will constitute the sample 

at risk of transitioning into employment at wave t, and people who are employed at previous 

wave t-1 will constitute the sample at risk of transitioning out of employment at wave t. 

Consequently, my two main outcome variables are as follows: (1) transition into employment 

that takes a value of 1 if a person transitioned from non-employment at wave t-1 to employment 

at wave t and a value of 0 if he/she remained unemployed at both the waves and (2) transition 
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out of employment that takes a value of 1 if a person transitioned from employment at t-1 to 

non-employment at wave t and a value of 0 if he/she remained employed at both the waves.  

These employment data have some limitations. When examining the employment 

transition outcomes, it is ideal to examine all the spells of employment and unemployment. In 

JH survey data, I can observe the respondents’ employment status at each wave. However, I 

cannot observe all the instances of job holding and job loss during the reference period for the 

respondents, i.e. the JH data lack detailed information on respondents’ employment histories. 

If the employment spells are short, my employment measure will not capture all the 

employment a respondent might have held between interviews. Therefore, the results of the 

analysis in this study should be cautiously interpreted due to some instances of employment 

and unemployment spells being unobserved due to the data collection method.12 

3.3.2 Measuring homelessness 

There is no universally accepted definition of homelessness. I follow Chamberlain and 

MacKenzie (2008) and adopt a “cultural” definition of homelessness and use the Melbourne 

Institute’s broad point-in-time measure of homelessness (Bevitt, Chigavazira, Scutella, Tseng, 

& Watson, 2014). Hence, the binary measure of point-in-time homelessness takes a value of 1 

if a respondent was primary (without accommodations), secondary (staying rent-free with 

relatives or friends temporarily or staying temporarily in accommodations that fall below 

community standards, such as caravan, boarding house, hotel or crisis accommodation) or 

tertiary homeless (staying in a caravan, boarding house, hotel or crisis accommodations on a 

long-term basis) at the date of the interview and takes a value of 0 otherwise.  

The Melbourne Institute’s measure of homelessness has many advantages. Unlike the 

ABS’s point-in-time measure of homelessness (Bevitt et al., 2014), it incorporates broad 

housing situations, such as living in a caravan or boarding houses on a long-term basis, that are 

not considered to meet minimum community standards as per Australian society. However, it 

also has some limitations. If spells of homelessness are brief and people tend to move in and 

out of homelessness frequently (Cobb-Clark, Herault, Scutella, & Tseng, 2016), my point-in-

                                                           
12 The JH survey also includes a question that asks respondents to recall the proportion of time they spent without 

paid employment in last 6 months before the JH survey for wave 1 and between the interviews for waves 2–6 

(ENY6MP and ENYRPP). However, there is a large amount of missing data for these proportion-based measures 

because fewer people answered the proportion these questions in the JH data; thus, I could not use this measure 

to estimate my econometric model due to the small cell size.  
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time measure might miss some episodes of homelessness that people might have experienced 

in between waves and that could have affected employment.  

Accordingly, in a sensitivity analysis, I consider the 6-month homeless measure 

available in the JH data, which is a binary indicator for experiencing homelessness at any point 

during the reference period. However, one limitation of this 6-month measure of homelessness 

is that apart from including people experiencing primary, secondary and tertiary homelessness 

(as with my main homeless measure), it also considers people living temporarily with friends 

or relatives but possibly paying rent as homeless. Consequently, the incidence of homelessness 

is higher when this measure is used. In the sensitivity analysis, I also consider the ABS’s point-

in-time measure provided in the JH data. As mentioned earlier, the ABS measure excludes 

housing situations such as living in a caravan or boarding houses on a long-term basis from the 

definition of homelessness, unlike my primary homeless measure. 

3.3.3 Explanatory variables 

Several studies suggest that men and women differ noticeably in their incidences and 

experiences of homelessness (Cobb-Clark & Zhu, 2015; Diette & Ribar, 2015; McVicar, 2016) 

and employment outcomes (Cobb-Clark & Zhu, 2015). Unfortunately, preliminary analyses 

suggested that the sample size is not large enough to estimate models separately for men and 

women for this study. Hence, I carry out all my empirical analysis for the pooled sample of 

men and women and include a control for gender. In addition, in a sensitivity analysis, I 

estimate models that examine the interaction effect of homelessness status and gender on 

employment transitions.   

The literature suggests that a range of personal and background factors are likely to be 

associated with employment entry and exit. These include the respondents’ demographic 

characteristics and childhood experiences, which could affect a person’s job search and 

suitability for a job as well as the quality or ‘experience’ of the job match. The rich nature of 

the JH data allows me to account for many of these factors in my multivariate model.  

I control for time-invariant factors that include an indicator for identifying as 

Aboriginal or a Torres Strait Islander; an indicator for migrating from a non-English speaking 

country; an indicator for being lesbian, gay or bisexual; an indicator for being incarcerated 

before the JH survey; an indicator for whether the respondent experienced any physical and 

sexual violence in childhood from someone the respondent lived with or someone else; and an 
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indicator for childhood homelessness. In addition, I include an indicator for whether 

information on childhood sexual violence was missing for the person.  

I further account for the respondent’s age (with a quadratic in age) and three indicators 

for the respondent’s level of education (completing a university degree, completing year 12 

and completing years 10–11). I also control for job market conditions by including the measure 

of the person’s current SA4 area of residence to link each observation for the person to the 

area’s 6-month average unemployment rate for the current period13.  

The conceptual framework also points to many observable personal characteristics, 

such as health, drug use and family characteristics that are likely to impact finding and keeping 

employment. However, each of these variables is potentially endogenous and possibly 

influenced by employment outcomes. Therefore, I measure these time-varying variables at 

wave t-1, i.e. I include lagged values of these variables in my model. These include indicators 

for living in a rural or bounded area or in a small city at t-1 (the reference category is living in 

a large city at t-1); an indicator for being in formal or de facto marriage at t-1; the number of 

children under 18 living with the respondent at t-1; and an indicator for having a long-term 

health and disability condition at t-1. I include a binary control for whether information on 

long-term disability status is missing at t-1. I also include variables to account for physical 

health, mental health and substance abuse measured at wave t-1. These include an indicator of 

self-assessed poor health at t-1, an indicator for whether the respondent has ever been 

diagnosed with a psychological disorder at t-1, a measure for the number of times in the 

previous month the respondent had five or more alcoholic drinks in a day at t-1 and an indicator 

for marijuana use one or more days per month at t-1. I also include two binary variables 

indicating that information on the person’s psychological diagnosis and that drinking behaviour 

is missing at t-1. Finally, I also include lagged values of an indicator for having employed 

friends to capture network advantage and an indicator for whether the person is registered with 

a job agency at t-1. 

3.3.4 Analysis sample  

This study investigates employment transitions; therefore, I only select persons who 

participated in interviews for at least three consecutive waves of the JH survey, who were at 

                                                           
13 SA4 areas are sub-state geographical areas defined by the ABS to represent sub-labour markets. SA4s tend to 

have populations of 300,000-500,000 people in metropolitan areas and populations of 100,000-300,000 people in 

regional areas. 
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least 18 years old at wave t-1 and less than 55 years old at the time of an interview, who 

completed the interviews without assistance from family or friends, and who have non-missing 

information on employment and homelessness measures used in the analysis. To maximize the 

remaining sample size, I assign a zero for missing values and include dummy controls for 

missing responses for variables with more than 50 missing responses (including the measures 

for childhood sexual abuse, long-term disability, psychological diagnosis and drinking 

behaviour). For other measures with lower levels of item non-response, I drop observations 

with missing values. These criteria result in an analysis sample of 1,291 unique people with 

5,326 person-wave observations.  

3.4. Descriptive analysis 

I begin by analysing the different patterns of employment observed among JH 

respondents for the analysis sample. I examine the incidence of four types of employment 

patterns: (1) those who were never employed at the interview times in all waves for which they 

reported their employment statuses; (2) those who were always employed at the interview times 

in all waves for which they reported their employment statuses; (3) those who were not 

employed in the majority (less than 50% of the time employed) of waves at the interview times 

for which they reported their employment statuses; and (4) those who were employed in the 

majority (greater than or equal to 50% (but < 100%) employed) of waves at the interview times 

for which they reported their employment statuses.  

Table 3.1. Different patterns of employment for the analysis sample 

Employment patterns among JH respondents 

over six waves 

Frequency        

(Person-wave) 

Frequency                                        

(Person) 

Percent 

(Person) 

Never employed 2,611 646 50.0 

Always employed 371 85 6.6 

Not Employed more than half of time 1,301 316 24.5 

Employed half or more than half of the time 1,043 244 18.9 

Total 5,326 1,291 100 
Notes: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey.   

 

Table 3.1 shows the incidence of these employment patterns.14  For a person to 

contribute to the multivariate analysis, he/she needs to have had experienced one or more 

transitions in employment state. As seen in Table 1, it is clear that 731 (646+85) persons did 

not experience any variations in their employment states over six waves; thus, their data will 

                                                           
14 Table 3.A1 shows the proportions of time people were not employed over the waves for which they had non-

missing employment data for the entire JH sample.   
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not contribute any transitions to the multivariate analysis. The effective sample size for the 

multivariate analysis is therefore 2,344 person-wave observations on 560 persons who 

experienced variations in their employment statuses over six waves. Table 3.1 shows that JH 

data provide a sufficient sample of people with within-variation in employment states to 

support the analysis of employment transitions.  

Table 3.2 shows the means and standard deviations of variables used in the analysis 

conditional on homeless status at wave t-1 for the analysis sample.  

The estimates indicate that the incidence of homelessness is significantly higher for 

men. Among those who were homeless at t-1, 70% are men. Significant differences are seen in 

the rate of employment between housed and homeless people. Only 18.9% of those who were 

homeless at t-1 are employed at t compared to 29.3% of those who were housed at t-1. The 

overall rate of employment among JH respondents is very low. On average, around 27% of 

respondents report working at the time of the interview. This figure is low compared to the 

general rate of employment in Australia, which averaged around 60% from 2011 until 2016 

(ABS, 2016b).   

Comparisons of the demographic, background and other characteristics indicate that 

relative to people housed at t-1, people homeless at t-1 are on average significantly more likely 

to be older, have a history of incarceration, have some disability, be in poor health, consume 

five or more drinks per day more times in a month and use marijuana one or more times in a 

month. In addition, people who are homeless at t-1 are significantly less likely to be married, 

more likely to have fewer dependent children, more likely to be registered with a job agency 

and less likely to have any employed friends.  

The differences in the level of education between those housed at t-1 and homeless at 

t-1 are statistically significant but not very different in terms of magnitude. It is worth noting 

that the level of education is low among all the JH respondents. Few JH respondents received 

education beyond high school; only 3.7% of the respondents report having a university degree. 

Table 3.2 suggests that JH respondents are an extremely disadvantaged group that not only face 

or risk facing housing insecurity but also fare worse on other economic and non-economic 

outcomes compared to the general Australian population. Altogether, Table 3.2 provides 

evidence of the presence of many characteristics among the JH respondents that negatively 

impact their ability to find and keep a job. 
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Table 3.2. Summary statistics for analysis variables conditional on homelessness status t-1 

  All Housed t-1 Homeless t-1     

Variable Mean 

Std. 

Dev. Mean 

Std. 

Dev. Mean 

Std. 

Dev. Min Max 

Gender (Female=1)  0.463 0.499 0.501 0.500 0.300*** 0.458 0 1 

Employed at the time of 

interview  0.273 0.446 0.293 0.455 0.189*** 0.392 0 1 

Background variables         

Abor. or Torres St. islander 0.161 0.368 0.159 0.365 0.172 0.378 0 1 

Immigrant from non-Eng. country 0.063 0.243 0.065 0.247 0.055 0.228 0 1 

Bi/gay/lesbian 0.078 0.269 0.080 0.271 0.073 0.260 0 1 

Childhood physical or sexual 

violence 0.695 0.461 0.690 0.463 0.716* 0.451 0 1 

Homeless as child 0.471 0.499 0.474 0.499 0.457 0.498 0 1 

Hist. of incarceration before JH 0.317 0.465 0.292 0.455 0.423*** 0.494 0 1 

Age at interview 32.180 10.977 31.436 10.780 35.376*** 11.247 18 55 

Age squared / 100 11.560 7.617 11.044 7.415 13.778*** 8.065 3.24 30.25 

Completed Year 10 or 11 0.387 0.487 0.381 0.486 0.411* 0.492 0 1 

Comp. Year 12 or more (no degree) 0.441 0.497 0.452 0.498 0.395*** 0.489 0 1 

Completed university degree 0.037 0.189 0.040 0.197 0.024** 0.153 0 1 

Avg. Local unemployment rate (6 

months) 5.829 1.578 5.850 1.586 5.741** 1.542 1.5 10.883 

Lagged endogenous variables         

Married or de-facto t-1 0.235 0.424 0.261 0.439 0.125*** 0.331 0 1 

Number of dep. children t-1 0.467 0.917 0.523 0.958 0.223*** 0.661 0 7 

Disability t-1 0.447 0.497 0.430 0.495 0.520*** 0.500 0 1 

Small city t-1 0.165 0.371 0.169 0.375 0.148 0.356 0 1 

Rural or boundary area t-1 0.048 0.214 0.047 0.211 0.055 0.228 0 1 

Self-reported poor health t-1 0.114 0.318 0.107 0.309 0.144*** 0.352 0 1 

Diagnosed with psych. cond. t-1 0.686 0.464 0.684 0.465 0.698 0.460 0 1 

Times 5+ drinks/day in a month t-1 3.329 6.619 3.076 6.247 4.415*** 7.936 0 30 

Marijuana use 1 or more 

days/month t-1 0.277 0.448 0.252 0.434 0.385*** 0.487 0 1 

Registered with any job agency to 

help find job t-1 0.496 0.500 0.489 0.500 0.530** 0.499 0 1 

Any employed friends t-1 0.611 0.488 0.631 0.483 0.523*** 0.500 0 1 

Log SA4 area apartment/flat rental 

price (6 months) 5.768 0.232 5.761 0.229 5.796*** 0.245 5.187 6.394 

Person-wave observations (N) 5,326 4,321 1,005     

Note: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey. 

Asterisks indicate statistically significant differences in means between those housed at t-1 and homeless at t-1 

based on t-test. * Significant at 0.1 level. ** Significant at 0.05 level. *** Significant at 0.01 level. P-values for 

t-test were also computed considering the panel nature of the data (using syv mean test), and the results were 

qualitatively similar. 
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Table 3.3 shows the incidence of transitions into and out of employment conditional on 

homelessness status at t-1 for the analysis sample. I observe 486 transitions into employment 

from wave t-1 to t (a transition rate of 12.3%) and 410 transitions out of employment from 

wave t-1 to t (a transition rate of 29.7%). When examining the transitions into employment 

between housed and homeless persons, the table reveals that people who were homeless at t-1 

report fewer transitions into employment from t-1 to t (10.6% transition rate) compared to 

people who were housed at t-1 (12.8% transition rate). A Pearson chi-square test, however, 

shows that these differences in the relationship distribution are only marginally statistically 

significant (p-value = 0.092). Based on this result, I find weak evidence of an association 

between homelessness and employment entry. In terms of transitions out of employment 

between housed and homeless persons, the table reveals that a larger proportion of people who 

were homeless at t-1 experienced transitions out of employment from t-1 to t (39.5% transition 

rate) compared to people who were housed at t-1 (28.3% transition).15 A Pearson chi-square 

test shows that these differences in the relationship distribution are statistically significant at 

1% (p-value = 0.003). Hence, there is strong evidence that homelessness is positively 

associated with transitions out of employment.  

Table 3.3. Transitions into and out of employment from wave t-1 and t conditional on 

homelessness status t-1 (column frequencies) 

  Homeless at t-1 

  No Yes Total 

Transition into employment from t-1 to t    
No (0) 2,711 749 3,460 

 87.2 89.4 87.7 

Yes (1) 397 89 486 

 12.8 10.6 12.3 

Total 3,108 838 3,946 

 100 100 100 

 Pearson chi2 P-value=0.092 

Transition out of employment from t-1 to t    
No (0) 869 101 970 

 71.6 60.5 70.3 

Yes (1) 344 66 410 

 28.4 39.5 29.7 

Total 1,213 167 1,380 

 100 100 100 

 Pearson chi2 P-value=0.003 

Notes: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey. 

 

                                                           
15 Note that the actual or absolute number of transition in and out of employment conditional on being homeless 

at t-1 is low.   
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3.5. Econometric methodology 

I model the employment transitions using a discrete-time Markov process in which the 

transition probability of being in a specific employment state at time t depends on the 

employment state at time t-1. Specifically, I consider two employment statuses: Y = (0-not 

employed; 1-employed). Hence, the probability of transitioning into employment in my model 

is the conditional probability that the individual moves into state 1 at time t given that he/she 

was in state 0 at time t-1. Similarly, the probability of transitioning out of employment in my 

model is the conditional probability that the individual moves to state 0 at time t given that 

he/she was in state 1 at time t-1.16  

There are two key challenges in determining the causal effect of homelessness on 

employment entry and exit: the possibility of simultaneity or reverse causality and the issue of 

endogenous selection into homelessness based on unobservable characteristics. The 

endogeneity of homelessness is an issue because the unmeasured individual characteristics are 

likely to affect entry and exit into employment, and they might also influence a person’s 

homelessness status, thus rendering homelessness endogenous to employment outcomes. 

These unmeasured characteristics could include individual preferences, self-esteem, ability to 

cope with stressful life events and a difficult family environment.  

To overcome the possibility of reverse causality, I focus on studying the effect of 

homelessness at wave t-1 on employment entry and exit from t-1 to t. Within each wave, I 

cannot determine whether a person’s homelessness or housing status necessarily precedes his 

or her employment status. By ensuring that homelessness precedes movement in and out of 

employment, I rule out the possibility of reverse causality.17  

To address the issue of selection based on common unobserved confounders, I estimate 

a model that allows for person-specific unobserved heterogeneity through correlated random 

effects terms (see for e.g., Laird and Ware (1982); Ribar (2005); Stiratelli, Laird, and Ware 

                                                           
16 Hackman (1981) considered the case of a lagged binary dependent variable 𝑌𝑖𝑡−1. My model is essentially the 

same, but I implement it in an alternative way. I estimate separate equations for 𝑌𝑖𝑡−1 = 0 (transition into 

employment equation) and 𝑌𝑖𝑡−1 = 1 (transition out of employment equation). In other words, I interact the 

dummy 𝑌𝑖𝑡−1 with all the explanatory variables in the entry and exit equations in my model. 
17 An alternative empirical approach could be to perform a duration analysis and estimate hazard models for entry 

and exit. However, such an analysis requires detailed retrospective data on respondents’ employment histories. 

Unfortunately, the JH survey does not provide detailed retrospective employment data to analyse spells. Hence, 

the estimation strategy adopted in this study is suited to the nature of the JH employment data. 
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(1984). In addition, the richness of the JH data allows me to account for the confounding 

influences of many observable personal characteristics in my empirical model.  

3.5.1 Econometric model 

My econometric model involves jointly estimating probit models for employment 

transitions along with the reduced form equation for contemporaneous homelessness to account 

for endogenous selection. I also estimate an equation for a person’s employment status at wave 

1 to account for initial conditions. A detailed description of each of these equations is as 

follows: 

Transition into employment (from t-1 to t) 

Let 𝑌𝐸𝑖𝑡
∗  be a latent index representing a person’s entry into employment in period t 

conditional on being not employed in period t-1 such that 

𝑌𝐸𝑖𝑡
∗ =  𝐻𝑖𝑡−1𝛽𝐸 +  𝑆𝑖𝛾𝐸 + 𝑋𝑖𝑡𝛼𝐸 +  𝑁𝑖𝑡−1𝜋𝐸 +  휂𝐸𝑖 +  𝜖𝑖𝑡                                                     (1) 

The observed transition is determined as follows: 𝑌𝐸𝑖𝑡=1 (the person transitions into 

employment) if  𝑌𝐸𝑖𝑡
∗ > 0 and 𝑌𝐸𝑖𝑡= 0 otherwise (the person remains unemployed). 𝐻𝑖𝑡−1 is a 

binary indicator of a person’s homelessness status at wave t-1; 𝑆𝑖 is a vector of time-invariant 

characteristics; 𝑋𝑖𝑡 is a vector of exogenous observed characteristics at time t; 𝑁𝑖𝑡−1 is a vector 

of lagged observed endogenous time-varying characteristics; 휂𝐸𝑖 is the person-specific 

unobserved time-invariant factors or a permanent component associated with employment 

entry; and 𝜖𝑖𝑡 is the transitory error term. 

Transition out of employment (from t-1 to t) 

Let 𝑌L𝑖𝑡
∗  be a latent index representing a person’s exit from employment in period t 

conditional on being employed in period t-1 such that: 

𝑌L𝑖𝑡
∗ =  𝐻𝑖𝑡−1𝛽𝐿 +  𝑆𝑖𝛾𝐿 + 𝑋𝑖𝑡𝛼𝐿 +  𝑁𝑖𝑡−1𝜋𝐿 +  휂𝐿𝑖 +  𝑢𝑖𝑡                                                      (2) 

The observed transition is determined as follows: 𝑌𝐿𝑖𝑡=1 (the person leaves employment) if 

 𝑌𝐿𝑖𝑡
∗ > 0 and 𝑌𝐿𝑖𝑡= 0 otherwise (the person remains employed). 𝐻𝑖𝑡−1, 𝑆𝑖 , 𝑋𝑖𝑡 and 𝑁𝑖𝑡−1 are 

defined as in eq. (1); 휂𝐿𝑖 is the person-specific unobserved time-invariant factors or a permanent 

component associated with employment exit (or leaving); and 𝑢𝑖𝑡 is the transitory error term. 

The transitory error terms (𝜖𝑖𝑡, 𝑢𝑖𝑡) are assumed to be normally distributed random 

variables each with mean zero and are further assumed to be independent of each other and 

across waves. The permanent components (휂𝐸𝑖, 휂𝐿𝑖) are allowed to be correlated (the 
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correlation coefficient is 𝜌𝐸𝐿) with each other but are assumed to be independent of the 

transitory error terms: [
휂𝐸𝑖

휂𝐿𝑖
] ~ 𝑁 ([

0
0

] , [
𝜎𝐸

2    𝜎𝐸𝐿

𝜎𝐸𝐿   𝜎𝐿
2 ]) where 𝜎𝐸

2 and𝜎𝐿
2 are the variances of 휂𝐸𝑖 

and 휂𝐿𝑖, respectively, and 𝜎𝐸𝐿 is the covariance between 휂𝐸𝑖 and 휂𝐿𝑖. The presence of the 

permanent components or random effects allows for serial correlation in the unobserved 

determinants of a person’s employment entry and exit, thus accounting for time-invariant, 

unobserved characteristics that might be associated with these employment transitions.  

Probit equation for a person’s homeless status at wave t 

To account for the endogenous selection into homelessness (based on unobservables), 

I estimate equations (1) and (2) jointly with the reduced form equation for homelessness as a 

function of the random effects terms from the entry and exit equations. The presence of these 

random effects allows for correlation in the unobserved determinants of a person’s employment 

entry and exit and homelessness and by accounting for this addresses the issue of endogenous 

selection into homelessness based on unobserved time-invariant confounders. Let 𝐻𝑖𝑡
∗  be the 

latent variable attached to 𝐻𝑖𝑡 (a dummy variable which takes a value of 1 if a person is 

homeless at t and a value of 0 otherwise) such that: 

 𝐻𝑖𝑡
∗ =  𝑆𝑖𝛾𝐻 + 𝑋𝑖𝑡𝛼𝐻 + 𝑁𝑖𝑡𝜋𝐻 +  𝜆𝐸

∗ 휂𝐸𝑖 + 𝜆𝐿
∗ 휂𝐿𝑖 +  휁𝑖𝑡    where  𝐻𝑖𝑡 =  {

1    𝑖𝑓    𝐻𝑖𝑡
∗ > 0  

   
0     𝑜𝑡ℎ𝑒𝑟𝑤𝑖𝑠𝑒

   (3) 

휁𝑖𝑡 is the normally distributed error term assumed to be independent of the transitory errors in 

other equations and the permanent components. 𝜆𝐸
∗  is the factor loading that represents the 

correlation between the individual time-invariant unobserved heterogeneity related to 

employment entry (from wave t-1 to t) and homelessness status (at wave t). 𝜆𝐿
∗  is the factor 

loading that represents the correlation between the individual time-invariant unobserved 

heterogeneity related to employment exit (from wave t-1 to t) and homelessness status (at wave 

t). To achieve identification, equation (3) also includes an exclusion restriction that affects 

homelessness but not employment entry and exit: a log of the measure of the person’s current 

SA4 area apartment/flat average 6-month rental price.18 Identification of the model is discussed 

in detail after the model description. 

 

                                                           
18 It is important to note that this homelessness equation is used primarily to address the endogeneity of 

homelessness and not a model to directly investigate the determinants of homelessness. 
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Probit equation for a person’s employment state in wave 1 

Modelling employment transitions requires conditioning the current employment status 

upon the past employment status which creates an endogeneity problem called the initial 

conditions problem, examined in Heckman (1981b). This issue arises because the beginning of 

the observation period (wave 1) does not coincide with the beginning of the stochastic process 

generating the person’s employment dynamics. Hence, one needs to make a further assumption 

about the relationship between 𝑌𝑖1 and unobserved heterogeneity when modelling transition 

probabilities. If the respondent’s initial conditions are correlated with unobserved 

heterogeneity, as is possible in the context of my study, not accounting for the initial conditions 

problem will lead to overstating the level of state dependence. To deal with this issue and to 

accommodate left-censored data, I use Heckman (1981b) approximate method for addressing 

the initial conditions problem. Heckman suggested estimating the empirical model jointly with 

the distribution of the initial observation in the sample, where the initial observation is 

modelled as a function of the pre-sample information and the individual specific component of 

the error term. Hence, I estimate an additional equation to model a person’s employment 

decision at wave 1 along with equations (1), (2) and (3):19  

Let 𝑌𝑖1
∗  be a latent index representing a person’s employment participation in the initial period 

such that:   

  𝑌𝑖1
∗ = 𝑆1𝛾1 +   𝑋𝑖1𝛼1 +  𝜆𝐸휂𝐸𝑖 + 𝜆𝐿휂𝐿𝑖 +  𝜈𝑖1                                                                         (4) 

The actual participation is determined as follows: 𝑌𝑖1=1 (initially employed) if  𝑌𝑖1
∗ > 0 and 

𝑌𝑖1= 0 otherwise. 𝜈𝑖1 is the normally distributed error term assumed to be independent of the 

subsequent transitory errors and permanent components. 𝜆𝐸, and 𝜆𝐿 are the factor loadings that 

represent the correlation between the individual time-invariant unobserved heterogeneity 

associated with entry and exit and employment status at wave 1, respectively.  

The complete model for each person is the system consisting of four equations: 

employment entry, employment exit, homelessness and initial conditions. The model 

parameters are estimated by maximum likelihood using the gsem procedure available in the 

Stata package.   

                                                           
19 An alternate approach to address the initial conditions problem when examining employment transitions is to 

drop ongoing spells and only examine new spells on entry and exit. However, in short panel survey such as JH, 

adopting this approach will lead to a substantial loss of data and could result in a less-representative sample. 
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3.5.2 Identification 

Formally, the identification of my system of equations with latent variables or random 

effects is made possible by placing restrictions on the model parameters and covariance 

restrictions. Specifically, I impose parametric restrictions on the distribution of the error terms. 

These include the assumption of normally distributed error terms and the assumption that all 

transitory errors are independent of each other and permanent components. Estimation also 

involves using standard normalization conventions, i.e. normalizing the coefficients of the 

permanent components in the entry and exit equations to be one to achieve identification 

(Skrondal & Rabe-Hesketh, 2004).  

It might, however, be considered weak to solely rely on parametric restrictions for 

identification. Thus, to obtain more reliable estimates, I use the timing of exogenous variables 

and exclusion restrictions. First, the employment entry and exit transitions depend on the 

contemporaneous values of the exogenous variables in the vector 𝑋 (i.e. 𝑌𝐸𝑖𝑡
∗ = 𝑓(𝑋𝑖𝑡) and 

𝑌𝐿𝑖𝑡
∗ = 𝑓(𝑋𝑖𝑡)), whereas the lagged homelessness variable depends on the lagged or 

predetermined values of the exogenous variables in the vector 𝑋 through equation (3) 

(i.e. 𝐻𝑖𝑡−1 = 𝑓(𝑋𝑖𝑡−1). The vector 𝑋 includes six variables: age, age squared, the local 

unemployment rate and three measures for the level of education. However, the three education 

measures exhibit very limited within-variation in the JH data (see table 3.A2), and the use of 

two age variables might not be considered appropriate to form instruments. These restrictions 

only leave the local unemployment rate variable to provide a reliable instrument. Therefore, I 

also include an exclusion restriction that affects homelessness but not employment entry and 

exit. As an exclusion restriction, I use a log of the measure of the person’s current SA4 area 

apartment/flat average 6-month rental price. High rental costs can lead to homelessness for 

people who cannot afford to pay higher rents (Burt et al., 1999; Tucker, 1991). For people such 

as low-income earners and welfare recipients who might spend over 30% of their incomes on 

rent, an increase in rental rates can lead to housing stress and homelessness (ACOSS, 2015). 

On the other hand, the average 6-month rental rate of the area in which a person lives is unlikely 

to have any direct effect on a person’s decision to enter or exit employment. Thus, I include 

rental rate as an explanatory variable for homelessness in eq. (3) but not in the employment 

equations (1), (2) and (4). Overall, the timing of the local unemployment rate and the inclusion 

of the rental rate in eq. (3) provide instruments that result in the conditions necessary for 

empirical identification of the effect of homelessness on employment entry (𝛽𝐸) and 

employment exit (𝛽𝐿), my two endogenous variables.  
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3.6. Multivariate results 

3.6.1 Main results 

I begin by presenting the results from the baseline multivariate model, which includes 

the employment entry and exit equations (eqs. 1 and 2) and the initial conditions equation (eq. 

4), followed by the results from the full multivariate model, which also includes the equation 

for homelessness (eq. 3). Table 3.4 presents parameter estimates from two specifications of my 

baseline multivariate model. Each of the specifications account for endogenous initial 

employment conditions, time-invariant unobserved factors that might be associated with 

employment transitions and demographic and background factors. The first specification 

(Model 1), however, omits controls for potentially endogenous observable factors such as 

family structure, location, mental and physical health, drug use and friends’ characteristics. 

The second specification (Model 2) includes these controls. However, both models treat 

homelessness as exogenous. The results from Model 1 suggest that homelessness is 

significantly positively associated with transitions out of employment. It is negatively 

associated with the transition into employment; however, the estimate is small in magnitude 

and not significant. The non-zero and significant values of factor loadings 𝜆𝐸 and 𝜆𝐿 indicate 

that the random effects (unobserved heterogeneity) in the entry and exit equations are 

correlated with the person’s initial employment condition.  

Accounting for observed potentially endogenous factors, such as mental and physical 

health outcomes, drug abuse, family structure and friends’ characteristics, in Model 2 leads to 

a decline in the magnitude of estimates of the effect of homelessness on employment entry and 

exit. However, the results remain qualitatively similar to the results from Model 1. 

Table 3.4. Baseline model’s regressions results for the effect of homelessness on employment 

entry and exit (treat homelessness as exogenous) 

 Model 1: Without controls for lagged 

endogenous factors 

Model 2: With controls for lagged 

endogenous factors 

VARIABLES 

Transition 

into emp. 

t-1 to t 

Transition 

out of emp. 

t-1 to t 

Initially 

employed 

Transition 

into emp. 

t-1 to t 

Transition 

out of 

emp. t-1 

to t 

Initially 

employed 

Homeless t-1 -0.061 0.376**   -0.033 0.313**  

 (0.090) (0.148)   (0.090) (0.143)  
Background controls        
Gender (female=1) -0.606*** 0.130 -0.206** -0.425*** 0.110 -0.203** 

 (0.094) (0.136) (0.102) (0.096) (0.125) (0.103) 

Abor. or Torres St. islander -0.157 0.260 -0.309** -0.189* 0.236 -0.316** 

 (0.116) (0.191) (0.136) (0.112) (0.174) (0.137) 

                                                                                                                                                                 (Continued) 
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Table 3.4. Continued 

 

Model 1: Without controls for lagged 

endogenous factors 

Model 2: With controls for lagged 

endogenous factors 

 

Transition 

into emp. 

t-1 to t 

Transition 

out of emp. 

t-1 to t 

Initially 

employed 

Transition 

into emp. 

t-1 to t 

Transition 

out of emp. 

t-1 to t 

Initially 

employed 

Immigrant from non-English 

country 0.157 0.162 -0.208 0.091 0.249 -0.220 

 (0.169) (0.231) (0.192) (0.162) (0.210) (0.194) 

Bi/gay/lesbian 0.231 0.146 0.287* 0.187 0.080 0.289* 

 (0.154) (0.207) (0.168) (0.147) (0.190) (0.170) 

Childhood physical or sexual 

violence -0.024 -0.049 -0.117 0.052 -0.180 -0.116 

 (0.094) (0.134) (0.102) (0.091) (0.123) (0.103) 

Homeless as child -0.212** 0.120 -0.169 -0.185** 0.098 -0.176 

 (0.098) (0.143) (0.112) (0.094) (0.128) (0.113) 

Hist. of incarceration before JH -0.267*** 0.349** -0.265** -0.248** 0.272* -0.267** 

 (0.102) (0.155) (0.116) (0.099) (0.140) (0.117) 

Age at interview -0.064** -0.027 -0.045 -0.036 -0.043 -0.045 

 (0.030) (0.045) (0.030) (0.030) (0.041) (0.031) 

Age squared / 100 0.041 0.051 0.060 0.019 0.066 0.060 

 (0.042) (0.064) (0.044) (0.043) (0.058) (0.045) 

Completed Year 10 or 11 0.163 0.214 0.268* 0.097 0.224 0.275* 

 (0.141) (0.254) (0.145) (0.137) (0.229) (0.146) 

Completed Year 12 or more (no 

degree) 0.778*** -0.190 0.633*** 0.623*** -0.077 0.636*** 

 (0.144) (0.250) (0.149) (0.139) (0.223) (0.151) 

Completed university degree 1.211*** -0.114 0.771*** 1.017*** 0.105 0.771*** 

 (0.253) (0.351) (0.272) (0.242) (0.315) (0.275) 

Avg. Local unemployment rate 

(6m) -0.061*** 0.069**   -0.065*** 0.067**  

 (0.023) (0.033)   (0.023) (0.031)  
Lagged endogenous controls        
Married or de-facto t-1     0.038 0.154  

     (0.088) (0.120)  

Number of dep. Children t-1     -0.074 -0.031  

     (0.051) (0.068)  

Disability t-1     -0.294*** 0.332***  

     (0.080) (0.111)  

Small city t-1     -0.133 0.063  

     (0.102) (0.149)  

Rural or boundary area t-1     0.230 -0.238  

     (0.160) (0.218)  

Self-reported poor health t-1     -0.195 0.190  

     (0.130) (0.192)  

Diagnosed with psych. Cond. t-1     -0.047 0.144  

     (0.088) (0.117)  
Times 5+ drinks/day in a month 

t-1     -0.003 0.019**  

     (0.006) (0.008)  
Marijuana use 1 or more 

days/month t-1     -0.111 0.030  

     (0.086) (0.122)  
                                                                                                                                                                 (Continued) 
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Table 3.4. Continued 

 

Model 1: Without controls for lagged 

endogenous factors 

Model 2: With controls for lagged 

endogenous factors 

 

Transition 

into emp. t-

1 to t 

Transition 

out of 

emp. t-1 

to t 

Initially 

employed 

Transition 

into emp. 

t-1 to t 

Transition 

out of 

emp. t-1 

to t 

Initially 

employed 

Registered with any job agency 

to help find job t-1     0.483*** 0.382***  

     (0.077) (0.095)  

Any employed friends t-1     0.277*** -0.168  

     (0.074) (0.109)  

λE  1.000   0.519*** 1.000   0.663*** 

 (0.000)  (0.149) (0.000)  (0.201) 

λL   1.000 -0.350***  1.000 -0.508*** 

   (0.000) (0.112)  (0.000) (0.182) 

Cov (휂𝐸𝑖, 휂𝐿𝑖) -0.2614 -0.0502 

Var (휂𝐸𝑖) 0.7152 0.5379 

Var (휂𝐿𝑖) 0.9562 0.5764 

Log likelihood  -2807.0092 -2707.7513 
 Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed coefficients, the 

models include intercepts and controls for missing responses for childhood sexual abuse, long-term disability, psychological 

diagnosis and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. ** Significant at 0.05 level. *** 

Significant at 0.01 level. 

The findings from Models 1 and 2 in Table 3.4 are qualitatively similar to the 

descriptive results from Table 3.3, where there is weak or no conclusive evidence of the 

negative effect of homelessness on employment entry; however, homelessness is found to be 

significantly positively associated with employment exit. Models 1 and 2, however, do not 

account for the selection (on unobservables) associated with homelessness. This issue is 

addressed in Model 3 in Table 3.5.  

Model 3 in Table 3.5 not only controls for endogenous initial employment conditions 

and time-invariant unobserved factors that might be associated with employment transitions 

but also accounts for time-invariant unobservable factors that could be related to both 

employment transitions and homelessness through equation 3, thus addressing the issue of 

endogenous selection into homelessness. 

The results from Model 3 indicate no significant effects of homelessness on 

employment entry or exit. Once I control for the confounding influences of person-specific 

unobserved characteristics, the positive effect of homelessness on employment exit declines 

considerably and becomes insignificant, while the negative effect of homelessness on 

employment entry becomes positive and remains insignificant. The large, significant values of 
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the factor loadings in the homeless equations (𝜆𝐸
∗ ≠ 0 and 𝜆𝐿

∗ ≠ 0) indicate strong evidence of 

selection, i.e. the presence of a strong correlation between unobservable person-specific 

determinants of homelessness and employment entry and exit.  

 These findings highlight the importance of accounting for selection effects. The 

association between homelessness and poor employment outcomes is mostly driven by 

unobserved person-specific characteristics, which increases a person’s chance of being 

homelessness and remaining unemployed or leaving employment. These could include factors 

such as a poor ability to cope with stressful situations, poor judgement and planning, a lack of 

self-esteem, high risk-taking behaviour and difficult family situations. Once the effect of these 

unobserved confounding characteristics is considered, homelessness or a lack of a stable place 

to live per se does not affect a person’s probability to transition into or out of employment. 

These findings are somewhat similar to the findings from Chigavazira et al. (2014), which also 

used JH data to identify associations between homelessness and employment. The study found 

weak or inconclusive evidence regarding the effect of homelessness on employment in the 

descriptive analysis and in the multivariate analysis. In the multivariate analysis, the authors 

used the fixed-effects approach and found a negative but small, insignificant effect of 

homelessness at t-1 on the probability of being employed at t. 

 

Table 3.5. Full model’s regressions results for the effect of homelessness on employment 

entry and exit (treat homelessness as endogenous) 

 Model 3: With full set of controls and with the 

equation for homelessness 

VARIABLES 

Transition 

into emp. 

t-1 to t 

Transition 

out of emp. 

t-1 to t 

Homeless 

at t 

Initially 

employed 

Homeless t-1 0.076 0.089   

 (0.105) (0.161)   
Demographic/background controls     

Gender (female=1) -0.373*** 0.006 -0.410*** -0.165* 

 (0.088) (0.109) (0.096) (0.088) 

Abor. or Torres St. islander -0.158 0.152 0.261** -0.271** 

 (0.103) (0.151) (0.111) (0.117) 

Immigrant from non-English country 0.130 0.196 -0.091 -0.185 

 (0.149) (0.184) (0.179) (0.168) 

Bi/gay/lesbian 0.130 0.062 0.018 0.261* 

 (0.134) (0.166) (0.160) (0.145) 

                                                                                                                                                                 (Continued) 
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Table 3.5. Continued 

 

Model 3: With full set of controls and with the 

equation for homelessness 

 

Transition 

into emp. t-

1 to t 

Transition 

out of emp. 

t-1 to t 

Homeless 

at t 

Initially 

employed 

Childhood physical or sexual violence 0.075 -0.173 0.048 -0.101 

 (0.084) (0.108) (0.095) (0.089) 

Homeless as child -0.152* 0.059 0.089 -0.144 

 (0.086) (0.111) (0.097) (0.097) 

Hist. of incarceration before JH -0.214** 0.199 0.114 -0.224** 

 (0.091) (0.123) (0.099) (0.101) 

Age at interview -0.036 -0.054 0.007 -0.039 

 (0.028) (0.036) (0.027) (0.026) 

Age squared / 100 0.022 0.076 0.015 0.053 

 (0.039) (0.052) (0.038) (0.038) 

Completed Year 10 or 11 0.112 0.188 -0.198* 0.262** 

 (0.127) (0.203) (0.114) (0.127) 

Completed Year 12 or more (no degree) 0.556*** 0.044 -0.400*** 0.560*** 

 (0.128) (0.196) (0.117) (0.128) 

Completed university degree 0.927*** 0.209 -0.653*** 0.693*** 

 (0.221) (0.277) (0.252) (0.235) 

Avg. Local unemployment rate (6m) -0.058*** 0.057** -0.021  

 (0.022) (0.028) (0.020)  
Lagged endogenous controls     
Married or de-facto t-1 0.040 0.121   

 (0.084) (0.108)   

Number of dep. Children t-1 -0.072 -0.050   

 (0.048) (0.061)   

Disability t-1 -0.284*** 0.304***   

 (0.076) (0.100)   

Small city t-1 -0.139 0.084   

 (0.096) (0.133)   

Rural or boundary area t-1 0.184 -0.211   

 (0.151) (0.196)   

Self-reported poor health t-1 -0.168 0.194   

 (0.123) (0.177)   

Diagnosed with psych. Condition t-1 -0.032 0.060   

 (0.082) (0.102)   

Times 5+ drinks/day in a month t-1 -0.002 0.016**   

 (0.006) (0.007)   

Marijuana use 1 or more days/month t-1 -0.125 0.040   

 (0.081) (0.110)   

Registered with any job agency to help find job t-1 0.473*** 0.434***   

 (0.073) (0.087)   

Any employed friends t-1 0.267*** -0.149   

 (0.070) (0.100)   
                                                                                                                                                                 (Continued) 
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Table 3.5. Continued 

 

Model 3: With full set of controls and with the equation 

for homelessness 

 

Transition 

into emp. t-1 

to t 

Transition 

out of emp. 

t-1 to t 

Homeless 

at t 

Initially 

employed 

Contemporaneous variables in homelessness eq.     

Married or de-facto   -0.634***  

   (0.082)  

Number of children   -0.248***  

   (0.048)  

Disability   0.144**  

   (0.065)  

Small city   0.157  

   (0.100)  

Rural or boundary area   0.301**  

   (0.126)  

Self-reported poor health   0.117  

   (0.084)  

Diagnosed with psych. cond.   -0.102  

   (0.086)  

Times 5+ drinks/day in a month    0.004  

   (0.004)  

Marijuana use 1 or more days/month   0.155**  

   (0.068)  

Registered with any job agency to help find job    0.181***  

   (0.060)  

Any employed friends   -0.219***  

   (0.058)  

Log SA4 area apartment/flat rental price   0.932***  

   (0.191)  

λE , λ*
E 1.000   -4.839** 1.067** 

 (0.000)  (2.359) (0.485) 

λL , λ*
L  1.000 5.146** -0.941* 

   (0.000) (2.341) (0.496) 

Cov (휂𝐸𝑖, 휂𝐿𝑖) 0.3223*** 

Var (휂𝐸𝑖) 0.3662 

Var (휂𝐿𝑖) 0.3316 

Log likelihood  -5374.2844 
Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed coefficients, the 

models include intercepts and controls for missing responses for childhood sexual abuse, long-term disability, psychological 

diagnosis and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. ** Significant at 0.05 level. *** 

Significant at 0.01 level. 

 

One concern that may arise is that the finding of no effect of homelessness per se on 

employment entry and exit may reflect the fact that my analysis compares homeless people at 

t-1 to those near homelessness or those very vulnerable to homelessness at t-1. To investigate 

this concern, I examined the housing situations of people I classify as homeless at t-1 and 
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housed at t-1 in Table 3.A420. The results from the table clearly suggest that a large majority 

people in my reference category (housed at t-1) have very different housing situations from 

those classified as homeless at t-1. More than 70% of the people in my reference group (for 

both the analysis sample and the sample that contributes to the empirical analysis) are in long-

term stable housing situations (living in rented or owner-occupied accommodations on a long-

term basis) 21. Therefore, it is reasonable to conclude that the empirical findings of this study 

are not driven by the lack of noticeable differences in the housing situations of people homeless 

at t-1 and those housed at t-1.  

3.6.2 Effects of covariates 

The results from the final model (Model 3) indicate that women are significantly less 

likely to enter employment; however, there are no significant differences between men and 

women in terms of their probability of exiting employment. Furthermore, people who have 

experienced homelessness as children, people who have been incarcerated in the past, people 

living in areas with high unemployment rates and people who reported disabilities at wave t-1 

are significantly less likely to enter employment from wave t-1 to t. On the other hand, people 

who completed year 12 or higher or who completed a university degree are significantly more 

likely to enter employment compared to people with no schooling. Similarly, people who had 

employed friends at wave t-1 are significantly more likely to enter employment from wave t-1 

to t. People living in areas with high unemployment rates, people who reported disabilities at 

wave t-1 and people who binge drink on more days in a month are significantly more likely to 

leave employment.  

These findings also reveal the importance of treating employment entry and exit as a 

separate process to permit the effect of homelessness, as well as other factors, to differentially 

impact employment entry and exit. Specifically, findings show that all factors that affect entry 

significantly need not necessarily affect exit. For example, the findings suggest that being a 

woman, experiencing childhood homelessness and having a lower level of education 

significantly negatively affect a person’s probability of entering employment. However, these 

factors do not have any significant effect on a person’s probability of exiting employment. 

                                                           
20 By looking at the detailed composition of HSTATUS2, the variable I have used to define my homelessness 

measure. 
21 The remaining are those living with friends/family on a long-term basis (marginally housed) or in short-term 

rental accommodations (short-term rentals). 
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These results suggest that human capital signals might be more important for entry into 

employment compared to exit from employment.  

3.7. Sensitivity analysis 

I examine the sensitivity of my results to alternative measures of homelessness and 

measures of labour force status. First, I consider the ABS’s homelessness measure 

(HSTATUS1), which excludes housing situations such as living in a caravan or boarding 

houses on a long-term basis when defining homelessness, and estimate Model 3. The resulting 

estimate for the association between employment entry and homelessness from doing so is 

negative but still insignificant, and the association between employment exit and homelessness 

is negative, but it remains insignificant. I also find strong evidence regarding selection. 

Altogether, the use of ABS’s homelessness measure does not qualitatively alter my final 

finding of no significant association between homelessness and employment entry and exit. 

The results of these sensitivity analyses are provided in Appendix 3.A4.  

Second, as discussed in section 3.3.2, if spells of homelessness are brief and people 

tend to move in and out of homelessness frequently (Cobb-Clark et al., 2016), my point-in-

time measure of homelessness might miss some of the episodes of homelessness people might 

have experienced between waves that could have affected their employment. Hence, I estimate 

Model 3 using a 6-month homeless measure. Specifically, I use a binary measure of 

homelessness that takes a value of 1 if a person experienced primary homelessness; lived in a 

caravan, hotel, boarding house or crisis accommodation; or lived with friends, family or other 

relatives at any time during the 6 months before the wave 1 interview (HHMLSRP2) or during 

the reference period/time between subsequent interviews for waves 2–6 (HHMLS6M). I find 

that the association between employment entry and homelessness is negative and stronger, but 

it remains insignificant. The association between employment exit and homelessness is positive 

but weaker, and it remains insignificant. Again, there is strong evidence of selection. Overall, 

the results remain qualitatively similar, and they do not qualitatively alter my final finding of 

no significant association between homelessness and employment entry and exit. The results 

of these sensitivity analyses are provided in Appendix 3.A5. 

Third, my employment transition measures do not capture the quality aspect of jobs. It 

could be argued that the jobs homeless people engage in are primarily of low quality (such as 

casual work, work lasting for a few hours, etc.); thus, there is a higher probability of losing 

such jobs, which could drive my results. Unfortunately, the relatively small sample size does 
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not allow the estimation of my empirical model if I define thresholds for entry and exit based 

on job characteristics. Nonetheless, I examined the differences in the job profiles (contract of 

employment, earnings and hours worked) of homeless and non-homeless people for my 

analysis sample in Table 3.A6. The table suggests that there are no significant differences in 

the type of contract, work earnings and hours worked (i.e. quality) between those housed at t-

1 and those homeless at t-1, implying that both housed and homeless individuals in the JH 

sample do the same quality of jobs if employed. Hence, these factors are unlikely to drive my 

employment transition results. The findings shown in Table 3.A6 are very similar to the 

findings reported in the JH research reports (Bevitt et al., 2015). In addition, I redefine my 

outcome measures to capture transitions into and out of the labour force instead of transitions 

into and out of employment. The results again reveal the same pattern. In models treating 

homelessness as exogenous, the association between homelessness and labour force entry is 

not significant. However, being homeless is significantly positively associated with the 

transition out of the labour force. Thus, homeless and non-homeless people are not significantly 

different in terms of their probability of entering the labour force (i.e. being employed or 

searching for employment), but the experience of homelessness is significantly likely to make 

people move out of the labour force compared to non-homeless people. Once the endogeneity 

of homelessness is addressed, the estimate for the effect of homelessness on transitions out of 

the labour force becomes insignificant with strong evidence of selection, which suggests that 

the results are driven by unobserved personal factors that increase people’s chances of being 

homeless and leaving the labour market. The results of these sensitivity analyses are provided 

in Appendices 3.A7a and 3.A7b.  

I also estimate the specification that includes an interaction term between gender and 

homelessness at wave t-1 and find no significant interaction effects. The estimates suggest that 

homeless women are more likely to enter and less likely to exit employment compared to 

homeless men, possibly because they have more social support, but none of the estimates are 

significant. Moreover, the inclusion of the interaction between gender and the homeless 

outcome does not alter the main findings of the study. Therefore, the conclusions regarding the 

effect of homelessness on employment entry and exit remain robust. The results of this 

additional analysis are provided in Appendix 3.A8. 
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3.8. Discussion and conclusion 

This is the first study to examine how the experience of homelessness affects a person’s 

transitions into and out of employment. By taking advantage of the unique, rich longitudinal 

data from the JH survey, I estimate models that address the potential for reverse causality and 

account for confounding influences from many observable variables and unobservable time-

invariant person-specific variables that might be related to employment transitions and 

homelessness. Eliminating concerns related to these two important issues permits my estimates 

to have a plausibly causal interpretation.  

The descriptive analyses reveal that compared to people housed at t-1, people homeless 

at t-1 experience significantly higher transitions out of employment. People homeless at t-1 

experience fewer transitions into employment compared to those housed at t-1; however, this 

association is only marginally significant. Findings from the descriptive analyses further reveal 

that JH respondents are a considerably disadvantaged group with several economic and social 

problems. The regression results from the empirical models that account for reverse causality 

but do not address the endogeneity of homelessness are similar to the descriptive findings that 

homelessness is significantly positively associated with transitions out of employment but that 

it has no significant effect on employment entry.  

The results from the final empirical model, which also addresses the endogeneity of 

homelessness, provide strong support for selection, i.e. a strong correlation between 

unobservable determinants of employment entry and exit and homelessness. After accounting 

for reverse causality and common unobservable confounders, the findings indicate no 

significant effect of homelessness per se on either employment entry or exit. A potential 

explanation for this null finding could be that the entire JH sample (both homeless and non-

homeless people) is comprised of disadvantaged people in terms of low income, poor health, 

poor family situation, high drug use and incarceration rates, which might place them in very 

similar labour market prospects and situations regardless of their housing situations.  

This study is not without its limitations. First, my econometric approach does not allow 

me to examine the immediate effect of homelessness on employment. Second, the job holding 

rate is low in the JH survey data and the data only offers six waves, which result in only five 

possible transition periods. Hence, a relatively fewer amount of transitions are observed in the 

data, leading to a modest effective sample size. Third, while my estimation approach allows 

me to control for endogenous unobservable time-invariant factors and a rich set of exogenous 
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and potentially endogenous time-varying observed characteristics, there could be other time-

varying unobserved factors that I cannot control for, leaving the possibility of endogeneity 

arising from omitted variables. 

The results from this study have important implications for the development of policies 

to improve economic outcomes among the homeless population. The descriptive findings 

reveal a very low level of employment among the homeless population compared to the general 

rate of employment and show that homelessness is more strongly associated with difficulty 

keeping employment than with finding employment. This is not an obvious finding, and it has 

important implications for policy and programs aimed at improving employment outcomes for 

homeless people. The services that only focus on providing homeless people assistance with 

finding a job are ignoring a key determinant of successful employment, that is the ability to 

retain a job. Hence, it is important to provide homeless job seekers and employees with more 

targeted support from job agencies to help them not only find jobs but also retain them.  

The results of the multivariate analysis highlight that as suggested by the conceptual 

framework, several observed factors significantly affect employment entry and exit. For 

example, the presence of a disability significantly impacts job finding and retention, education 

and social networks (i.e. having employed friends) significantly affect job finding, and drug 

abuse significantly affects job retention. Hence, improving education and health outcomes 

among the homeless population can have significant positive impacts on this population’s 

employment prospects. Importantly, the multivariate results suggest that the unobserved time-

invariant factors that negatively affect both homelessness and employment outcomes are 

serious barriers to retaining a job for homeless people. These factors could include low self-

esteem, a poor ability to cope with stressful life events and a difficult family environment. A 

large decrease occurs in the association between homelessness and employment exit after I 

account for unobservable common confounders.  

These findings shed doubt on the effectiveness of the ‘Housing first approach’ to 

achieve wider benefits including better employment outcomes. The finding of no significant 

effect of homelessness on employment entry and exit once observed and unobserved factors 

are accounted for suggests that focusing on interventions that address housing problems alone 

will not improve employment outcomes for people experiencing homelessness. Although, 

housing is necessary, a more holistic approach that also addresses the complex range of 

personal, psychological and social problems that place vulnerable populations at a 
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disadvantaged with respect to labour market outcomes, would be more effective. Such 

approach would help homeless people retain their jobs, achieve stable employment and thus 

potentially find stable housing. 
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3.10. Appendices 

Table 3.A1. Proportions of time people were not employed (over the waves they had non-

missing employment data) for the whole JH sample 

Proportion of time not employed  Freq. 

(Person) 

Freq.         

(Person-year) 

Percent Cum. 

0 103 618 6.12 6.12 

16.66667 71 426 4.22 10.34 

20 18 108 1.07 11.41 

25 13 78 0.77 12.19 

33.33333 85 510 5.05 17.24 

40 11 66 0.65 17.9 

50 99 594 5.89 23.78 

60 29 174 1.72 25.51 

66.66666 135 810 8.03 33.53 

75 15 90 0.89 34.42 

80 35 210 2.08 36.5 

83.33334 156 936 9.27 45.78 

100 912 5,472 54.22 100 

Total 1,682 10,092 100   
Notes: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey. The patterns 

are defined over the time period people are observed in the survey. 

 

Table 3.A2. Within variation in Xs 

Variable   Mean 

Std. 

Dev. Min Max Observations 

Age at interview overall 32.180 10.977 18 55 N =    5326  

 between  11.067 18 55 n =    1291  

 within  0.715 30.513 33.780 T-bar = 4.12548 
        

Age squared / 100 overall 11.560 7.617 3.24 30.25 N =    5326  

 between  7.636 3.24 30.25 n =    1291  

 within  0.488 10.173 13.124 T-bar = 4.12548 
        

Completed Year 10 or 11 overall 0.387 0.487 0 1 N =    5326  

 between  0.480 0 1 n =    1291  

 within  0.091 -0.413 1.187 T-bar = 4.12548 
        
Comp. Year 12 or more (no 

degree) overall 0.441 0.497 0 1 N =    5326  

 between  0.487 0 1 n =    1291  

 within  0.092 -0.359 1.241 T-bar = 4.12548 
        

Completed university degree overall 0.037 0.189 0 1 N =    5326  

 between  0.183 0 1 n =    1291  

 within  0.024 -0.563 0.704 T-bar = 4.12548 
        
Avg. Local unemployment rate 

(6m) overall 5.829 1.578 1.5 10.883 N =    5326  

 between  1.258 2.8 9.7 n =    1291  

  within   0.980 1.739 10.171 T-bar = 4.12548 

Note: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey 

for the analysis sample. 
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Table 3.A3. The detailed composition of housing situations for my lagged homelessness 

measure  

Panel A: For the analysis (N=5,362) 

  Homelessness status t-1 

Detailed housing situation t-1 Not homeless Homeless 

Primary 0 8.36 

    

Secondary 0 39.2 

    

Tertiary 0 52.44 

    

Marginally housed 25.06 0 

    

Short-term rental 1.87 0 

    

Long-term housed / stable 73.06 0 

Total 100 (N=4,321) 100 (N=1,005) 

Panel B: For the sample that contributes to the multivariate analysis (N= 2,344) 

  Homelessness status t-1 

Detailed housing situation t-1 Not homeless Homeless 

Primary 0 6.18 

    

Secondary 0 43.01 

    

Tertiary 0 50.81 

    

Marginally housed 27.79 0 

    

Short-term rental 1.52 0 

    

Long-term housed / stable 70.69 0 

Total 100 (N=1,972) 100 (N=372) 

Note: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey.  
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Table 3.A4. Regressions results for the effect of homelessness on employment entry and exit 

using ABS homelessness measure  

  

Model with full set of controls and with the equation for 

homelessness 

VARIABLES 

Transition 

into emp. t-

1 to t 

Transition 

out of emp. 

t-1 to t 

Homeless 

at t 

Initially 

employed 

Homeless t-1(ABS measure) -0.081 -0.123   

 (0.126) (0.203)   
Demographic/background controls     
Gender (female=1) -0.441*** 0.156 -0.369*** -0.229** 

 (0.096) (0.115) (0.103) (0.110) 

Abor. or Torres St. islander -0.233** 0.252 0.181 -0.337** 

 (0.113) (0.159) (0.119) (0.147) 

Immigrant from non-English country 0.050 0.247 0.051 -0.238 

 (0.162) (0.194) (0.187) (0.210) 

Bi/gay/lesbian 0.206 0.067 0.140 0.301 

 (0.147) (0.176) (0.164) (0.184) 

Childhood physical or sexual violence 0.024 -0.163 0.068 -0.115 

 (0.091) (0.113) (0.102) (0.111) 

Homeless as child -0.201** 0.101 0.101 -0.181 

 (0.094) (0.117) (0.103) (0.122) 

Hist. of incarceration before JH -0.280*** 0.301** 0.139 -0.287** 

 (0.099) (0.130) (0.103) (0.126) 

Age at interview -0.037 -0.024 0.013 -0.051 

 (0.030) (0.038) (0.029) (0.033) 

Age squared / 100 0.020 0.041 -0.006 0.068 

 (0.042) (0.054) (0.041) (0.048) 

Completed Year 10 or 11 0.075 0.101 -0.155 0.271* 

 (0.135) (0.205) (0.122) (0.157) 

Completed Year 12 or more (no degree) 0.656*** -0.296 -0.205 0.686*** 

 (0.138) (0.202) (0.125) (0.161) 

Completed university degree 1.020*** -0.123 -0.260 0.826*** 

 (0.239) (0.290) (0.259) (0.295) 

Avg. Local unemployment rate (6m) -0.065*** 0.059** -0.038*  

 (0.023) (0.028) (0.023)  
Lagged endogenous controls     
Married or de-facto t-1 0.053 0.088   

 (0.087) (0.110)   
Number of dep. Children t-1 -0.071 -0.019   

 (0.050) (0.062)   
Disability t-1 -0.282*** 0.319***   

 (0.078) (0.101)   
Small city t-1 -0.124 0.049   

 (0.100) (0.134)   
Rural or boundary area t-1 0.256* -0.199   

 (0.155) (0.196)   
Self-reported poor health t-1 -0.217* 0.187   

 (0.127) (0.179)   
Diagnosed with psych. Condition t-1 -0.053 0.191*   

 (0.086) (0.106)   
Times 5+ drinks/day in a month t-1 -0.003 0.021***   

 (0.006) (0.007)   
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Marijuana use 1 or more days/month t-1 -0.091 -0.004   

 (0.084) (0.112)   
Registered with any job agency to help find job 

t-1 0.455*** 0.379***   

 (0.075) (0.089)   
Any employed friends t-1 0.266*** -0.194*   

 (0.073) (0.101)   
Contemporaneous variables in homelessness eq.    
Married or de-facto   -0.641***  

   (0.095)  
Number of children   -0.344***  

   (0.060)  
Disability   0.156**  

   (0.072)  
Small city   0.014  

   (0.113)  
Rural or boundary area   -0.051  

   (0.149)  
Self-reported poor health   0.102  

   (0.092)  
Diagnosed with psych. cond.   -0.036  

   (0.093)  
Times 5+ drinks/day in a month    0.011**  

   (0.004)  
Marijuana use 1 or more days/month   0.152**  

   (0.074)  
Registered with any job agency to help find job    0.154**  

   (0.068)  
Any employed friends   -0.216***  

   (0.064)  
Log SA4 area apartment/flat rental price   0.936***  

   (0.207)  

λE , λ*
E 1.000   3.837* 0.273 

 (0.000)  (2.236) (0.414) 

λL , λ*
L  1.000 4.436** -0.834* 

    (0.000) (2.221) (0.429) 

cov (휂𝐸𝑖, 휂𝐿𝑖) (-)0.5324*** 

var (휂𝐸𝑖) 0.5917 

var (휂𝐿𝑖) 0.5409 

Log likelihood  -4777.047 
Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed coefficients, the 

models include intercepts and controls for missing responses for the childhood sexual abuse, long-term disability, 

psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. ** Significant at 

0.05 level. *** Significant at 0.01 level. 
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Table 3.A5. Regressions results for the effect of homelessness on employment entry and exit 

using 6-month homelessness measure  

  

Model with full set of controls and with the equation for 

homelessness 

VARIABLES 

Transition 

into emp. t-1 

to t 

Transition 

out of emp. 

t-1 to t 

Homeless at 

t 

Initially 

employed 

Homeless t-1 (6-month measure) -0.107 0.022   

 (0.086) (0.115)   
Demographic/background controls     
Gender (female=1) -0.431*** 0.131 -0.163** -0.223** 

 (0.095) (0.116) (0.073) (0.111) 

Abor. or Torres St. islander -0.223** 0.292* 0.086 -0.345** 

 (0.112) (0.161) (0.087) (0.148) 

Immigrant from non-English country 0.030 0.192 -0.122 -0.230 

 (0.162) (0.197) (0.137) (0.209) 

Bi/gay/lesbian 0.207 0.076 0.037 0.303* 

 (0.145) (0.176) (0.122) (0.184) 

Childhood physical or sexual violence 0.023 -0.198* 0.079 -0.114 

 (0.090) (0.114) (0.073) (0.111) 

Homeless as child -0.197** 0.095 0.066 -0.175 

 (0.093) (0.118) (0.075) (0.122) 

Hist. of incarceration before JH -0.261*** 0.283** 0.171** -0.291** 

 (0.099) (0.131) (0.078) (0.126) 

Age at interview -0.034 -0.027 -0.037* -0.050 

 (0.029) (0.038) (0.021) (0.033) 

Age squared / 100 0.015 0.045 0.039 0.067 

 (0.042) (0.054) (0.031) (0.048) 

Completed Year 10 or 11 0.062 0.146 -0.116 0.287* 

 (0.134) (0.206) (0.090) (0.157) 

Completed Year 12 or more (no degree) 0.626*** -0.251 -0.295*** 0.691*** 

 (0.137) (0.204) (0.092) (0.161) 

Completed university degree 0.986*** -0.011 -0.286 0.819*** 

 (0.237) (0.294) (0.187) (0.295) 

Avg. Local unemployment rate (6m) -0.063*** 0.057** -0.023  

 (0.023) (0.028) (0.016)  
Lagged endogenous controls     
Married or de-facto t-1 0.043 0.107   

 (0.087) (0.110)   
Number of dep. Children t-1 -0.081 -0.031   

 (0.050) (0.063)   
Disability t-1 -0.276*** 0.332***   

 (0.078) (0.102)   
Small city t-1 -0.121 0.104   

 (0.100) (0.135)   
Rural or boundary area t-1 0.256* -0.244   

 (0.156) (0.200)   
Self-reported poor health t-1 -0.227* 0.175   

 (0.129) (0.179)   
Diagnosed with psych. Condition t-1 -0.050 0.196*   

 (0.086) (0.107)   
Times 5+ drinks/day in a month t-1 -0.003 0.017**   

 (0.006) (0.007)   
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Marijuana use 1 or more days/month t-1 -0.099 -0.011   

 (0.084) (0.112)   
Registered with any job agency to help find job 

t-1 0.463*** 0.396***   

 (0.075) (0.090)   
Any employed friends t-1 0.269*** -0.185*   

 (0.073) (0.102)   
Contemporaneous variables in homelessness eq.    
Married or de-facto   -0.384***  

   (0.058)  
Number of children   -0.242***  

   (0.035)  
Disability   0.141***  

   (0.051)  
Small city   0.169**  

   (0.079)  
Rural or boundary area   0.360***  

   (0.105)  
Self-reported poor health   0.086  

   (0.071)  
Diagnosed with psych. cond.   -0.066  

   (0.067)  
Times 5+ drinks/day in a month    0.010***  

   (0.004)  
Marijuana use 1 or more days/month   0.108*  

   (0.056)  
Registered with any job agency to help find job    0.272***  

   (0.047)  
Any employed friends   -0.202***  

   (0.046)  

Log SA4 area apartment/flat rental price   

     

0.417***  

   (0.153)  

λE , λ*
E 1.000   2.027*** 0.497** 

 (0.000)  (0.671) (0.237) 

λL , λ*
L  1.000 2.377*** -0.625*** 

    (0.000) (0.608) (0.207) 

cov (휂𝐸𝑖, 휂𝐿𝑖) (-)0.4845*** 

var (휂𝐸𝑖) 0.5621 

var (휂𝐿𝑖) 0.5709 

Log likelihood  -6690.2188 
Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed coefficients, the 

models include intercepts and controls for missing responses for the childhood sexual abuse, long-term disability, 

psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. ** Significant at 

0.05 level. *** Significant at 0.01 level. 
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Table 3.A6. Employment characteristics conditional on homelessness status (% of employed) 

for the analysis sample 

  All Housed t-1 Homeless t-1 

Employment characteristics  Mean Mean Mean 

Type of employment contract    

Ongoing /permanent 0.3489 0.3570 0.2947* 

Fixed-term 0.0563 0.0545 0.0684 

Casual 0.4966 0.4921 0.5263 

Self-employed and other 0.0982 0.0964 0.1105 

Usual hours of work per week    

Full-time (>=35 hours) 0.4437 0.4376 0.4842 

Part-time (<35 hours) 0.5467 0.5521 0.5105 

Other 0.0096 0.0103 0.0053 

Employment earnings    

Total gross earnings per week 587.6408 597.2891 523.3526* 

  1,456 1,266 190 
Note: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey. Asterisks 

indicate statistically significant differences in means between those housed at t-1 and homeless at t-1 based on ttest. 

* Significant at 0.1 level. ** Significant at 0.05 level. *** Significant at 0.01 level. 

 

Table 3.A7a. Regressions results for the effect of homelessness on labour force entry and exit 

from models that treat homelessness as exogenous 

 Model without controls for lagged 

endogenous factors 

Model with controls for lagged 

endogenous factors 

VARIABLES 

Transition 

into 

Labour 

force t-1 

to t 

Transition 

out of 

labour 

force t-1 

to t 

Initially 

employed 

Transition 

into 

Labour 

force t-1 

to t 

Transition 

out of 

labour 

force t-1 

to t 

Initially 

employed 

Homeless t-1 0.150 0.181**   0.105 0.188**  

 (0.107) (0.090)   (0.105) (0.090)  

Demographic/background controls        

Gender (female=1) -1.163*** 0.687*** -0.554*** -0.891*** 0.622*** -0.529*** 

 (0.145) (0.099) (0.101) (0.136) (0.097) (0.097) 

Abor. or Torres St. islander -0.006 0.166 -0.089 0.047 0.131 -0.085 

 (0.149) (0.113) (0.120) (0.136) (0.110) (0.115) 

Immigrant from non-English country 0.260 0.060 -0.039 0.235 0.110 -0.034 

 (0.240) (0.162) (0.185) (0.216) (0.157) (0.177) 

Bi/gay/lesbian 0.472** -0.356** 0.571*** 0.333* -0.345** 0.548*** 

 (0.225) (0.150) (0.176) (0.202) (0.145) (0.168) 

Childhood physical or sexual violence -0.149 0.072 -0.070 -0.100 -0.059 -0.065 

 (0.127) (0.090) (0.099) (0.116) (0.089) (0.094) 

Homeless as child -0.074 0.027 -0.140 -0.034 0.022 -0.135 

 (0.129) (0.094) (0.106) (0.117) (0.090) (0.101) 

Hist. of incarceration before JH -0.324** 0.431*** -0.149 -0.320** 0.400*** -0.144 

 (0.142) (0.099) (0.108) (0.130) (0.095) (0.103) 

Age at interview -0.060 -0.020 -0.074*** -0.027 -0.040 -0.070** 

 (0.038) (0.029) (0.029) (0.037) (0.029) (0.027) 

Age squared / 100 0.011 0.052 0.067 -0.016 0.072* 0.064 

 (0.054) (0.042) (0.042) (0.052) (0.041) (0.040) 
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Completed Year 10 or 11 0.301* -0.103 0.451*** 0.153 -0.016 0.439*** 

 (0.164) (0.141) (0.125) (0.150) (0.135) (0.121) 

Completed Year 12 or more (no degree) 0.844*** -0.446*** 0.798*** 0.592*** -0.294** 0.759*** 

 (0.174) (0.144) (0.134) (0.157) (0.138) (0.130) 

Completed university degree 1.253*** -0.735*** 1.059*** 0.952*** -0.500** 0.990*** 

 (0.351) (0.254) (0.277) (0.317) (0.242) (0.265) 

Avg. Local unemployment rate (6m) -0.016 0.051**   -0.020 0.051**  

 (0.029) (0.023)   (0.028) (0.022)  

Lagged endogenous controls        

Married or de-facto t-1     -0.058 0.158*  

     (0.110) (0.087)  

Number of dep. Children t-1     -0.093 0.047  

     (0.057) (0.051)  

Disability t-1     -0.181* 0.308***  

     (0.098) (0.076)  

Small city t-1     -0.031 0.131  

     (0.128) (0.098)  

Rural or boundary area t-1     -0.021 -0.383**  

     (0.201) (0.178)  

Self-reported poor health t-1     -0.277** 0.165  

     (0.130) (0.133)  

Diagnosed with psych. Condition t-1     0.056 0.116  

     (0.117) (0.085)  

Times 5+ drinks/day in a month t-1     -0.000 0.006  

     (0.007) (0.006)  

Marijuana use 1 or more days/month t-1     -0.133 0.125  

     (0.107) (0.083)  
Registered with any job agency to help 

find job t-1     0.714*** 0.110  

     (0.091) (0.075)  

Any employed friends t-1     0.186** -0.288***  

     (0.085) (0.074)  

λE  1.000   0.501*** 1.000   0.522*** 

 (0.000)  (0.105) (0.000)  (0.122) 

λL   1.000 -0.349**  1.000 -0.496** 

    (0.000) (0.168)   (0.000) (0.201) 

cov (휂𝐸𝑖, 휂𝐿𝑖) (-)0.4454** -0.1937 

var (휂𝐸𝑖) 1.5135 0.9549 

var (휂𝐿𝑖) 0.5589 0.4152 

Log likelihood  -3310.5506 -3198.7956 
Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed coefficients, the 

models include intercepts and controls for missing responses for the childhood sexual abuse, long-term disability, 

psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. ** Significant at 

0.05 level. *** Significant at 0.01 level. 
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Table 3.A7b. Regressions results for the effect of homelessness on labour force entry and exit 

from the main model 

  

Model with full set of controls and with the equation for 

homelessness 

VARIABLES 

Transition 

into Labour 

force t-1 to t 

Transition 

out of labour 

force t-1 to t 

Homeless 

at t 

Initially 

employed 

Homeless t-1 0.151 -0.046   

 (0.123) (0.104)   
Demographic/background controls     
Gender (female=1) -0.740*** 0.421*** -0.396*** -0.456*** 

 (0.126) (0.076) (0.096) (0.080) 

Abor. or Torres St. islander 0.094 0.077 0.259** -0.073 

 (0.128) (0.091) (0.111) (0.098) 

Immigrant from non-English country 0.239 0.111 -0.083 -0.023 

 (0.202) (0.132) (0.178) (0.151) 

Bi/gay/lesbian 0.212 -0.240** 0.019 0.474*** 

 (0.189) (0.120) (0.159) (0.143) 

Childhood physical or sexual violence -0.080 -0.081 0.050 -0.053 

 (0.109) (0.075) (0.095) (0.081) 

Homeless as child -0.048 0.004 0.089 -0.114 

 (0.109) (0.076) (0.097) (0.086) 

Hist. of incarceration before JH -0.220* 0.362*** 0.113 -0.124 

 (0.120) (0.080) (0.099) (0.088) 

Age at interview -0.034 -0.049** 0.008 -0.060*** 

 (0.034) (0.024) (0.027) (0.023) 

Age squared / 100 0.001 0.074** 0.014 0.056* 

 (0.049) (0.035) (0.038) (0.034) 

Completed Year 10 or 11 0.123 0.036 -0.198* 0.405*** 

 (0.141) (0.114) (0.114) (0.104) 

Completed Year 12 or more (no degree) 0.459*** -0.161 -0.410*** 0.656*** 

 (0.147) (0.114) (0.117) (0.109) 

Completed university degree 0.810*** -0.299 -0.691*** 0.862*** 

 (0.298) (0.202) (0.254) (0.226) 

Avg. Local unemployment rate (6m) -0.018 0.036* -0.021  

 (0.027) (0.020) (0.020)  
Lagged endogenous controls     
Married or de-facto t-1 -0.053 0.099   

 (0.107) (0.076)   
Number of dep. Children t-1 -0.069 0.020   

 (0.055) (0.044)   
Disability t-1 -0.196** 0.292***   

 (0.095) (0.068)   
Small city t-1 -0.053 0.108   

 (0.123) (0.084)   
Rural or boundary area t-1 -0.099 -0.336**   

 (0.197) (0.158)   
Self-reported poor health t-1 -0.256** 0.160   

 (0.126) (0.121)   
Diagnosed with psych. Condition t-1 0.092 0.100   

 (0.112) (0.072)   
Times 5+ drinks/day in a month t-1 -0.001 0.006   
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 (0.007) (0.005)   
Marijuana use 1 or more days/month t-1 -0.120 0.099   

 (0.103) (0.073)   
Registered with any job agency to help find job t-

1 0.767*** 0.119*   

 (0.088) (0.067)   
Any employed friends t-1 0.167** -0.253***   

 (0.083) (0.066)   
Contemporaneous variables in homelessness 

eq.     
Married or de-facto   -0.627***  

   (0.081)  
Number of children   -0.248***  

   (0.048)  
Disability   0.135**  

   (0.065)  
Small city   0.157  

   (0.100)  
Rural or boundary area   0.279**  

   (0.126)  
Self-reported poor health   0.109  

   (0.084)  
Diagnosed with psych. cond.   -0.108  

   (0.086)  
Times 5+ drinks/day in a month    0.003  

   (0.004)  
Marijuana use 1 or more days/month   0.161**  

   (0.068)  
Registered with any job agency to help find job    0.229***  

   (0.061)  
Any employed friends   -0.218***  

   (0.058)  
Log SA4 area apartment/flat rental price   0.881***  

   (0.191)  

λE , λ*
E 1.000   -2.245** 0.516*** 

 (0.000)  (1.007) (0.168) 

λL , λ*
L  1.000 5.699*** -0.653* 

    (0.000) (1.809) (0.334) 

cov (휂𝐸𝑖, 휂𝐿𝑖) 0.2829*** 

var (휂𝐸𝑖) 0.7353 

var (휂𝐿𝑖) 0.1491 

Log likelihood  -5870.9772 
Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed coefficients, the 

models include intercepts and controls for missing responses for the childhood sexual abuse, long-term disability, 

psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. ** Significant at 

0.05 level. *** Significant at 0.01 level. 
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Table 3.A8. Regressions results for the effect of homelessness on employment entry and exit 

with added interaction between gender and homelessness status 

 

Model with full set of controls and with the equation for 

homelessness 

VARIABLES 

Transition 

into emp. t-1 

to t 

Transition 

out of emp. 

t-1 to t 

Homeless at 

t 

Initially 

employed 

Homeless t-1 0.048 0.160   

 (0.118) (0.174)   
Homeless t-1 X gender (female=1) 0.087 -0.254   

 (0.178) (0.292)   
Demographic/background controls     
Gender (female=1) -0.386*** 0.031 -0.411*** -0.165* 

 (0.092) (0.113) (0.096) (0.088) 

Abor. or Torres St. islander -0.158 0.156 0.261** -0.271** 

 (0.103) (0.152) (0.111) (0.117) 

Immigrant from non-English country 0.132 0.196 -0.091 -0.185 

 (0.149) (0.185) (0.179) (0.168) 

Bi/gay/lesbian 0.127 0.070 0.018 0.261* 

 (0.134) (0.167) (0.160) (0.145) 

Childhood physical or sexual violence 0.076 -0.172 0.048 -0.100 

 (0.084) (0.108) (0.095) (0.089) 

Homeless as child -0.152* 0.057 0.089 -0.144 

 (0.085) (0.112) (0.097) (0.097) 

Hist. of incarceration before JH -0.214** 0.198 0.114 -0.224** 

 (0.090) (0.123) (0.099) (0.101) 

Age at interview -0.036 -0.056 0.007 -0.039 

 (0.028) (0.036) (0.027) (0.026) 

Age squared / 100 0.021 0.079 0.014 0.053 

 (0.039) (0.052) (0.038) (0.038) 

Completed Year 10 or 11 0.111 0.189 -0.198* 0.262** 

 (0.127) (0.204) (0.114) (0.126) 

Completed Year 12 or more (no degree) 0.554*** 0.045 -0.400*** 0.559*** 

 (0.128) (0.198) (0.117) (0.128) 

Completed university degree 0.926*** 0.214 -0.653*** 0.693*** 

 (0.221) (0.278) (0.252) (0.235) 

Avg. Local unemployment rate (6m) -0.058*** 0.058** -0.021  

 (0.022) (0.028) (0.020)  
Lagged endogenous controls     

Married or de-facto t-1 0.040 0.120   

 (0.083) (0.109)   
Number of dep. Children t-1 -0.073 -0.051   

 (0.048) (0.061)   
Disability t-1 -0.284*** 0.304***   

 (0.076) (0.100)   
Small city t-1 -0.141 0.087   

 (0.096) (0.133)   
Rural or boundary area t-1 0.183 -0.198   

 (0.151) (0.197)   
Self-reported poor health t-1 -0.167 0.194   

 (0.123) (0.178)   
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Diagnosed with psych. Condition t-1 -0.034 0.062   

 (0.082) (0.103)   
Times 5+ drinks/day in a month t-1 -0.002 0.016**   

 (0.006) (0.007)   

Marijuana use 1 or more days/month t-1 -0.124 0.037   

 (0.081) (0.110)   
Registered with any job agency to help find job 

t-1 0.471*** 0.436***   

 (0.073) (0.088)   
Any employed friends t-1 0.267*** -0.148   

 (0.070) (0.101)   
Contemporaneous variables in homelessness eq.    
Married or de-facto   -0.634***  

   (0.082)  
Number of children   -0.247***  

   (0.048)  
Disability   0.144**  

   (0.065)  
Small city   0.157  

   (0.100)  
Rural or boundary area   0.301**  

   (0.126)  

Self-reported poor health   0.117  

   (0.084)  
Diagnosed with psych. cond.   -0.102  

   (0.086)  
Times 5+ drinks/day in a month    0.004  

   (0.004)  
Marijuana use 1 or more days/month   0.155**  

   (0.068)  
Registered with any job agency to help find job    0.181***  

   (0.060)  
Any employed friends   -0.219***  

   (0.058)  

Log SA4 area apartment/flat rental price   0.932***  

   (0.191)  

λE , λ*
E 1.000   -4.970** 1.086** 

 (0.000)  (2.037) (0.442) 

λL , λ*
L  1.000 5.167*** -0.946** 

    (0.000) (1.859) (0.426) 

cov (휂𝐸𝑖, 휂𝐿𝑖)  0.3264*** 

var (휂𝐸𝑖) 0.3622 

var (휂𝐿𝑖) 0.3417 

Log likelihood  -5373.7704 

Note: Unweighted longitudinal data from the JH survey for 560 persons (2,344 obs.). In addition to the listed 

coefficients, the models include intercepts and controls for missing responses for the childhood sexual abuse, long 

term disability, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 

0.1 level. ** Significant at 0.05 level. *** Significant at 0.01 level. 
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 Chapter 4: Circumstances of disadvantaged 

men and women affecting their survival 

activities: Evidence from the Journeys Home 

survey 
 

Abstract 

Informal survival activities have received limited attention from economists in developed 

economies. This study uses data from the Journeys Home (JH) survey, which is a national, 

longitudinal survey on disadvantaged Australians. It examines the prevalence of four survival 

activities: use of accommodation services, use of meal programs, pawning belongings and 

seeking financial help from friends or family. In a developed country setting, this study is one 

of the few to have quantified the prevalence of informal survival activities and the first to 

examine how changes in men’s and women’s housing situations and other circumstances affect 

their use of survival activities using longitudinal data and methods. The findings reveal that the 

use of accommodation and meal services, pawning belongings and asking friends and family 

for financial help are prevalent among JH respondents even though most of them report 

currently receiving income support payments. A fixed-effects analysis further shows that 

among men, those who have recently experienced homelessness are significantly more likely 

to not only use accommodation services but also have a higher probability of using meal 

services and asking friends and family for financial help. Among women, those who have 

recently experienced homelessness have a significantly higher probability of using all four 

survival activities. I also find that men and women who report drug use; those with mental and 

physical health problems; and those with friends who are homeless, who use drugs, or who 

have been incarcerated are significantly more likely to use one or more of the four informal 

survival activities. Understanding which subgroups are more likely to use informal survival 

activities allows us to undercover the determinants of demand or usage for these activities.    

 

 

 

 

 

 

* This chapter uses data collected from the Journeys Home project, a longitudinal survey-based 

study managed by the Melbourne Institute of Applied Economic and Social Research on behalf 

of the Australian Government Department of Social Services (DSS). The findings and views 

reported in this chapter are solely those of the author, and they should not be attributed to either 

DSS or the Melbourne Institute. The .do files used to analyse the data are available upon 

request. The author sincerely thanks her supervisors Professor David Ribar and Professor Jenny 

Williams for their guidance and helpful comments. The author is thankful for the funding 

provided by the university in the form of an Australian Training Program Scholarship, 

Postgraduate Award (APA) and a Melbourne Study Scholarship. 
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4.1. Introduction 

With limited access and poor ability to maintain employment, poor and disadvantaged 

populations might turn to other informal means of acquiring the resources necessary to meet 

their day-to-day needs. The survival activities performed outside the formal framework of the 

economy have been studied frequently in the context of developing countries (Bacchetta, Ernst, 

& Bustamante, 2009; Collins, Morduch, Rutherford, & Ruthven, 2009; Gërxhani, 2004; Hart, 

1973). In developed economies, interest in informal survival activities has primarily been from 

sociologists and ethnographers, with limited attention from economists. Analysing 

disadvantaged people’s survival activities and the circumstances that contribute to their 

involvement in these activities help in forming a better understanding of the needs of this 

population and the importance of addressing some of these challenging circumstances to reduce 

their economic hardships.  

Researchers have studied the existence of such activities in developed economies 

mainly using qualitative methods (Bender et al., 2007; Gaetz & O'Grady, 2002; Meadows-

Oliver, 2016; Snow & Anderson, 1993; Sosin, 1992; Venkatesh, 2006). Studies resort to 

qualitative methods because informal survival activities and behaviours are so diverse and 

largely hidden from the government since they are not publicly presented or measured. These 

qualitative studies reveal that disadvantaged people engage in different types of informal 

survival activities, such as approaching friends and family for help (Gaetz & O'Grady, 2002; 

Meadows-Oliver, 2016); using support services, such as accommodation services and free meal 

services or meal programs (Bender et al., 2007; Sosin, 1992); and selling clothing and other 

belongings (Snow & Anderson, 1993). Studies also find that the resources acquired from these 

informal economic survival activities often complement income from paid work and 

government support (Gaetz & O'Grady, 2002; Snow & Anderson, 1993).  

Only recently have studies in developed economies utilized quantitative methods to 

examine the informal survival activities and contributing circumstances among disadvantaged 

populations, particularly those experiencing homelessness or housing insecurity (Ferguson, 

Bender, Thompson, Xie, & Pollio, 2011; Ferguson et al., 2014, 2015; Ferguson et al., 2012; 

Lei, 2013). However, these studies suffer from important limitations. 

Most of the studies have analysed samples that are limited in terms of geographical 

coverage, such as city-level samples; demographic coverage, such as samples of only young 

and single disadvantaged people; and/or samples of specific groups, such as just homeless and 
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sheltered homeless people. The survival behaviours of these groups could be very different 

from other disadvantaged populations, such as people with children, older people, or those who 

are disadvantaged but not homeless. Findings from studies with large, broad samples of 

disadvantaged populations would be more generalized and provide valuable information on 

factors affecting the demand or usage of informal survival activities for more effective 

intervention and service delivery across the wider contexts.  

Moreover, the quantitative investigations of how the housing, health, drug use and 

social circumstances of disadvantaged people affect their engagement in informal activities, 

have been impeded by methodological limitations. The evidence from quantitative studies 

suggests that time spent homeless and the challenges associated with it, such as frequent 

mobility, hinder engagement in formal economic activities, such as employment, and increase 

the likelihood of using informal survival activities (Ferguson et al., 2011; Ferguson et al., 2014, 

2015; Lei, 2013). Studies also find that substance use and criminal behaviour among housing-

insecure people are associated with involvement in informal survival activities (Ferguson et 

al., 2011; Ferguson et al., 2012; Lei, 2013). In some studies, friendship and community 

networks also appear to play an important role in helping disadvantaged people cope with 

economic uncertainty and draw upon these networks to negotiate welfare services and find 

shelter (Ferguson et al., 2011). However, due to the cross-sectional nature of the data used, 

these studies have not addressed the problem of confounding associations from time-invariant 

unobserved variables, such as skills, abilities, preferences, risk-taking attitudes and capacities 

to cope with stress, that could be related to both survival activities and people’s circumstances. 

This chapter addresses these limitations using data from the Journeys Home (JH) 

survey, a large-scale national longitudinal survey of disadvantaged Australians. The aim of this 

chapter is to examine how disadvantaged people’s health, drug use and social circumstances, 

especially their experiences of homelessness, affect their adoption of informal survival 

activities. The JH survey has many advantages. It covers a broad, relatively diverse sample of 

disadvantaged people experiencing or at risk of homelessness, followed from 2011 to 2014. 

The JH survey collected rich information on people’s housing situations, use of support 

services, responses to financial stress and demographic, economic, drug use and health 

outcomes. While the JH survey does not cover all the informal survival activities used by 

disadvantaged Australians, it covers some of them and, more importantly, quantifies them. The 

panel nature of the JH survey allows me to estimate fixed-effect models that account for 

spurious associations arising from time-invariant unobserved factors that could be correlated 
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with both survival activities and people’s circumstances. Finally, sufficient data from the JH 

survey allows me to conduct analysis separately for men and women. Previous studies suggest 

that homeless women are more likely to rely on social networks and are an over-represented 

group among support service users, whereas homeless men are more likely to acquire resources 

by participating in a shadow economy (i.e. through pawning, panhandling, etc.) (Gaetz & 

O'Grady, 2002; Johnson, Ribar, & Zhu, 2017; Lei, 2013; Meadows-Oliver, 2016; O'Grady & 

Gaetz, 2004). 

I examine four types of survival activities of the disadvantaged population in Australia, 

where most people have access to government support. Given that Australia is going through 

a well-documented housing affordability crisis with over 800,000 low-income households 

paying more than 30% of their income in rent and over 100,000 people homeless (ACOSS, 

2017), I examine the use of housing or tenancy services as one form of survival activity. I also 

examine the use of meal programs. The Foodbank hunger report 2017 reveals that food 

insecurity in Australia is hitting a crisis point, with 15% of Australians reporting food insecurity 

at least once in the last 12 months and over 50% of them reporting such insecurity being a 

regular occurrence (Foodbank, 2017)22. In addition, I examine approaching friends or family 

for financial help and pawning belongings as two other forms of informal survival activities. 

Housing and meal services are usually supplied by the government or community 

organisations, whereas help from friends or family and pawning belongings are private sources 

of making ends meet. Taken together, these informal survival activities form an important 

social safety net for disadvantaged Australians, but they are largely invisible and not well-

documented in the literature. 

The four survival activities examined in this chapter are similar to those that have been 

studied in the literature as typical sources of income generation used by disadvantaged 

populations, including the use of support services, reliance on social networks and engagement 

in the shadow economy. In the Australian context, it is important to point out that two of my 

survival activity measures (pawning belongings and asking for financial help from friends or 

family) have been examined as indicators of financial stress using data on the general 

Australian population (Bray, 2001). In addition, there have been analyses of the use of 

specialist homelessness services, such as housing services (see e.g. the Australian Institute of 

                                                           
22 Food insecurity in the report is defined as a situation that exists when people lack secure access to sufficient 

amounts of safe, nutritious food for normal growth and development and an active, healthy life. This definition is 

used by the Food and Agriculture Organisation of the United Nations.  
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Health and Welfare (AIHW, 2017) report). However, mine is the first study to examine these 

four activities using national longitudinal data on the Australian disadvantaged population and, 

more importantly, to analyse how changes in their housing situations and other circumstances, 

such as drug use, health and social networks, affect the use of these activities. 

The findings reveal that JH respondents frequently use accommodation and meal 

services, pawn belongings, and ask friends and family for financial help. The results also reveal 

important gender differences in the use of survival activities. Men pawned belongings and used 

meal programs more often than women, whereas women used accommodation services and 

asked for financial help from friends or relatives more often than men. A fixed-effects analysis 

demonstrates that changes in people’s circumstances significantly influence their survival 

activities. Among men, those who have recently experienced homelessness are significantly 

more likely to not only use accommodation services but also have a higher probability of using 

meal services and asking friends and family for financial help. Among women, those who have 

recently experienced homelessness have a significantly higher probability of using all four 

survival activities. I also find that men and women who report drug use; those with mental and 

physical health problems; and those with friends who are homeless, who use drugs, or who 

have been incarcerated are significantly more likely to use one or more of the four informal 

survival activities. 

The rest of the chapter is organized as follows. Section 4.2 describes the data, variables 

and analysis sample. Section 4.3 discusses the empirical methodology, and section 4.4 presents 

the results from the descriptive and multivariate analyses. The chapter ends with concluding 

remarks in section 4.5. 

4.2. Research data from the Journeys Home survey 

In Australia, income support payments are provided through a central agency known as 

Centrelink. The JH sample was drawn from administrative data held by Centrelink. The 

targeted population for the JH survey was people who were (1) aged 15 years or above, (2) in 

receipt of any social support payment from Centrelink at any time during the 28 days preceding 

27 May 2011 and (3) homeless or at risk of homelessness.23 This sampling frame has the 

                                                           
23 Centrelink defines a person as homeless if he or she is without conventional accommodations (e.g. sleeping 

rough, squatting, living in a car) or living in short-term temporary arrangements (e.g. emergency accommodations, 

youth shelters, with friends or family). The agency defines a person as being ‘at risk’ of homelessness if he or she 

is living in a boarding house, caravan park or any other accommodation that falls below minimum community 

standards on a medium- or long-term basis. However, Centrelink might miss people who are not prepared to 
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advantage of providing a much broader representation of the homeless population compared to 

other available national and international data on the homeless population because a majority 

of homeless people or those at risk of homelessness receive some form of social assistance 

from Centrelink (Wooden et al., 2012). In all, 1,682 people who were initially homeless or at 

high risk of homelessness were interviewed in wave 1, which was conducted during 

September–November 2011, and followed up with five interviews conducted at approximately 

six-month intervals. Each wave of the JH survey contains information on respondents’ past and 

present housing situations, employment experiences, financial stresses, use of various services, 

demographic characteristics, family backgrounds and personal circumstances, such as health 

and incarceration. This study uses data from all six waves of the JH survey.  

4.2.1 Measures of survival activities 

In each wave, the JH survey asked respondents about their use of housing and meal 

services and their responses to money shortages. I utilize this information and examine four 

different survival activities used by JH respondents in the preceding 6 months or reference 

periods: (1) used housing or tenancy services, (2) used a meal program, (3) pawned or sold 

something to get money and (4) asked family or friends for financial help. Their responses are 

measured by binary indicators (0 = No and 1 = Yes).24  

As discussed earlier, the four survival approaches used in this chapter are similar to 

those studied in the literature as typical sources of resource generation used by disadvantaged 

populations. In addition, the survival approach measures used in this chapter require 

participants to reveal less sensitive information compared to other measures, e.g. disclosing 

information regarding involvement in illegal activities. Therefore, under reporting is less likely 

to be an issue in the measures used here. However, one drawback is that the JH survey does 

not offer information on some other survival approaches that the literature suggests 

                                                           
disclose their details and/or who do not engage with Centrelink frequently, thus making them less likely to be 

flagged. Therefore, Melbourne Institute researchers used a statistical technique to augment the homeless and at-

risk-of-homelessness population flagged by Centrelink with a group of Centrelink customers who had not been 

flagged as homeless or at risk of homelessness but who had characteristics similar to those who had been. 
24 I do not examine income support as a form of survival approach to meet needs because most of the JH 

respondents receive some form of payment or base income from Centrelink. More than 85% of both men and 

women in my analysis sample report currently receiving payments from Centrelink regardless of their housing 

status. The intent of this study is to examine what determines the not-so-common or informal survival approaches 

JH respondents engage in to meet the needs of their lives. Moreover, the results of this study remained qualitatively 

unchanged after controlling for receiving income support payments and restricting the analysis sample to people 

currently receiving income payments (see the sensitivity analysis section for details). 
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marginalised populations might engage in to meet their daily needs, such as engaging in 

survival sex, panhandling, stealing and selling drugs. 

4.2.2 Measures for personal circumstances 

Homelessness: I follow C. Chamberlain and MacKenzie (2008) and adopt a ‘cultural’ 

definition of homelessness that includes people classified as primary homeless (those without 

accommodations), secondary homeless (those staying with friends or family on a short-term 

basis) and tertiary homeless (those staying in accommodations that do not meet community 

standards, such as caravans, boarding houses or crisis accommodations, on a long-term basis). 

I use the sixth-month measure provided in the JH data that takes a value of 1 if a person 

experienced primary, secondary or tertiary homelessness at any time during the six months 

before the wave one interview or during the reference period between subsequent interviews 

for waves two through six. The sixth-month measure of homelessness is broader than the point-

in-time measure of homelessness used in chapter two because it also includes people who are 

staying temporarily with family or friends but possibly paying rent.  I use the sixth-month 

measure and not the point-in-time measure in this study because all the survival approach 

variables in this study are also measured over six months. I also include a measure of the length 

of homelessness in the last six months if a person experienced homelessness in the last six 

months as determined by a continuous measure of the proportion of time the individual was 

homeless during the six months before the wave one interview or during the reference period 

between subsequent interviews for waves two through six.25 

Incarceration and drug use: These include an indicator for having been incarcerated in 

the past six months, a measure for the number of times in a month the person consumed five 

or more drinks in a day, an indicator for any cannabis use one or more days per month and an 

indicator for other illegal or street drug use one or more days per month.  

Mental and physical health: These include an indicator for having been diagnosed with 

a mental health problem, the Kessler scale (0–24) of psychological distress where higher values 

imply more distress, an index (1–5) for self-assessed health with higher values implying worse 

health and an indicator for having a health condition or disability that limits the ability to 

perform daily physical activities.  

                                                           
25 This measure was constructed from variables hth1 and hxth1, which are derived from the housing calendar of 

the JH data.  
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Family and social support networks: These include an indicator for being married or 

living with a partner; the number of dependent resident children; an indicator for being in 

contact with other family members in the last six months; and a scale (5–25) measuring access 

to social support that captures whether the respondent can get help from others, can lean on 

someone, has someone to cheer him/her up, seldom feels lonely, and feels better talking to 

people he/she knows. To capture peer group effects, I include three separate indicators for 

knowing friends who use drugs and/or have been incarcerated, who have full-time jobs, and 

who are homeless. 

Analysis also controls for several demographic characteristics. These include age (and 

a quadratic in age), three indicators for the level of education (completing a university degree, 

completing year 12 and completing years 10–11; the reference category is less than year 10) 

and indicators for living in a rural or bounded area or in a small city (the reference category is 

living in a large city). In addition, my fixed-effects methodology controls for time-invariant 

person-specific factors, such as Aboriginal or Torres Strait Islander status, childhood 

experiences, and migration backgrounds, though I do not include these measures directly.  

4.2.3 Analysis sample 

The sample for my analyses is restricted to people who completed interviews without 

assistance from family or friends, who participated in interviews for at least two waves of the 

JH survey, and who have non-missing information on survival approaches. To maximize the 

remaining sample size, I assigned a value of 0 for missing values and included dummy controls 

for missing responses for variables with more than 50 missing responses (including measures 

for disability, psychological diagnosis and drinking behaviours). For all other measures, I drop 

observations with missing values. These restrictions result in an analysis sample of 7,686 

person-wave observations (4,066 for men and 3,620 for women) for 1,619 unique people (877 

men and 742 women). 

4.3. Descriptive analysis 

Table 4.1 reports the prevalence of survival activities and other circumstances for the 

full analysis sample and for men and women separately. The table also reports overall (first 

row), between-person (second row) and within-person (third row) standard deviations for each 

variable. The ‘between-person’ variation represents the differences in variables between 
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individuals in a sample whereas ‘within-person’ variation represents the variability in a 

particular variable for that person over time in a sample.  

Prevalence of informal survival activities among men and women in JH sample. The 

results reveal that many JH respondents use informal survival activities. Of the respondents, 

23% of men and around 27% of women reported using housing or tenancy services in the last 

6 months. Meal program use was also prevalent among men and women (17.6% and 8.9%, 

respectively). Both men and women frequently used private mechanisms to obtain financial 

resources. Among the respondents, 32.2% of men and 27.6% of women reported selling 

personal belongings to earn cash, and 47% of men and 51.3% of women reported asking friends 

or family for financial help in the last 6 months. The results also highlight important gender 

differences in the use of survival activities. Men pawned belongings and used meal programs 

more often than women, whereas women used accommodation services and asked for financial 

help from friends or relatives more often than men. And these differences are significant at 1% 

level. 

While often thought of in terms of developing countries, the estimates from Table 1 

suggest that the use of informal survival activities is also prevalent among vulnerable groups 

in developed countries such as Australia. For disadvantaged Australians, of which the majority 

have access to income support payments, the high incidence of informal survival activities 

suggests that they still face significant challenges with respect to affording basics, such as food 

and shelter, and that they are deeply in need of support. 

Other characteristics of men and women in the JH sample. The results in Table 1 

suggest that homelessness rates among JH respondents were very high. On average, 41.2% of 

the respondents in the sample had experienced homelessness in the last 6 months and those 

who were homeless had been homeless for approximately 43% of the time during the last 6 

months. Men were significantly more likely to experience homelessness in the 6 months before 

the survey and significantly more likely to experience it for longer periods compared to women.  

According to the Australian Institute of Health and Welfare (AIHW), risky drinking is 

defined as consuming more than 5+ standard drinks on one occasion. In my analysis sample, 

on average, men and women exhibited risky drinking around four and two times a month, 

respectively. Scutella et al. (2014) revealed that the proportion of JH respondents exceeding 

the single occasion risk guideline at least once a month over the survey period from 2011–2013 

was 50%. This rate is much higher than that of the general Australian population, which was 
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around 26% during the similar period of 2010–2013 (AIHW, 2016), suggesting that JH 

respondents have a heightened risk of drinking at risky levels. Drug use is also much more 

prevalent among JH respondents, particularly among men, than in the general Australian 

population. More than 34% of men and 16.8% of women reported having used marijuana, and 

more than 7.4% of men and 3.5% of women reported having used other illegal/street drugs in 

the past 6 months compared to 10% (marijuana use) and 2% (other illicit drugs) in the general 

Australian population in the past 12 months (AIHW, 2016). A relatively high proportion of JH 

respondents suffer from poor mental health. Among JH respondents, 62.6% of men and 73.6% 

of women reported being diagnosed with a psychological condition. Again, these figures are 

much higher than in the general Australian population, where only 20% of Australians aged 15 

and over reported suffering from a mental illness in last 12 months in 2014–2015 (AIHW, 

2016). JH women also report an inferior self-assessed level of general health compared to JH 

men. 

The findings also suggest that women in the JH sample are more likely to be married 

or to have a de facto partner (27%) compared to men (20.5%). They are also more likely to 

have a higher number of dependent children. Most of the JH respondents report being in contact 

with family members, but again, the incidence is higher among women (91.6%) compared to 

men (86.4%). There are also significant gender differences in the characteristics of friends or 

peer groups. Men are significantly more likely to have friends who use drugs and/or who have 

been incarcerated, who are homeless and who are employed compared to women. Finally, the 

level of education is low among all the JH respondents, and there are no significant gender 

differences in the level of education. 

Altogether, Table 4.1 shows that JH respondents make up an extremely disadvantaged 

population that faces various challenges in terms of poor housing, health and drug use outcomes 

compared to the general Australian population. The estimates of standard deviations in Table 

4.1 highlight that all the variables except for the measures for age, education, and diagnosis of 

psychological condition, have sufficient within variation in my analysis sample which is 

essential to estimate fixed-effect models as discussed in the next section. 
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Table 4.1. Characteristics of JH respondents: Full analysis sample and sub-sample by gender 

  All Men Women     

VARIABLES Mean 

Std. 

Dev. Mean 

Std. 

Dev.  Mean 

Std. 

Dev.  Min Max 

Gender (Female=1) 0.471 0.499           

      Between Std. Dev.  0.498           

      Within Std. Dev.  0.000           
Survival approaches (%)              

Used housing or tenancy services 0.248 0.432 0.230 0.421 0.268*** 0.443 0 1 

  0.280   0.272   0.288   

  0.336   0.329   0.344   

Used a meal program 0.135 0.342 0.176 0.381 0.089*** 0.285 0 1 

  0.256   0.286   0.207   

  0.237   0.263   0.205   

Pawned belongings to get money 0.301 0.459 0.322 0.467 0.276*** 0.447 0 1 

  0.334   0.342   0.322   

  0.322   0.327   0.317   
Asked friends/family for financial 

help 0.490 0.500 0.470 0.499 0.513*** 0.500 0 1 

  0.349   0.351   0.346   

  0.367   0.363   0.371   

People's circumstances              

Housing experiences in last 6 months              

Experienced homelessness 0.412 0.492 0.467 0.499 0.351*** 0.477 0 1 

  0.356   0.368   0.331   

  0.351   0.346   0.371   

Proportion of time homeless 0.434 0.456 0.506 0.461 0.353*** 0.436 0 1 

  0.362   0.363   0.343   

  0.284   0.285   0.283   

Incarceration and drug use              

Incarcerated in last 6 months (%) 0.026 0.160 0.039 0.194 0.012*** 0.107 0 1 

  0.121   0.145   0.081   

  0.125   0.153   0.083   
Times 5+ drinks/day in a month 

(mean) 3.354 6.713 4.491 7.650 2.077*** 5.186 0 30 

  5.558   6.180   4.377   

  4.111   4.767   3.220   
                                                                                                                                                                 (Continued) 
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Table 4.1. Continued 

VARIABLES 

All Men Women 

Min Max Mean 

Std. 

Dev. Mean 

Std. 

Dev. Mean 

Std. 

Dev. 

Used marijuana 1 or more 

days/month (%) 0.261 0.439 0.344 0.475 0.168*** 0.374 0 1 

  0.371   0.395   0.317   

  0.243   0.269   0.211   

Used illegal/street drugs 1 or more 

days/month (%) 0.056 0.229 0.074 0.262 0.035*** 0.183 0 1 

  0.176   0.200   0.141   

  0.157   0.174   0.135   

Mental and physical health               
Diagnosed with psych. condition 

(%) 0.678 0.467 0.626 0.484 0.736*** 0.441 0 1 

  0.452   0.469   0.425   

  0.130   0.130   0.130   

Kessler scale (0-24) of 

psychological distress (mean) 7.761 5.833 7.322 5.659 8.253*** 5.984 0 24 

  4.835   4.699   4.950   

  3.374   3.229   3.530   

Index (1-5) of self-assessed poor 

health (mean) 3.103 1.117 3.076 1.105 3.133** 1.130 1 5 

  0.882   0.878   0.886   

  0.704   0.691   0.719   
Health condition or disability 

causing restriction in everyday 

activities (%) 0.451 0.498 0.461 0.499 0.441* 0.497 0 1 

  0.400   0.402   0.398   

  0.301   0.299   0.303   

Family and Social networks               

Married or de-facto (%) 0.235 0.424 0.205 0.404 0.270*** 0.444 0 1 

  0.349   0.331   0.366   

  0.241   0.229   0.253   

Number of dep. Children (mean) 0.450 0.901 0.192 0.627 0.740*** 1.059 0 7 

  0.796   0.518   0.963   

  0.363   0.340   0.388   
Contact with other family members 

(%) 0.889 0.315 0.864 0.343 0.916*** 0.277 0 1 

  0.238   0.269   0.192   

  0.216   0.222   0.209   

Scale of access to social support (5-

25) (mean) 18.004 3.704 17.779 3.670 18.257*** 3.726 5 25 

  3.040   3.034   3.022   

  2.209   2.176   2.245   
Knows drug/prison/arrested friends 

(%) 0.348 0.476 0.426 0.495 0.260*** 0.439 0 1 

  0.359   0.371   0.325   

  0.319   0.334   0.303   
                                                                                                                                                                 (Continued) 
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Table 4.1. Continued 

VARIABLES 

All Men Women   

Mean 

Std. 

Dev. Mean 

Std. 

Dev. Mean 

Std. 

Dev. Min Max 

Knows friends who are employed 

(%) 0.596 0.491 0.623 0.485 0.565*** 0.496   

  0.364   0.366   0.359   

  0.339   0.329   0.349   
Knows friends who are homeless 

(%) 0.214 0.410 0.223 0.417 0.203** 0.402 0 1 

  0.263   0.271   0.254   

  0.325   0.327   0.323   

Demographic controls              

Age at interview (mean) 33.173 12.823 34.725 12.797 31.430*** 12.629 15 81 

  12.823   12.876   12.532   

  0.860   0.855   0.866   

Age square 12.649 9.640 13.695 9.801 11.473*** 9.318 2.25 65.61 

  9.665   9.941   9.183   

  0.607   0.627   0.584   

Completed Year 10 or 11 (%) 0.382 0.486 0.381 0.486 0.383 0.486 0 1 

  0.470   0.473   0.467   

  0.128   0.119   0.138   
Comp. Year 12 or more (no 

degree) (%) 0.417 0.493 0.414 0.493 0.420 0.494 0 1 

  0.476   0.478   0.474   

  0.122   0.108   0.135   

Completed university degree (%) 0.034 0.180 0.032 0.176 0.035 0.185 0 1 

  0.175   0.174   0.178   

  0.025   0.019   0.030   

Living in small city (%)  0.173 0.378 0.180 0.384 0.166 0.372 0 1 

  0.331   0.332   0.329   

  0.187   0.190   0.185   
Living in rural or boundary area 

(%) 0.053 0.224 0.056 0.230 0.049 0.216 0 1 

  0.179   0.191   0.163   

    0.145   0.144   0.146     

Person-wave observations 7,686 4,066  3,620    
Note: The statistics reported in the table were calculated using unweighted longitudinal data from the JH survey. Standard 

deviations for each variable are reported as follows: overall (first row), between (second row) and within (third row). Asterisks 

indicate statistically significant differences in means between men and women based on t-test. * Significant at 0.1 level. ** 

Significant at 0.05 level. *** Significant at 0.01 level. P-values for the t-test were also computed considering the panel nature 

of the data (using the syv mean test), and the results were qualitatively similar except for using housing services, having 

homeless friends and having self-assessed poor health variables, where the P-values were slightly greater than 10%. 
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4.4. Econometric methodology 

To examine how changes in people’s housing, drug use, health and social circumstances 

affect the use of the four informal survival activities, I estimate fixed-effect models. I examine 

the association between contemporaneous survival activities and contemporaneous measures 

of homelessness, incarceration, drug use, health, family characteristics and support networks 

because most of the struggle to survive occurs while a person is experiencing or dealing with 

these circumstances or challenges. Hence, the use of informal survival activities is likely to co-

occur with homelessness, drug use, mental illness and other factors rather than before or after 

these experiences.  

As discussed previously, unobservable person-specific characteristics might be 

correlated with a person’s informal survival activities and his or her housing, drug use, health 

and family circumstances. For example, a person who lacks skills (e.g. self-reliance) or has a 

high risk tolerance may be more likely to engage in informal survival activities while being 

more likely to experience housing problems, health problems, drug abuse issues and family 

conflicts. Such unobservable common confounders will result in a spurious association 

between informal survival activities and people’s circumstances.   

To address this issue, I estimate the following linear probability model (LPM) with 

individual fixed effects:  

                                                     𝑆𝑖𝑡 =  𝛽𝑋𝑖𝑡 +  𝛼𝑖 +  휀𝑖𝑡                                            (1) 

where 𝑆𝑖𝑡 is the binary outcome measure representing a particular survival activity used by an 

individual 𝑖 at time 𝑡; 𝑋𝑖𝑡 is the vector of time-varying variables including variables of interest 

(measures of homelessness experience, incarceration, drug use, mental and physical health, 

family characteristics and support networks) as well as controls for demographic characteristics 

such as education and residence location; 𝛼𝑖 is a time-invariant, person-specific unobserved 

term or individual fixed effect that may be correlated with observed characteristics, and 휀𝑖𝑡 is 

an idiosyncratic error term assumed to be uncorrelated with the regressors. I calculate 

heteroscedasticity-robust standard errors clustered at the individual level to control for within-

cluster error correlation. The model achieves identification through within-person variation 

over time. 

The fixed-effect model in equation (2) controls for the confounding influences of all 

time-invariant characteristics. However, it does not consider the endogeneity arising from time-

varying unobservable factors that might be associated with survival activities and people’s 



130 
 

circumstances. Also, one concern could be the possibility of simultaneity bias that the use of 

accommodation services could affect one’s homelessness status. Hence, I estimate models with 

lagged value of homelessness measure in my sensitivity analysis. In addition, given that the 

estimation is based only on those individuals whose dependent variable values change over 

time and those observed at least twice in the data, I cannot examine the influence of time-

constant factors and the variables for which we have limited within variation.  

Finally, the results from a Chow test indicated that data cannot be pooled for men and 

women in a single regression for my analysis. Thus, I estimate my fixed-effects linear 

probability models separately for men and women.  

4.5. Multivariate results 

Tables 4.2 and 4.3 present estimated coefficients and robust standard errors from the 

fixed-effects LPMs for men’s and women’s survival activities, respectively.  

Men’s circumstances affecting their use of informal survival activities. The estimated 

results suggest that for men, as expected, compared to non-homeless, experiencing 

homelessness is significantly associated with a higher use of accommodation services (12.2% 

higher). Moreover, the results reveal that experiencing homelessness is also associated with a 

greater likelihood of using meal programs (3.8% higher) and asking friends and family for 

financial help (3.8% higher). Interestingly, changes in the length of time spent homeless do not 

seem to have any effect on the use of any informal survival activities except pawning. The 

results suggest that men who had experienced homelessness for longer periods in the last 6 

months were 4.6% less likely to engage in pawning belongings. One potential reason for this 

association could be that the longer the time men spent being homeless, the more avenues they 

discover to earn cash other than pawning their belongings.  

Drug use seems to have an important effect on men’s survival activities, particularly on 

pawning. Marijuana use increases the probability of pawning belongings by 8.8% and the use 

of other illegal or street drugs increases the probability of pawning by 13.1%. More occasions 

of risky drinking (5+) decrease men’s probability of using housing services but increase the 

chances of using meal services and asking friends or family for financial help. However, the 

coefficient estimates for risky drinking are small in magnitude.   
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Table 4.2. Men’s fixed effects regressions results for informal survival activities 

  Used 

housing or 

tenancy 

services 

Used meal 

program 

Pawned 

belongings 

Asked 

help from 

friends or 

family VARIABLES 

People's circumstances     

Housing experience in last 6 months         

Experienced homelessness  0.122*** 0.038*** 0.031 0.038* 

 (0.019) (0.014) (0.019) (0.022) 

Proportion of time homeless 0.012 0.014 -0.046** -0.024 

 (0.025) (0.020) (0.023) (0.027) 

Incarceration and drug use     

Incarcerated  -0.028 0.049 -0.037 0.033 

 (0.042) (0.036) (0.042) (0.041) 

Times 5+ drinks/day in a month  -0.002* 0.002** 0.001 0.002* 

 (0.001) (0.001) (0.001) (0.001) 

Used marijuana 1 or more days/month  -0.005 -0.004 0.083*** 0.024 

 (0.024) (0.019) (0.022) (0.026) 

Used illegal/street drugs 1 or more days/month  -0.047 0.052 0.131*** 0.056 

 (0.036) (0.032) (0.039) (0.040) 

Mental and physical health      

Diagnosed with psych. condition  0.080* -0.036 -0.079* 0.036 

 (0.048) (0.038) (0.047) (0.048) 

Kessler scale (0-24) of psychological distress  0.006*** 0.007*** 0.014*** 0.011*** 

 (0.002) (0.002) (0.002) (0.002) 

Index (1-5) of self-assessed poor health -0.018** -0.005 -0.000 0.010 

 (0.009) (0.007) (0.009) (0.010) 

Disability causing restriction  0.054*** 0.018 0.039** 0.060*** 

 (0.020) (0.017) (0.019) (0.023) 

Family and Social networks      

Married or de-facto  -0.007 0.015 0.013 -0.022 

 (0.026) (0.021) (0.026) (0.029) 

Number of dep. Children  0.023 -0.023* -0.041** -0.005 

 (0.019) (0.014) (0.016) (0.020) 

Contact with other family members  -0.000 0.005 0.051* 0.073** 

 (0.026) (0.021) (0.028) (0.030) 

Scale of access to social support (5-25)  -0.004 -0.004* -0.008*** -0.006* 

 (0.003) (0.002) (0.003) (0.003) 

Knows drug/prison/arrested friends 0.021 0.031** 0.008 0.050** 

 (0.018) (0.015) (0.019) (0.021) 

Have employed friends  -0.020 -0.002 -0.052*** -0.006 

 (0.018) (0.014) (0.018) (0.020) 

Have homeless friends  0.033* 0.004 0.021 0.038* 

 (0.019) (0.015) (0.019) (0.020) 

                                                                                                                                                                 (Continued) 
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Table 4.2. Continued 

VARIABLES 

Used 

housing or 

tenancy 

services 

Used meal 

program 

Pawned 

belongings 

Asked 

help from 

friends or 

family 

Demographic controls     

Age at interview  -0.032 -0.017 -0.082*** -0.074*** 

 (0.020) (0.017) (0.020) (0.025) 

Age squared / 100 0.003 -0.014 0.022 0.010 

 (0.028) (0.025) (0.026) (0.032) 

Completed Year 10 or 11  0.096 0.056 0.008 0.014 

 (0.063) (0.040) (0.078) (0.075) 

Comp. Year 12 or more (no degree)  0.108 0.050 0.017 -0.059 

 (0.073) (0.046) (0.087) (0.080) 

Completed university degree  -0.487*** 0.049 -0.070 -0.076 

 (0.078) (0.054) (0.090) (0.087) 

Living in small city  -0.043 -0.012 0.020 0.020 

 (0.035) (0.028) (0.032) (0.039) 

Living in rural or boundary area  -0.062 -0.074** -0.009 0.005 

 (0.040) (0.035) (0.038) (0.045) 

Person-wave observations 4,066 4,066 4,066 4,066 

Number of unique persons 877 877 877 877 
Note: In addition to the listed coefficients, the models include controls for missing responses for disability causing restrictions, 

psychological diagnoses and drinking behaviours. Robust standard errors in parentheses. * Significant at 0.1 level. ** 

Significant at 0.05 level. *** Significant at 0.01 level. 

For men, the associations between mental and physical health variables and survival 

activities appear to be important and complex. As expected, higher levels of psychological 

distress significantly increase the likelihood of using all four survival activities for men 

although the magnitude of the estimate is small for all survival activities. Diagnosis of a 

psychological condition is associated with a higher probability of using accommodation 

services; however, it is associated with a lower probability of pawning. Having a health 

condition or disability that restricts daily activities increases the probability of using 

accommodation services (5.4% higher), while poorer health decreases the probability of using 

accommodation services. This could reflect a more prioritised and continued provision of 

housing services for men with disabilities compared to other men who report poor health. 

Having a health condition or disability also increases the likelihood of pawning belongings 

(3.9% higher) and asking friends or family for financial help (6.0% higher).  

Family circumstances and social networks also play an important role in the survival 

activities men use. Men with more dependent children are less likely to use meal programs 

and/or pawn belongings. One explanation for this could be the increased government support 
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they might receive because of the higher number of dependent children, which might reduce 

the necessity of engaging in behaviours such as pawning items and using charitable services. 

The results also suggest that social networks are a source of support in times of need. 

Men who are in contact with family members are more likely to ask friends or family members 

for financial help, and men with employed friends are less likely to pawn their belongings. 

Moreover, men who have higher access to social support in terms of having someone to ask 

help, to lean on and to cheer them up, are less likely to use meal program, pawn and ask help 

from friends/family. Knowing friends who use drugs and/or who have been incarcerated is 

positively associated with use of meal program and asking financial help from friends or 

family. Finally, knowing friends who are homeless is positively associated with the use of 

accommodations services as well as asking friends or relatives for financial support.  

Women’s circumstances affecting their use of informal survival activities. For women, 

the results indicate that experiencing homelessness in last 6 months is significantly associated 

with not only a higher use of accommodation services but also the other three survival 

activities, i.e. use of meal services, pawning personal belongings and asking friends or relatives 

for financial help. The results also suggest that women who experienced homelessness for 

longer periods in the last 6 months were less likely to go to friends or family to seek financial 

help (7.3% less) which suggest weakening family ties for women as they remain homeless for 

a longer time.  

Table 4.3. Women’s fixed effects regressions results for informal survival activities 

  Used 

housing 

or tenancy 

services 

Used 

meal 

program 

Pawned 

belongings 

Asked help 

from friends 

or family VARIABLES 

People's circumstances     
Housing experience in last 6 months         

Experienced homelessness  0.147*** 0.028** 0.035* 0.046** 

 (0.022) (0.012) (0.020) (0.021) 

Proportion of time homeless 0.031 -0.004 -0.032 -0.073*** 

 (0.028) (0.016) (0.024) (0.026) 

Incarceration and drug use     
Incarcerated  -0.057 0.008 -0.038 -0.174** 

 (0.088) (0.079) (0.084) (0.086) 

Times 5+ drinks/day in a month  0.000 -0.001 0.000 0.000 

 (0.002) (0.002) (0.002) (0.002) 

Used marijuana 1 or more days/month  -0.061* -0.031 0.061** 0.090*** 

 (0.033) (0.023) (0.030) (0.032) 

                                                                                                                                                                 (Continued) 
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Table 4.3. Continued 

VARIABLES 

Used 

housing 

or tenancy 

services 

Used 

meal 

program 

Pawned 

belongings 

Asked help 

from friends 

or family 

Used illegal/street drugs 1 or more days/month  0.074 0.038 0.091* 0.100** 

 (0.050) (0.040) (0.049) (0.048) 

Mental and physical health      

Diagnosed with psych. condition  -0.004 0.011 0.024 0.060 

 (0.057) (0.029) (0.052) (0.063) 

Kessler scale (0-24) of psychological distress  0.003 0.001 0.006*** 0.007*** 

 (0.002) (0.001) (0.002) (0.002) 

Index (1-5) of self-assessed poor health 0.008 0.005 0.010 0.010 

 (0.010) (0.006) (0.008) (0.010) 

Disability causing restriction  0.009 0.013 0.014 0.025 

 (0.022) (0.013) (0.019) (0.022) 

Family and Social networks      

Married or de-facto  -0.022 0.005 0.046* -0.085*** 

 (0.025) (0.019) (0.027) (0.029) 

Number of dep. Children  0.004 0.002 -0.010 0.007 

 (0.021) (0.010) (0.016) (0.018) 

Contact with other family members  -0.029 0.005 -0.010 0.024 

 (0.031) (0.023) (0.031) (0.033) 

Scale of access to social support (5-25)  0.002 -0.001 -0.010*** 0.001 

 (0.003) (0.002) (0.003) (0.003) 

Knows drug/prison/arrested friends 0.016 0.008 0.025 0.054** 

 (0.022) (0.015) (0.022) (0.022) 

Have employed friends  -0.048** -0.007 0.021 -0.037* 

 (0.019) (0.010) (0.017) (0.020) 

Have homeless friends  0.042** -0.004 0.036* 0.022 

 (0.020) (0.013) (0.019) (0.022) 

Demographic controls     

Age at interview  -0.007 -0.010 -0.018 -0.078*** 

 (0.023) (0.013) (0.021) (0.026) 

Age squared / 100 -0.036 -0.010 -0.056* 0.040 

 (0.032) (0.018) (0.030) (0.038) 

Completed Year 10 or 11  0.001 -0.002 -0.074 -0.086 

 (0.068) (0.043) (0.075) (0.078) 

Comp. Year 12 or more (no degree)  0.019 0.003 -0.040 -0.064 

 (0.066) (0.043) (0.078) (0.088) 

Completed university degree  -0.001 0.028 -0.127 -0.038 

 (0.082) (0.046) (0.429) (0.103) 

Living in small city  0.043 -0.036 -0.075** 0.010 

 (0.039) (0.025) (0.036) (0.042) 

Living in rural or boundary area  0.005 -0.017 -0.061 -0.069 

 (0.051) (0.031) (0.043) (0.044) 

Person-wave observations 3,620 3,620 3,620 3,620 

Number of unique persons 742 742 742 742 
Note: In addition to the listed coefficients, the models include controls for missing responses for disability causing restrictions, 

psychological diagnoses and drinking behaviours. Robust standard errors in parentheses. * Significant at 0.1 level. ** 

Significant at 0.05 level. *** Significant at 0.01 level. 
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Similar to men, drug use seems to affect women’s survival activities. Marijuana use 

among women increases the probability of pawning personal belongings by 6.1% and of asking 

financial help from friends or family by 9.0%. However, marijuana use decreases the 

probability of using accommodation services for women. The use of illegal or street drugs also 

increases the likelihood of pawning belongings and asking for financial help from friends or 

family for women. Surprisingly, more occasions of risky drinking seem to have no association 

with any survival activity for women. This could be because risky drinking is much less 

common among women compared to men as shown in Table 4.1. Finally, among women, I 

find that incarceration decreases the probability of asking friends or family for financial help. 

In contrast to the findings for men, changes in women’s mental and physical health 

seem to have much less effect on their survival activities. The only significant association I 

find is that having higher physiological distress is significantly positively associated with 

pawning belongings and asking for help from friends or family. 

Family circumstances and support networks appear to affect women’s survival 

activities as well. Women who are married or living with a de facto partner are more likely to 

engage in pawning belongings (4.6% higher) and less likely to approach friends and family for 

financial help (8.5% lower). Women with higher access to social support in terms of having 

someone to lean on in troubled times, ask for help when in need and/or cheer them up when 

they are down are significantly less likely to pawn belongings. Women with friends who use 

drugs and/or who have been incarcerated are significantly more likely to ask friends/family for 

financial help. Women who have homeless friends are also significantly more likely to pawn 

belongings and use housing or tenancy services. Finally, I find that women who have friends 

with full-time jobs are significantly less likely to use housing or tenancy services and less likely 

to approach friends or family for financial help. This suggests that employed friends might 

provide women experiencing housing problems help with accommodations instead of direct 

financial support.  

4.6. Sensitivity analysis 

The ease of interpretability and computation makes linear probability models a 

preferable choice for this study. However, with a binary dependent variable it is also common 

to use logit models that assumes that log odds are a linear function of Xs but not the probability.  

Thus, as a sensitivity test, I also estimated fixed-effects logit models for men and women. The 
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findings remain qualitatively similar to those from linear probability models except for the 

estimates for the effect of homelessness on some survival activities. For men, the estimate of 

the effect of homelessness on asking friends/family for help is not significant in logit models 

whereas it was significant at 10% in linear probability model. And for women the estimate of 

the effect of homelessness on pawning is not significant in logit models whereas it was 

significant at 10% in linear probability model. However, the direction of the estimates in both 

the cases remain same as linear probability models. These results are provided in Appendices 

4.A1a for men and 4.A1b for women.  

One concern could be the potential of simultaneity bias that the use of accommodation 

services could affect one’s homelessness status. Hence, I also examine the association of a 

person being homeless at wave t-1 and the proportion of homelessness between waves t-1 and 

t-2 with the use of accommodation services between t-1 to t to ensure that homelessness 

precedes the use of accommodation services. I still find that being homeless at wave t-1 

significantly increases the probability of using accommodation (housing/tenancy) services at 

any time between wave t-1 to t for both men and women. The results for the lagged proportion 

homeless measure indicate that for men, the proportion of time spent homeless is negatively 

associated with the use of accommodation services but that for women, it is positively 

associated with the use of accommodation services.26 This suggests that men might be more 

likely to find stable housing following their homelessness experience, whereas women 

continue moving from one shelter to another once they are homeless. These results are provided 

in Appendix 4.A2.27  

Most of the JH respondents received income support payments from Centrelink (more 

than 85%). However, if the assistance received is insufficient, disadvantaged people must rely 

on other means to supplement their social assistance income. I also estimated specifications 

that included a control for whether a respondent was currently receiving any income support 

payments. The results remain qualitatively similar for all survival approaches for both men and 

women. These results are provided in Appendices 4.A3a for men and 4.A3b for women. In 

addition, I estimated models for a restricted sample to only include people currently receiving 

                                                           
26 This specification included lagged values instead of contemporaneous values for incarceration, drug use, mental 

and physical health and social networks given that homelessness is measured at the lagged wave since these factors 

could be influenced by the homeless experience.  
27 There could also be other sources of simultaneity bias such as pawning could result in higher phycological 

distress. I also estimated models with lagged values of circumstances for other three survival activities as well. 

These results are provided in appendices 4.A5a and 4.A5b. 
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income support payment. The findings remain qualitatively similar to the main findings. The 

results of these sensitivity analyses are provided in Appendices 4.A4a and 4.A4b.  

4.7. Discussion and conclusion 

This study is one of only a few quantitative studies to have investigated the extent of 

informal survival activities used by disadvantaged persons in a developed, high-income 

country setting and the first to do so by utilizing data on a more general sample of the 

disadvantaged population. Moreover, it is also the first study to examine how changes in men’s 

and women’s housing situation and other circumstances affect their use of survival activities 

using longitudinal methods that account for time-invariant unobserved confounders.  

The results from the analysis of the JH data reveal that not only activities such as using 

accommodation services, using meal programs, pawning belongings and asking for financial 

help from family or friends exist in Australia but also that a group of disadvantaged men and 

women in Australia often use these strategies or activities to meet their basic needs despite the 

fact that the majority of these men and women have access to government support. The results 

also highlight some gender differences. I find that JH male respondents use meal programs and 

pawn belongings more often than JH female respondents, whereas JH female respondents use 

accommodation services and ask friends or family for financial help more often than JH male 

respondents.  

The descriptive analysis also reveals that compared to the general Australian 

population, the JH respondents are an extremely disadvantaged group facing several 

challenging, complex circumstances. These include frequent, prolonged episodes of 

homelessness, high levels of alcohol and drug use and poor mental and physical health, which 

can greatly influence the economic activities they pursue to meet their needs.  

The results from the fixed-effects models add to the literature on the influence of 

people’s circumstances in their involvement in informal survival activities. They demonstrate 

that people’s housing, drug use, health and social circumstances affect the survival activities 

they use. These findings are similar to the findings from qualitative and quantitative research 

on informal survival activities discussed earlier in the chapter. 

Estimates from the models show that among both men and women, the experience of 

homelessness is associated with an increased likelihood of using informal survival activities. 

Among men and women, those who had experienced homelessness in the six months before 
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the survey interview are more likely to not only use accommodation services to meet their 

needs of shelter but also have higher likelihood of using meal programs to meet their needs for 

food and more likely to rely on friends or family for financial help. In addition, homelessness 

among women is positively associated with the likelihood that they will pawn their belongings. 

Regarding the length of time spent homeless, the results indicate that the length of time is 

negatively associated with the probability of pawning belongings in men and of asking friends 

and family for financial help in women. These results suggest that the high level of mobility 

and instability associated with homelessness might make it difficult to manage time and money, 

thus making it more likely that homelessness will prohibit stable employment and activities 

such as food preparation and increase the probability that people will engage in informal 

survival activities to acquire resources.  

The findings from this study also suggest a strong positive association between drug 

use and engagement in survival activities. Drug and alcohol use might contribute to difficulty 

maintaining employment thus leading people to pursue other means to meet their needs. I find 

that among men and women, marijuana and street drug use increase the likelihood of pawning 

personal belongings. For women, drug use also increases the likelihood of asking friends or 

family for financial help. More occasions of risky alcohol consumption reduce the probability 

of using accommodation services but increase the probability of using meal programs for men. 

However, risky alcohol consumption seems to have no effect on women’s survival activities.  

Poor mental and physical health also appear to be associated with the use of survival 

activities, but more so for men. The results indicate that the presence of psychological distress 

increases the probability of using all four survival activities for men. For men, health conditions 

or disabilities that restrict daily activities also increase the likelihood of using accommodation 

services, pawning belongings and asking for financial help from friends or family. Among 

women, psychological distress is positively associated with pawning belongings and asking 

friends or family for financial help but not with the use of accommodation and meal services. 

Disability is not associated with the use of any survival activity for women.    

People often turn to their friends or support networks to seek help in tough times. The 

results of this study suggest that on one hand, men who have more access to social support in 

terms of having someone to lean on in troubled times, help when they are in need and/or cheer 

them up when they are down are significantly less likely to engage in informal survival 

activities. On the other hand, having contact with family members increases the likelihood that 
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they will ask them for financial help. Among women, being married reduces the likelihood that 

they will ask their friends or families for help and access to social support reduces the 

probability that they will pawn their belongings. I also find that men with homeless friends are 

more likely to use accommodation services and ask friends and family for financial help. Men 

with friends who use drugs and/or who have been incarcerated are more likely to use meal 

services and rely on friends or family for financial help. Similar patterns are observed among 

women. For example, women with homeless friends are more likely to use accommodation 

services and pawn personal belongings, and those with employed friends are less likely to use 

accommodation services. These findings related to friends’ circumstances suggest that friends 

of disadvantaged men and women can be a source of support to provide financial help and 

assistance in locating social services, but they can also sometimes influence their involvement 

in informal activities.   

This study is not without its limitations. As discussed previously, I am not able to 

examine other survival approaches that the literature suggests marginalised populations might 

engage in to meet their needs, such as engaging in survival sex, panhandling, stealing and 

selling drugs. Also, while the fixed-effect methodology controls for unobserved time-invariant 

factors, other time-varying factors might not be controlled for, leaving the possibility that 

endogeneity will arise from omitted variable bias. 

The findings from this study add to the literature on the informal economic activities 

pursued by disadvantaged people to acquire resources necessary for survival. My analysis 

highlights that it is not only the disadvantaged people in the developing countries that use 

informal resource mechanisms, but disadvantaged people in developed countries also adopt 

various informal ways to meet their needs when access to the labour market and government 

support is limited. The findings from the fixed-effects analysis further highlight that several 

challenging circumstances and vulnerabilities disadvantaged men and women face influence 

their involvement in these activities.  

The findings from this study should encourage governments and policymakers in 

developed countries to carefully consider the needs of disadvantaged men and women and 

adopt measures to fill the gaps in the delivery of housing and food services to reduce their 

hardships. This study further complements the findings from Essay 2. It highlights that the need 

for a holistic approach and support to address the multiple housing, health and social issues 

faced by disadvantaged men and women is important to prevent disadvantaged communities 
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from moving on to more desperate ways to acquire resources and help them to engage in the 

formal labour market to meet their needs.  
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4.9. Appendices 

Table 4.A1a. Men’s fixed-effects logit regression results (odds ratios) 

  Used 

housing or 

tenancy 

services 

Used meal 

program 

Pawned 

belongings 

Asked 

help from 

friends or 

family VARIABLES 

Housing experience in last 6 months         

Experienced homelessness  2.912*** 1.675*** 1.280 1.233 

 (0.459) (0.321) (0.199) (0.161) 

Proportion of time homeless 0.889 0.967 0.656** 0.909 

 (0.161) (0.222) (0.127) (0.144) 

Demographic characteristics     

Age at interview  0.658** 0.711 0.558*** 0.726** 

 (0.115) (0.157) (0.102) (0.105) 

Age squared / 100 1.297 1.057 0.991 0.849 

 (0.294) (0.295) (0.248) (0.172) 

Completed Year 10 or 11  2.147 2.617 1.709 1.070 

 (1.488) (2.439) (0.851) (0.567) 

Comp. Year 12 or more (no degree)  2.268 1.569 1.663 0.665 

 (1.682) (1.722) (0.932) (0.414) 

Completed university degree  0.000  1.166  

 (0.002)  (2.046)  

Living in small city  0.784 0.705 1.324 1.144 

 (0.194) (0.217) (0.361) (0.256) 

Living in rural or boundary area  0.543 0.393** 1.149 1.100 

 (0.203) (0.177) (0.402) (0.333) 

Incarceration and drug use     

Incarcerated  0.896 1.575 0.830 1.337 

 (0.239) (0.497) (0.238) (0.350) 

Times 5+ drinks/day in a month  0.986 1.019* 1.008 1.018** 

 (0.009) (0.011) (0.010) (0.009) 

Used marijuana 1 or more days/month  0.999 1.055 1.792*** 1.179 

 (0.161) (0.221) (0.303) (0.176) 

Used illegal/street drugs 1 or more days/month  0.819 1.667* 2.011*** 1.398 

 (0.203) (0.498) (0.488) (0.327) 

Mental and physical health      

Diagnosed with psych. condition  1.962* 0.352* 0.547 1.121 

 (0.750) (0.195) (0.211) (0.364) 

Kessler scale (0-24) of psychological distress  1.044*** 1.067*** 1.114*** 1.071*** 

 (0.016) (0.020) (0.019) (0.015) 

Index (1-5) of self-assessed poor health 0.848** 0.950 1.038 1.066 

 (0.057) (0.076) (0.073) (0.067) 

Disability causing restriction  1.482*** 1.199 1.334* 1.452*** 

 (0.223) (0.224) (0.220) (0.199) 
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Family and social networks  

Married or de-facto  0.858 0.954 1.085 0.865 

 (0.170) (0.270) (0.235) (0.160) 

Number of dep. Children  1.193 0.677* 0.642** 0.927 

 (0.181) (0.154) (0.112) (0.124) 

Contact with other family members  0.977 1.136 1.543** 1.551** 

 (0.189) (0.278) (0.323) (0.282) 

Scale of access to social support (5-25)  0.966 0.961 0.933*** 0.962* 

 (0.021) (0.026) (0.022) (0.020) 

Knows drug/prison/arrested friends 1.128 1.334* 1.005 1.262* 

 (0.150) (0.230) (0.142) (0.155) 

Have employed friends  0.870 0.993 0.692** 1.018 

 (0.116) (0.167) (0.100) (0.129) 

Have homeless friends  1.246* 1.033 1.212 1.313** 

 (0.164) (0.174) (0.175) (0.165) 

Person-wave observations (N) 2,272 1,457 2,218 2,676 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 

 
Table 4.A1b. Women’s fixed-effects logit regression results (odds ratios) 

  Used 

housing or 

tenancy 

services 

Used meal 

program 

Pawned 

belongings 

Asked 

help from 

friends or 

family VARIABLES 

Housing experience in last 6 months         

Experienced homelessness  2.888*** 1.711** 1.263 1.286* 

 (0.444) (0.433) (0.206) (0.174) 

Proportion of time homeless 1.048 0.935 0.857 0.683** 

 (0.201) (0.298) (0.177) (0.119) 

Demographic characteristics     
Age at interview  0.934 0.689 0.976 0.581*** 

 (0.151) (0.201) (0.181) (0.083) 

Age squared / 100 0.788 1.104 0.504** 1.399* 

 (0.182) (0.439) (0.138) (0.274) 

Completed Year 10 or 11  1.066 0.761 0.526 0.496 

 (0.486) (0.698) (0.286) (0.249) 

Comp. Year 12 or more (no degree)  1.353 0.833 0.676 0.590 

 (0.684) (0.839) (0.389) (0.319) 

Completed university degree  - - 0.369 - 

   (0.588)  

Living in small city  1.259 0.466* 0.496** 0.996 

 (0.330) (0.198) (0.153) (0.243) 

Living in rural or boundary area  0.934 0.582 0.664 0.632 

 (0.318) (0.331) (0.260) (0.197) 

Incarceration and drug use     

Incarcerated  0.777 0.992 0.798 0.326** 

 (0.412) (0.559) (0.369) (0.171) 
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Times 5+ drinks/day in a month  1.003 0.986 1.000 1.002 

 (0.014) (0.017) (0.016) (0.013) 

Used marijuana 1 or more days/month  0.677* 0.636 1.336 1.766*** 

 (0.139) (0.193) (0.296) (0.362) 

Used illegal/street drugs 1 or more days/month  1.518 1.493 1.802* 2.045** 

 (0.511) (0.604) (0.591) (0.716) 

Mental and physical health      

Diagnosed with psych. condition  1.134 1.414 0.985 1.521 

 (0.376) (0.905) (0.430) (0.493) 

Kessler scale (0-24) of psychological distress  1.020 1.042* 1.052*** 1.043*** 

 (0.015) (0.026) (0.017) (0.014) 

Index (1-5) of self-assessed poor health 1.032 1.071 1.074 1.063 

 (0.069) (0.118) (0.079) (0.066) 

Disability causing restriction  1.053 1.131 1.116 1.176 

 (0.163) (0.273) (0.192) (0.174) 

Family and social networks      

Married or de-facto  0.783 1.231 1.477** 0.628*** 

 (0.148) (0.379) (0.281) (0.107) 

Number of dep. Children  1.033 1.125 0.915 1.046 

 (0.113) (0.219) (0.120) (0.122) 

Contact with other family members  0.788 1.054 0.838 1.212 

 (0.162) (0.356) (0.188) (0.246) 

Scale of access to social support (5-25)  1.006 0.981 0.913*** 1.005 

 (0.022) (0.035) (0.023) (0.020) 

Knows drug/prison/arrested friends 1.101 1.124 1.259 1.428** 

 (0.169) (0.261) (0.205) (0.208) 

Have employed friends  0.689*** 0.882 1.218 0.805* 

 (0.090) (0.190) (0.176) (0.097) 

Have homeless friends  1.353** 1.009 1.307* 1.111 

 (0.184) (0.224) (0.198) (0.147) 

Person-wave observations (N) 2,159 820 1,815 2,532 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 
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Table 4.A2. Fixed-effects regression results for the effect of lagged homelessness measures 

on contemporaneous use of accommodation services 

  Men Women 

VARIABLES 

Housing or 

tenancy 

services 

Housing or 

tenancy 

services 

Housing experience     

Experienced homelessness at t-1 0.073*** 0.071** 

 (0.027) (0.033) 

Proportion of time homeless between t-2 and t-1 -0.050** 0.076*** 

 (0.024) (0.029) 

Lagged explanatory variables   

Living in small city at wave t-1 -0.022 -0.035 

 (0.048) (0.053) 

Living in rural or boundary area at wave t-1 -0.064 -0.059 

 (0.045) (0.052) 

Incarcerated at wave t-1 0.059 -0.243** 

 (0.050) (0.119) 

Times 5+ drinks/day in a month at wave t-1 -0.000 -0.007*** 

 (0.002) (0.002) 

Used marijuana 1 or more days/month at wave t-1 0.019 0.066* 

 (0.027) (0.035) 

Used illegal/street drugs 1 or more days/month at wave t-1 0.083** 0.013 

 (0.038) (0.062) 

Diagnosed with psych. condition at wave t-1 -0.030 0.098* 

 (0.057) (0.058) 

Kessler scale (0-24) of psychological distress at wave t-1 0.002 0.000 

 (0.003) (0.003) 

Index (1-5) of self-assessed poor health at wave t-1 0.010 -0.012 

 (0.010) (0.011) 

Disability causing restriction in everyday activities at wave t-1 0.010 0.002 

 (0.022) (0.022) 

Married or de-facto at wave t-1 -0.018 0.009 

 (0.033) (0.029) 

Number of dep. Children at wave t-1 0.007 -0.016 

 (0.016) (0.021) 

Contact with other family members at wave t-1 0.000 0.031 

 (0.033) (0.038) 

Scale of access to social support (5-25) at wave t-1 0.002 -0.007* 

 (0.003) (0.004) 

Have bad friends at wave t-1 -0.028 0.021 

 (0.021) (0.024) 

Have employed friends at wave t-1 -0.017 0.052** 

 (0.021) (0.021) 

Have homeless friends at wave t-1 -0.013 0.007 

 (0.020) (0.025) 
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Age and education controls 

Age at interview  -0.033 0.018 

 (0.026) (0.028) 

Age squared / 100 0.029 -0.037 

 (0.036) (0.039) 

Completed Year 10 or 11  0.044 -0.003 

 (0.099) (0.091) 

Comp. Year 12 or more (no degree)  0.166 -0.020 

 (0.125) (0.093) 

Completed university degree  -0.368*** -0.025 

 (0.130) (0.106) 

Person-wave observations 3,145 2,856 

Number of unique persons 849 726 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses at t-1 for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 

 

Table 4.A3a. Men’s fixed-effects regression results with control for income support payments 

  Used 

housing or 

tenancy 

services 

Used 

meal 

program 

Pawned 

belongings 

Asked help 

from friends 

or family VARIABLES 

Housing experience in last 6 months         

Experienced homelessness  0.121*** 0.037** 0.030 0.036 

 (0.019) (0.014) (0.019) (0.022) 

Proportion of time homeless 0.013 0.016 -0.044* -0.021 

 (0.025) (0.020) (0.023) (0.027) 

People's circumstances     

Incarceration and drug use     

Incarcerated  -0.030 0.047 -0.040 0.029 

 (0.042) (0.036) (0.042) (0.041) 

Times 5+ drinks/day in a month  -0.002* 0.002** 0.001 0.003* 

 (0.001) (0.001) (0.001) (0.001) 

Used marijuana 1 or more days/month  -0.005 -0.004 0.082*** 0.024 

 (0.024) (0.019) (0.022) (0.026) 

Used illegal/street drugs 1 or more days/month  -0.047 0.052 0.130*** 0.056 

 (0.036) (0.032) (0.039) (0.039) 

Mental and physical health      

Diagnosed with psych. condition  0.077 -0.039 -0.083* 0.030 

 (0.048) (0.038) (0.047) (0.048) 

Kessler scale (0-24) of psychological distress  0.006*** 0.007*** 0.014*** 0.011*** 

 (0.002) (0.002) (0.002) (0.002) 

Index (1-5) of self-assessed poor health -0.018** -0.005 -0.001 0.010 

 (0.009) (0.007) (0.009) (0.010) 

Disability causing restriction  0.053*** 0.017 0.038** 0.059** 

 (0.020) (0.017) (0.019) (0.023) 



148 
 

Family and Social networks      

Married or de-facto  -0.006 0.016 0.014 -0.020 

 (0.026) (0.021) (0.026) (0.029) 

Number of dep. Children  0.023 -0.023* -0.041** -0.005 

 (0.019) (0.014) (0.016) (0.020) 

Contact with other family members  -0.000 0.005 0.051* 0.072** 

 (0.026) (0.021) (0.028) (0.030) 

Scale of access to social support (5-25)  -0.004 -0.004* -0.008*** -0.005 

 (0.003) (0.002) (0.003) (0.003) 

Knows drug/prison/arrested friends 0.021 0.030* 0.008 0.049** 

 (0.018) (0.015) (0.019) (0.021) 

Have employed friends  -0.020 -0.002 -0.052*** -0.006 

 (0.019) (0.014) (0.018) (0.020) 

Have homeless friends  0.034* 0.004 0.022 0.039* 

 (0.019) (0.015) (0.019) (0.020) 

Currently receiving any Centrelink payments 0.033 0.031** 0.048* 0.071** 

 (0.021) (0.013) (0.027) (0.030) 

Demographic controls     

Age at interview  -0.031 -0.015 -0.080*** -0.071*** 

 (0.020) (0.017) (0.020) (0.025) 

Age squared / 100 0.002 -0.016 0.019 0.007 

 (0.028) (0.025) (0.027) (0.032) 

Completed Year 10 or 11  0.097 0.056 0.008 0.015 

 (0.062) (0.040) (0.078) (0.075) 

Comp. Year 12 or more (no degree)  0.112 0.054 0.023 -0.050 

 (0.073) (0.046) (0.087) (0.080) 

Completed university degree  -0.471*** 0.064 -0.046 -0.041 

 (0.078) (0.055) (0.091) (0.088) 

Living in small city  -0.044 -0.013 0.018 0.017 

 (0.035) (0.028) (0.032) (0.039) 

Living in rural or boundary area  -0.062 -0.073** -0.008 0.006 

 (0.040) (0.035) (0.038) (0.045) 

Person-wave observations 4,065 4,065 4,065 4,065 

Number of unique persons 877 877 877 877 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 
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Table 4.A3b Women’s fixed-effects regression results with control for income support 

payments 
 

  Used 

housing or 

tenancy 

services 

Used 

meal 

program 

Pawned 

belongings 

Asked help 

from friends 

or family VARIABLES 

Housing experience in last 6 months         

Experienced homelessness  0.146*** 0.028** 0.035* 0.044** 

 (0.022) (0.012) (0.020) (0.021) 

Proportion of time homeless 0.031 -0.004 -0.032 -0.073*** 

 (0.028) (0.016) (0.024) (0.027) 

People's circumstances     

Incarceration and drug use     

Incarcerated  -0.059 0.008 -0.040 -0.179** 

 (0.088) (0.079) (0.084) (0.086) 

Times 5+ drinks/day in a month  0.000 -0.001 0.001 0.001 

 (0.002) (0.002) (0.002) (0.002) 

Used marijuana 1 or more days/month  -0.062* -0.031 0.060** 0.089*** 

 (0.033) (0.023) (0.029) (0.032) 

Used illegal/street drugs 1 or more days/month  0.076 0.037 0.094* 0.108** 

 (0.049) (0.040) (0.049) (0.048) 

Mental and physical health      

Diagnosed with psych. condition  -0.006 0.012 0.020 0.051 

 (0.057) (0.029) (0.052) (0.063) 

Kessler scale (0-24) of psychological distress  0.003 0.001 0.006*** 0.007*** 

 (0.002) (0.001) (0.002) (0.002) 

Index (1-5) of self-assessed poor health 0.009 0.005 0.011 0.011 

 (0.010) (0.006) (0.008) (0.010) 

Disability causing restriction  0.009 0.013 0.014 0.023 

 (0.022) (0.013) (0.019) (0.022) 

Family and Social networks      

Married or de-facto  -0.020 0.004 0.049* -0.079*** 

 (0.025) (0.019) (0.027) (0.029) 

Number of dep. Children  0.003 0.002 -0.012 0.003 

 (0.021) (0.010) (0.016) (0.018) 

Contact with other family members  -0.028 0.004 -0.010 0.024 

 (0.031) (0.023) (0.031) (0.033) 

Scale of access to social support (5-25)  0.002 -0.001 -0.010*** 0.001 

 (0.003) (0.002) (0.003) (0.003) 

Knows drug/prison/arrested friends 0.016 0.008 0.024 0.053** 

 (0.022) (0.015) (0.022) (0.022) 

Have employed friends  -0.047** -0.007 0.022 -0.035* 

 (0.019) (0.010) (0.017) (0.019) 

Have homeless friends  0.042** -0.003 0.036* 0.022 

 (0.020) (0.013) (0.019) (0.021) 
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Currently receiving any Centrelink payments 0.036 -0.011 0.051* 0.111*** 

 (0.026) (0.016) (0.028) (0.031) 

Demographic controls     

Age at interview  -0.006 -0.010 -0.016 -0.074*** 

 (0.023) (0.013) (0.021) (0.025) 

Age squared / 100 -0.037 -0.009 -0.057* 0.037 

 (0.032) (0.019) (0.030) (0.038) 

Completed Year 10 or 11  -0.001 -0.001 -0.077 -0.093 

 (0.067) (0.044) (0.075) (0.078) 

Comp. Year 12 or more (no degree)  0.021 0.003 -0.037 -0.058 

 (0.066) (0.043) (0.078) (0.088) 

Completed university degree  0.015 0.023 -0.106 0.008 

 (0.086) (0.045) (0.434) (0.118) 

Living in small city  0.043 -0.037 -0.075** 0.012 

 (0.039) (0.025) (0.035) (0.041) 

Living in rural or boundary area  0.006 -0.017 -0.060 -0.067 

 (0.052) (0.031) (0.042) (0.043) 

Person-wave observations 3,620 3,620 3,620 3,620 

Number of unique persons 742 742 742 742 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 

 
Table 4.A4a Men’s fixed-effects regression results for those currently receiving income 

support payments 
 

  Used 

housing or 

tenancy 

services 

Used meal 

program 

Pawned 

belongings 

Asked 

help from 

friends or 

family VARIABLES 

Housing experience in last 6 months         

Experienced homelessness  0.133*** 0.046*** 0.035 0.043* 

 (0.023) (0.017) (0.022) (0.024) 

Proportion of time homeless 0.008 0.019 -0.061** -0.026 

 (0.029) (0.023) (0.025) (0.030) 

People's circumstances     

Incarceration and drug use     

Incarcerated  -0.039 0.031 -0.057 0.006 

 (0.044) (0.038) (0.044) (0.042) 

Times 5+ drinks/day in a month  -0.002 0.003** 0.001 0.002 

 (0.002) (0.001) (0.001) (0.002) 

Used marijuana 1 or more days/month  -0.014 -0.003 0.097*** 0.041 

 (0.026) (0.021) (0.025) (0.028) 

Used illegal/street drugs 1 or more days/month  -0.051 0.054 0.137*** 0.055 

 (0.040) (0.035) (0.041) (0.043) 

Mental and physical health      

Diagnosed with psych. condition  0.074 -0.056 -0.120** 0.006 

 (0.053) (0.043) (0.050) (0.049) 



151 
 

Kessler scale (0-24) of psychological distress  0.007*** 0.007*** 0.015*** 0.011*** 

 (0.002) (0.002) (0.002) (0.003) 

Index (1-5) of self-assessed poor health -0.024** -0.007 -0.002 0.005 

 (0.010) (0.009) (0.010) (0.011) 

Disability causing restriction  0.064*** 0.019 0.046** 0.069*** 

 (0.022) (0.020) (0.020) (0.024) 

Family and Social networks      

Married or de-facto  -0.001 0.010 0.037 -0.006 

 (0.032) (0.025) (0.030) (0.030) 

Number of dep. Children  0.024 -0.030* -0.038** -0.011 

 (0.021) (0.016) (0.017) (0.022) 

Contact with other family members  0.011 -0.002 0.059* 0.078** 

 (0.030) (0.024) (0.030) (0.033) 

Scale of access to social support (5-25)  -0.002 -0.005* -0.007*** -0.004 

 (0.003) (0.003) (0.003) (0.004) 

Knows drug/prison/arrested friends 0.019 0.029 -0.004 0.034 

 (0.021) (0.018) (0.020) (0.022) 

Have employed friends  -0.009 -0.001 -0.047** 0.004 

 (0.020) (0.016) (0.019) (0.021) 

Have homeless friends  0.040* 0.009 0.019 0.041* 

 (0.021) (0.016) (0.020) (0.021) 

Demographic controls     

Age at interview  -0.033 -0.019 -0.085*** -0.061** 

 (0.024) (0.020) (0.023) (0.027) 

Age squared / 100 0.002 -0.011 0.027 0.002 

 (0.031) (0.028) (0.029) (0.035) 

Completed Year 10 or 11  0.100 0.066 0.054 0.005 

 (0.070) (0.045) (0.087) (0.082) 

Comp. Year 12 or more (no degree)  0.097 0.053 0.058 -0.058 

 (0.088) (0.057) (0.100) (0.096) 

Completed university degree  -0.457*** 0.056 -0.236** -0.080 

 (0.095) (0.067) (0.104) (0.103) 

Living in small city  -0.049 -0.016 0.028 -0.001 

 (0.039) (0.033) (0.034) (0.040) 

Living in rural or boundary area  -0.078 -0.087** -0.007 -0.009 

 (0.050) (0.043) (0.043) (0.052) 

     

Person-wave observations 3,520 3,520 3,520 3,520 

Number of unique persons 847 847 847 847 
 Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 
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Table 4.A4b. Women’s fixed-effects regression results for those currently receiving income 

support payments 
 

  Used 

housing or 

tenancy 

services 

Used 

meal 

program 

Pawned 

belongings 

Asked 

help from 

friends or 

family VARIABLES 

Housing experience in last 6 months         

Experienced homelessness  0.155*** 0.031** 0.036 0.052** 

 (0.024) (0.014) (0.022) (0.023) 

Proportion of time homeless 0.024 -0.007 -0.030 -0.077*** 

 (0.031) (0.018) (0.026) (0.029) 

People's circumstances     

Incarceration and drug use     

Incarcerated  -0.056 0.015 -0.034 -0.190** 

 (0.090) (0.085) (0.088) (0.086) 

Times 5+ drinks/day in a month  0.001 -0.000 0.001 0.001 

 (0.002) (0.002) (0.002) (0.002) 

Used marijuana 1 or more days/month  -0.058 -0.031 0.048 0.085** 

 (0.037) (0.028) (0.032) (0.035) 

Used illegal/street drugs 1 or more days/month  0.087 0.046 0.107* 0.067 

 (0.056) (0.047) (0.055) (0.058) 

Mental and physical health      

Diagnosed with psych. condition  -0.031 0.019 0.005 0.011 

 (0.065) (0.032) (0.060) (0.071) 

Kessler scale (0-24) of psychological distress  0.003 0.001 0.005** 0.006** 

 (0.002) (0.001) (0.002) (0.002) 

Index (1-5) of self-assessed poor health 0.005 0.005 0.009 0.009 

 (0.011) (0.006) (0.009) (0.011) 

Disability causing restriction  0.015 0.009 0.014 0.009 

 (0.025) (0.015) (0.021) (0.025) 

Family and Social networks      

Married or de-facto  -0.017 0.002 0.056* -0.062* 

 (0.029) (0.022) (0.031) (0.032) 

Number of dep. Children  0.002 0.002 -0.009 0.003 

 (0.022) (0.011) (0.017) (0.019) 

Contact with other family members  -0.021 0.005 0.004 0.027 

 (0.033) (0.024) (0.032) (0.034) 

Scale of access to social support (5-25)  0.001 0.000 -0.012*** -0.001 

 (0.004) (0.002) (0.003) (0.004) 

Knows drug/prison/arrested friends 0.011 0.010 0.024 0.054** 

 (0.025) (0.017) (0.024) (0.024) 

Have employed friends  -0.054** -0.009 0.027 -0.028 

 (0.021) (0.011) (0.019) (0.021) 

Have homeless friends  0.044** 0.001 0.037* 0.021 

 (0.022) (0.014) (0.020) (0.023) 
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Demographic controls 

Age at interview  -0.002 -0.008 -0.021 -0.069*** 

 (0.025) (0.014) (0.023) (0.027) 

Age squared / 100 -0.045 -0.012 -0.047 0.037 

 (0.035) (0.020) (0.032) (0.039) 

Completed Year 10 or 11  -0.002 -0.009 -0.096 -0.047 

 (0.076) (0.050) (0.085) (0.086) 

Comp. Year 12 or more (no degree)  0.034 0.000 -0.049 -0.010 

 (0.074) (0.046) (0.087) (0.095) 

Completed university degree  -0.014 0.007 -0.252 -0.014 

 (0.093) (0.049) (0.637) (0.103) 

Living in small city  0.042 -0.047* -0.077* -0.009 

 (0.047) (0.028) (0.041) (0.046) 

Living in rural or boundary area  0.004 -0.028 -0.047 -0.054 

 (0.061) (0.036) (0.046) (0.046) 

     

Person-wave observations 3,264 3,264 3,264 3,264 

Number of unique persons 734 734 734 734 
 Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level.  
 
Table 4.A5a. Men’s fixed-effects regression results for the relationship between lagged 

circumstances measures on contemporaneous use of meal, pawning and financial help from 

family  
 

  
Used 

meal 

program 

Pawned 

belongings 

Asked help 

from 

friends or 

family VARIABLES 

Housing experience        

Experienced homelessness t-1 0.018 0.003 0.008 

 (0.022) (0.025) (0.028) 

Proportion of time homeless between t-2 and t-1 -0.023 -0.054** -0.050* 

 (0.020) (0.025) (0.030) 

Lagged explanatory variables    

Living in small city at wave t-1 -0.052 -0.066* -0.023 

 (0.034) (0.038) (0.039) 

Living in rural or boundary area at wave t-1 -0.035 -0.054 -0.004 

 (0.046) (0.055) (0.058) 

Incarcerated at wave t-1 -0.009 0.001 0.098** 

 (0.045) (0.056) (0.049) 

Times 5+ drinks/day in a month at wave t-1 0.001 0.000 0.001 

 (0.001) (0.001) (0.002) 

Used marijuana 1 or more days/month at wave t-1 -0.020 0.025 0.011 

 (0.023) (0.028) (0.029) 

Used illegal/street drugs 1 or more days/month at wave t-1 0.059 0.018 -0.058 

 (0.041) (0.046) (0.048) 
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Diagnosed with psych. condition at wave t-1 

 

 

-0.001 

 

 

-0.065 

 

 

0.012 

 (0.036) (0.049) (0.054) 

Kessler scale (0-24) of psychological distress at wave t-1 0.001 0.002 0.002 

 (0.002) (0.002) (0.003) 

Index (1-5) of self-assessed poor health at wave t-1 0.019** 0.007 -0.002 

 (0.008) (0.010) (0.011) 

Disability causing restriction in everyday activities at wave t-1 0.001 -0.055** 0.011 

 (0.019) (0.023) (0.026) 

Married or de-facto at wave t-1 -0.043* 0.011 -0.047 

 (0.023) (0.034) (0.040) 

Number of dep. Children at wave t-1 0.014 0.016 0.031 

 (0.011) (0.025) (0.022) 

Contact with other family members at wave t-1 0.010 0.001 0.016 

 (0.029) (0.034) (0.035) 

Scale of access to social support (5-25) at wave t-1 0.001 -0.004 -0.002 

 (0.003) (0.003) (0.004) 

Have bad friends at wave t-1 -0.009 0.014 0.020 

 (0.016) (0.021) (0.023) 

Have employed friends at wave t-1 -0.021 0.016 0.016 

 (0.018) (0.020) (0.022) 

Have homeless friends at wave t-1 0.011 0.005 -0.034 

 (0.016) (0.021) (0.023) 

Demographic controls    

Age at interview  -0.008 -0.079*** -0.081** 

 (0.023) (0.027) (0.033) 

Age squared / 100 -0.011 0.054* 0.057 

 (0.035) (0.033) (0.042) 

Completed Year 10 or 11  0.076** -0.050 0.058 

 (0.034) (0.135) (0.112) 

Comp. Year 12 or more (no degree)  0.017 0.000 0.032 

 (0.051) (0.160) (0.121) 

Completed university degree  -0.023 0.115 0.061 

 (0.060) (0.163) (0.127) 

Person-wave observations 3,145 3,145 3,145 

Number of unique persons 849 849 849 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses at t-1 for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level. 
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Table 4.A5b. Women’s fixed-effects regression results for the relationship between lagged 

circumstances measures on contemporaneous use of meal, pawning and financial help from 

family  

 

  Used 

meal 

program 

Pawned 

belongings 

Asked help 

from friends 

or family VARIABLES 
Housing experience in last 6 months       

Experienced homelessness  -0.007 -0.023 -0.042 

 (0.022) (0.031) (0.035) 

Proportion of time homeless -0.004 -0.012 -0.017 

 (0.017) (0.028) (0.031) 

Lagged explanatory variables    

Living in small city at wave t-1 0.001 -0.030 -0.011 

 (0.026) (0.044) (0.047) 

Living in rural or boundary area at wave t-1 0.010 -0.066 -0.023 

 (0.030) (0.050) (0.052) 

Incarcerated at wave t-1 -0.055 -0.273*** 0.030 

 (0.070) (0.092) (0.132) 

Times 5+ drinks/day in a month at wave t-1 0.001 -0.004 -0.004 

 (0.002) (0.003) (0.003) 

Used marijuana 1 or more days/month at wave t-1 -0.007 -0.002 0.034 

 (0.024) (0.035) (0.041) 

Used illegal/street drugs 1 or more days/month at wave t-1 0.024 0.036 0.074 

 (0.049) (0.064) (0.072) 

Diagnosed with psych. condition at wave t-1 0.059* 0.033 0.125* 

 (0.034) (0.056) (0.073) 

Kessler scale (0-24) of psychological distress at wave t-1 -0.003** 0.005** 0.003 

 (0.001) (0.002) (0.003) 

Index (1-5) of self-assessed poor health at wave t-1 0.010 -0.003 0.002 

 (0.006) (0.010) (0.012) 

Disability causing restriction in everyday activities at wave t-1 0.010 -0.019 -0.015 

 (0.016) (0.025) (0.028) 

Married or de-facto at wave t-1 -0.015 -0.010 -0.039 

 (0.019) (0.029) (0.037) 

Number of dep. Children at wave t-1 0.012 0.002 0.017 

 (0.010) (0.018) (0.022) 

Contact with other family members at wave t-1 0.003 -0.048 -0.028 

 (0.023) (0.035) (0.034) 

Scale of access to social support (5-25) at wave t-1 -0.003 0.003 -0.001 

 (0.002) (0.003) (0.004) 

Have bad friends at wave t-1 0.020 0.031 0.080*** 

 (0.016) (0.023) (0.027) 

Have employed friends at wave t-1 0.013 0.020 -0.009 

 (0.013) (0.020) (0.021) 

Have homeless friends at wave t-1 -0.012 0.001 -0.030 

 (0.016) (0.023) (0.024) 
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Demographic controls 

Age at interview  -0.002 0.011 -0.087*** 

 (0.014) (0.025) (0.033) 

Age squared / 100 -0.023 -0.069* 0.059 

 (0.020) (0.036) (0.047) 

Completed Year 10 or 11  0.048* -0.211** -0.234*** 

 (0.026) (0.104) (0.078) 

Comp. Year 12 or more (no degree)  0.037 -0.186* -0.198** 

 (0.029) (0.106) (0.092) 

Completed university degree  0.063 -0.674* -0.096 

 (0.040) (0.392) (0.110) 

    

Person-wave observations 2,856 2,856 2,856 

Number of unique persons 726 726 726 
Note: In addition to the listed coefficients, the models include intercepts and controls for missing responses at t-1 for disability 

causing restrictions, psychological diagnosis, and drinking behaviour. Standard errors in parentheses. * Significant at 0.1 level. 

** Significant at 0.05 level. *** Significant at 0.01 level 
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Chapter 5: Thesis summary and policy implications 

This thesis presents three independent chapters examining the financial consequences 

of non-standard employment, employment outcomes in a non-standard setting (i.e. 

homelessness) and non-standard ways of acquiring financial resources, respectively.  

5.1 Summary of the thesis findings  

The first essay uses rich longitudinal data from the HILDA survey to examine the 

association between non-permanent employment and financial hardship separately among men 

and women. The results indicate that the relationship between non-permanent employment and 

financial hardship is heterogeneous. The descriptive analyses reveal that the incidence of 

financial hardship is relatively high among those in non-permanent employment arrangements 

compared to those with permanent employment. The results from the multivariate models 

reveal a strong association between casual employment and financial hardship for both men 

and women in most household types. The results also reveal that for both men and women in 

all household types, fixed-term employment is not significantly associated with financial 

hardship. Findings from the additional analysis suggest that low level of income, insufficient 

hours of work and job loss and job change, which might result in volatile/unstable income, are 

important mediating factors causing employees increased financial hardship. Once these 

factors are considered in the empirical models, the significant positive estimates of casual 

employment on financial hardship decline considerably in magnitude and significance for men 

in all sub-samples. A similar pattern is observed for partnered women without carer 

responsibilities and women living alone. For partnered women with carer responsibilities and 

single mothers, these factors explain some of the association, but casual employment per se 

continues to have a strong positive association with the experience of financial hardship. 

The second essay examines how the experience of homelessness affects a person’s 

transitions into and out of employment. By taking advantage of the unique, extremely rich 

longitudinal data from the JH survey, the essay estimates models that eliminate the potential 

for reverse causality and account for confounding influences from many observable variables 

and unobservable time-invariant variables that might be related to employment transitions and 

homelessness. Eliminating concerns related to these two important issues permits my estimates 

to have a plausibly causal interpretation. The descriptive analysis reveals that compared to 

people housed at t-1, those homeless at t-1 experience significantly higher transitions out of 
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employment from t-1 to t. People homeless at t-1 also experience fewer transitions into 

employment compared to those housed at t-1; however, this association is only marginally 

significant. The regression results from the empirical models that account for reverse causality 

but do not address the endogeneity of homelessness are similar to the descriptive findings that 

homelessness is significantly positively associated with transitions out of employment but has 

no significant effect on employment entry. The results from the final empirical model that also 

addresses the endogeneity of homelessness provide strong support for selection that is a strong 

correlation between unobservable determinants of employment entry and exit and 

homelessness. After accounting for reverse causality and common unobservable confounders, 

the findings indicate no significant effect of homelessness per se on employment entry or exit.  

The third essay provides new evidence on the survival activities marginalized 

populations engage in to meet their day-to-day needs. The descriptive analysis indicates that 

disadvantaged men and women in Australia often use accommodation services, meal programs, 

pawn belongings and ask for financial help from family or friends to meet their needs even 

though the majority of these men and women have access to government support. The results 

also highlight important gender differences. Men pawned belongings and used meal programs 

more often than women, whereas women used accommodation services and asked for financial 

help from friends or relatives more often than men. The results from the multivariate fixed-

effect linear probability models reveal that changes in people’s circumstances significantly 

influence their survival activities. Among men, those who have recently experienced 

homelessness are significantly more likely to not only use accommodation services but also 

have a higher probability of using meal services and asking friends and family for financial 

help. Among women, those who have recently experienced homelessness have a significantly 

higher probability of using all four survival activities. I also find that men and women who 

report drug use; those with mental and physical health problems; and those with friends who 

are homeless, who use drugs, or who have been incarcerated are significantly more likely to 

use one or more of the four informal survival activities. 

5.2 Implications of the thesis findings 

The findings from this thesis have important implications for policy. The findings from 

the first essay have the following implications for policy. The significantly higher number of 

hardships faced by the unemployed and those out of the labour force clearly suggests that 

having a job is better than not having one to avoid financial hardships. Therefore, if casual jobs 
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are ‘stepping stones’ for people to (re-)enter the labour market and eventually move to more 

stable/permanent employment, these jobs might improve the economic well-being of people in 

the long term. However, if a large proportion of workers in casual jobs are trapped in these 

precarious and insecure form of employment, the significant association between casual 

employment and financial hardships found in this study may provide sufficient grounds for 

interventions. The mediating factors analysis suggests the dimensions of casual employment 

that should be the subject of interventions such as regulation of employment conditions that 

lower the vulnerability of casual workers to inadequate numbers of work hours and/or frequent 

job separations. 

The results from the second essay have important implications for the development of 

policies to improve economic outcomes among homeless populations. The descriptive findings 

reveal a very low level of employment among the homeless population compared to the general 

rate of employment and show that homelessness is more strongly associated with difficulties 

in keeping employment than in finding employment. This finding has important implications 

for policy and programs aimed at improving employment outcomes for homeless people. The 

services that only focus on providing homeless people assistance with finding a job are ignoring 

a key determinant of successful employment, that is the ability to retain a job. Hence, it might 

be justifiable to provide homeless job seekers and employees with more targeted support from 

job agencies to help them not only find jobs but also retain them. The results from the 

multivariate analysis highlight that as suggested by the conceptual framework, several 

observed factors significantly affect employment entry and exit. For example, the presence of 

a disability significantly impacts job finding and retention, level of education and social 

networks (i.e. having employed friends) significantly affect job finding, and drug abuse 

significantly affects job retention. Hence, improving education and health outcomes among the 

homeless population can have a significant positive impact on their employment prospects. 

Importantly, the multivariate results suggest that the unobserved time-invariant factors that 

negatively affect homelessness and employment outcomes are serious barriers to achieving 

better employment outcomes for homeless people. These factors could include low self-esteem, 

poor ability to cope with stressful life events and a difficult family environment. The 

associations of homelessness with employment exit decrease substantially after I account for 

unobservable common confounders. These findings shed doubt on the effectiveness of the 

‘Housing first approach’ to achieve wider benefits including better employment outcomes. The 

finding of no significant effect of homelessness on employment entry and exit once observed 
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and unobserved factors are accounted for suggests that focusing on interventions that address 

housing problems alone will not improve employment outcomes for people experiencing 

homelessness. Although, housing is necessary, a more holistic approach that also addresses the 

complex range of personal, psychological and social problems that place vulnerable 

populations at a disadvantage with respect to labour market outcomes, would be more effective. 

Such approach would help homeless people retain their jobs, achieve stable employment and 

thus potentially find stable housing. 

The results of the third essay add to the literature on the informal economic activities 

pursued by disadvantaged people to acquire resources necessary for survival. My analysis 

reveals that not only use of informal survival activities exists in Australia but also that a group 

of disadvantaged men and women in Australia often use the informal strategies or activities to 

meet their needs when access to the labour market and government support is limited. The 

findings from the fixed-effects analysis further highlights that several challenging 

circumstances and vulnerabilities faced by disadvantaged Australian men and women influence 

their involvement in these activities. These included housing, psychological, and social 

challenges. The findings from this study should encourage governments and policymakers in 

developed countries to carefully consider the needs of disadvantaged men and women and 

adopt measures to fill the gaps in the delivery of housing and food services to reduce their 

hardships. This study further complements the findings from Essay 2. It highlights that the need 

for a holistic approach and support to address the multiple housing, health and social issues 

faced by disadvantaged men and women is important to prevent disadvantaged communities 

from moving on to more desperate ways to acquire resources and help them to engage in the 

formal labour market to meet their needs.    

5.3 Concluding remarks 

"I believe that if you show people the problems and you show them the solutions they will be 

moved to act."  — Bill Gates, business magnate and philanthropist 

The findings in this thesis facilitate a better understanding of the financial consequences of 

non-permanent employment, the effect of homelessness on employment dynamics and the 

extent of informal survival activities among disadvantaged population in a developed, high 

income country. The results presented in this thesis provide an important body of evidence for 

effective planning and policy interventions. The first essay reveals job factors critical to avoid 

financial hardship, the second essay facilitates a better understanding of potential reasons 



161 
 

behind poor employment outcomes among homeless people, and the third essay highlights how 

changes in disadvantaged men’s and women’s circumstances influence the adoption of 

informal survival activities.  
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